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ABSTRACT

ENGAGEMENT IN ONLINE BRAND COMMUNITIES AND
MARKETING RESEARCH ONLINE COMMUNITIES (MROCs)

By

Brian J. Baldus

The focus of this dissertation is to develop insights regarding the use of online brand
communities (i.e., discussion forums, blogs, or other social media sites centered around a single
brand or branded product) and marketing research online communities (MROCSs) as strategic
marketing assets to influence brand and community outcomes. This is one of the first academic
research studies of MROCs. Technological advances in the last decade have fundamentally
changed the tools available to marketers and enabled them to socially interact with a broader
base of consumers. | developed and validated scales to measure the diverse motivations online
brand community members have to participate in online brand communities using 5 rounds of
quantitative and qualitative data collection from a total of 660 online brand community members.
| found that there are 11 distinct motivations online brand community members have to interact
with online brand communities. Additionally, I developed and tested a model to test the effects
of fit between marketing activities and community member motivations to leverage social
dynamics and influence brand and community outcomes using longitudinal surveys and
secondary data from 256 members of 8 MROCs. There is strong support that online brand
communities and MROCs can be used as strategic marketing assets to enhance brand
assessments (i.e., brand commitment and oppositional brand loyalty), supportive brand behaviors

(i.e., word-of-mouth, defending the brand, and willingness to pay a price premium) and



supportive community behaviors (i.e., participation intentions and community participation). In
addition, I also found counterintuitive results for the leveraging effects of marketing activities
and engagement. Overall, this research contributes to the strategic marketing literature,
marketing practice, marketing research firms, and marketing consultants by assessing the degree
to which online brand communities and MROCSs can be used as strategic marketing assets to
influence a loose hierarchy of effects for brand and community outcomes. Furthermore, this
research contributes to the relationship marketing literature by classifying the motivations online
brand community members have to form relationships with firms, brands, and other community

members.
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General Overview
$3.6 billion dollars were spent on social media ads alone in 2012, up 40 percent from 2011
representing roughly 10 percent of online advertising spending (Elkin et al. 2012). $3.6 billion
underestimates the tremendous amount of money spent creating and maintaining online brand
communities and marketing research online communities (MROCSs). For example, in early 2012
General Motors cut its $10 million spending on Facebook ads, while maintaining their $30
million spending on generating content for their online community of followers. As digital
media usage increases among consumers and expenditures by firms reach record levels,
consumers and brands are increasingly forming social relationships online. A surprising variety
of firms have utilized online brand-centered communities to form lasting relationships with their
customers (e.g., WD-40, Quickbooks, Jones Soda, Nike Plus, Maker’s Mark Embassy, Spread
Firefox, Lululemon, Dell Ideastorm, Harley Davidson; Moffitt 2008) and to generate insights
into their customers.

A brand community is a “specialized, non-geographically bound community, based on a
structured set of social relationships among admirers of a brand” (Muniz and O'Guinn 2001, p.
412), and it has become increasingly important to consumers, marketers, and academic
researchers. Marketers have developed and proliferated online brand communities as there has
been a tremendous evolution of the technology to interact with consumers socially online and a
rapid expansion of fast and inexpensive communication technology. Online brand communities
are discussion forums, blogs, or other social media sites centered around a single brand or
branded product. Marketing research online communities (MROCS) are online communities

created for the purpose of observing customers and generating insights about customers. The



MROCs studied in this dissertation are branded private communities run by a marketing research
firm.

It has been estimated that 84 percent of Internet users have contacted or participated in
online brand communities (Madupu and Cooley 2010). A worldwide study of Internet users
found that 75 percent of regular Internet users visited brand web sites, 32 percent had joined an
online brand community in the past six months and 18 percent had created an online brand
community in the past six months (Hutton and Fosdick 2011, p. 569). Consumers utilizing these
technological advances to discuss brands develop a sense of community, even if they have never
met face-to-face (Muniz and O'Guinn 2001, p. 413).

MROC:s are “dedicated online communities for qualitative market research purposes”
(Bortner et al. 2008) and can be either branded or unbranded (Yazbeck 2011). MROCs enable
marketers to enter the “consumer’s world and allows for comfortable, convenient participation.
Creating an intimate, natural space for consumers to relate to each other and generate their own
discussions yields authentic and detailed insights that are likely to be missing from traditional,
artificial approaches” (Austin and Schlack 2012, p. 82). One leading industry report has
estimated that 45 percent of respondents (marketing research suppliers and clients) currently use
and an additional 38 percent of respondents plan to use MROCSs in the future (GreenBook Winter
2013, p. 22).

The rise and prevalence of online brand communities and MROC:s is an interesting and
relevant phenomenon to consumers, marketers, and academic researchers because of the
numerous benefits these communities can provide members and firms. For example, these
communities can benefit consumers who are members by providing them with a sense of

affiliation with others, social interaction, and valuable information regarding the brand and its



use (Martin 2009). Online brand communities can also provide numerous benefits to firms “at a
fraction of the cost of traditional marketing programs” (Dholakia and Vianello 2009). For
example, some of the benefits brand communities can provide firms are sustainable brand loyalty
(Madupu 2006), oppositional brand loyalty (Madupu 2006; Thompson and Sinha 2008),
regulation of community member behavior (Hogg et al. 1995), ideas for new products (Fuller et
al. 2008; Schau et al. 2009; Schouten and McAlexander 1995), test areas for new products
(Dholakia and Vianello 2009), enhanced brand equity (Muniz and O'Guinn 2001), prompt and
high-quality customer service (Dholakia and Vianello 2009), a stable customer recruiting
platform, publicity, and word-of-mouth (Dholakia and Vianello 2009).

Some firms have found online brand communities so valuable to the firm and consumers
that they have fundamentally changed how they deliver post-sales service and support. For
example, “unsourcing” is the practice of turning over technical support to online communities of
consumers helping each other instead of employees or contractors in overseas call centers. It is
estimated that unsourcing saves firms 50 percent on their customer support costs (Economist
2012). Best Buy estimates that it saves $5 million annually from its community (Economist
2012). Brand communities are also interesting and relevant to academic researchers because of
the social dynamics and potential influence on consumer decision making. For example,
academic researchers should explore mechanisms through which social dynamics in online brand

communities could be leveraged to increase the efficiency of marketing activities.

ESSAYS
There have been numerous calls for additional research into how online brand communities and

marketing research online communities (MROCs) affect firm performance (Andersen 2005;



Bagozzi et al. 2011; Cova and Pace 2006; Dholakia and Vianello 2011; Gabisch and Gwebu
2011; Hickman 2005; MSI 2012; Thompson 2009; Yu-Chen 2006). This dissertation is one of
the first academic research studies of MROCs and helps explain the mechanisms through which
online brand communities and MROCs can affect firm performance. Therefore, the focus of this
dissertation is to look deeper into online brand communities and MROCs from a marketing
strategy perspective by developing and testing a typology of online brand community members,
quantifying the effect on brand purchase intentions (i.e., new product trial, new product adoption,
and purchase intentions). In addition, this dissertation explores marketing activities for
leveraging online brand communities to enhance brand assessments, supportive brand behaviors,
and supportive community behaviors.

The focus of essay one is on what motivates consumers to interact with online brand
communities and what are the consequences of these motivations. Specifically, | developed a
measure for online brand community engagement. Building on prior research, | define online
brand community engagement as the compelling intrinsic motivations to continue interacting
with an online brand community (Algesheimer et al. 2005, p. 21). As a stable emotional
commitment, it propels individuals to continue interacting with the community because it is an
aroused state. In other words, engagement is the feeling that drives people to keep interacting in
the online brand community. | then used this measure of brand community engagement to
develop a typology of online brand community members. After developing the typology, |
examined differences in brand purchase intentions across engagement segments. Furthermore, |
compared the predictive ability of this typology to a rival typology to assess its relative

performance. Therefore, essay one contributes to the literature by developing a measure of



online brand community member engagement and creating an improved way to classify brand
community members.

The focus of essay two is on understanding the mechanisms through which online brand
community engagement affects brand assessments, supportive brand behaviors, and supportive
community behaviors. My premise is that a firm that understands the mechanisms through
which online brand community engagement affects brand assessments, supportive brand
behaviors, and supportive community behaviors can leverage the brand community to achieve
strategic marketing objectives. Essay two addresses important gaps in the brand community
literature by assessing how communities can be used by marketers to achieve strategic objectives
like improved brand assessments, increased sales, and increased community participation.
Furthermore, essay two contributes to the brand community literature by assessing the
importance of marketing activities in MROCs and the motivations members have for interacting
with online brand communities. “For the brand to serve as a legitimate relationship partner, it
must... actually behave as an active, contributing member of the [community]” (Fournier 1998,

p. 346).

LITERATURE GAPS
Brand communities have been the subject of several ethnographic studies (e.g., Muniz 1998;
Muniz and O'Guinn 2001; Muniz and Schau 2007; Schau et al. 2009; Schouten and
McAlexander 1995) and an increasing number of quantitative studies (e.g., Algesheimer et al.
2005; Bagozzi and Dholakia 2002; Carlson 2005; Dholakia et al. 2004; Hickman 2005; Madupu
2006; Martin 2009; McAlexander et al. 2002; Thompson and Sinha 2008). Several of these

studies have examined motivations to participate in brand communities (e.g., Algesheimer et al.



2005; Dholakia et al. 2004; Madupu 2006). There has however been a dearth of research on the
motivations online brand community members have to interact with online brand communities
since the development of Web 2.0 (Gabisch and Gwebu 2011). There has been even less
academic research on marketing activities marketers can use within brand communities to
achieve financial and other important strategic objectives (see Table 1). More importantly, this is
the first academic research that | am aware of that studies MROC:s.

Over a decade ago, Williams and Cothrel (2000) suggested that successfully managing
online brand communities “will become a distinguishing feature of nearly every successful
business” (p. 81). MROCs have had tremendous success in generating insights in a timely and
efficient manner. For example, Colgate found that an conducting the same research in an MROC
instead of conducting the same research traditional means community “would pay for itself
within the first three or four months” (Austin and Schlack 2012, p. 82). Similarly, Kraft found
that using MROC:s to gain consumers insights earlier and throughout the new product
development process was highly effective. Through using an MROC, Kraft created the “100
Calorie pack and a whole new product category along with it” (Austin and Schlack 2012, p. 82).

Firms engaging in behavior contrary to what their online brand communities want
frequently incur significant negative publicity. For example, Porsche’s introduction of the
Cayenne SUV faced stiff opposition from community members who did not consider the
Cayenne to be a real Porsche. Community members did not like the Cayenne’s noticeable design
changes from traditional Porsche models (Fournier and Lee 2009).

Brand communities have also outright rejected and actively opposed brands from making
strategic changes. For example, GAP attempted to revitalize the GAP logo in 2010, but was

forced to retract the new logo quickly due to vehement opposition from GAP brand community



members. Pfizer also got itself into a lot of negative publicity when they posted a ChapStick ad

and then censored negative reactions from community members following the ad campaign

(Bhasin 2011; Nudd 2011).

As interest in and research on brand communities and MROCSs continues to increase,

more theoretical development needs to take place to better explicate how marketers can leverage

brand communities to enhance brand performance. Understanding marketing activities

marketers can use in brand communities is essential to successfully implementing brand

communities as part of a firm’s relationship marketing strategy.

Table 1

General Overview: Brand Community Literature Research Gaps

Author(s) Research Focus

Future Research/Gaps

Fox (1987) Studied the social structure of the
punk subculture.

Ethnographic study of punk subculture
lacks clear empirical measure of how
to segment community members

Schouten and Studied Harley Davidson Owners
McAlexander Group as a subculture of consumers
(1995) to understand how they use a brand

as the basis of social interaction.

How symbols of consumption are
used, altered, or reinterpreted when
embedded in a nonnative host culture
with differing cultural categories and
principles

Muniz (1998) Studied the existence of brand
communities and their key social
processes and characteristics
(consciousness of kind, moral
responsibility, homogenous culture,
rituals and traditions, symbols, and
structure).

Suggests that we need to update mass
communications model with social
influence in decision making. New
media allows rapid dissemination of
information and active involvement of
audience.

Williams and Description of several online brand

Cothrel (2000)  communities and created
suggestions for how to manage
them.

Explore community asset management
(e.g., content, relationships, and
commitment of members)



Author(s)

Table 1 (cont’d)

Research Focus

Future Research/Gaps

Bagozzi and
Dholakia (2002)

Studied text based community
participation as intentional social
action, compliance, internalization,
and social identity processes of
influence.

Perhaps consider using internalization
(adoption of a decision based on the
congruence of one’s values with the
values of another) as a less frequently
used mechanism relative to
compliance and identification.

McAlexander et

Changed from triadic to consumer

Ethnographic and some quantitative

al. (2002) centric study of brand aspects, suggests that future research
communities. needs to look more to product
types/characteristics, brand
characteristics, and links to other
communities.
Wang et al. Proposed framework of functional, =~ Conduct an empirical test to
(2002) psychological, and social needs framework proposed.
related to community participation.
Dholakia et al. Drivers of virtual community See how communities evolve over
(2004) participation and typology of time. This study is one of the first into
community structures. online brand communities.
Wang and Proposed and tested framework of  Emphasized the way that the Internet
Fesenmaier functional, social, psychological was reshaping communication and
(2004) and hedonic needs driving online redefining markets. Thus, as the

community participation.

Internet evolves, need to update this
research.

Algesheimer et
al. (2005)

Brand relationship is important
driver of relationship with
community and brand related
outcomes in face-to-face settings.

Private v. public community
engagement behaviors may lead to
different outcomes (reactance and
other negative outcomes may be
primarily due to public engagement
behavior)

Carlson (2005)

Created and validated measures for
perceived connection among users
of Internet communities.

Examine the effect community
information has on non-community
members. Is it more or less persuasive
than advertising?



Author(s)

Table 1 (cont’d)

Research Focus

Future Research/Gaps

Madupu (2006)

Studied the effects of functional,
psychological, social, and hedonic
needs on individual level
consequences of online brand
community participation.

How are people participating in
communities? Created a single
dimensional measure of participation,
but discuss multiple different aspects
of participation.

Muniz and
Schau (2007)

Netnographic study of consumer
advertising in light of firm
canceling product.

Research consumer response to
consumer generated content.

Thompson and
Sinha (2008)

Studied online brand community
effects on the adoption of new
products.

Relative roles of information exposure
and identification in the influence of
adoption behavior.

Fournier and
Lee (2009)

Described brand community
management myths, common
community member roles, and the
structure of communities.

Need to capture customer centric view,
assess structure of the community, the
roles members play, offline as well as
online important, and capture firm
involvement.

Martin (2009)

Online brand collectives v. brand
communities

Suggests that there are important
constructs missing from the model that
would help explain antecedents and
consequences of brand community
membership.

Schau et al. Review processes in communities  Suggested that future research should

(2009) that create value. look for generalizable drivers of brand
community participation and value
creation.

Thompson Online community roles in new Need to examine the generalizability

(2009) product adoption. of findings beyond products such as

cars, computers, and personal digital
assistants (e.g., consumer packaged
goods, and less visibly consumed
products).

Bagozzi and Yi
(2011)

Studied the link between identities
to actions and action tendencies

Future research should employ
longitudinal methods to study online
brand communities



Table 1 (cont’d)

Author(s) Research Focus Future Research/Gaps
Gabisch and Impact of virtual brand experience  Future research needs to explore how
Gwebu (2011) on purchase intentions. behavior is influenced by emerging

Web. 2.0 technologies that enable
enhanced functional and social
interactivity.

Hutton and Longitudinal study of online Online brand communities will

Fosdick (2011)  communities across countries. continue to be important areas to study
because consumers are interested in
interacting with brands in social
settings online.

Much of what is documented in the academic literature about online brand communities
originated from face-to-face brand community studies. However, face-to-face brand
communities are significantly different from online brand communities. Harley Owners Group,
one of the most prominent examples of a face-to-face brand community illustrates the powerful
social dynamics that take place during face-to-face brand community gatherings. At these face-
to-face meetings, members spend several days interacting or traveling with each other,
participating in activities, and exchanging personal information (Fournier 2000; McAlexander et
al. 2002). The Harley Owners Group has developed such strong social dynamics that it has been
described as a subculture (Schouten and McAlexander 1995). Unlike members of face-to-face
brand communities, online brand community members may actually never meet or know the true
identities of other community members (e.g., members create their own profiles and frequently
use pseudonyms). Therefore, a community member’s experience in an online brand community
is qualitatively different from the experience of a community member in a face-to-face brand
community (McAlexander et al. 2002, p. 43).

Given the variety of brands that online brand communities have been founded around

10



(e.g., motorcycles, cars, computers, apparel, diapers, services, sports teams, and beverages), and
the selection of prominent communities for ethnographic study, the communities studied
previously are generally not representative of face-to-face communities and are even less
representative of online brand communities in general. Additionally, there are significant
differences between online and face-to-face brand communities, which suggests that there could
be entirely different motivations to participate in the two different types of brand communities.
For example, online brand communities facilitate one to many interaction, enable minority
groups to gain strength in numbers, and online settings typically have more relaxed social norms
for conversation (Prykop and Heitmann 2006; Schlosser 2003, p. 192). Therefore, it is not clear
how well a generic measure of engagement developed in face-to-face European car clubs will
accurately assess the motivations of community members in the plethora of online brand

communities.

Gaps Addressed

Cova and Pace (2006) state that “above and beyond check-lists drawn up by consultants claiming
to be familiar with the keys to success in this area [brand communities], which they call “tribal
branding’ or “cult branding’ ..., it is clear that efforts have to be made to strengthen good
marketing practices in this respect” (p. 1089). There are many anecdotal suggestions for how
marketers can and should design and manage online brand communities based on a few visible
examples of brand communities. This explosion of information has left marketers with
numerous and sometimes contradictory explanations of how to design and manage a community
(Fournier et al. 2005). Astute marketers will want to assess the effectiveness of marketing

activities.

11



This research helps marketers measure online brand community engagement, a set of key
metrics that has been poorly defined and measured in the past. It helps marketers evaluate how
brand communities affect brand assessments (i.e., brand attachment, brand commitment, and
brand identification), brand purchase intentions (i.e., new product trial, new product adoption,
and purchase intentions), supportive brand behaviors (i.e., word-of-mouth, defending the brand,
and willingness to pay a price premium), and supportive community behaviors (i.e., participation
intentions and community participation). Segmentation based on online brand community
engagement provides better prediction of brand assessments and brand purchase intentions than
other classification techniques available. The online brand community engagement typology is
very easy to deploy, requiring a single short survey to segment community members.

Furthermore, this research helps marketers identify and efficiently engage in marketing
activities to enhance effectiveness of online brand communities. Specifically, this research
demonstrates that online brand communities and MROCs can influence a loose hierarchy of
effects for brand and community outcomes. Additionally, this research proposes that marketers
can leverage online brand communities by using marketing activities that fit with community

member engagement.
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Essay One

INTRODUCTION
Marketers must understand their brand community members’ engagement, or his/her intrinsic
motivation to interact with the brand community (Algesheimer et al. 2005, p. 21), to achieve
strategic marketing objectives (e.g., Fournier et al. 1998; Kumar et al. 2010). Technology
continues to rapidly evolve, enabling consumers to have unique experiences with the brand and
other brand users. These unique experiences facilitate the formation of relationships with the
brand and other brand users (McAlexander et al. 2002).

Online brand communities are discussion forums, blogs, or other social media sites
centered around a single brand or branded product (McWilliam 2000; Muniz and O'Guinn 2001).
This definition of an online brand community is consistent with the definition of an online
community set forth by Droge et al. (2010) with the added condition that the community must be
centered around a single brand or branded product (p. 68). Prominent examples of online brand
communities include Audi’s virtual lab, Dell’s Ideastorm, IBM’s numerous online communities,
Intuit’s business community, Nike’s Facebook Fan Page, Proctor and Gamble’s Pampers Village,
Salesforce.com’s support community, RedSox Nation, and Starbucks’ MyStarbucksldea.

Online brand communities represent a network of relationships between consumers and
the brand, product, fellow consumers, and the marketer (McAlexander et al. 2002, p. 39). The
networks of relationships in online brand communities provide marketers a valuable strategic
relationship-marketing platform. Marketers trying to reap a variety of benefits are investing
heavily and interacting frequently in online brand communities to increase brand and product
awareness, customer loyalty, supplement consumption experience, and gain insights into

consumers.
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While each brand community has a unique purpose, the primary universal is that they
represent an explicit marketing investment on behalf of the firm to develop long-term
connections with their current and potential consumers. In order to increase returns on these
substantial investments, marketers require better consumer insights into the motivations to
participate in brand communities and the resulting attitudinal and financial benefits to the brand.
Despite this practical need, academic research on the consumer motivations to participate in
online brand communities has struggled to keep pace with the changing landscape of the
industry.

While early investigations in brand communities provide us with operational definitions
of these investments: “Online brand communities represent a network of relationships between
consumers and the brand, product, fellow consumers, and the marketer” (McAlexander et al.
2002, p. 39) and insight into early motivations for community engagement (Dholakia et al.
2004), they fail to capture the complexity of motivations driving consumer engagement in
communities due to recent and rapid technological innovations and substantial investments in
these communities by their brands.

In the past 15 years, online brand communities have become accessible to a broader range
of consumers as the Internet has become increasingly available worldwide. Online brand
community members are no longer just innovators and heavy users, instead online brand
communities are comprised of a broader range of consumers. Furthermore, during this same
time, there has been a tremendous shift in the focus of the Internet from information storage and
retrieval to a transactional system where consumers can not only learn about a brand and its
products, but can also purchase them online. The web has also sustained tremendous growth in

social networks and usage (e.g., LinkedIn, Facebook, YouTube, Twitter, Vimeo, MySpace,
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Pinterest, and Instagram). Therefore, existing measures for motivations to participate in online
brand communities developed almost a decade ago lack sufficient contextual specificity for the
current state of online brand communities and are likely to have poor predictive ability (Warshaw
1980).

To effectively allocate marketing resources, marketers need to understand the motivations
consumers have to interact with online brand communities (MS1 2012). Following a grounded
theory approach, | develop a measure of online brand community engagement. This research
contributes to the brand community literature by providing a building block for causal analysis in
online brand community research and way to classify online brand community members.

Four research questions guide this essay. First, what motivations do people have for
interacting with an online brand community? Following the Gerbing and Anderson (1988)
update of the Churchill (1979) procedure for scale development, | develop scales to measure
online brand community engagement. Second, how many segments of online brand community
members are there? Third, how do brand purchase intentions differ across segments? And
fourth, does a motivational typology of online brand community members predict community
participation intentions better than a rival role-based typology?

My findings provide important insights to academics, marketers, marketing research
firms, and consultants in regards to the motivations of online brand community members. |
show that online brand community engagement is not unidimensional, but is in fact
multidimensional. Therefore, existing conceptualizations of engagement are far too narrow to
capture the diverse motivations online brand community members have for interacting with a
brand community.

| identify 11 distinct motivations to interact with online brand communities.
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Segmentation analysis reveals the emergence of two segments of online brand community
members (“brand passionate helpers” and “individualistic information seekers”). Further
analysis reveals important differences between segments in terms of their brand purchase
intentions. For example, rewards (utilitarian) (e.g., cash, coupons, or discounts) motivate “brand
passionate helpers” to participate but actually reduce participation for “individualistic
information seekers.” This suggests that providing deals and discounts to community members
may not actually increase participation as intended. Furthermore, the online brand community
engagement typology demonstrates comparable ability to its rival role-based typology to predict
participation intentions. The online brand community engagement typology, however, can be
implemented at a fraction of the cost and facilitate rapid generation of insights for marketers.
These insights can then be used to tailor the community experience and better utilize scarce

marketing resources in the community.

RESEARCH BACKGROUND
Brand communities have been called the “Holy Grail for brand loyalty” (McAlexander et al.
2002, p. 38) because they are a place where marketers can find active and loyal customers.
Some of the features that make brand communities especially attractive to marketers are that
communities are explicitly commercial, relatively stable, and that members are generally
strongly committed and feel a sense of moral responsibility to the community as well as fellow
members (Muniz and O'Guinn 2001). These desirable characteristics make brand communities
especially attractive to marketers trying to obtain loyal customers and a sustainable competitive
advantage in the market. However, very little research has explored the motivations members

have to interact with online brand communities.
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Consumers’ motivations to interact with a brand community are essential in the formation
of how they evaluate their experiences in online brand communities, as well as the consequences
for those interactions. While ethnographic studies have explored and described the
characteristics of brand communities, as a whole there has been very little work done on what
motivates members to interact with online brand communities. Thus, a substantial gap in the

brand community literature exists and needs to be addressed.

Describing Online Brand Community Member Motivations to Interact

Algesheimer et al. (2005) introduced the concept of brand community engagement to capture the
member’s intrinsic motivation to interact with other community members (p. 21). Few other
studies have looked at engagement (e.g., Hatch and Schultz 2010; Lee et al. 2011; Schau et al.
2009; Shih et al. 2010). However, several other studies have explored the antecedents to
interaction with online brand communities (Dholakia et al. 2004; Madupu 2006; Madupu and
Cooley 2010; Wang and Fesenmaier 2004; Wang et al. 2002), which are motivations to start
interacting with an online brand community (Madupu and Cooley 2010).

Dholakia et al. (2004) asserts that people start to interact in online brand communities for
five reasons: purposive value, self-discovery, maintaining interpersonal connectivity, social
enhancement, and entertainment. People who start to interact with online brand communities for
purposive value are looking to accomplish “some pre-determined instrumental purpose
(including giving or receiving information) through virtual community participation” (Dholakia
et al. 2004, p. 244). People start to interact with online brand communities for self-discovery are
interested in “understanding and deepening salient aspects of one’s self through social

interactions” (Dholakia et al. 2004, p. 244). People who start to interact with online brand
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communities for maintaining interpersonal connectivity are looking for “social benefits derived
from establishing and maintaining contact with other people such as social support, friendship,
and intimacy” (Dholakia et al. 2004, p. 244). Online brand communities also provide
opportunities for social enhancement. People who start to interact with online brand
communities for social enhancement want the “value that the participant derives from gaining
acceptance and approval of other members and the enhancement of one’s social status within the
community on account of one’s contributions to it” (Dholakia et al. 2004, p. 244). Lastly,
Dholakia et al. (2004) states that people who start to interact with online brand communities for
entertainment value are seeking “fun and relaxation through playing or otherwise interacting
with others” (Dholakia et al. 2004, p. 244).

Similarly, Wang et al. (2002), Wang and Fesenmaier (2004), and Madupu (2006) describe
motivations to start to interact with an online brand communities using slightly different
terminology and operationalizations from Dholakia et al. (2004). They argue that people are
motivated to start to interact with an online brand community to fulfill functional, social,
psychological, and hedonic needs. Functional needs are very similar to purposive value, and are
defined as needs that “are met when community members go online to fulfill specific activities”
(Wang and Fesenmaier 2004, p. 262). Examples of functional needs include information,
efficiency, and convenience (Wang and Fesenmaier 2004, p. 265). Social needs are described as
being based on the purpose of the community. Examples of social needs include communication,
relationship, involvement, and trust (Wang and Fesenmaier 2004, p. 265). Psychological needs
are described as the basic needs individuals have. Examples of psychological needs include
affiliation, belonging, and identification (Wang and Fesenmaier 2004, p. 265). Hedonic needs

are described as those centered around enjoyment and entertainment. Examples of hedonic
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needs include entertainment, enjoyment, amusement, and fun (Wang and Fesenmaier 2004, p.
265).

Collectively, these studies indicate that people start interacting with online brand
communities to satisfy a variety of needs and specific objectives (Dholakia et al. 2004; Madupu
2006; Madupu and Cooley 2010; Wang and Fesenmaier 2004; Wang et al. 2002). The broad
range of motivations to start interacting with online brand communities also suggests that
community interaction could lead to a wide range of member behaviors and firm outcomes and
that motivations to continue interacting with online brand communities could be numerous and

diverse.

Describing Brand Community Member Behavior
Brand community member behavior has received relatively more attention in the literature than
engagement. Several different conceptualizations and operationalizations of interaction in a
brand community have emerged. For example, brand community member behavior has been
viewed as simply interacting “with other members of the online community” (Madupu 2006, p.
31), word-of-mouth recommendations, leadership behavior in face-to-face brand related events
(Algesheimer et al. 2005, p. 22, 33), functional roles in the community (Fournier and Lee 2009,
p. 109), and in terms of the frequency of participation (Dholakia et al. 2004, p. 252). The diverse
nature of interaction behaviors suggests a diverse set of motivations for interacting in a brand
community. Reviewing the behaviors that have emerged in the literature will shed light on
potential motivations for those behaviors.

The first type of behavior one sees in an online brand community is that members

actively interact with each other (Madupu 2006). In an online setting, brand community
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members can interact in chat rooms, on message boards, posting to forums, or commenting on
other user submitted materials.

Another type of behavior is the spreading of information about the brand (e.g., word-of-
mouth). Individuals who are very active at spreading positive things about the brand have been
described as brand evangelists (Muniz and O'Guinn 2001; Yeh and Choi 2011, p. 146).
Evangelists promote the brand not only within, but also outside of the brand community, and
zealously recruit new members to the community.

Leadership in brand communities is not limited to a firm’s employees, but community
members also exhibit leadership behaviors. Community members even assume leadership roles
entirely on their own accord (Algesheimer et al. 2005, p. 22; Israel 2012; McAlexander et al.
2002, p. 42). Community members taking on leadership roles sacrifice their own time and
resources to help others, recruit new members, and defend the brand community (Algesheimer et
al. 2005, p. 22). For example, when the Dell IdeaStorm community was faltering during 2011,
community members began to become very vocal critics of Dell and how the community was
being managed. When Dell realized that the IdeaStorm community had devolved into a
“reverse-monologue,” they recruited one of the most vocal critics of the community to take part
in the redesign of the brand community (Israel 2012). The feedback and advocacy of this critic
has been instrumental in reviving IdeaStorm into a cutting-edge brand community once again.

Fournier and Lee (2009) identified 18 different roles (i.e., patterns of behavior) spanning
many leadership and non-leadership behaviors in brand communities. They argue that these
roles are “critical to a community’s function, preservation, and evolution” (Fournier and Lee
2009, p. 109). Behaviors they identify include giving and receiving help, serving as a role

model, bringing in new information, recruiting new members, and promoting the community to
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outsiders.

Another interesting aspect of community member behavior is the frequency with which
community members do something. The definition of interaction used by Dholakia et al. (2004)
is based on the frequency with which a community member does something. An interesting
extension of this is the idea that behaviors can and should change over time. Fournier and Lee
(2009) state that “successful communities give members opportunities to take on new roles,
alternate between roles, and negotiate tensions across roles in conflict—-without ever leaving the
fold” (p. 109). Therefore, the frequency of specific behaviors and/or roles may change over

time.

Behavioral, Psychological, or Sociological Segmentation of Online Brand Community
Members

Brand community members are not as homogenous as one might think based on the focused
nature of the brand community (i.e., a community centered on a brand). Online brand
communities are especially diverse (even relative to face-to-face brand communities) because of
geographical dispersion of members and very low barriers to entry (e.g., the community is
available anytime, no travel is required to participate, and it is typically free to join the
community). Prior ethnographic and descriptive research confirms that brand community
members can be segmented within communities (e.g., Fournier and Lee 2009; Fox 1987;
Moreland and Levine 2002). Customer lifetime value research and the market segmentation
literature suggest that not all segments of consumers are equally profitable for marketers to serve
(e.g., Kumar et al. 2010). Segmenting community members based on distinct characteristics (see

Table 2) can help marketers more efficiently and effectively allocate marketing resources that
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better match the needs of members in the segment (Dickson and Ginter 1987). Some have
argued that numerous one-to-one marketing attempts made by marketers lead to consumers
viewing “many marketing initiatives [as] trivial and useless instead of unique and valuable”
(Fournier et al. 1998, p. 44). Shifting from viewing marketing initiatives as unique and valuable
to trivial and useless suggests that there is a point of diminishing returns for marketing
communications (Fournier et al. 1998; Kumar et al. 2010), and if so, marketers should carefully

craft the right message for the right segment to minimize alienating community members.
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Table 2

Essay One: Bases for Segmentation

Construct Definition
Behavior: Roles “Consumer’s active participation in brand-related events and his/her
(Madupu 2006) interactions with other members of the online brand community”

(Dholakia et al. 2004)
(Fournier and Lee
2009)

(Madupu 2006, p. 31)

Roles occupied by members of brand communities (Fournier and Lee
2009, p. 109)

Mentor: Teaches others and shares expertise

Learner: Enjoys learning and seeks self-improvement

Back-Up: Acts as a safety net for others when they try new things
Partner: Encourages, shares, and motivates

Storyteller: Spreads the community’s story throughout the group
Historian: Preserves community memory; codifies rituals and rites
Hero: Acts as a role model within the community

Celebrity: Serves as a figurehead or icon of what the community
represents

Decision Maker: Makes choices affecting the community’s structure
and function

Provider: Hosts and takes care of other members

Greeter: Welcomes new members into the community

Guide: Helps new members navigate the culture

Catalyst: Introduces members to new people and ideas

Performer: Takes the spotlight

Supporter: Participates passively as an audience for others
Ambassador: Promotes the community to outsiders

Accountant: Keeps track of people’s participation

Talent Scout: Recruits new members

Psychological:
Involvement
(Petty et al. 1983)
See also (Celsi and
Olson 1988)
(Zaichkowsky 1985)
(Zaichkowsky 1994)
(Mittal 1995)

Perceived personal relevance, or the expectation that it can have a
“significant consequences for their own lives” (Petty et al. 1983, p.
81)
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Table 2 (cont’d)

Construct Definition
Sociological: “Consumer's intrinsic motivation to interact and cooperate with
Engagement community members” (Algesheimer et al. 2005, p. 21)
(Algesheimer et al.
2005) Online brand community engagement is the compelling intrinsic
(This Study) motivations to continue interacting with an online brand community.

It is a stable emotional commitment, and it propels individuals to
continue interacting with the community because it is an aroused
state. In other words, engagement is the feeling that drives people to
keep interacting in the online brand community.

Behavioral: Roles

Online brand communities provide an information rich medium for gathering data about brand
community member behavior. A strength of online brand communities is that they enable
marketers to gather and analyze member behavior in a very unobtrusive way. Specifically,
member interactions with other members can be organized and recorded without the members
ever even knowing their behavior is being carefully monitored and analyzed. However,
categorizing community member behavior can be very difficult and prohibitively costly due to
the tremendous volume of data, the subtle nature of social interactions (e.g., capturing the subtle
differences between mentoring, guiding, and being back-up; Fournier and Lee 2009, p. 109), and
requiring trained ethnographers or highly sophisticated software and powerful computers to code
the data.

Despite the widespread use of role-based classifications of community members in the
popular press (e.g., Bernoff 2010), these types of classifications of community members are
problematic for several reasons. First, describing a member based on a particular role tends to
oversimplify the description of their behavior in the community. For example, suppose a firm

labels a community member an “evangelist” based on their pattern of evangelizing the brand in
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the past. What if members perform multiple roles or change roles? Describing that member as
an “evangelist” could easily lead the firm and researchers to overlook numerous other behaviors
that the member performs within the community.

Second, role-based classification of community members inhibits causal analysis of the
effects brand communities have on member behavior. Specifically, there are three ways in which
role-based classifications inhibit causal analysis. Relying on a role (i.e., past pattern of behavior)
to serve as the basis for predicting the same behaviors in the future fails to account for what
started the behavior(s) and what causes changes in the frequency with which members engage in
the behavior(s). Next, it takes time for new patterns of behavior to be recognized and classified.
Role-based classifications of members will have poor predictive ability following role changes
due to the need for a sufficient number of observations to recognize and classify changes in
patterns of behavior.

Lastly, role-based classifications could have a large amount of error variation that could
inhibit statistical analysis. Role-based classifications by definition require sufficient
observations to establish a pattern of behavior. The researcher classifying community members
into roles has to specify the frequency at which a repeated behavior should be classified as a role.
Lower observed frequencies of behavior (e.g. a few observations of the behavior) could be used
to identify “patterns” of behavior quickly, but the variety of member behaviors could lead to
improper assignment of the member to a role. Reliable classification of members into roles

requires larger frequencies of behavior and consistent behaviors.
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Psychological: Involvement

Enduring involvement, or the perceived personal relevance of the community (i.e., the
community is instrumental in achieving the individual’s goals) (e.g., Celsi and Olson 1988; Petty
et al. 1983; Zaichkowsky 1985; Zaichkowsky 1994), could also be used to segment online brand
community members. Involvement can be used to capture the intrinsic aspects which drive
personal relevance (Celsi and Olson 1988), suggesting linkages to situation specific as well as
enduring personal characteristics which may be predictive of behavior. However, a limitation of
involvement as defined in the literature is that personal relevance does not necessarily imply
motivation to act. The community could therefore be very relevant to an individual, but fail to

motivate his/her behavior.

Sociological: Engagement

Brand community engagement is the “consumer’s intrinsic motivation to interact and cooperate
with community members” (Algesheimer et al. 2005, p. 21). Engagement captures the intrinsic
drive members have to interact with the community rather than trying to capture the specific
behaviors members perform. Engagement, unlike involvement, does imply “members are
interested in helping other members, participating in joint activities, and otherwise acting
volitionally in ways that the community endorses and that enhance its value for themselves and
others” (Algesheimer et al. 2005, p. 21). Brand community engagement in face-to-face settings
has been shown to lead to community participation, community recommendation, and desires to
continue membership in the community (Algesheimer et al. 2005). An engaged community
member is therefore motivated to be an actively involved citizen of the brand community and

can interact with the community in many ways.
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Building on prior research, | define online brand community engagement as the
compelling intrinsic motivations to continue interacting with an online brand community. As a
stable emotional commitment, it propels individuals to continue interacting with the community
because it is an aroused state. In other words, engagement is the feeling that drives people to
keep interacting in the online brand community.

There are several reasons why engagement instead of roles or involvement should be
used as a basis to segment community members. First, engagement is a motivational state, and
should function as a “leading indicator,” such that higher levels of engagement in one time
period should correspond with higher levels of interaction in following time periods, whereas
lower levels of engagement in one time period should correspond with lower levels of interaction
in following time periods. Second, roles in a brand community encompass a wide range of
behaviors, making it difficult to identify and classify specific behaviors (e.g., posting comments
online, attendance at offline events, conspicuously leading face-to-face events) as a role. Third,
perceived personal relevance fails to explicitly account for the social aspects of interacting with

other community members.

Consequences of Interaction with Online Brand Community

Consequences of interaction with a brand community has also been the subject of several studies.
In one of the seminal works on brand communities, Muniz and O'Guinn (2001) indicate that
brand communities exhibit several important “markers” of community: consciousness of kind,
shared rituals or traditions, and a sense of moral responsibility (p. 413). Member perceptions of
consciousness of kind, shared rituals and traditions, and a sense of moral responsibility influence

their behavior and the relationships they have with other members (e.g., a consciousness of kind
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creates a connection between community members and a sense of moral responsibility compels
one member to help another member in need). These perceptions of community are especially
important when researching comparative groups, as brand community membership is strong
enough to induce in-group/out-group biases affecting decision-making regarding consumption of
the focal and competing brands. Madupu (2006) found that interaction with a brand community
leads individuals to feel a consciousness of kind, develop a sense of shared rituals, and have a
sense of moral responsibility toward other community members. Furthermore, Madupu (2006)
found that feelings of consciousness of kind leads to two kinds of brand loyalty (oppositional and
sustainable) (see also, Thompson and Sinha 2008), and that moral responsibility leads to brand
recommendations.

Interaction with a brand community can also influence a consumer’s decision-making
process. Fellow brand community members could function as “surrogate consumers.” A
surrogate consumer is someone who enters the vertical market structure to assist the consumer in
making a purchase decision (Solomon 1986, p. 208). Interaction with a brand community
provides access to information and other resources which can be used to simplify the market,
evaluate alternatives, and even manipulate the market. For example, the firm could provide
discounts, exclusive information, and special promotions to the community members. In
addition, other community members could also suggest where to purchase the product at the
lowest price, how to use or modify the product in new ways to obtain additional value from it,
and detailed product reviews. Access to these community resources should lead consumers to
make different purchase decisions than had they not had access to and interacted with the brand

community (Baligh and Richartz 1967; Solomon 1986).
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PROPOSITION DEVELOPMENT

Online Brand Community Engagement Typology
Regarding typologies, Bailey (1994) states:
“A well constructed typology can be very effective in bringing order out of chaos. It can
transform the complexity of apparently eclectic congeries of diverse cases into well-ordered sets
of a few rather homogenous types, clearly situated in a property space of a few important
dimensions. A sound typology forms a solid foundation for both theorizing and empirical
research. Perhaps no other tool has such power to simplify life for the social scientist.” (p. 33)
Likewise, Hunt (2002) states that classification helps build theory. An important question for
academic researchers and managers is therefore whether brand community members can be
segmented into unique and meaningful groups. Wedel and Kamakura (2000) argue that the
segmentation method should be determined by the strategic objectives for segmenting. “The
strategic purposes of segmentation determine the bases and methods used in market research;
different segments may be identified in the same population of customers in different
segmentation studies with different purposes” (Wedel and Kamakura 2000, p. 336). Since many
of the benefits of online brand communities are contingent upon the social interaction of
members, it makes sense that one of the primary objectives of a typology would be to describe
what drives participation in the community. From this basis, latent class regression is the most
appropriate tool to use for segmenting community members because it segments community
members on the relationships (i.e., betas) between predictors (i.e., engagement dimensions) and
the response variable (i.e., participation intentions) rather than means.

From a managerial perspective, Kotler and Keller (2009) state that there are five criteria
for evaluating the usefulness of a segmentation scheme: measurable, substantial, accessible,

differentiable, and actionable (p. 228). Using engagement to segment community members is

measurable because community member engagement can readily be assessed with the items
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developed in this paper. Online brand communities are sufficiently large to estimate substantial
groups based on engagement (even very small communities generally have several hundred
members and large communities can have millions of members). Furthermore, Drdge et al.
(2010) point out that “sometimes the community is not ‘large’ in any absolute sense but does tap
nearly all important decision makers, opinion leaders, trendsetters, or lead users, making that...
community’s impact disproportionately large relative to its actual size” (p. 69). Members of
online brand communities are readily accessible by the firm in as much as the firm tracks visitors
to its online brand communities (e.g., contact information required for membership). Each of the
segments should be differentiable in terms of their brand purchase intentions. Lastly, the
engagement typology provides a strong foundation for development of actionable marketing
strategies to leverage communities to enhance brand purchase intentions.

Segmenting community members is not a novel idea in and of itself, (e.g., Fournier and
Lee 2009; Fox 1987; Moreland and Levine 2002), but using online brand community
engagement as the basis for segmenting is novel and yields important insights. Fournier and Lee
(2009) segment member roles in a brand community (e.g., mentor, learner, hero, celebrity,
supporter, p. 109), and emphasize how these roles contribute to the functioning of the
community. Specifically, Fournier and Lee (2009) state that communities need members
performing a variety of tasks to ensure the “function, preservation, and evolution [of the
community]” (Fournier and Lee 2009, p. 109). Unlike Fox (1987), Fournier and Lee (2009) do
not organize brand community roles into a social hierarchy. Instead, Fournier and Lee (2009)
emphasize a greater diversity of roles within the community. One could however infer that some
of the roles Fournier and Lee (2009) describe have relatively higher social status than other roles,

based on community members valuing particular roles more than other roles. Thus, while the
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dimensions of segmentation for Fournier and Lee (2009) role-based typology are not clear, but
the emergence of segments of members within the community is observable.

Fox (1987) studied the “punk” subculture. While Schouten and McAlexander (1995)
points out that subcultures and brand communities are different, they do have many important
things in common. Subcultures of consumption and brand communities are similar in that they
both exhibit shared values and beliefs, rituals and traditions, social structure, and membership
transcends many boundaries (e.g., national, cultural, demographic, class, race, ethnic, etc.).
Subcultures of consumption also differ from brand communities in several respects. Social
structure in a subculture tends to be viewed more from a role perspective with a clear emphasis
on a well-defined social hierarchy. Brand communities tend to have a less formal social
hierarchy, but do exhibit social hierarchies nonetheless (Fournier and Lee 2009; Muniz and
O'Guinn 2001, p. 414). Brand communities place greater emphasis on the non-geographically
bound nature of the communities (Muniz and O'Guinn 2001) and tend to place the brand at a
greater focus of the community. Furthermore, brand communities tend to have socially
negotiated meaning, rather than a fixed meaning across contexts which are characteristic of
subcultures of consumption (Muniz and O'Guinn 2001, p. 414), suggesting that brand
communities are perhaps a little more dynamic across contexts than subcultures of consumption.
Therefore, given the substantial amount of congruence in the social structures of brand
communities and subcultures of consumption, it is appropriate to discuss the work of Fox (1987)
in a brand community context.

Fox (1987) segments community member roles from a hierarchical perspective,
suggesting that there are concentric rings of member roles which are determined by the

member’s commitment to the community (p. 50). Moving from the center out, rings are
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described as hardcore, soft-core, preppie, and spectator (Fox 1987, p. 350). A concentric rings
conceptualization of community member roles highlights the notion that the degree of
engagement with the community is not constant across a community, but instead varies across
the community. The relative size of each ring suggests relatively few members are at the center
(core) and the relative amount of members increases with each succeeding ring of the
community.

Individual and situational factors determine motivational states. The variation in needs
and situations consumers have will naturally lead to different levels of engagement with the
online brand community. Furthermore, the differences in the community in terms of the format,
content, and social dynamics will be more or less appealing to different people. Thus,
differences among their motivations to participate in the community should exist among
members of the online brand community. Furthermore, as discussed previously, ethnographic
and descriptive studies have observed different categories of behavior. Assuming motivations
drive behaviors then suggests that different categories of motivations that drive intentions to

participate in the community should emerge.

P1:  The motivations that drive community members’ participation intentions for

online brand communities will differ across community members.

Brand communities are typically regarded as being good for brands. Marketers accepting
this belief invest substantial resources in creating, monitoring, and sustaining brand
communities. In 2012, it was estimated that spending for social media advertisements alone will
exceed $3.63 billion dollars (excluding the costs for establishing and maintaining online brand

communities, Elkin et al. 2012). While it is difficult to estimate the cumulative spending on
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creating and maintaining an online brand community and MROCs, it was recently reported that a
majority of global firms make these investments. For example, a study conducted by IBM found
that seventy-nine percent of global firms maintain a social media presence on social networking
sites and fifty-two percent of global firms engage in micro blogging (IBM 2013). This
demonstrates the tremendous resources being deployed to create and maintain community
involvement in the evolving Internet landscape.

One of the primary drivers for investing in online brand communities and MROCs is
simply the volume of users looking to interact with brands online. It has been estimated that 84
percent of Internet users have contacted or participated in online communities (Madupu and
Cooley 2010). A worldwide study of Internet users found that 75 percent of regular Internet
users visited brand web sites and 32 percent had joined an online brand community in the past
six months (Hutton and Fosdick 2011). As consumers continue to proactively reach out to
socially engage brands online, marketers will continue to invest in these relationships. Just to
create content for its Facebook fan page General Motors invests $30 million annually (this does
not include other nontrivial costs associated with creating and maintaining a social presence
online, and GM even continued to spend $30 million a year on content while they cut their $10
million a year spending on advertising in Facebook, Barkholz and Rechtin 2012). However,
greater scrutiny and vetting of strategies for creating and maintaining a social presence online is
needed before marketers adopt strategies utilizing social presences as a core component of their
marketing strategy to enhance brand performance.

Brand communities provide a forum for the active interpretation and creation of meaning
of the brand (Muniz and O'Guinn 2001; Muniz and Schau 2007). Engaged community members

are motivated to participate in this creation by sharing *“context-rich” and “meaningful

33



consumption experience[s] [which] strengthens interpersonal ties and enhances mutual
appreciation for the product, the brand, and the facilitating marketers. Virtual ties become real
ties. Weak ties become stronger. Strong ties develop additional points of attachment”
(McAlexander et al. 2002, p. 44). These unique experiences shape community member
evaluations of the brand and can form the basis of a competitive advantage for the firm. Itis
engagement, their intrinsic motivations that propels them to interact with the community.
Interaction with the community exposes the member to community-generated content. Some
community-generated content can rival the quality of professional ad agencies and is it is
increasingly common to see marketers using consumer generated content as the basis for national
advertising campaigns (e.g., Muniz and Schau 2007; Doritos' Super Bowl ads). The context rich
interaction of community members (e.qg., affiliation with others, social interaction, and valuable
information regarding the brand and its use; Martin 2009) should affect their brand purchase
intentions.

Additionally, being part of a brand community has been described as becoming “part of
the family” (McAlexander et al. 2002, p. 46). The brand community member interviews
conducted by McAlexander et al. (2002) revealed an interesting observation that brand
communities can influence willingness to try a product for the first time (McAlexander et al.
2002, p. 46). Specifically, they found that following the trial and adoption of a brand by a
community member, the community member’s family tended to also try and adopt the brand.
More engaged community members tend to have closer relationships with other community
members, which suggests that brand community members could influence each other in similar

ways as that observed by McAlexander et al. (2002).
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Engagement is likely to be positively related to new product trial and adoption intentions
for three reasons. First, because of their interaction with other community members, they are
more likely to hear more about new products. The explicit focus of the community on the brand
makes it a great source for cutting-edge information about the brand and its products. Awareness
of the brand’s existing and new products is essential for purchase intentions to be formed
(Mahajan et al. 1995; Mahajan et al. 1990). Second, their relationships with other community
members (especially ones experienced with the brand) can reduce the risks associated with trial
and adoption of new products. Perceived risk is a key barrier to trial and adoption of new
products. Community members have the additional support and information from the
community which will decrease their perceived risk of new product trial and adoption. A
reduction in perceived risk should therefore increase the community member’s willingness to
purchase the brand’s new products. Third, close relationships also enhance the meaningfulness
of consuming the products, leading to increased utility for trial and adoption of the brand’s new
products.

Brand community engagement should also affect purchase intentions. Muniz and
O'Guinn (2001) discuss community members as feeling a moral responsibility or in other words,
feeling a sense of duty or obligation to the community as a whole. They state that this felt moral
responsibility to the community helps ensure the survival of the community. A key way to help
ensure the survival of a brand, and consequently its community, is to patronize the brand instead
of competitor brands. More engaged members should be more interested in the community’s
survival and therefore be more willing to spend more on its products than less engaged
community members. In addition, engaged members are exposed to group level influences on

their attitudes and behavior (e.g., compliance, internalization, and identification; Dholakia et al.
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2004), which tend to be pro-brand (Droge et al. 2010), and therefore positively contribute to

spending more on the brand.

P2a: Mean levels of new product trial will differ across online brand community
engagement segments.

P2b: Mean levels of new product adoption will differ across online brand community
engagement segments.

P2c:  Mean levels of purchase intentions will differ across online brand community

engagement segments.

The engagement typology should provide enhanced predictive accuracy of brand
community participation intentions over role-based classifications of online brand community
members (Fournier and Lee 2009). Role-based classifications of community members tend to
oversimplify the description of community member behavior(s), fail to account for what started
and what causes changes in the frequency of the behavior(s), and are unstable depending on
classification timeframe selected. Therefore, a motivationally-based typology of community
members should be superior at predicating brand community participation intentions as
compared to role-based typologies for three reasons. First, a motivationally-based typology can
be used to develop a better picture of what behaviors should emerge in an online brand
community based on specific motivations. Second, motivation is an aroused state which leads to
action; thus it can serve as a leading indicator of behavior. Third, online brand community
engagement can be measured at a single point in time, overcoming the need to arbitrarily define

frequencies of behavior to classify it as a role. These three desirable features of the engagement
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typology suggest that it should have better predictive ability of brand community participation

intentions than role-based classification of community members.

P3:  Atypology created using online brand community engagement will explain more
variance in brand community participation intentions than the role-based typology

created by Fournier and Lee (2009).

METHODS AND RESULTS

Scale Development Procedure

Online brand community engagement is an emerging area for research, so | follow a grounded
theory approach (Spiggle 1994) to develop the scales for online brand community engagement.
Please see Table 3 for a summary of the steps for developing the online brand community

engagement scale.
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Table 3

Essay One: Summary of Steps For Brand Community Engagement

Scale Development Process

Steps in the Process

Details

1. Study 1 - Focus Groups
e Focus Group Interviews

e Two focus groups
¢ Qualitative analysis of focus group
transcripts for motivational themes

2. Study 2 — Open-Ended Surveys
¢ Extension of focus group questions into
open-ended questionnaire format

e Open-ended surveys of active brand
community members

e Qualitative analysis of responses to open
ended survey questions for motivational
themes

3. Item Generation

e Generation of 494 items by research team
based on 11 constructs

4. Item Reduction and Expert Review

e 138 items selected for expert review

e 2 Marketing Faculty Members and 6
Marketing Doctoral Students Judged Items

e 94 Items remained

5. Study 3 - Exploratory Study
e Exploratory Factor Analysis

¢ Online survey of online brand community
members (student sample)

6. Study 4 - Initial Validation Study
e Confirmatory Factor Analysis
0 Dimensionality
o Factor Loadings
e \alidity
o Convergent Validity
o Discriminant Validity
e Reliability

e Online survey of online brand community
members (adult sample)

7. Study 5 - Final Validation Study
e Confirmatory Factor Analysis
o Convergent Validity
o Discriminant Validity
e Structural Equation Modeling
o0 Nomological Validity

e Online survey of online brand community
members (adult sample)
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1. Study 1: Focus Groups

Initial literature reviews were conducted to assess the domain of extant research on motivations
brand community members have to interact with the community. This research suggested that
engagement and reactance are two powerful motivations in brand community members
(Algesheimer et al. 2005). Since the research on online brand community member engagement
and reactance is sparse, focus groups were conducted to explore the domain of the constructs.
Focus group participants were recruited from a large Midwestern university’s undergraduate
marketing courses. In total, 30 students applied for the focus groups and 11 were selected for
being active members of online brand communities (6 male, 5 female). Focus group sessions
were conducted by a moderator and assistant moderator following a questioning route developed
specifically for this study (Krueger and Casey 2009). Focus groups started by asking
participants about brand communities they participate in, what they like and dislike about brand
communities. A key questioning route was then used to explore how and why brand community
members interact with the brand community. The questioning route concluded by talking with
participants about what they thought an ideal brand community would look like. Participants
were then debriefed and thanked for their participation. All focus group sessions were recorded
and transcribed. Following the focus group sessions, the researcher and assistant moderators met
to discuss the transcripts. The researcher and assistant moderators (two research assistants not
aware of the theoretical background) reviewed the transcripts and identified themes related to
brand community engagement and brand community reactance. From this initial analysis, the
differences between face-to-face and online brand communities became apparent (McAlexander
et al. 2002). Reactance, a construct introduced to the face-to-face brand community literature by

Algesheimer et al. (2005) study of European Car Clubs, did not emerge as a theme for online
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brand community members we interviewed. Therefore, reactance was dropped from further

consideration as a key motivation for the interaction with the brand community.

2. Study 2: Open-Ended Surveys

An online panel company was then used to collect a broader sample of very active (participate 2-
3 times per week or more) online brand community members. \ery active online brand
community members were selected for this study because they would likely exhibit stronger
motivations and clearer themes for scale development purposes. In subsequent studies, this
screening criteria was not used. Open-ended survey questions based on the focus group
questioning route were used to interview respondents. Of the completed 70 surveys returned, 44
surveys were screened because they were not very active members of online brand communities
(i.e., participate in an online brand community more than 2-3 times a week). In addition, 2
surveys were dropped for data quality concerns (e.g., lack of elaboration on qualitative questions
and speeding). The remaining 24 responses were analyzed for themes surrounding the
motivations brand community members have to interact with the brand community. See Table 4
for the 11 main themes that emerged from the responses. Following Rossiter (2002), tentative
construct definitions were created based on the themes. The researcher team reviewed the
themes again and then refined the construct definitions according to the iterative approach

advocated in a grounded theory development (Spiggle 1994).
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Table 4

Essay One: Online Brand Community Engagement Construct Definitions

Engagement Dimensions

Construct Definition

Brand Influence

The degree to which a community member wants to
influence the brand.

Brand Passion

The ardent affection a community member has for the brand.

The extent to which a community member feels that being a

Connecting member of the brand community connects them to some
good thing bigger than themselves.
The degree to which a community member wants to help
Helping fellow community members by sharing knowledge,

experience, or time with other community members.

Like-minded Discussion

The extent to which a community member is interested in
talking with people similar to themselves about the brand.

Rewards (Hedonic)

The degree to which the community member wants to gain
hedonic rewards (e.g., fun, enjoyment, entertainment,
friendly environment, and social status) through their
participation in the community.

Rewards (Utilitarian)

The degree to which the community member wants to gain
functional rewards (e.g., monetary rewards, time savings,
deals or incentives, merchandise, and prizes) through their
participation in the community.

Seeking Assistance

The degree to which a community member wants to receive
help from fellow community members who share their
knowledge, experience, or time with them.

Self-Expression

The degree to which a community member feels they can
express their true interests and opinions.

Up-to-date Information

The degree to which a community member feels that the
brand community helps them to stay informed or keep up-to-
date with brand and product related information

Validation

A community member’s feeling of the extent to which other
community members affirm the importance of their
opinions, ideas, and interests.
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3. Item Generation

Following the identification of themes from the focus groups and depth surveys, the research
team generated items using the construct definitions. In total, 2 researchers and 2 research
assistants independently generated a total of 494 items (approximately 10 items per theme per

person) to measure the 11 dimensions of brand community member motivations.

4. Item Reduction and Expert Review

After creating a large pool of potential items, the research team met to refine construct
definitions, eliminate redundant items, and select items that had good face validity for expert
review. In total, 138 items were selected for expert review. Given the large number of
constructs, experts were randomly assigned half of the total items. A review of the item pool was
conducted by two marketing PhD’s and six marketing doctoral students not familiar with or
associated with the research project in any way. Each expert was presented 69 items one at a
time in random order. With each item presented, the experts were given a multiple choice list of
constructs definitions from which to select. If a majority of the experts (three or more of the four
that reviewed each item) correctly assigned the item to its intended definition, then the item was
retained for further testing. In total, 94 items were retained based on the expert review. In tests
following the expert review, each item was measured by an 11 point Likert ranging from “0
Strongly Disagree” to “10 Strongly Agree” with a scale midpoint of “5 Neither Agree nor

Disagree” and numerals for each of the remaining scale points.

5. Study 3: Exploratory Study

The properties of the online brand community engagement items were explored using a sample

42



of 262 undergraduate business students. 126 completed surveys were returned. Two
independent raters coded whether or not the remaining responses were in fact brand community
members (91 percent agreement on classifying members and nonmembers of brand
communities). 43 responses were screened because the respondents did not meet the study
criteria of being a member of an online brand community. Therefore, 83 usable responses were
collected in this round of data collection (49 percent of respondents were male; average age = 21
years old). Principal components exploratory factor analysis in SPSS using an oblique rotation
(i.e., Direct Oblimin) was then used to assess the dimensionality of the scales. Using an oblique
rotation accounts for the expected covariance among the dimensions when extracting the factors.
Items that did not load on the same factor as the majority of the other items for that construct
were flagged for the next round of data collection. In addition, items that had factor scores of
less than .50 on the factor for their construct were also flagged for the next round of data
collection. A comparison was also conducted using an orthogonal Varimax rotation; this led to a
similar pattern of items flagged for the next round. No items were dropped from analysis based

on this pilot test.

6. Study 4: Initial Validation Study

An online panel company was contracted for the next round of data collection to get a sample of
2,839 US Internet users who are 18 and older. 1,190 respondents indicated they were not
members of brand communities and were screened immediately from the study. 737 of the
remaining responses were screened by the panel company for speeding through initial survey
questions. In total, 911 completed surveys were returned. Of the completed surveys returned,

282 responses were dropped for data quality (i.e., speeding, straight-lining, lack of elaboration
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and gibberish responses to open-ended questions). Two independent raters coded whether or not
the remaining respondents were actually members of a brand community (86 percent agreement
on classifying members and nonmembers of brand communities). 285 responses were screened
because the respondents were not active members of brand communities. Therefore, 344 valid
responses were used for further analysis (38 percent of respondents were male; average age = 44
years old; median education 2 year college degree).

There are several popular and somewhat different approaches to scale development. The
classical method is based on the Churchill (1979) paradigm. One of the primary limitations and
subsequent criticisms of scale development using the Churchill (1979) paradigm is the use of
item-total correlations with reflective scales. Jarvis et al. (2003) establish four criteria for
determining if a scale is reflective. First, the direction of causality from construct to measure is
implied by the conceptual definition of each scale. Each of the items selected from the initial
pool of items in our study was chosen because it represents a manifestation of the scale
definition. In scale development, item reduction is one of the primary goals, therefore it is
important that the elimination of items does not substantially alter the conceptual definition of
the construct. Thus, changes in the latent construct should affect changes in the items. Second,
interchangeability of the indicators/items is important for reflective scales. Each of the items
selected from the initial pool share a common theme based on the definition of the construct.
Items were written and selected with the knowledge that through the scale development process
items would be dropped. Therefore the research team carefully selected items so that if one were
dropped, it would not change the conceptual domain of the construct it was intended to measure.
Third, covariation among the indicators is expected for reflective scales. Fourth, the

nomological net of the construct indicators for each of the items in reflective constructs should
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have the same antecedents and consequences. Based on the above four criteria established by
Jarvis et al. (2003), the scales developed in this study are reflective.

The primary shortcoming of using item-total correlations to eliminate items is that item-
total correlations are created using a unitary weighted sum of the each item score in the scale
(i.e., a correlation is calculated between each item and the sum of the other items). Using a
unitary weighted sum models the items as formative, reversing the causal direction from the
latent construct causing the indicators to the indicators causing the latent construct. This
represents a fundamental violation of the characteristics of a reflective construct. In addition,
item-total analysis is not characterized by statistical significance testing and relies heavily on
rules of thumb to make decisions regarding the retention of items into the final scale. However,
due to the relative ease of item-total analysis it remains a popular technique to this day. In
addition, this approach uses exploratory factor analysis which typically only accounts for
approximately 80 percent of variance. Alternative approaches have been developed that properly
model reflective constructs and model all of the variance in the data.

Gerbing and Anderson (1988) updated the Churchill (1979) paradigm with the use of
confirmatory factor analysis (CFA) to overcome some of the specific limitations of the item-total
and exploratory factor analysis procedure. Their methods more directly assess the
dimensionality of a scale, which is a key criteria for any scale development procedure (Gerbing
and Anderson 1988). Therefore, analysis of the scales developed in this study was conducted
following Gerbing and Anderson (1988) approach. Specifically, | iteratively estimated a series
of measurement models where the 11 engagement dimensions were estimated as first order
reflective scales. In these models, “bad” items were removed and then the entire model was re-

estimated and re-assessed. During this process, items with large standardized residuals were
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removed as they negatively affected the unidimensionality of each dimension (Gerbing and
Anderson 1988). Items with large standardized residuals indicate a lack of external consistency,
meaning they correlate highly with other factors, thus the items composing the scale lacks
unidimensionality (Gerbing and Anderson 1988). In order to enhance the rigor of this initial
investigation, | included measures for two related variables: expectations for community member
behavior and intentions to share information from the community with others. These variables
were included to provide a more rigorous assessment of discriminant validity and ensure that
items for the engagement dimensions were strictly measuring engagement and not expectations
or outcomes of brand community participation.

Initial overall model fit for the CFA was modest (5° = 12,380, df = 5,916; CFI = .84;
SRMR =.08; RMSEA = .06; AIC = 548). Through a series of inspections and iterative model
estimations, we removed a total of 22 items due to (1) large standardized residuals (> .25)
(Gerbing and Anderson 1988, p. 189), (2) lambdas below .707 (lambda’s below .707 indicate that
random error determines more variation in the item than what is determined by the latent
construct), and (3) significant cross-loadings as detected through an examination of Lagrange
Multiplier indices.

After deleting these items, a final measurement model was estimated that offered
improved fit (y* = 7,168, df = 3,662; CFI =.90; SRMR = .05; RMSEA = .05; AIC = -156). Each
construct demonstrates adequate convergent validity as each average variance extracted is greater
than .50. Lambda loadings and descriptive statistics for each item retained in the final model are
presented in Table 5 in an effort to establish scale norms. Discriminant validity of the scales was
assessed following Fornell and Larcker (1981). The average variance extracted for each

construct are all greater than .60. The average variance extracted per construct were then
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compared to each squared correlation between the construct and all other potential pairs of
constructs. No squared correlations between constructs were greater than the average variance
extracted for each construct. Therefore, discriminant validity between the scale dimensions is
supported. Following assessment of convergent and discriminant validity, reliability was
analyzed. Latent construct reliability ranged from .78 to .92 which supports reliability for the

constructs.
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Table 5

Essay One: Scale Items, Descriptive Statistics, and Factor Loadings

Study 4 — Initial Study 5 - Final
Factor Item Validation Validation
Range Mean SD 1 Range Mean SD 1

Brand Influence

1. 1 am motivated to participate in this brand community because I canhelp 1-11 8.05 265 .94 1-11 7.02 284 .92
improve the brand and its products

2. This brand community provides the company valuable insights to help 1-11 848 241 88 1-11 7.84 250 .80
improve the brand and its products

3. I like to know that my comments and suggestions can influence the brand 1-11 854 248 92 1-11 735 2.78 .85
and its products

4. Increasing the influence I have on the brand and its products makes me 1-11 807 261 90 1-11 698 275 .89
want to participate more in this brand community

5. I hope to improve the brand or product through my participation and 1-11 825 263 .92 1-11 7.18 279 .90
expression in this brand community

6. | participate in this brand community to offer my insight to the company  1-11 8.00 2.63 .88 1-11 6.85 291 .83

7. 1 want the company to listen and respond to my opinions in this brand 1-11 868 244 85 1-11 7.96 256 .79
community

Brand Passion

1. 1 am motivated to participate in this brand community because | am 1-11 856 239 .89 1-11 875 220 .91
passionate about the brand

2. If it weren’t for the positive feelings | have about the brand, I wouldn’t 1-11 833 259 -- - -- -- -
participate in this brand community

3. | participate in this brand community because | care about the brand 1-11 889 202 85 2-11 890 212 .89

4. 1 would only belong to a brand community for a brand | care deeply about 1-11 8.14 261 .80 1-11 830 2.63 .81

5. I'would not belong to a brand community if | did not have passion for the 1-11 823 259 .78 1-11 8.79 231 .84

brand
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Table 5 (cont’d)

Study 4 — Initial Study 5 - Final
Factor Item Validation Validation
Range Mean SD 1 Range Mean SD 1
6. If I was not passionate about the brand, this brand community would not  1-11 822 259 .76 1-11 831 268 .75
interest me
7. The other members of this community fuel my passion for the brand 1-11 728 268 -- - -- - -
8. My passion for this brand's products makes me want to participate inthis 1-11 855 242 90 1-11 876 225 .88
brand community
9. Brand communities for products that | am passionate about interest me 1-11 883 197 -- -- -- - -
Connecting
1. Increasing the strength of the connection | have with this brand community 1-11 7.68 242 .83 1-11 7.89 217 .89
makes me want to participate more in the community
2. | think that the brand community extends beyond just me 1-11 919 188 -- - -- - -
3. Being part of this brand community makes me feel more connected tothe  1-11 860 2.07 .82 1-11 841 191 .74
brand
4. Being part of this brand community makes me feel more connected to other 1-11 835 2.20 .83 1-11 853 1.92 .82
consumers of the brand
5. | participate in this brand community to feel more connected to the brand 1-11 790 245 .81 1-11 754 238 --
6. Interacting with community members makes me feel like | am part of 1-11 771 252 -- - -- - -
something that can really make a difference
7. | am part of something bigger than myself when I interact with this 1-11 793 251 -- - -- - -
community
Helping
1. 1 like participating in the brand community because | can use my 1-11 757 238 .87 1-11 758 246 .85

experience to help other people
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Table 5 (cont’d)

Study 4 — Initial Study 5 - Final
Factor Item Validation Validation
Range Mean SD 1 Range Mean SD 1
2. If it weren’t for being able to help other community members, | wouldn’t 1-11 4.68 2.90 -- - -- - -
participate in this brand community
3. The more help I am able to give in this brand community, the more | feel 1-11 7.38 258 .83 1-11 7.40 248 .83
motivated to participate in this community
4. | like to share my experience and knowledge with others in this brand 1-11 784 251 87 1-11 7.74 239 .84
community to help them be more educated about the brand
5. Being part of this brand community makes me feel needed by others 1-11 6.21 287 .77 1-11 588 279 --
6. | feel like I offer a unique perspective that can help other members of this 1-11 756 247 .83 1-11 7.40 2.38 .78
brand community
7. | really like helping other community members with their questions 1-11 766 251 89 1-11 7.85 240 .89
8. I feel good when I can help answer other community member’s questions 1-11 824 229 .85 1-11 834 229 .85
9. The thing I like doing the most in this community is helping others 1-11 681 267 .86 1-11 6.72 2.67 .75
Like-Minded Discussion
1. 1 am motivated to participate in this brand community because I cantalk 1-11 7.81 2.66 -- - -- - -
with other people like myself about the brand
2. | look forward to discussing my opinions about the brand with otherswho 1-11 7.76 2.65 .89 1-11 8.12 235 .88
share the same interest as me
3. I enjoy conversing with people similar to myself in this brand community 1-11 783 259 .94 1-11 837 216 .85
4. | like to talk to other brand community members with similar intereststo  1-11 7.69 2.73 .92 1-11 814 224 .83
myself
5. Participating in this brand community is a good way to discuss my interests1-11 796 2.70 .90 1-11 8.00 248 .85
with people who share those same beliefs
6. 1 look to this brand community when | want to discuss a topic with people 1-11 743 285 90 1-11 7.99 2.64 .86

who have similar interests
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Table 5 (cont’d)

Study 4 — Initial Study 5 - Final
Factor Item Validation Validation
Range Mean SD 1 Range Mean SD 1
7. Discussing my views with other members is my favorite part of this 1-11 704 287 84 1-11 757 275 .83
community
8. Having conversations with people in this brand community who share the 1-11 7.24 276 .89 1-11 751 245 .87
same views about this brand is important to me
Rewards (Hedonic)
1. 1like participating in this brand community because it is entertaining 1-11 784 263 93 1-11 829 223 091
2. Having fun is my main reason for participating in this brand community  1-11 7.01 287 .83 1-11 758 2.71 .83
3. | participate in this brand community because I think it is fun 1-11 825 244 87 1-11 844 222 .89
4. | find participating in this brand community to be very entertaining 1-11 787 255 91 1-11 817 218 .88
5. I want to participate in this brand community to be a part of its friendly 1-11 800 239 81 1-11 7.94 237 --
environment
6. Participating in this brand community feels like an escape 1-11 647 3.04 .71 1-11 648 291 --
7. 1 enjoy being immersed in this brand community 1-11 762 254 81 1-11 8.00 224 --
Rewards (Utilitarian)
1. My main purpose for belonging to this community is access to deals 1-11 577 348 -- -- -- -- -
2. Without the special deals provided by this community, | probably would  1-11 4.69 3.31 -- - -- -- -
stop being a member
3. I am motivated to participate in this brand community because | canearn 1-11 437 357 94 1-11 283 284 .91
money
4. If it weren’t for the money, | wouldn’t participate in this brand community 1-11 3.89 3.21 .83 1-11 247 242 .89
5. Receiving more money makes me want to participate more in this brand  1-11 513 3.64 .89 1-11 3.62 3.28 .78

community
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Table 5 (cont’d)

Study 4 — Initial Study 5 - Final
Factor Item Validation Validation
Range Mean SD 1 Range Mean SD 1
6. Receiving more sales and coupons makes me want to participate more in  1-11 6.69  3.60 -- - -- -- -
this brand community
7. 1 like participating in this brand community because | can earn free 1-11 551 3.65 -- - -- -- -
merchandise from the brand
8. This brand community motivates me to participate by offering me the 1-11 572 349 -- - -- -- -
chance to win prizes
Seeking Assistance
1. 1 am motivated to participate in this brand community because I can 1-11 759 280 .90 1-11 7.86 249 .90
receive help from other community members
2. | am motivated to participate in this brand community because community 1-11 7.70 2.67 .92 1-11 8.09 250 .91
members can use their knowledge to help me
3. | like participating in this brand community because it gives me an 1-11 753 280 .88 1-11 7.95 247 .92
opportunity to receive help from other community members
4. Increasing the help I receive from this brand community makes me wantto 1-11 7.60 2.70 .82 1-11 7.75 254 .83
participate more in the community
5. | appreciate when members of this brand community share their knowledge 1-11 857 225 .79 1-11 8.89 210 .78
and experience with me
6. | participate in this brand community so that other consumers can share 1-11 789 259 .84 1-11 838 214 .80
their knowledge with me
7. This community is a great way to get assistance with questions about the 1-11 851 244 .77 1-11 8.68 230 .80
brand
8. lusually interact with this community when | have questions about the 1-11 735 293 .73 1-11 822 250 .79
brand
9. Itis important to me to be able to use this community to find answerstomy 1-11 8.07 254 .82 1-11 8.23 242 .84

questions about the brand
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Table 5 (cont’d)

Study 4 — Initial Study 5 - Final
Factor Item Validation Validation
Range Mean SD 1 Range Mean SD 1
Self-Expression
1. | feel that I can “be myself” in this brand community more than | am able 1-11 7.03 299 .87 -- -- - -
to be in other settings
2. If it weren’t for being able to express my true interests and opinions in this 1-11 595 3.02 .90 -- -- - -
brand community, I wouldn’t participate in this brand community
3. Increasing the ability to express my true interests and opinions in this brand1-11 533 3.10 .84 -- -- - -
community makes me want to participate more in this brand community
4. | feel that | can freely share my interests in the brand community 1-11 543 315 .88 2-11 8.78 196 .87
5. This brand community allows me to express my true feelings about a 1-11 6.29 313 .89 1-11 8.80 2.00 .82
product or brand
6. 1 am not afraid to express my opinion in this brand community 1-11 6.90 3.01 .89 --- -- - -
7. 1would express any opinion or idea | had about this brand in this brand  1-11 6.20 3.27 .89 1-11 8.64 228 .85
community
8. I can always be myself when interacting with others in this community 1-11 701 302 .76 1-11 855 232 .86
9. This community makes it easy for me to express my true beliefs about the 1-11 6.65 3.11 .93 1-11 8.74 2.08 .90
brand
10. 1 am able to share my true feelings with this community without fear of 1-11 591 313 89 -- -- - -
ridicule
Up-To-Date Information
1. 1 am motivated to participate in this brand community because it helpsme 1-11 878 211 .85 1-11 8.70 2.13 .83
keep up-to-date with the brand
2. | like participating in this brand community because it helps me stay 1-11 9.05 197 .87 1-11 9.02 189 .83

informed about the brand
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Table 5 (cont’d)

Study 4 — Initial Study 5 - Final
Factor Item Validation Validation
Range Mean SD 1 Range Mean SD 1
3. This brand community is my critical connection for new and important 1-11 828 251 .8 1-11 860 226 .85
information about the brand and its products
4. Belonging to this brand community helps me to stay informed about the  1-11 925 182 .88 3-11 938 156 .77
brand
5. | feel more up-to-date with this brand's products because | belongtothe  1-11 898 2.08 .88 1-11 9.04 1.85 .83
community
6. When | want up-to-date information about this brand, I look to this brand 1-11 883 229 .87 1-11 895 215 .89
community
7. This community keeps me on the leading edge of information about the 1-11 878 215 .89 1-11 9.00 1.98 .84
brand
8. This community is the best way to stay informed about new developments 1-11 891 2.13 .89 2-11 886 211 .86
with this brand
9. This brand community is my essential connection for exclusive information1-11 831 248 .85 1-11 821 252 .76
about the brand and its products
10. 1 feel like I have access to more information about a brand when I am part 1-11 9.06 192 .81 -- -- - -
of its brand community
Validation
1. 1am motivated to participate in this brand community because other 1-11 6.96 254 -- - -- - -
members value my ideas
2. If it weren’t for other community members affirming the value of my 1-11 477 288 -- - -- - -
interests, | wouldn’t participate in the brand community
3. Receiving more affirmation of the value of my comments, makes me wantto 1-11 7.35 2.60 .82 1-11 8.00 231 .79
participate more in the brand community
4. What other community members think of my ideas is important to me 1-11 642 285 .76 1-11 6.93 270 .75
5. | feel good about myself when other community members share my ideas 1-11 7.87 224 .83 1-11 800 210 .89
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Table 5 (cont’d)

Study 4 — Initial Study 5 - Final
Factor Item Validation Validation
Range Mean SD 1 Range Mean SD 1
6. | appreciate when others agree with the ideas I express in this brand 1-11 8.07 218 .80 1-11 826 212 .84

community
7. When others support my ideas and opinions in this brand community, | feel 1-11 7.08 256 .84 1-11 754 230 .88
better about myself

8. I like the support I get from other members when | express my ideas or 1-11 781 224 -- - -- - -
opinions in this brand community
9. If no one agrees with my idea in this brand community, | feel bad 1-11 461 288 -- - -- - -

10. Members of this brand community validate my opinions about the brand 1-11 7.70 2.29 -- -- -- - -

Note: All Scales measured on a 0 - 10 Likert-Type Scale with Anchors 0 = Strongly Disagree and 10 = Strongly Agree. Prior to
analysis all values were recoded to a 1 — 11 range, which is presented in all results tables. Items in italics were used for validating a
short-form of the scale.
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7. Study 5: Final Validation Study
A second validation dataset was collected to assess the reliability and validity in a second setting,
as well as the nomological properties of the scales developed. This dataset was collected through
Amazon’s Mechanical Turk service. A brief description of the study with link to the survey was
posted for 18 and older US residents to complete. Respondents who completed the survey online
were paid a nominal amount for participating in the study. 198 valid responses were returned.
Once again, | assessed the scales by iteratively estimating models to identify any items
that may be negatively affecting the scale or each dimension by assessing (1) standardized
residuals, (2) lambda loadings, and (3) cross-loadings. The initial measurement model provided
good fit to the data (y* = 16,636, df = 2,556; CFI = .85; SRMR = .07; RMSEA = .07; AIC = -
371). As aresult of this final screening 5 items were removed. Following the removal of these
items, the measurement model offered good fit (y* = 15,372, df = 2,211; CFI = .87; SRMR = .06;
RMSEA = .06; AIC = -414). Moreover, | found evidence for the validity and reliability of each
scale based on Fornell and Larcker (1981) criteria. Table 5 includes means, standard deviations,

and loadings for each scale.

Development of a Short-Form Scale

Ultimately, the goal of this research was to develop a short-form scale of online brand
community engagement. In an effort to do this, | re-estimated one final set of measurement
models using only the 4 items for each dimension that had the highest lambda loadings in the
Study 5 Final Validation data. This measurement model provided the best fit (x> = 8,354, df =
861; CFl =.94; SRMR =.05; RMSEA = .06; AIC =-280). AVEs, construct reliabilities, and

correlations for all constructs are reported in Table 6.
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Table 6

Essay One: Results of Measurement Model Assessment and Scale Statistics Final Validation Study Short Form Scale

1 2 3 4 5 6 7 8 9 10 11

1. Brand Influence

2. Brand Passion 25

3. Connecting .35 54

4. Helping 37 .36 .59

5. Like-minded Discussion 26 59 67 .66

6. Rewards (Hedonic) 27 58 58 51 .62

7. Rewards (Utilitarian) 08 -53 -37 -30 -41 -44

8. Seeking Assistance 23 31 46 56 56 .38 -26

9. Self-Expression 29 37 42 47 .50 51 =27 .38

10. Up-to-date Information 31 .35 40 25 31 43 -.26 .38 31

11. Validation 26 36 62 63 56 38 -21 .32 37 .10
Average Variance Extracted .79 A7 .67 14 14 A7 14 .80 .76 15 12
Construct Reliability 87 8 718 86 86 8 82 8 86 86 .85
Mean 713 880 827 7.88 800 812 297 803 868 885 7.95
Standard Deviation 256 202 177 214 216 213 258 227 195 192 1.96
Minimum 1 1 2 1 1 1 1 1 2 2 1
Maximum 11 11 11 11 11 11 11 11 11 11 11

Note: All correlations greater than .11 and less than -.11 are significant at the a = .05 level.
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Online Brand Community Engagement Typology Development
Consistent with Wedel and Kamakura (2000), once the measurement model was confirmed, |
began to assess the heterogeneity of online brand community members. | used latent class
regression in Latent Gold version 4.5 to model the segments of online brand community
members. This method of estimation does not constrain the parameter estimates between the
dimensions of online brand community engagement and the outcome variable (i.e., participation
intentions) to be equal across potential sub-populations among the brand community population.

Latent class regression is preferable to two-stage means-based segmentation approaches
(e.g., Homburg et al. 2008; Wong et al. 2010) to assess the heterogeneity of online brand
community members for two reasons. First, latent class regression forms homogenous segments
based on the relationship between the predictors and dependent variable (Wedel and Kamakura
2000). This is advantageous in this research over a means based approach because it groups of
community members whose motivations have similar effects on participation intentions which
facilitates the use of similar marketing activities. Additionally, motivationally based groups are
likely to respond similarly to marketing activities. Means-based clustering works to create
groups of community members with similar levels of motivations. This approach is primarily
descriptive and not prescriptive. Therefore, latent class regression creates a normative
segmentation of community members for use by academics and marketers that is most effective
for predicting community member behavior (Wedel and Kamakura 2000).

Second, latent class regression classifies segment membership on a probabilistic basis.
Probabilistic assignment to segments provides a more accurate view of the degree to which the
individual is similar to the clusters into which they are placed. The probabilistic assignment to

segments can then be used to create nominal cluster assignments.
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Specifically, | assessed the ability of the 11 dimensions of online brand community
engagement to predict intentions to participate in the brand community (Algesheimer et al. 2005,
p. 33). Since there are 11 dimensions of engagement, BIC which is sometimes used as a
heuristic for determining the number of classes in latent class regression (e.g., Homburg et al.
2005), is not appropriate to use in this situation because it overly penalizes the model for
complexity. Significance of chi-square difference tests between number of classes were used as
the primary cutoff rule for determining the number of classes (-2LL diff = 59.72, p < .01 for
going from 1 class to 2; -2LL diff = 49.78, p > .10 for going from 2 classes to 3 classes) (Wedel
and Kamakura 2000). Overall, the two class model fit the data well (Log-Likelihood = -336.08,

BIC = 815, CAIC = 842, R*=69). Please see Table 7 for descriptives of each cluster.

Table 7
Essay One: Paticipation Intentions Latent Class Regression Model—Results

From Short Form of Engagement in Study 5 Final Validation Study

“Brand Passionate Helpers”  *“Individualistic Information Ward
Seekers” Statistic
Independent
Variables Class 1° Class 2°
n=130 n =68 p value
.64 8.46* 32.23
Intercept (1.16) (.70)
.55 12.14 <.01
Brand -.04 .09* 2.47
Influence (.06) (.04)
-.54 2.09 12
20* -.20* 10.49
Brand Passion (.09) (.08)
2.29 -2.50 <.01
21 -.15% 7.28
Connecting (.11) (.07)
1.88 -2.19 .01
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Table 7 (cont’d)

“Brand Passionate Helpers”  “Individualistic Information Ward
Seekers” Statistic
Independent
Variables Class 12 Class 2%
N =130 n=68 p value
.38* -.06 10.74
Helping (.09) (.08)
4.13 -71 <.01
Like-minded '1%3 '(')%2 428
Discussion (10) (%8)
2.43 -.31 .04
Rewards 03 -1 +o
: (.09) (.06)
(Hedonic) 33 -1.67 22
Rewards 1 I 2099
(Utilitarian) (2'027; (4016; <.01
Seekin Pl e o
Assis%ance _(2'028% _(2'053, 92
22* A14* 57
Seéf- _ (.09) (.06)
Xpression 250 2.32 45
-04 A44* 21.60
Up-to-date_ (.09) (.05)
Information _49 8.24 <.01
-16 .30% 10.87
Validation (.09) (.09)
-1.74 3.20 <.01
R’ 51 83 69

a Estimate, (Standard Error), Z Statistic; * significant at a = .05; ' significant at o= .10

Results of the analyses revealed that all 11 dimensions had a significant impact on the
dependent variable across all classes. However, there was substantial heterogeneity in the sign
and significance of these effects from class to class. Intentions to actively participate in a
community for the first class (“Brand Passionate Helpers™) were primarily driven by a desire for

helping other brand users, discussing the brand, expressing themselves, and their passion for the
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brand. This suggests that this class participates in communities to be of assistance to other brand
users. Importantly, this group is motivated by rewards (utilitarian), so it is important to provide
compensation to this group.

The second class (“Individualistic Information Seekers”) is primarily motivated by up-to-
date information and a desire for validation. Additionally, they are ambivalent with respect to
helping, and like-minded discussion. This suggests that this class participates in communities to
be on the leading edge of information about the brand and to receive validation from the group.
While this class also has higher mean levels of participation, they also have more negative
significant coefficients than the first class does (class 1: seeking assistance and validation versus
class 2: brand passion, connecting, rewards (hedonic), rewards (utilitarian), and seeking
assistance).

The significant negative coefficients for dimensions of online brand community
engagement were an unexpected finding. Online brand community engagement is defined as the
compelling intrinsic motivations to continue interacting with an online brand community.
Participation intentions was operationalized by a scale developed by Algesheimer et al. (2005),
“I intend to actively participate in the brand community’s activities” (Algesheimer et al. 2005).
The negative coefficients indicate that while the community members are more motivated to
interact with the community, they are less likely to actively participate in the community. These
findings suggest that these motivations tend to cause members to passively participate (e.g.,
"lurk," Yu-Chen 2006) instead of more active or visible contributions to the community. For
example, seeking assistance and validation for the first class (“Brand Passionate Helpers”) had
significant negative effects on participation intentions. This suggests that when seeking

assistance and validation these members interact with the community through viewing rather
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than posting. Specifically, when seeking assistance instead of asking the community for help,
they search the community for answers to their questions. For validation, instead of soliciting
feedback on the value and importance of their ideas from the community, these members scan
the community for validation of their ideas.

Ultimately, the results suggest that the online brand community engagement dimensions
do an excellent job predicting consumer motivations for participating in online brand
communities. Moreover, the results reveal substantial heterogeneity in the effects of motivations
on community participation intentions. The sub-populations of community members differed so
much in the effects of their motivations that some classes experience opposite signs for the
effects on a number of key dimensions (e.g., brand passion, connecting, rewards (utilitarian), and
validation). In addition, the significance of several dimensions differed across several
dimensions (e.g., brand influence, helping, like-minded discussion, rewards (hedonic), and up-to-
date information). Failing to account for heterogeneity in online brand community engagement
could lead to biased interpretations of the effects of these motivations on community member
behavior. For one class the motivation may drive active participation in the community whereas

for the other class it may drive passive participation (e.g., “lurking”).

Differences Across Online Brand Community Engagement Segments

Based on the proposed and observed heterogeneity of online brand community member
motivations to participate in online brand communities, | explore the implications for brand
purchase intentions. The following analysis explores the differences in brand purchase intentions

across the latent classes.
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Table 8

Essay One: Brand Purchase Intentions Measures

Construct Item
New Product Trial® Assuming that this brand introduced a new
(Kempf and Smith 1998, p. 34) product, and you have a need for a product like it:

How likely would you be to buy one of the
brand’s new product in the next couple of weeks?

New Product Adoption® Assuming that this brand introduced a new

(Kempf and Smith 1998, p. 34) product, and you have a need for a product like it:
How likely do you think you would be to buy
that product again?

Purchase Intentions I intend to buy this brand in the near future
(Algesheimer et al. 2005, p. 33)

Unless indicated otherwise, all items measured on an 11 point Likert ranging from “0 Strongly
Disagree” to “10 Strongly Agree”; 11 point Likert ranging from “0 Zero Likelihood” to “5

Even Chance” to “10 Completely Certain.” For analysis, all values were recoded 1 to 11.

Brand Purchase Intentions Measures

Brand purchase intentions are the member’s intentions to purchase the brand. Specifically, new
product trial is the member’s intentions to try new products from the brand (Cardozo et al. 1988).
New product adoption is the member’s intentions to repeat buying the new product (Cardozo et
al. 1988). Purchase intentions is the intentions to purchase the brand in the near future and was
adapted from existing scales (Algesheimer et al. 2005).

The 11 dimensions of engagement and three dimensions of brand purchase intentions
were assessed using confirmatory factor analysis. The measurement model indicates that there is
a good fit with the data (independence model 5* = 8,766, df = 993, p < .01; CFI = .93; SRMR =
.05; RMSEA = .06). The three brand purchase intentions constructs were all measured with

single items, so their discriminant validity was assessed using the fix and free method of
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evaluating the effect on model fit of constraining correlations between the three constructs at
unity. Discriminant and convergent validity of all other constructs was assessed using Fornell
and Larcker (1981). The single item constructs demonstrate adequate discriminant validity (new
product trial and new product adoption y* = 3.51, p = .06; new product trial and purchase
intentions Xz =42.87, p <.01; new product adoption and purchase intentions X2 =29.35, p <.01).
All constructs with more than 1 item demonstrated discriminant validity (Fornell and Larcker
1981), convergent validity (average variance extracted ranged from .67 to .80), and latent
construct reliability (ranged from .78 to .88) (Hair et al. 2006).

The general linear model multivariate analysis of variance (MANOVA) was used to
evaluate the differences in the levels of brand purchase intentions (i.e., new product trial, new
product adoption, and purchase intentions) across the two classes identified with the mixture
model. MANOVA is an efficient way to assess the differences across classes using one
multivariate procedure, rather multiple univariate procedures which increase the probability of a
Type | error. MANOVA assumes that the distributions of dependent variables are each normal
and visual analysis of histograms of the dependent variables showed that brand purchase
intentions are skewed left. However, MANOVA is robust to violations of univariate normality
with large enough sample sizes (Hair et al. 2006, p. 410). Outlier analysis was also conducted
and there were several outliers for each of the dependent variables, but there were no consistent
cases that appeared as outliers across all of the dependent variables, so no cases were dropped
from the analysis.

Next, Box’s M-test revealed that there were not significant differences in the
variance/covariance matrices of the dependent variables (Box’s M = 11.48, p =.08). Levene’s

test for the equality of error variances indicated that the error variance of new product trial (F =

64



0.24, p = .62) and new product adoption (F = 2.38, p =.13) did not differ across classes, but that
the error variance for purchase intentions differed across classes (F = 5.32, p =.02). Because
MANOVA is robust to moderate violations of this assumption (Phillips et al. 1999, p. 946), |
proceeded with the analysis.

Additionally, I calculated and report the eta-square statistic as a measure of effect size.
Eta-square represents the percentage of variance in the dependent variable explained by the
independent variable. Multivariate results are reported in Table 9 and univariate results are
reported in Table 10. A graphical depiction of the data across dependent variables based on

classes is presented Figure 1 with median plots.

Table 9
Essay One: Differences in Brand Purchase Intentions Across Classes—Multivariate
Results for MANOVA on Study 5 Final Validation Study Data

Multivariate results
Wilk’s A F 2
Online Brand Community 96* 2.72 .04
Engagement Typology
* Significant at o. = .05

Table 10
Essay One: Differences in Brand Purchase Intentions Across Classes—Univariate Results

for MANOVA on Study 5 Final Validation Study Data

New Product New Product Purchase
Trial Adoption Intentions
F T]Z F T]Z F T]Z
Online Brand 4.38* 02 6.81* 03 3.02 .02
Community
Engagement
Typology

* Significant at a. = .05; " significant at o = .10
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Figure 1
Essay One: Differences in Brand Purchase Intentions Medians Across Classes

Study 5 Final Validation Study

12

10
_._
—e

’_

<
(9\}
o
New Product New Product Purchase
Trial Adoption Intentions
4 Class 1: Brand Passionate Helpers e Class 2: Individualistic Information Seekers

Purchase intentions was measured on an 11 point Likert ranging from “0 Strongly
Disagree” to “10 Strongly Agree”; new product trial and new product adoption were
measured on an 11 point Likert ranging from “0 Zero Likelihood” to “5 Even Chance” to
“10 Completely Certain.” Prior to analysis all values were recoded 1 to 11. Whiskers are
95 percent confidence intervals for median.

The MANOVA reveals support for proposition 2. There were significant differences
across the classes for mean levels of new product trial (P2a supported), new product adoption
(P2b supported) and purchase intentions (P2c supported). Analysis of the mean levels shows that
Class 1, “Brand Passionate Helpers,” had significantly higher new product trial, new product

adoption, and purchase intentions. For new product trial and new product adoption, “Brand
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Passionate Helpers” were on average an entire scale point higher (x=.93) and (x=.95)
respectively than Class 2, “Individualistic Information Seekers.” Purchase intentions differed
between “Brand Passionate Helpers” and “Individualistic Information Seekers” by over half of a
scale point (x=.62).

Based on the MANOVA analysis, the data suggests that there are several significant
differences across classes. First, from a managerial perspective, not all community members
have the same brand purchase intentions. Significant differences in brand purchase intentions
suggests that promotions aimed at stimulating brand purchase behavior should be targeted rather
than applied in mass. If the desired outcome of promoting brand purchase behavior is increased
share of wallet, then “Individualistic Information Seekers” should be targeted to increase their
purchase levels. If the desired outcome is increased brand purchases, then “Brand Passionate
Helpers” should be targeted because they have higher intentions to purchase the brand.

Second, the two classes of community members have distinct motivational profiles for
active participation with the community. This analysis links community engagement with
community member brand purchase intentions. While no causal analysis is addressed in this part
of the analysis to explore the mechanisms through which differences in brand purchase intentions
should occur, it is nonetheless interesting to note that differences do exist. “Brand Passionate
Helpers” have the fewest passive participation (“lurking”) motivations (i.e., seeking assistance
and validation) and have the highest brand purchase intentions. Conversely, “Individualistic
Information Seekers” have the greatest number of passive participation motivations (i.e., brand
passion, connecting, rewards (hedonic), rewards (utilitarian), and seeking assistance) and how
lower brand purchase intentions. Therefore, active participation in the community is related to

higher levels of brand purchase intentions.
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Lastly, the mean differences across classes of new product trial and new product adoption
intentions were marginally larger with than purchase intentions. Prior research has suggested
that participation in online brand communities enhances new product trial and new product
adoption (e.g., McAlexander et al. 2002; Thompson and Sinha 2008). Perhaps the slightly larger
mean differences for new product trial and new product adoption intentions relative to purchase
intentions is the reduction in risk for trying new products that could be greater for community
members actively participating in the community.

Overall, these differences highlight how engagement is related to brand purchase
intentions. Surprisingly, “Brand Passionate Helpers” tend to have the highest levels of brand
purchase intentions instead of “Individualistic Information Seekers.” Further analysis is needed
to explore the mechanisms through which engagement influences brand purchase intentions. In
Essay Two, I build on the findings here to address mechanisms through which engagement can

influence both brand and community outcomes.

Comparison of Predictive Ability of Online Brand Community Engagement Typology and
Rival Role-Based Typology

Arival paradigm to looking at motivations for participation is to look at behaviors of community
members. The rival typology used for comparison with the online brand community engagement
typology is the role-based typology created by Fournier and Lee (2009). This typology identifies
18 roles “critical to a community’s function, preservation, and evolution” (Fournier and Lee
2009, p. 109). These roles are supposed to keep members involved in and add value to the
community. While role-based typologies require observation of behavior to code members into

the various roles, due to the breadth of communities covered in the data collection monitoring
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community member behavior across the public and private communities was simply not
possible. Additionally, the various roles are highly idiosyncratic to the research team and there is
not enough published information to replicate their coding scheme.

Respondents in the final validation study were asked to select the role they most often
perform in the community based on the role descriptions published by Fournier and Lee (2009).
The roles and descriptions were presented to respondents in a randomized order to reduce any
potential order effects (please see Table 11). Having community members self-select into the
roles they most often perform is a very conservative test of the rival typology because it reduces
researcher error in classification of behaviors. It is however, still limited by the ability of the
respondents to reflect on their behavior in the community and select the most suitable matching
description of their behavior. Given the breadth of the roles, there are ample options for

community members to select.
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Table 11

Essay One: Rival Role-Based Typology Measures (Fournier and Lee 2009)

Role-based Typology
(Fournier and Lee 2009, p. 109)

Which of the following roles do you most often perform in
this brand community?

Accountant: Keeps track of people’s participation
Ambassador: Promotes the community to outsiders
Back-Up: Acts as a safety net for others when they try new
things

Catalyst: Introduces members to new people and ideas
Celebrity: Serves as a figurehead or icon of what the
community represents

Decision Maker: Makes choices affecting the community’s
structure and function

Greeter: Welcomes new members into the community
Guide: Helps new members navigate the culture

Hero: Acts as a role model within the community
Historian: Preserves community memory; codifies rituals and
rites

Learner: Enjoys learning and seeks self-improvement
Mentor: Teaches others and shares expertise

Partner: Encourages, shares, and motivates

Performer: Takes the spotlight

Provider: Hosts and takes care of other members
Storyteller: Spreads the community’s story throughout the
group

Supporter: Participates passively as an audience for others
Talent Scout: Recruits new members

b .. :
Single option response

Latent class regression in Latent Gold 4.5 was used to compare the predictive ability of

the Fournier and Lee (2009) typology with the online brand community engagement typology.

Analysis of the data shows that some of the roles are much less common than others (e.g., only 6

of the 18 roles had more than 5 respondents classify themselves into that role), therefore there

are sparsely populated cells in the matrix analyzed for the rival role-based typology. A sparsely

populated matrix can create problems with convergence as the number of clusters identified

increases (see Table 12). Atwo cluster solution for the rival typology was selected for two
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reasons. First, there is a significant improvement in model fit by going from one cluster to two
clusters (y*=58.70, p < .01). Second, the model fails to converge with three or more clusters.
Several different classification statistics were used to compare the predictive ability of the two

typologies (see Table 13).

Table 12

Essay One: Frequency Table for Roles in Study 5 Final Validation Study Data

Role Frequency Percent
Accountant 0 0.0
Ambassador 5 2.5
Back-up 2 1.0
Catalyst 9 4.6
Celebrity 0 0.0
— o
Greeter 2 1.0
Guide 6 3.0
Hero 1 0.5
Historian 3 1.5
Learner 75 37.9
Mentor 13 6.6
Partner 23 11.6
Performer 1 0.5
Provider 0 0.0
Storyteller 3 1.5
Supporter 53 26.8
Talent Scout 2 1.0

Total 198 100.0
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Table 13
Essay One: Comparison of Engagement and Role-Based Typlogy at Predicting

Participation Intentions Using Study 5 Final Validation Study Data

Prediction Statistic Online Brand Community Rival Role-Based Typology
Engagement Typology (Fournier and Lee 2009)
Average Weight of Evidence 1,165.63 1,262.33
BIC 814.95 910.47
CAIC 841.95 941.47
Entropy R-squared 48 .62
Classification errors A7 12

Comparison of the prediction statistics between the two typologies indicates that the
online brand community engagement typology has at least as good predictive ability to the rival
role-based typology. The Average Weight of Evidence criteria (AWE) is smaller for the online
brand community engagement typology, indicating that the online brand community engagement
typology performs better, has better fit, and is more parsimonious than its rival role-based
typology. In addition the BIC and CAIC are substantially smaller for the online brand
community engagement typology suggesting it also fits the data better than the rival role-based
typology. The entropy R-squared is slightly higher for the role-based typology, suggesting that it
provides slightly better separation between the clusters (Wedel and Kamakura 2000, p. 92).
Because both values are moderately high, it suggests that future research and larger sample sizes
are needed to assess the heterogeneity of communities at a more refined level. A key challenge
pointed out by Droge et al. (2010) is that size of communities, and by extension size of segments,
can be relatively small in terms of absolute numbers, but can be very important. Therefore, the
challenge for researchers is to balance identifying a sufficiently large enough number of latent

segments of community members to capture the important small segments without overfitting the
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data. It is especially challenging in segmentation analysis to work with classes that have
substantial differences in size. The primary purpose of this evaluation however was achieved by
assessing at a broad level how well a motivationally based typology predicts participation
intentions compared to a role-based typology being used to predict participation intentions.
Analysis of the classifications tables for both models suggests that class 1 in general
tends to be easier to define than class 2 (see Table 14). A potential explanation for the relatively
large percent of misclassification for class 2 for both typologies is that there are more latent
classes in the actual data than are captured with the use of a two class solution. Larger sample
sizes would be needed to evaluate models with 3 or more latent classes. Conceptually it makes
sense that the remaining class may be more heterogeneous than the first class because there
could still be small distinct classes of community members (e.g., hardcore members of the
community) that will be masked in the analysis as part of a similar, but larger class of

individuals.

Table 14

Essay One: Classification Tables Using Study 5 Final Validation Study Data

Online Brand Community Rival Role-Based Typology
Engagement Typology (Fournier and Lee 2009)
Modal
Probabilistic  Class 1 Class 2 Total Class 1 Class 2 Total
Classl 116.81 20.93 137.74 114.61 20.03 134.64
Class2 13.19 47.07 60.26 3.39 59.97 63.36
Total 130.00 68.00 198.00 118.00 80.00 198.00

73



DISCUSSION
This paper has contributed to marketing theory and practice by developing a scale for online
brand community engagement. This scale represents a significant improvement to the brand
community literature and an important contribution for marketing strategy, social media
marketing and relationship marketing research for several reasons. First, the breadth of
motivations online brand community members have is substantially more than the extant
conceptualizations of engagement capture. Failing to recognize the diverse motivations
dramatically understates the effects of engagement on consumer behavior and makes it difficult
to determine the sign and significance of the effects of motivation. Furthermore, the breadth of
motivations identified in this study open the door to analysis of differential effects for the
dimensions of online brand community engagement on constructs of critical importance (e.g.,
brand purchase intentions).

Second, this paper contributes to the brand community literature by showing that online
brand community members can be meaningfully segmented based on their levels of engagement.
Understanding that brand communities are more heterogeneous than they are currently being
treated, can help turn an investment in a social presence into a strategic marketing asset.
Understanding the different motivations the segments of community members have provides a
basis for better tailoring the experience online brand community members have, reducing the
potential of wasted marketing expenditures and alienating members with too frequent or
irrelevant marketing activities.

Third, the engagement typology can be used to explain passive participation, or “lurking”
(Madupu and Cooley 2010). Community members may be highly motivated to interact with the

community, but seldom contribute or visibly participate. Community managers trying to create
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and maintain social interactions with community members struggle to get community members
talking and actively participating which is often used as a visible metric of how vibrant the
community is. “Lurking” is an especially pressing problem in an online environment, where
“lurking” rates can be as high as 90 percent or more (Madupu and Cooley 2010, p. 130). The
engagement typology shows that community members who “lurk” also have other significant
motivations to actively participate in the community. Seeking assistance was the only motivation
that | found to have negative effects on participation intentions for all classes of community
members. This was an unexpected finding, but makes sense when considering the nature of the
communities. Community members tend to perceive other members as similar to themselves and
therefore likely assume that other community members have faced similar problems to the ones
they are facing. Thus, seeking assistance, while it can be a strong motivator to interact with the
community, the interaction can take the form of searching rather than posting.

Fourth, the conservative test of differences between classes provides an illustration of the
subtle but significant differences that exist in online brand community members. While the
effects are relatively small, this is not entirely unexpected. The latent classes were developed
using all 11 engagement dimensions to identify segments of community members with similar
drivers to participate in online brand communities. Larger effect sizes would be expected had
separate latent class regression been performed using the 11 dimensions of engagement for each
brand purchase intention. However, the primary point of the MANOVA analysis was to explore
differences in classes on important dependent variables. This analysis does support high
likelihood of community members to try and adopt new products as mentioned by McAlexander
et al. (2002, p. 46). Additionally, community members across classes show very high levels of

purchase intentions for the brand which supports the moral responsibility identified by Muniz
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and O'Guinn (2001) which in a brand community context can be conceptualized as purchasing
the brand to ensure its survival.

Lastly, the online brand community engagement typology developed in this study
substantially improves both theory and practice in online brand community research. Instead of
adapting generic engagement measures developed in different contexts, or complex role-based
segmentation techniques, the engagement typology can be used to segment brand community
members very efficiently. The rival analysis of the engagement typology shows mixed results
regarding the predictive ability of the online brand community engagement relative to the role-
based typology.

While fit statistics are comparable between the two typologies, the benefits of the
engagement typology are primarily visible in the use of the typology. Ease of use and switching
costs are a key determinant of adoption of new technology (Gentry and Calantone 2002).
Likewise, the online brand community engagement typology is substantially easier to use than a
role-based typology because it can be administered as a survey and does not require a large staff
of trained ethnographers to observe and classify community member behaviors for extended
periods of time. The contextual specific behaviors community members engage in highlight the
subtle nature of social interactions. lIdentical behaviors (e.g., comments) can have a range of
meaning based on the context. Identifying when a community member is being a “Performer”
versus when a community member is being a “Guide” or “Hero” is a subtle and difficult task.
Furthermore, it would require a large number of observations of each community members
behavior to accurately classify them into a role (i.e., a pattern of behavior over time). Large and
active communities could prove to prohibitive to analyze using a role-based perspective from a

practical standpoint due to the tremendous volume of data online communities generate. The
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potential savings and increased speed of classifying community members using an engagement
typology would give marketers a competitive advantage above marketers using role-based

typologies or no typologies at all.

Managerial Implications
Generic discussions of community members being motivated to interact with a community and
not scientifically validated tips from individuals “claiming to be familiar with the keys to success
in this area” (Cova and Pace 2006, p. 1089) are very common in the online brand community
popular press. This research provides significant additions to this dialogue by introducing a
much more refined and rigorously developed and validated study of online brand community
member motivations. Specifically, this research has especially important implications for
marketing research firms and marketing consultants to better understand online brand
community members. Online brand community engagement is much more complex than
previously thought. While there are diverse motivations for members to interact with a brand
community, there are two general types of brand community members: brand passionate helpers
and individualistic information seekers. It is important to understand the different motivations
these types of members have because applying marketing activities broadly to a brand
community could in fact reduce member participation. | have developed short-form scales to
help community managers assess the segments of engagement that drive participation in their
community.

With the high costs of establishing and maintaining a community, understanding member
motivations could provide substantial additional savings by reducing turnover, increasing

response to marketing activities, and increased satisfaction. Targeted marketing activities should
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be employed within a brand community based on the engagement groupings members belong to.

Based on this research, there are three implications for managers that | will focus on.
First, which group of community members should community managers focus on, brand
passionate helpers or individualistic information seekers? Community managers can gain
different benefits by focusing on the two different classes of community members. If the
strategic objective of the community is to have a support focus, then it would be best for
managers to focus on the brand passionate helper segment. However, if the goal of the
community is to have a highly active community to achieve higher exposure rates or
participation frequency, then targeting the individualistic information seekers would be a more
appropriate group for them to focus on.

Second, online brand communities are frequently used by marketers as a promotions
platform in an integrated marketing communication strategy. Based on the results in this study;,
sending coupons, deals, and discounts to individualistic information seekers is the best strategy
to drive traffic in a community. Individualistic information seekers have the highest mean level
of participation and have the strongest relationship with rewards (utilitarian). Promoting to the
individualistic information seekers will not however increase their active participation in the
community. Promotions targeted to brand passionate helpers will stimulate an increase in active
participation in the community.

Third, this study is one of the first studies to identify the specific motivations of passive
participators (“lurkers”) in an online brand community. Passive participation (“lurking”) is a
substantial problem in online brand communities, especially in marketing research online
communities (MROCs) where respondents are typically carefully recruited and paid to

participate. My findings indicate that seeking assistance is the only motivation of the 11
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identified in this study to consistently lead to passive participation across classes. Interestingly,
the other passive participation motivations differ across the classes. “Individualistic Information
Seekers” have many more passive participation motivations (i.e., brand passion, connecting,
rewards (hedonic), rewards (utilitarian), and seeking assistance) than “Brand Passionate Helpers”
(i.e., seeking assistance, and validation).

One way that community managers can help convert passive participation into active
participation (i.e., reduce “lurking”) is to tailor marketing activities based on their passive
participation motivations. For example, a firm could use community analytics (e.g., page views)
to capture which pages and areas passively participating community members visit. Community
managers could then identify which motivations these areas of the site fit and then tailor
activities and discussions centered around these motivations to convert members from passive to
active participation in the community.

Further analysis, like total unduplicated reach and frequency (TURF) analysis can be
used to identify the primary dimensions of engagement that will highly motivate members of the
community. Using this insight, community managers can then tailor community structure and
activities to appeal to the broadest base of community members. In addition, response surface
analysis can be used to explore potential changes in participation based on engagement. This
analysis would provide insights into what types of community members should be recruited to
maximize participation intentions, as well as when refreshing community membership who

should be retained.

Limitations and Future Research

This research makes a substantial departure from the dominant paradigm of small sample case
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analysis from a few communities pervasive in the brand community research. This research
program has made every effort to assure the generalizability of the results by sampling from as
large and broad a pool of online brand community members as possible. This research shows
differences in face-to-face and online brand community member motivations to interact with the
brand community. The tremendous diversity in format and content of online brand communities
is staggering.

Just as caution is warranted in generalizing the findings of small sample community
ethnographies, the tremendous diversity of online brand communities necessitates calibrating
generalized findings to specific communities. The heterogeneity of members in class two, the
“Individualistic Information Seekers,” indicates that perhaps with larger sample sizes additional
classes of community members could be identified.

Future research should work to categorize and explore the engagement norms of the
diverse sub-types of brand communities (e.g., research oriented online brand communities,
public and private online brand communities, etc.). In addition, future research should explore
the mechanisms through which online brand community engagement affects brand and
community performance, as well as marketing activities marketers can use within brand

communities to enhance brand and community performance.
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Essay Two

INTRODUCTION
Marketing research online communities (MROCs) are the number one emerging technique in
marketing research (GreenBook Winter 2013) and represent the next step in the evolution of
online brand communities from consumer created, to firm sponsored, to marketing research firm
created and managed. The brand community literature has developed considerable knowledge
regarding the effect brand communities have on brand loyalty. From the first seminal article on
brand communities, Muniz and O'Guinn (2001) discuss brand loyalty as one of the core
outcomes of a brand community. McAlexander et al. (2002) further focused brand community
research on brand loyalty by calling brand communities the “Holy Grail of brand loyalty”
(McAlexander et al. 2002, p. 38). Since these two seminal articles, the brand community
literature has heavily focused on brand loyalty as the outcome for brand communities.

While this focus on brand loyalty has yielded important insights into online brand
communities, it has also overlooked an important aspect of online brand communities and their
evolving role in modern marketing research. The literature has become overly focused on what
people say in brand communities, overlooking why they are there and why they visibly
participate. This fundamental paradigm shift permits greater insights into the strategic
implications of online brand communities as strategic marketing assets. “Membership and
participation in the brand community should... have an impact on the consumer’s brand-related
behaviors... because a key marker of community membership is ongoing purchase and use of the
brand” (Algesheimer et al. 2005, p. 23). MROCs provide an excellent setting to execute
marketing activities and marketing research.

Leveraging online brand communities and more specifically MROC:s to influence brand
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and community outcomes is of critical importance to academic and professional audiences as
marketers and consumers are increasingly using them and the academic literature provides little
guidance. Increasingly, marketers for firms of many different sizes in a vast array of industries
are creating and maintaining social presences online. One of the primary effects of creating this
social presence is the formation of communities around brands. Community managers launch
marketing activities and communications in their online communities to create and maintain this
social presence, but also to help curate other benefits for the brand (including a loose hierarchy
of effects for brand assessments, brand related behaviors, and community related behaviors).
However, marketing activities have a diminishing return and can alienate consumers if the
content is not what members want or if the members receive too many from the firm (Fournier et
al. 1998; Kumar et al. 2010). To obtain increased benefit from these activities, that is leverage
them, a more refined view of the motivations online brand community members have and how
community members perceive different types of marketing activities is needed to increase the
benefits of MROCSs and online brand communities.

This research essentially builds on the notion that human beings tend to be social
creatures and their behavior tends to be influenced by their reference groups (Brewer 2003;
Brewer 1991; Fournier and Avery 2011; Leonardelli et al. 2010). As such, community members
who are engaged with MROCSs and online brand communities tend to have their behavior
influenced by the community reference group. However, the literature provides mixed reviews
on the effectiveness of online brand communities being able to achieve strategic objectives using
online brand communities. Much of what is documented in the academic literature focuses on
qualitative objectives and outcomes and the substantially smaller amount of empirical research

typically focuses on loyalty and word-of-mouth as the primary outcomes from online brand
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communities. There have been several calls in the academic literature to develop metrics to
evaluate online brand communities and many sponsors of online brand communities place
continual pressure on marketing research firms providing community management services to
demonstrate value added for their services (e.g., increased purchases of the brand). Overall, the
effectiveness of MROCSs and online brand communities as a strategic marketing asset is a
complex and emerging area of research and importance.

The academic literature has failed to provide sufficient theoretical or practical guidance
to academic researchers and marketers. First, there have been several ethnographic studies and
numerous case studies focused on describing brand communities. Very few of these have
actually been conducted in an online environment and few if any have been conducted in recent
years where the interface consumers have to interact online has changed dramatically with
advances in multimedia sharing on the Internet. By selecting unique and successful online brand
communities (e.g., Bernoff and Li 2008; Dholakia et al. 2009; Fournier and Avery 2011; Israel
2012; Muniz and Schau 2005) they have provided rich descriptions and important insights, but
what about the communities beyond these highly successful online communities and beyond
highly successful face-to-face communities like Harley Owners Group (e.g., Fournier 2000;
Muniz and Schau 2005; Schouten and McAlexander 1995), Jeep Jamborees (e.g., McAlexander
et al. 2002), and European car clubs (e.g., Algesheimer and Dholakia 2006)? What about
communities with everyday consumers, not just brand zealots and lead users? Additionally,
many studies and marketers tend to treat MROCs and online brand communities as homogenous
marketing platforms, with the exception of a few studies that describe the heterogeneity of online
brand communities. Lastly, the academic literature has not addressed leveraging MROCs and

online brand communities to achieve specific objectives. While the relationship between online
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brand communities and outcomes of interest have been documented, it falls short of assessing the
degree to which marketing activities (e.g., creating discussion forums, running surveys, etc.) can
actually affect a loose hierarchy of brand and community effects.

This study contributes to the marketing literature in two primary ways. First, leveraging
marketing activities and community member motivations is introduced as a key interaction for
brand and community outcomes. Leverage is the amplifying of the effect of marketing activities
on psychological sense of community with matching marketing activities that fit with the
community member’s engagement dimensions. A marketing activity is an activity the firm
creates (e.g., contests, sweepstakes, discussion forums, media galleries, brainstorming sessions,
quick polls, and surveys) for community members to participate in. Using the refined view of
community member motivations for participating in online brand communities, | test the
leveraging of marketing activities and online brand community engagement dimensions to
achieve greater psychological sense of community. Matching marketing activities that resonate
with community member motivations should provide added benefit to marketers. Second, this
study assesses the degree to which an MROC can achieve a loose hierarchy of effects for the
brand and community. The social dynamics of online communities are very different from the
social dynamics of face-to-face brand communities. Consequently, the degree to which online
communities can influence more resource intensive behaviors needs to be tested.

| found that MROCSs are important strategic marketing assets for firms that can achieve a
loose hierarchy of effects for brand assessments (i.e., brand commitment and oppositional brand
loyalty), supportive brand behaviors (i.e., word-of-mouth, defending the brand, and willingness
to pay a price premium) and supportive community behaviors (i.e., participation intentions, and

community participation). Marketing activities and online brand community engagement help
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create a psychological sense of community in community members. This psychological sense of
community positively affects brand assessments, supportive brand behaviors, and supportive
community behaviors. | found limited support in the data for leveraging online brand
communities by matching marketing activities with related online brand community engagement
dimensions.

This essay is organized as follows. | review the background literature regarding brand
communities, relationships consumers form with communities, and leveraging online brand
communities. Next, | develop hypotheses for the mechanisms through which these marketing
activities can leverage online brand community engagement to affect brand and community
outcomes. Lastly, | describe the methods used to test hypotheses, the research setting, analysis
and results. This essay concludes with a discussion of the contributions, limitations, and

directions for future research.

LITERATURE BACKGROUND

“Organizations both large and small have jumped on the social media bandwagon, feeling
their way around to make sense of its usefulness. They have tweeted on Twitter, created
fan pages on Facebook, and posted videos on YouTube. Perhaps akin to the development
of websites in the latter part of the 20™ century, organizations today sense that social
media is—and will remain—an important fabric of commerce, and that they must get
on board. However, given the frequent demand by management for ‘proof’ of return on
investment (ROI), it appears that there is a fair degree of uncertainty with respect to
allocating marketing effort and budget to social media, and limited understanding of
important distinctions among various types of social media.” (Weinberg and Pehlivan
2011, p. 275)

Humans are inherently social beings, and as social beings social context influences their behavior
(Brewer 2003; Brewer 1991; Fournier and Avery 2011; Leonardelli et al. 2010). Brockner

(1983) described the degree to which an individual is susceptible to social influence as
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behavioral plasticity. Lasting social influence on individual behavior has been described as
conversion (e.g., Kanter 1972), where individuals take on the values of the organization. Social
influence tactics to effect conversion have also been studied for a long time (e.g., “insisting on
ideological conversion for membership, requiring vows to change behavior on the part of
recruits, requiring a probationary period, rejecting potential members as unacceptable, and
requiring some sort of “test of faith’”; Kanter 1972, p. 122). In addition, sociological studies of
communities and conversion led to the study of communities from a hierarchical perspective
(e.g., Fox 1987).

We are witnessing the evolution of the study of relationships consumers have with brands
from dyadic to sociological foundations. Early research on consumer relationships with brands
focused primarily on the dyadic relationship of a consumer with the brand (e.g., brand loyalty,
brand identification, brand commitment). Aaker’s brand personality and anthropomorphization
study of consumer relationships with brands showed that brands can and are humanized by
consumers, enabling brands to form relationships with consumers like consumers do with other
individuals (Aaker 1997). Social psychology ushered in a new era of research looking at the
network of relationships consumers form around brands. With the seminal works of Muniz and
O'Guinn (2001) and McAlexander et al. (2002) the fundamental emphasis of studying
relationships consumers formed with brands evolved to studying the network of relationships
consumers form around the brand. This next step in the evolution of the study of consumer-
brand relationships spawned a lot of interest in the brand related consequences of these
relationships. Many of these studies were conducted in face-to-face settings (for example,
Algesheimer et al. (2005) studied European car clubs, Muniz and O'Guinn (2001) studied cars

and computers, and Schouten and McAlexander (1995) and Fournier (2000) studied Harley
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Owners Groups).

However, with the corresponding evolution of the Internet, the tremendous advances in
technology that enabled widespread availability of high-speed Internet and enhanced website
experiences with more multimedia and interactive capabilities, online brand communities
emerged as the next step in the evolution of brand communities. Marketers were no longer
constrained by having to organize rallies and relying on their community members to travel large
distances to meet at specific places at specific times, instead their communities could be
available 24 hours a day 7 days a week to anyone anywhere with Internet access. With these
advances, several descriptive studies and few empirical studies have been conducted in online
environments. However, with the descriptive approach, highly visible online communities (e.qg.,
Audi’s virtual lab, Dell’s Ideastorm, IBM’s numerous online communities, Intuit’s business
community, Nike’s Facebook Fan Page, Proctor and Gamble’s Pampers Village,
Salesforce.com’s support community, RedSox Nation, and Starbucks’ MyStarbucksldea) have
been selected and studied, omitting a more comprehensive assessment of online brand
communities in general.

Effectively utilizing social relationships around a brand to achieve strategic objectives
has been debated in the literature. Some have argued that since activities in communities are
broadcast they will not affect individuals in the same way social studies have indicated (e.g.,
Schlosser 2003). Fournier et al. (2005) provides an excellent illustration of the opposing views
of trying to strategically utilize online brand communities. For example, on the one hand
Fournier et al. (2005) state:

“Successful brand communities will always attract the attentions of management seeking

to leverage them more fully so as to capture more value for the firm. And, it is in this, the

ultimate paradox, that success breeds failure, for the community that is tampered with is
quickly destroyed.” (p. 19).
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Marketers following this philosophy will leave the community management to the community
members, letting the members direct the course of the community. Such a visible and long-term
social medium without management involvement left to its own devices could quickly
degenerate to the reverse monologue that threatened the continued existence of Dell’s IdeaStorm
in early 2011, one of the most prominent and successful online brand communities soon after it
launched. On the other hand, Fournier et al. (2005) state:

“[building a] brand community demands an unusual amount of patience, hard work, and

devotion on the part of the company. Unfortunately, many companies desirous of

community benefits have been unwilling to invest the necessary and involved labor to

gain them.” (p. 19).
Therefore, Fournier et al. (2005) state that firms “must invest the necessary and involved labor”
to create a community (p. 19). Discussions with marketing research firms responsible for
creating and maintaining online brand communities indicate that one of their primary frustrations
is that clients vary in terms of the degree to which they are interested in making online brand
communities a key component of their overall marketing strategy. Fournier et al. (2005)
conclude that “managers must walk the fine line between commercial marketing activity and
credible authenticity when solving this equation for the brand” (p. 20). Interestingly, some very
strong brand communities have emerged without any support from the firm (e.g., Nikonians and
Nikonites for Nikon, Lugnut for Lego, and almost countless Yahoo Groups centered on specific
brands). Sometimes online brand communities have even formed around a brand or product
under direct opposition from the firm (e.g., Apple's Newton; Muniz and Schau 2007).

With diversity of online brand communities and the rapid evolution of technology

enabling firms to form social relationships with consumers in an online environment, there has

been a lack of theory developed to help guide research and practice in this area. Several
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publications have recognized the limitations of the marketing literature with respect to poor
theory development and testing in this area. For example, the current Marketing Science
Institute’s (MSI) research priorities reports states “Customers are moving and connected more
than ever. We need to get a better sense of what is on their minds and what they are doing at the
same time.” The MSI research priorities report also called for new insights into people in their
roles as consumers and into the way that marketers are using new technologies and methods
(e.g., online brand communities) to generate insights and enhanced customer experiences (MSI
2012). The MSI report also explicitly calls for answers to the questions “Which experiences
make a difference with consumers and which are not worth the investment?” and “What new
tools for generating consumer insights are valid and which ones are just a fad?” Similarly, Cova
and Pace (2006) called for “above and beyond check-lists drawn up by consultants claiming to
be familiar with the keys to success in this area..., it is clear that efforts have to be made to
strengthen good marketing practices in this respect...” (p. 1089). Online brand communities are
likely to remain an important issue for academic researchers and marketers for many years to
come because as online brand communities fundamentally tap into “one of the most basic human
motivations: the desire to feel accepted, to fit in, and to belong” (Brewer 2003; Brewer 1991,
Fournier and Avery 2011, p. 195; Leonardelli et al. 2010). Therefore, both academic and
practitioner audiences are calling for better theory to guide research and practice in the area of
online brand communities and MROC:s.

Highly engaged brand community members are a significant source of competitive
advantage for firms because they have strong relationships with the brand and community of
brand users. These relationships, called covenantal relationships, are characterized by affective

ties, a moral obligation to watch out for each other’s interests, mutual respect, support, and
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accountability (Graham 1991, p. 252; Muniz and O'Guinn 2001). Covenantal relationships form
an enduring bond between the member and the brand, reducing customer acquisition and
retention costs, increasing word-of-mouth, and enhancing the stability of the relationship over
time (even in the presence of failures that would terminate normal relationships between
customers and firms) (Graham 1991).

Highly engaged brand community members are also desirable for firms to have in a brand
community for several reasons. First, they possess two key characteristics—motivation and
ability—for a firm to influence their attitudes in a lasting and resistant manner. Highly engaged
members are the most involved members in a brand community, and as such are highly
motivated to process information regarding the brand. The Elaboration Likelihood Model
(ELM) operationalizes motivation, the prerequisite to effortful (central) processing of
information, as personal relevance (e.g., Celsi and Olson 1988). Highly engaged members also
tend to have been involved in the community for a long period of time, accumulating extensive
knowledge of and experience with the brand and its use. ELM research treats knowledge and
experience as the ability to process information (Celsi and Olson 1988; Gotlieb and Swan 1990).

Therefore, highly engaged members possess the motivation and ability to form veridical
attitudes that persist over time, are resistant to change, and tend to be favorable toward the brand.
Droge (1989) found that the type of processing highly engaged brand community members
engage results in a stronger relationship between attitudes and behavior than less engaged
community members (p. 202). Second, highly engaged member interaction in the community
not only reduce marketing costs for the firm (e.g., high levels of loyalty, evangelist marketing,
and providing customer support), but can also function as an indicator of the health of the brand

community. For example, reductions in the proportion of highly engaged members in a
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community following a strategy change can serve as an early warning sign to the firm.
Specifically, highly engaged members will likely be among the first affected by strategic
changes. If the change is bad enough to alienate highly engaged members, then it will likely
have an even more dramatic effect on other members.

The relationships between highly engaged brand community members and the brand take
actions and commitments by both the member and the firm to develop such enduring
relationships. There are two perspectives on the process of forming these relationships (i.e., the
process through which enduring relationships are formed and psychological sense of community
is developed): the individualist perspective which emphasizes the individual’s role in building
the relationship (Schouten 1991; Schouten and McAlexander 1995) and the structuralist
perspective (Kanter 1972) which emphasizes what actions marketers should take to build these
relationships. While not all community members will have enduring relationships with the
brand, the relationships they do have can be strengthened in the process of both individual and
firm actions aimed at strengthening these relationships.

Highly engaged online brand community members are “prototypical” community
members (Hogg 2003, p. 468). As Hogg (2003) explains, prototypical group members are ones
who demonstrate norm consistent behavior (p. 470), are generally liked more than less
prototypical group members (p. 471), and can be very influential in the group (p. 472).
Prototypicality is a “highly salient yardstick of group life” (Hogg 2003, p. 471) which means that
as members become more prototypical, they move up the social hierarchy (e.g., from a peripheral
member to softcore or softcore to core member; Fox 1987). Each stage of successively
strengthening the relationship carries specific behavioral expectations and connotations, at the

top of which are prototypical community members.
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HYPOTHESIS DEVELOPMENT
In addition to the brand community literature, this essay builds on the social psychology group
processes and information processing literature. Specifically, the literature on social influences
on individual attitudes (e.g., Baron and Kerr 2003), processing of persuasive cues (Petty and
Brifiol 2011; Petty and Cacioppo 1981; Petty and Cacioppo 1986; Petty and Wegener 1999), and
the literature on social exchanges (Cook and Emerson 1978; Homans 1958; Homans 1974;
Lovaglia 2007). One of the many interesting things about online brand communities and
MROC:s is that they are both a social group and a marketing asset. As such, social dynamics as
well as deliberate marketing activities sponsored by the firm are at play. When studying online
brand communities and MROC:s it is important to account for not only the individual
motivations, but also the firm marketing activities. Online brand communities that deliver what
people want leads to stronger relationship with the community and ultimately a source of
competitive advantage.

Brand communities have traditionally been described as having three markers of
community: consciousness of kind, shared rituals and traditions, and a sense of moral
responsibility (Muniz and O'Guinn 2001), which is very similar to how Graham (1991) described
covenantal relationships. Recent research into online brand communities has suggested that
these three specific markers of community do not exist to the same degree across all types of
brand communities (Carlson 2005; Carlson et al. 2008). Carlson (2005) and Carlson et al. (2008)
introduced the concept of psychological sense of community, which has been defined as “the
degree to which an individual perceives relational bonds with other brand users” (Carlson et al.

2008, p. 286). Psychological sense of community is a more general measure of the sense of
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community than that provided by Muniz and O'Guinn (2001) and is more appropriate for an
online setting. Brand communities in general are often more “imagined,” meaning they are
constructed in the consumers mind, than distinct objectively observable communities per se, and
in online communities the members rarely know the true identities of the other community
members. What really matters is not necessarily the degree to which Muniz and O'Guinn (2001)
markers of community are observable by others per se, but the degree to which members think
they are part of a community.

Prior research suggests that identification is the primary mechanism which drives the
psychological sense of community (Carlson 2005, p. 50). Interaction with the online brand
community or MROC ultimately facilitates identification with the community and brand.
McAlexander et al. (2002) state that sharing “context-rich” and “meaningful consumption
experience[s] [which] strengthens interpersonal ties and enhances mutual appreciation for the
product, the brand, and the facilitating marketers. Virtual ties become real ties. Weak ties
become stronger. Strong ties develop additional points of attachment” (McAlexander et al. 2002,

p. 44).

Marketing Activities

Marketers tend to communicate frequently to community members by sending them marketing
communications (e.g., survey invitations, discussion topics and summaries, important news
about the brand, and special events or opportunities). These marketing communications to
community members remind members that they are part of the community. Thus the marketing
communications that are congruent with what community members had hoped for trigger a self-

categorization effect. As marketers send marketing communications to community members,
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self-categorization enhances the salience of membership in the community, leading members to
develop a psychological sense of community (Carlson 2005; Carlson et al. 2008). In addition,
interactive marketing activities could help community members develop even further the
psychological sense of community because community members are directly interacting with
other community members.

The four marketing activities I studied in this essay are firm sponsored brainstorming
sessions, discussion forums, media galleries, and surveys. Brainstorming sessions are live
discussions led by a community manager around a specific topic or idea. These sessions are
open-ended activities and provide rich opportunities to influence the brand and its products.
Discussion forums are conversational threads where members can contribute to an ongoing
discussion around a certain topic. Media galleries are multimedia activities (typically
photographs and movies) where members post and discuss pictures of themselves using the
brand and or its products. Surveys are questionnaires around a specific topic where community
members are asked to answer questions. These surveys typically are incentivized with some sort
of reward to entice members to participate in them. While the quantity or depth of interaction
between individuals across any specific single marketing activity may not be large or deep, the
cumulative effect on building psychological sense of community can be quite large (e.g., like
small-talk can be effective at building relationships; Stelzner and Dragon 2012). Please see

Figure 2 for a graphical depiction of hypotheses.

H1la-d: Marketing activities (a. brainstorming sessions, b. discussion forums, c. media

galleries, and d. surveys) have a positive effect on psychological sense of

community.
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Figure 2

Essay Two: Model of Leveraging Online Brand Community Engagement
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Online Brand Community Engagement

Online brand community engagement is the intrinsic motivation to interact with the community
(Essay one; Algesheimer et al. 2005, p. 21). In essay one, | identified 11 motivations that people
have to interact with online brand communities. Based on conversations with 18 community
managers and executives at a major marketing research firm that specializes in MROC:s, |
focused on several specific engagement dimensions to test. In addition, | conducted total
unduplicated reach and frequency (TURF) analysis on the 11 engagement dimensions from 620
MROC community members. TURF analysis can be used in marketing research to select the
combination of motivations that give the broadest coverage for highly motivating community
members. The TURF algorithm identifies the optimal bundle of motivations to maximize the
number of highly motivated (those who selected the top two scale points for the dimension of
online brand community engagement were considered highly motivated by that dimension)
people in the community by sequentially identifying the motivation that gives the largest
incremental reach. In each successive iteration of the TURF analysis, the members reached are
removed from further analysis (as it not necessary to reach members twice). The point of
diminishing returns can be seen when additional motivations provide minor incremental gains in

reach (see Table 15).
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Table 15

Essay Two: TURF Analysis of Online Brand Community Engagement

Order  Online Brand Community Engagement Community Members Reached
Dimensions (Percent of Total)

1 Self-Expression 61.1
2 Brand Influence 69.8
3 Rewards (Utilitarian) 74.8
4 Helping 76.3
5 Rewards (Hedonic) 77.6
6 Validation 78.4
7 Like-minded Discussion 78.9
8 Seeking Assistance 79.4
9 Connecting 79.5
10 Brand Passion 79.7
11 Up-to-Date Information 79.7

Total Cumulative Reach 79.7

| selected 4 of the 11 motivations to test in this essay: brand influence, rewards (hedonic),

rewards (utilitarian), and self-expression. These four motivations are highly relevant in the
context of MROCs which are created and managed to help generate insights from customers for
firms. Often these community members are recruited from client lists and compensated with
financial or reward program incentives. Brand influence is the degree to which a community
member wants to influence the brand (see Table 15). Rewards (hedonic) is the degree to which
the community member wants to gain hedonic rewards (e.g., fun, enjoyment, entertainment,
friendly environment, and social status) through their participation in the community. Rewards

(utilitarian) is the degree to which the community member wants to gain functional rewards (e.g.,
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monetary rewards, time savings, deals or incentives, merchandise, and prizes) through their
participation in the community. Self-expression is the degree to which a community member
feels they can express their true interests and opinions in the community.

As Muniz and O'Guinn (2001) and McAlexander et al. (2002) observed, interaction in
online brand communities can be a context rich and meaningful experience that helps form
relational bonds with other community members. Thus, the motivations will propel them to

interact and that will help them develop a sense of community.

H2a-d: Online brand community engagement (a. brand influence, b. rewards (hedonic),
c. rewards (utilitarian), and d. self-expression) have a positive, direct effect on

psychological sense of community.

Leveraging Marketing Activities and Online Brand Community Engagement

Matching marketing activities to the member’s online brand community engagement is important
in achieving leveraging of the marketing activities to facilitate greater development of
psychological sense of community (e.g., Fournier et al. 1998; Kumar et al. 2010). For a
marketing activity to leverage online brand community engagement, it needs to address the
reasons for which the member is motivated to interact with the online brand community.
Inasmuch as the marketing activity matches or fits the motivations the member has for
interacting with the community, then there is fit and leverage occurs. As defined previously,
leverage is the amplifying of the effect of marketing activities on psychological sense of
community with matching marketing activities that fit with the community member’s

engagement dimensions. The extent to which a marketing activity does not fit the member’s
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motivations for interacting with the community, then there is a lack of fit and leverage does not
occur. Thus, fit should enhance the effectiveness of marketing efforts and enable marketers to
enhance the development of psychological sense of community.

In a brand community setting it is the combination of the individual motivations and
marketing activities with the firm that enhances the psychological sense of community.
Community member motivations lead them to reconceptualize themselves as part of the
community through a self-transformation process (e.g., changing attire, self-concept or
physically altering his/her appearance; Schouten 1991; Schouten and McAlexander 1995).
Marketers have the opportunity to mold the “malleable perceptions of the new [members]...
socialization brings about a transformation of the individual that entails an evolution of motives
for involvement and a deepening of commitment to the [community] and its ethos” (Schouten
and McAlexander 1995, p. 56).

“By understanding the process of self-transformation undergone by individuals within a

[community], a marketer can take an active role in socializing new members and

cultivating the commitment of current ones. Harley-Davidson cultivates consumer

commitment through means such as supplying a steady stream of information geared to
the needs of newcomers and providing a full range of clothing, accessories, and services
that function as involvement-enhancing side bets and exit barriers” (Schouten and

McAlexander 1995, p.57).

Additionally, marketing activities that resonate with the consumer help them to develop an even
greater sense of community. For example, the “demands of the organization [are seen] as being
morally necessary because of their relation to ultimate values” (Kanter 1972, p. 122). This level
of psychological sense of community should create an enduring and exhibited lifestyle change.
The marketing literature on the elaboration likelihood model supports the notion of leverage

leading to superior and lasting change. A fundamental proposition of the elaboration likelihood

model is that as personal relevance increases, the community member will be more motivated to
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process the message (Petty et al. 1983, p. 137), thereby increasing the likelihood that the
message will have an effect on attitudes. Thus, it is the combination of member motivations and
marketing activities that can result in leveraging psychological sense of community.
Brainstorming activities should fit with brand influence motivations to participate in the
community creating a leveraging effect on psychological sense of community. Brainstorming
activities are less structured and typically used to explore new ideas or concepts with members.
Comments from brainstorming activities are used to generate actionable insights for brands and

their products. Thus, brainstorming activities should fit with brand influence motivations.

H3a: The interaction of brainstorming sessions and brand influence will have a positive

effect on psychological sense of community.

Discussion forums should fit with rewards (hedonic) motivations to participate in the
community creating a leveraging effect on psychological sense of community. Discussion
forums are more focused and typically focused on a single thread or comment and tend to be
visible for long periods of time. Participating in discussion forums provide members
opportunities to demonstrate their expertise and gain status within the community. Schouten and
McAlexander (1995) found that “status is conferred on members according to their seniority,
participation and leadership in group activities... expertise and experience, [and brand]-specific
knowledge” (p. 49). In addition, community members are likely to enjoy discussing things with
other like-minded community members. Such discussions should provide enjoyment and

entertainment, which are powerful hedonic needs.
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H3b: The interaction of discussions and rewards (hedonic) will have a positive effect on

psychological sense of community.

Surveys should fit with reward (utilitarian) motives to participate in online brand
communities creating a leveraging effect on psychological sense of community. While not
emphasized in brand community literature (e.g., Dholakia et al. 2004), qualitative interviews
conducted in essay one found that promotions for brand community members is a motivator for
individuals to participate in a brand community. These promotions can include special members
only sales, coupons, and rewards points redeemable for merchandise. The omission of utilitarian
type rewards in prior academic literature is indicative of the transformation the Internet has
undergone in the past 10 to 15 years and the need to update the dated studies of member
motivations. Initially the Internet was primarily an information storage and retrieval system, but
the Internet has become a thriving commercial channel with advances in technology and
shipping. Online commerce has grown tremendously during this time period and with the
increase in online commerce, it has been a natural extension for firms to link their social
presence to their commercial sites as part of an integrated marketing strategy. Surveys, which
are less interactive than other community activities, tend to be incentivized with monetary
rewards. Therefore, surveys should fit with reward (utilitarian) motivations to participate in the

community.

H3c: The interaction of surveys and rewards (utilitarian) will have a positive effect on

psychological sense of community.
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Media galleries should fit with self-expression motivations because media galleries allow
members the opportunity to show themselves using the brand and its products. Community
members are sharing much richer content with a picture or movie in a media gallery than perhaps
they could express in words, particularly if the picture is of themselves with the brand or branded

products.

H3d: The interaction of media galleries and self-expression will have a positive effect on

psychological sense of community.

Loose Hierarchy of Effects from Psychological Sense of Community
In a content analysis of online communities, Droge et al. (2010) found that positive comments
were twice as frequent as negative comments (p. 77, 80). Muniz and O'Guinn (2001) defined
brand communities as a “structured set of social relationships among admirers of a brand” (p.
412, emphasis added). Therefore, the prevailing assessments of a brand among members of a
brand community should be positively inclined toward the brand. This shared attitude toward
the brand is the requisite condition described by Baron and Kerr (2003) for the polarization of
attitudes in a group setting (p. 108). Furthermore, psychological sense of community activates
and leads to the self- and community regulation of attitudes and behaviors (Carlson 2005; Hogg
et al. 1995). Hogg et al. (1995) explains this phenomena in greater detail:
“People have a repertoire of such discrete category memberships that vary in relative
overall importance in the self-concept... Each of these memberships is represented in the
individual member’s mind as a social identity that both describes and prescribes one’s
attributes as a member of that group-that is, what one should think and feel, and how one
should behave. Thus, when a specific social identity becomes the salient basis for self-
regulation in a particular context, self-perception and conduct become in-group

stereotypical and normative, perceptions of relevant out-group members become out-
group stereotypical, and intergroup behavior acquires competitive and discriminatory
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properties to varying degrees depending on the nature of relations between the groups.”
(p. 259-260)

Therefore, through normative and informational means the greater the psychological sense of
community an individual feels, the greater the positive polarization should occur for their brand
assessments and brand related behaviors. The positive polarization of brand assessments,
supportive brand behaviors, and supportive community behaviors through psychological sense of
community is also consistent with social exchange theory. Social exchange theory suggests that
important and valued relationship should lead to the maintenance of those relationships (Cook
and Emerson 1978; Homans 1958; Homans 1974; Lovaglia 2007).

While much of the earlier brand community research has been conducted in face-to-face
brand communities (e.g., Harley Owners Group, Jeep Jamborees, and European car clubs), it
remains an open question how much of an effect the psychological sense of community with an
online brand community can have on brand and brand related outcomes. Therefore, |
hypothesize and test a loose hierarchy of effects to see if psychological sense of community can
influence not only brand assessments, but also supportive brand behaviors and supportive
community behaviors.

Brand assessments (i.e., brand commitment and oppositional brand loyalty) are important
indicators for marketers to examine community member attitudes toward their brand. Brand
commitment is the extent to which a community member has an affective commitment to remain
in a relationship with the brand (Bansal et al. 2005). Formally, brand commitment “reflects an
emotional attachment to, identification with, and involvement in an organization” (Meyer and
Smith 2000, p. 320). Oppositional brand loyalty has been observed in brand communities as a
different type of loyalty. Specifically, oppositional brand loyalty is the rejection and criticism of

competing brands (Muniz and O'Guinn 2001, p. 420). Thompson and Sinha (2008) have
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described oppositional as leading “members of the community to take an adversarial view of
competing brands” (p. 65). It has been suggested that “oppositional loyalty may benefit
companies by reducing the likelihood that members will purchase products from competing
brands” (Thompson and Sinha 2008, p. 65), as well as can even lead people to form brand
communities structured entirely around opposition to the competing brand (e.g., Team

MacSuck), (Hollenbeck and Zinkhan 2010; Muniz and O'Guinn 2001, p. 421).

H4a-b: Psychological sense of community will have a positive effect on brand

assessments (a. brand commitment, and b. oppositional brand loyalty).

Supportive brand behaviors are a higher level of effect for psychological sense of
community to influence. One of the important aspects about online brand communities is that
the members provide social context around the brand. Word-of-mouth is the “positive
information communicated in social situations (e.g., in conversations with friends and
acquaintances)” (Arnett et al. 2003, p. 96). In addition, supportive brand behaviors can also take
the form of individual actions. The premise of difficult brand behaviors is that brand related
behaviors can be stratified based on their “economic, social, psychological, temporal, or other
physical resources” requirements (Park et al. 2010, p. 4). Difficult brand behaviors are “those
[behaviors] that [require consumers to] use more of their own resources” (Park et al. 2010, p. 5).
These behaviors are indicative of the consumer’s willingness to maintain the relationship with
the brand (e.g., willingness to pay a price premium for the brand and willingness to defend the

brand from criticism).
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H5a-c: Psychological sense of community will have a positive effect on supportive brand
behaviors (a. word-of-mouth, b. defending the brand, and c. willingness to pay a

price premium).

Supportive community behaviors are also a higher level of effect for psychological sense
of community. One thing that online brand communities are notorious for is that many people
simply observe and do not participate. Members that watch and participate little to none at all
are called “lurkers” (Madupu and Cooley 2010). “Lurking” rates have been estimated as high as
90 percent and even 100 to 1 (Madupu and Cooley 2010, p. 130). Given the large percent of
community members who “lurk”, can psychological sense of community affect participation
intentions? Brand community participation intention is the member’s intended level of
participation in the brand community (Algesheimer et al. 2005, p. 22). Additionally, can
psychological sense of community lead to greater participation in the community? Muniz and
O'Guinn (2001) discuss community members as feeling a moral responsibility to the community
as a whole. This felt moral responsibility to the community helps ensure the survival of the
community by not only driving members to patronize the brand instead of competitor brands, but
also contribute to the community. The brand community literature is consistent with social
exchange theory which suggests that important and valued relationship should lead to the
maintenance of those relationships (Cook and Emerson 1978; Homans 1958; Homans 1974;

Lovaglia 2007).

H6a-b: Psychological sense of community will have an effect on supportive community

behavior (a. participation intentions, and b. community participation).
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METHODS
To address the primary research question of being able to leverage online brand communities and
MROC:s (i.e., obtain fit between marketing activities and online brand community engagement),
I created a unique dataset that combines longitudinal surveys from MROC members in eight
different private online branded market research communities for brands in three different
industries. In addition, | matched survey respondents to marketing activities sponsored by the
firm and individual level participation data and demographics tracked by a marketing research
firm who hosts the MROCs. The perceptual measures were collected in three surveys in each
community across one month. Due to survey length restrictions required by the community
managers, short-form versions of the scales were used in this study to fulfill survey length
requirements. The secondary data was collected for 6 weeks on both ends of the survey
timeframe creating a 16 week window of data collection. Merging the surveys and numerous
secondary data files was accomplished using SAS version 9.1. The MROCs studied were for
global brands from the following industries: business to business: firms like CDW, Dell,
Novartis, and UCB; services and retail: firms like BestBuy, Caesars, FedEx, Home Depot, and
Macy’s; and consumer packaged goods: firms like Colgate, ConAgra, Coca-Cola, Frito-Lay,

Kraft, Unilever, and Welch’s.

Perceptual and Secondary Measures

Marketing Activities

Operationalization of marketing activities can be done several different ways. First, marketing
activities could be operationalized as the count of marketing activities created by community

managers during a specific time period. Using the count of the activities at the community level
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would not have enough variation to use in analysis. While it would capture the activities run by
the community managers, it would not account for individuals noticing or participating in the
activities. Second, marketing activities could be operationalized as the count of the individual
contributions for each type of marketing activity during a given time period. While this
operationalization would improve upon the former, it would fail to capture the overall experience
or subjective evaluation of the marketing activities. Third, marketing activities could be
operationalized as the perceived congruence of the marketing activities. Operationalizing
marketing activities this way captures the members’ overall evaluations of the marketing
activities they participated in. This provides the best operationalization of members being
exposed to and participating in marketing activities in the community. Therefore, marketing
activities is operationalized as congruence of the marketing activities in this study.

There are two popular ways to measure the congruence of marketing activities in the
literature: subjective and empirical. Subjective assessments of congruence are recorded from the
respondents. Spreng et al. (1996) used an additive difference specification which is derived by
asking respondents to compare what they wanted and what they got, then weighting the
difference based on their evaluation of the difference. Congruence is then the sum of all the
weighted differences. Alternatively, congruence can be empirically assessed by identifying
respondents with the highest 5 to 10 percent of responses for the dependent variable, computing
the mean levels of each predictor they received and then calculating difference scores for all
respondents (Vorhies and Morgan 2003). Thus, congruence is then the sum of all the difference
scores.

In this study, | adapted the Spreng et al. (1996) measure of congruence to assess the

congruence of marketing activities by asking respondents “How close was the <activity> to what
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you hoped to do in this community?” This approach was chosen over the empirical approach
because asking respondents directly to assess congruence captures their evaluation of the gap and
valence of the difference. Due to survey length requirements with the partner firm, only single

items were used for assessing the congruence of each marketing activity.

Online Brand Community Engagement

Online brand community engagement is the intrinsic motivation to interact with the brand
community. As defined previously, brand influence is the degree to which a community member
wants to influence the brand. Rewards (hedonic) is the degree to which the community member
wants to gain hedonic rewards (e.g., fun, enjoyment, entertainment, friendly environment, and
social status) through their participation in the community. Rewards (utilitarian) is the degree to
which the community member wants to gain functional rewards (e.g., monetary rewards, time
savings, deals or incentives, merchandise, and prizes) through their participation in the
community. Self-expression is the degree to which a community member feels they can express

their true interests and opinions.

Psychological Sense of Community

Psychological sense of community is “the degree to which an individual perceives relational
bonds with other brand users” (Carlson 2005; Carlson et al. 2008, p. 286). Psychological sense
of community is a more general measure of the sense of community than that provided by Muniz
and O'Guinn (2001). In addition, Muniz and O'Guinn (2001) do not develop empirical measures
for the markers of community they describe, whereas (Carlson 2005; Carlson et al. 2008)

developed valid and reliable items to measure psychological sense of community.
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Brand Assessments

Brand commitment is the extent to which a community member has an affective commitment to
remain in a relationship with the brand (Bansal et al. 2005). Formally, brand commitment
“reflects an emotional attachment to, identification with, and involvement in an organization”
(Meyer and Smith 2000, p. 320). I used items developed by Morgan and Hunt (1994) and also
validated in an online brand community research setting by Carlson et al. (2008). Oppositional
brand loyalty has been observed in brand communities as a different type of loyalty.

Specifically, oppositional brand loyalty is the rejection and criticism of competing brands (Muniz
and O'Guinn 2001, p. 420). Thompson and Sinha (2008) have described oppositional as leading
“members of the community to take an adversarial view of competing brands” (p. 65). | adapted

existing items to measure oppositional brand loyalty (Madupu 2006, p. 88).

Supportive Brand Behaviors

| adapted existing measures to capture word-of-mouth (Arnett et al. 2003, p. 103). Two
dimensions of difficult brand behaviors were collected (Park et al. 2010). 1 collected the
willingness to pay a price premium dimension and the defending the brand dimension of difficult
brand behaviors. These behaviors are conceptualized as requiring a greater “economic, social,
psychological, temporal, or physical resources” for consumers to engage in (Park et al. 2010, p.

4),

Supportive Community Behaviors
In order to assess the effects of psychological sense of community on a community member’s

supportive community behaviors, | measured both intentions to participate in the community, and
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actual community participation for two months following the second survey. Community
participation intentions were measured using a scale developed by Algesheimer et al. (2005).
Community participation was calculated as the sum of count of contributions the community

member made for two months following the administration of survey 2 based on secondary data.

Other Secondary Data
Additional data was collected on respondents from secondary sources. These included their age,
gender, education, household income, and tenure with the community. This data helps provide a

better picture of the MROC members.

Analysis and Results

In total, the sampling frame for primary and secondary data collection was 7,258 community
members during the study timeframe. The number of community members in each community
at the time the first survey launched ranged from 295 to 1,318, with an average size of 495
members per community. In total, 1,127 individuals completed at least one survey during the
study time period giving an overall participation rate of approximately 16 percent (see Table 16).
54 percent of respondents were female, median age of respondents was 30-44 years old with a
median household income of $50,000 to $79,000 per year. The median education for
respondents is college graduate, and the average tenure in the community is 136 weeks. The
average number of days between the time respondents took survey 1 and 2 was 7.2 days, and the
average number of days between the time they took survey 2 and 3 was 12.4 days. Respondents’
experience with the brand (Mishra et al. 1993) was also assessed using a 4 item 11-point

semantic differential scale (Mishra et al. 1993, p. 334). Responses ranged from 1 (e.g., novice
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buyer of the brand) to 11 (e.g., expert buyer of this brand), with a mean of 9 and a standard
deviation of 1.8. Comparison of mean levels of items used in the measurement model across
respondents who completed different sets of the survey waves (e.g., 1 v. 1, 2, and 3) revealed

trivial differences in mean levels.

Table 16

Essay Two: Summary of Surveys Completed

Survey(s) Total
Respondents

1 only 193
2 only 206
3only 129
1 and 2 only 127
1 and 3 only 80
2 and 3 only 125
1,2,and 3 267

Total 1,127

Measurement Model

Analysis for this study was conducted in EQS version 6.1 using maximum likelihood (ML)
estimation. Of the 267 respondents who completed all three rounds, missing contribution data
led to dropping of 11 cases, leaving a usable sample of 256 community members. Missing
values were mean imputed. Common method variance for self-reported data was tested for and
found not to be a problem using Harmon’s single factor test (x> = 5,575, df = 464, p < .01, CFI =
40, IFI = .40, RMSEA = .21). | began the analysis by conducting a CFA to evaluate the
convergent and discriminant validity of the constructs in my model. Following Bagozzi and Yi
(1988) 1 looked for negative error variance or “Heywood cases”, correlations greater than 1.00,
and extremely large parameter estimates. None of the aforementioned were found in the CFA.

The next step was to assess the data for multivariate normality using Maridia’s coefficient.
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Analysis indicated that there are some problems with normality (Mardia’s coefficient normalized

estimate = 54.43, but the model had acceptable fit statistics (y* = 656, df = 382, p < .01, CFI =

.97, IFI = .97, RMSEA = .05 and AIC = -108) and are therefore used in the analysis of this data

(see Table 17).

Table 17

Essay Two: Measurement Model Summary

Range Mean SD A
. . q a

Brainstorming Sessions

1. How close were _bralnstorm!ng sessions to what you 111 8.32 176 1.00
hoped to do in this community?

Brand Commitment

1.1 am committed to maintaining my relationship with 111 9.13 193 99
this brand

2. 'I mte_nc_i to maintain my relationship with this brand 111 9.14 194 94
indefinitely

3.1 am committed to maintaining my relationship with 111 9.14 192 99
this brand

Brand Influence

1. I am motivated to participate in this brand_communlty 111 9.79 144 94
because | can help improve the brand and its products

2. Increasing the influence | have on the brand and its
products makes me want to participate more in this 1-11 9.55 1.61 .82
brand community

3. 1 h(_)p_e to_ improve the brgnd_or product through my 111 9.91 141 92
participation and expression in this brand community

Community Participation

The sum of the count of contributions from the end of

survey 2 until 6 weeks following the end of survey 3 0-145 23.84 18.22 1.00

(covering a period 2 months).

Defending the Brand

1. If someone spoke negatively about this brand, I would 111 78 514 95
confront them

2. 1 would argue with anyone who spoke badly about this 111 737 2 45 92

brand
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Table 17 (cont’d)

Range  Mean SD A

Discussion Forums™

1. H_ow close were discussions to what you hoped to do in 4-11 8.32 177 1.00
this community?

Media Galleries”

1. Ho_vv clpse were m_edla galleries to what you hoped to 111 291 164 1.00
do in this community?

Oppositional Brand Loyalty

1. I have a negative attitude towards competing brand(s) 1-11 5.26 2.68 .86

2. 1 would never buy competing brand(s) 1-11 4.99 2.87 .88

3. On discussion forums, when the topic about competing
brand(s) comes up, | don't say anything good about 1-11 5.02 2.73 .83
them

Participation intentions

1. lintend to zjlctlve:Iy participate in this brand 6-11 10.02 133 1.00
community’s activities

Psychological Sense of Community

1. | feel strong ties to other members of this brand 111 731 548 93
community

2. 1 flnq it very easy to fprm a bond with other members 111 754 2 45 92
of this brand community

3.1 feel a sense of bel_ng connected to other members of 111 8.07 2 96 94
this brand community

4. Astrong feeling of_cgma_raderle exists between me and 111 7 62 5 35 94
other people who visit this brand community

5. I_fe_:el a sense of community with other people who 111 8.2 512 89
visit this brand community

Rewards (Hedonic)

1. 'I like par_tlc_:lpatlng in this brand community because it 911 9.14 169 95
iS entertaining

2. | find pa_rtlmpatlng in this brand community to be very 111 8.98 178 97
entertaining

Rewards (Utilitarian)

1. Receiving more money mal_<es me want to participate 111 8.54 5 64 1.00
more in this brand community

Self-Expression

1. | feel thqt I can freely share my interests in the brand 5.11 10.05 132 88
community

2. 1 can always 'be myself when interacting with others in 5.11 9.88 145 88
this community

3. This community makes it easy for me to express my 111 9.95 144 85

true beliefs about the brand
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Table 17 (cont’d)

Range  Mean SD A

Surveys?

1. How close were surveys to what you hoped to do in

this community? 3-11 8.17 1.84 1.00

Willingness to Pay a Price Premium

1. I'will continue to buy this brand even if its prices
increase somewhat

2. 1 will pay a higher price than competitors charge for
the benefits that | currently receive with this brand

1-11 6.35 2.83 91

1-11 6.39 2.85 .93

Word-of-Mouth

1. | “talk up” this brand to people | know 1-11 8.16 231 .94
2. 1 bring up thlg brand in a positive way in conversations 111 8.29 299 94
I have with friends and acquaintances

3. l;?ai%c'al situations, | often speak favorably about this 111 8.3 599 94

Note: All scales measured on a 0 - 10 Likert-type Scale with Anchors 0 = Strongly Disagree and
10 = Strongly Agree unless otherwise indicated. %0 = Much Worse Than | Hoped To Do and 10

= Much Better Than | Hoped To Do. Prior to analysis all values were recoded to a 1 — 11 range,
which is presented in all results tables.

Convergent and Discriminant Validity

Following adequate overall fit, the individual items were then analyzed to assess convergent
validity of the measurement model. Each of the items loaded on their respective construct at
greater than .70. Each of the scales shows desirable composite reliability with average variance
extracted (AVE) all greater than .50 (Bagozzi and Yi 1988). In addition, each scale shows
adequate latent construct reliability with each greater than .70. Discriminant validity of the
scales with more than one item was assessed and confirmed using the procedure described by
Fornell and Larcker (1981) where the AVE of each construct was compared to the squared

multiple correlation between the latent constructs (see Table 18).
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Table 18

Essay Two: Correlation Matrix

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16
1. Psychological Sense of
Community
Brand Commitment 44
3. Oppositional Brand 43 .28
Loyalty
4. Participation Intentions .35 .49 .08
5. Word-of-Mouth 53 70 .46 .35
6. Community 25 25 .09 27 25
Participation
7. WillingnesstoPaya .55 58 .52 .33 .74 .26
Price Premium
Defending the Brand .52 .41 .71 .15 .64 .07 .59
. Brand Influence 42 52 11 39 52 19 47 24
10. Rewards (Hedonic) b6 49 25 47 45 28 45 24 61
11. Rewards (Utilitarian) -.07 -.02 .07 .07 -05 .08 -13 -06 .01 -.01
12. Self-Expression 43 54 15 52 49 28 43 24 68 .63 .04
13. Surveys 34 30 .18 26 28 12 27 15 27 36 -01 .29
14. Discussion Forums 38 24 18 27t 32 29 33 23 25 33 -05 .29 .68
15. Brainstorming 41 20 22 14 24 22 30 28 .17 24 03 .18 54 .72
Sessions
16. Media Galleries 39 24 17y 10 23 22 24 20 .14 25 -06 .21 41 45 57
Average Variance 85 94 73 100 .88 100 .84 87 80 .92 100 .76 100 1.00 1.00 1.00
Extracted
Construct Reliability 92 93 81 100 .88 100 .81 .83 .84 87 100 .82 100 1.00 1.00 1.00

Boldface correlations are non-significant at a. = .05
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Structural Equation Models

After establishing the validity of the measurement model, | proceeded to estimate the structural
equation models. In addition to the hypothesized effects, several additional paths were estimated
in both models among the endogenous factors to account for the numerous relationships among
the similar but distinct endogenous factors comprising the loose hierarchy of effects tested in this
model. The paths added are consistent with consumer behavior literature on cognitions leading
to behavior (Eagly and Chaiken 1993). Since these paths are not of primary concern in this
essay, they have been omitted from formal hypothesis testing. Following the Ping (1995)
approach to estimating latent variable interactions, | estimated two models, Model 1 was
estimated without the interaction effects and Model 2 was estimated with the interaction effects
(see Table 19). Following Bagozzi and Yi (1988) and Hu and Bentler (1999) criteria for model
fit of a CFI close to .95, IFI greater than .90, and RMSEA close to .06, Model 1 demonstrates
acceptable fit (* = 926, df = 462, CFI = .95, IFI = .95, and RMSEA = .06). Furthermore, the
chi-square for Model 1 demonstrates a significant improvement over the independence model
(Ay?=9,022, df = 535, p < .01). Model 2 also demonstrates acceptable fit (x* = 1,330, df = 596,
CF1 =.95, IFI = .95, and RMSEA = .07) and the chi-square for Model 2 demonstrates a

significant improvement over the independence model (Ay?= 13,985, df = 677, p < .01).

Table 19

Essay Two: Structural Equation Models

Model Parameter Model 1 Model 2 Interactions

Psychological Sense of Community
Marketing Activities
Brainstorming Sessions Hla 23*  (.10) 24*  (.10)
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Table 19 (cont’d)

Model Parameter Model 1 Model 2 Interactions
Discussion Forums H1lb -.01 (.10) -.02 (.10)
Media Galleries Hlc 16*  (.08) 14> (.08)
Surveys H1d -.01 (.08) -.01 (.08)
Online Brand Community Engagement
Brand Influence H2a .09 (.13) .09 (.13)
Rewards (Hedonic) H2b 39*  (.10) 38*  (.10)
Rewards (Utilitarian) H2c -.07 (.04) -.06 (.04)
Self-Expression H2d 10 (.16) 10 (.16)
Interaction Effects
Brainstorming Sessions * Brand
ot H3a - 03 (.06)
Discussion Forums * Rewards
(Hedonic) H3b -- -- 10 (.04)
Surveys * Rewards (Utilitarian) H3c -- -- .02 (.02)
Media Galleries * Self-Expression H3d -- -- -12*  (.02)
Brand Assessments
DV: Brand Commitment
Psychological Sense of Community H4a A43*  (.05) 44*  (.05)
DV: Oppositional Brand Loyalty
Psychological Sense of Community H4b 24*  (.08) 24*  (.07)
Word-of-Mouth 34*  (.08) 34*  (.08)
Supportive Brand Behaviors
DV: Word-of-Mouth
Psychological Sense of Community H5a J11*  (.05) 12*  (.05)
Brand Commitment 40*  (.06) 40*  (.06)
Participation Intentions -.05 (.08) -.05 (.08)
Willingness to Pay a Price Premium 46*  (.07) 46*  (.07)
DV: Defending the Brand
Psychological Sense of Community H5b 26*  (.07) 26*  (.07)
Brand Commitment -.06 (.09) -.06 (.09)
Word-of-Mouth 54*  (.09) 54*  (.09)
DV: Willingness to Pay a Price Premium
Psychological Sense of Community H5c¢ 54* (.05) 54*  (.05)
Supportive Community Behaviors
DV: Participation Intentions
Psychological Sense of Community Hb6a 34*  (.04) 34*  (.04)
DV: Community Participation
Psychological Sense of Community H6b A7*  (.60) 7% (.60)
Word-of-Mouth 16*  (.61) 16*  (.61)

Standard errors in parentheses; * significant at a =
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Hypothesis Testing Results
Both models provide partial support for H1, H2, and full support for H4, H5, and H6. H1
proposed that marketing activities positively affect psychological sense of community. This
analysis revealed that brainstorming sessions and surveys significantly affected psychological
sense of community. H2 proposed that online brand community engagement positively affects
psychological sense of community. This analysis revealed that in the context of all the
exogenous factors used to predict psychological sense of community, only rewards (hedonic) had
a significant effect on psychological sense of community. H4, H5, and H6, proposed that
psychological sense of community could lead to a loose hierarchy of effects for brand
assessments, supportive brand behaviors, and supportive community behaviors. Indeed, there is
strong support for each of the proposed relationships. Psychological sense of community is an
important driver for a range of brand assessments, supportive brand behaviors, and supportive
community behaviors.

The chi-square difference tests between the Model 2 and Model 1 reveals that Model 2
does not overall provide a statistically significantly better fit to the data than Model 1 (Ay? = 404,
df = 134, p < .01) because only 1 in 4 of the interactions is significant. Thus there is limited
support for H3. However, regions of significance analysis and a significant interaction effect
(media galleries and self-expression) provides important insights into leveraging the effects of
online brand community engagement and marketing activities (Aiken et al. 1991; Curran et al.
2004).

Post hoc analysis of interaction effects using regions of significance testing (Aiken et al.
1991; Curran et al. 2004) provided some additional insight into the leveraging effect of fitting

marketing activities and online brand community engagement to influence psychological sense
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of community. Regions of significance show at what level of the moderator the main effect

becomes non-significant. Regions of significance testing was conducted for each of the

interaction effects (see Figure 3 Panels A through D).

Figure 3

Essay Two: Regions of Significance Testing

A: Brainstorming x Brand Influence

B: Discussion Forums x Rewards (Hedonic)
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Hypothesis 3a proposes a positive interaction between brainstorming activities and brand
influence. Figure 3 Panel A shows that when brand influence is below 6.95 on a 1-11 scale, the
effect of brainstorming on psychological sense of community becomes non-significant. This
means that while there is not a significant interaction of brainstorming sessions and brand
influence, at low levels of brand influence the effect of brainstorming becomes non-significant.
So, community members who have neutral to low levels of motivation to interact with the
community to influence the brand will should not develop a sense of community through
brainstorming activities.

Hypothesis 3b proposes a positive interaction between discussion forums and rewards
(hedonic). Figure 3 Panel B shows that when rewards (hedonic) is below 7.24 on a 1-11 scale,
the effect of discussion forums on psychological sense of community becomes non-significant.
This means that while there is not a significant interaction effect of discussion forums and
rewards (hedonic) and, at moderate to low levels of rewards (hedonic) the effect of discussion
forums becomes non-significant. Community members who have moderate to high levels of
rewards (hedonic) motivations will develop a psychological sense of community through
discussion forums.

Hypothesis 3¢ proposes a positive interaction between surveys and rewards (utilitarian).
Figure 3 Panel C shows that when rewards (utilitarian) is very low, below 2.72 on a 1-11 scale,
the effect of surveys on psychological sense of community becomes non-significant. In
comparing Figure 3 Panel B and Figure 3 Panel C, one can see that there is a wider zone of
tolerance for surveys than discussion forums, suggesting that perhaps community members have

more defined expectations of discussion forums than surveys.
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Hypothesis 3d proposes a positive interaction between media galleries and self-
expression. Surprisingly, Figure 3 Panel D shows that there is a significant negative interaction
between media galleries and self-expression throughout the range of self-expression. As self-
expression increases, the effect of media galleries on psychological sense of community is
diminished. Therefore, community members highly motivated to express themselves will have
develop less of a psychological sense of community through media galleries than community
members with very low levels of self-expression. Instead of the hypothesized leveraging effect
of media galleries and self-expression, | found a dampening effect. This negative interaction
suggests that media galleries and self-expression could be alternative drivers of psychological
sense of community.

Several interesting findings include the number of non-significant paths from marketing
activities and engagement to psychological sense of community (H1b, H1d, H2a, H2c, and H1d),
as well as the interactions of marketing activities with engagement (H3a, H3b, and H3c). Further
examination of these paths shows small effect sizes, but large standard errors which could be the
result of significant heterogeneity within the sample. Thus, these paths may be significant if a
larger sample size was collected which would reduce sample variation. As discussed and
observed in essay one, heterogeneity within online brand communities is expected. However,
due to sample size limitations, a tradeoff had to be made between testing a more complex model

with a loose hierarchy of effects and a simpler model without the loose hierarchy of effects.

DISCUSSION

Strategic marketing assets are “customer focused measures of the value of the firm (and its

offerings) that may enhance the firm’s long-term value” (Rust et al. 2004, p. 78). Strong
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relationships with customers can provide a source of competitive advantage and revenue
generation. The focus of this essay has been to evaluate whether social relationships in an online
environment (i.e., marketing research online community) should be considered a strategic
marketing asset. By exploring the importance of leveraging marketing activities by the firm and
an individual’s online brand community engagement, this research found that marketing research
online communities (MROCSs) should be considered strategic marketing assets (i.e., they are
valuable, rare, and difficult to imitate).

This essay contributes to the marketing strategy literature and brand community literature
by building and testing a model of how marketers can leverage their online brand communities.
As brand communities have evolved, MROCs have been developed to foster closer relationships
with customers. Marketers are sponsoring marketing activities within these online communities
and actively working to develop a sense of community for the members. In addition, community
members have their own intrinsic drives to participate in the communities. | found that the social
dynamics in these communities do have significant effects on brand and community outcomes.

This research highlights that MROC:s are not currently being utilized to their full
potential. MROC:s are valuable to firms because they can help marketers develop insights (like
focus groups) and because they can influence brand and community outcomes. Similar to the
findings from the brand community literature, | found that MROCSs can be used to enhance brand
assessments (i.e., oppositional brand loyalty and brand commitment). Interaction with MROCs
strengthens the relationships community members have with the brand and helps create a
competitive advantage for the brand. In addition, MROCs also increase supportive brand
behaviors (i.e., word-of-moth, defending the brand, and willingness to pay a price premium). It

is important for marketers to recognize the largely untapped potential of utilizing MROCs to
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increase financial returns above and beyond insights into their customers wants and needs.
Lastly, similar to the brand community literature, the more that managers can get MROC
members to feel part of a community, the more supportive community behaviors the members
will engage in. Marketing activities play an important role in developing this sense of
community in conjunction with the intrinsic motivations of community members. Importantly,
this sense of community can be developed in an online environment without face-to-face
interaction.

MROC:s are a rare and difficult to imitate strategic marketing asset because they are
branded and possess unique social dynamics in the community. The community structure,
composition, and activities create the unique of the community. Communities using badges and
other differentiators between members are structured hierarchically whereas communities
without badges and other differentiators between members tend to be more egalitarian in
structure. Thus, using rewards (hedonic) such as badges and other differentiators can create an
entirely different community than one that uses rewards (hedonic) that are focused more on
pleasure and enjoyment. Additionally, the composition of members also contributes to the
uniqueness of the community. The heterogeneity observed in the results (i.e., large standard
errors for engagement) suggest that different motivational types of community members could be
present within an MROC. Lastly, MROCs are used by marketers to field marketing activities.
The type and content of the activities contributes to the uniqueness of the community. As the
results demonstrate, marketing activities are important contributors to the development of a sense
of community. Together, these three factors illustrate how MROCs are an important link in
creating relationships with customers in a unique way.

Leverage is the amplifying of the effect of marketing activities on psychological sense of
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community with matching marketing activities that fit with the community member’s
engagement dimensions. While there is strong conceptual support for leveraging to occur under
the elaboration likelihood model and the social psychology literature, 1 did not find empirical
support for leveraging in MROCs. Post hoc analysis revealed that the fit between marketing
activities and engagement tends to only be important at moderate to low levels of engagement.
At moderate levels of brand influence and rewards (hedonic) and at very low levels of rewards
(utilitarian) the effect of brainstorming, discussion forums, and surveys (respectively) on
psychological sense of community is suppressed. Surprisingly, the effect of media galleries on
psychological sense of community is dampened as self-expression increases.

One of the most surprising findings in this essay is the significant negative interaction of
media galleries and self-expression on psychological sense of community. As hypothesized,
matching marketing activities with online brand community engagement should amplify the
effect of marketing activities on psychological sense of community. However, the data has
shown the opposite is true for media galleries and self-expression. This dampening of the effect
of media galleries on psychological sense of community as self-expression increases suggests
that media galleries are especially effective at developing a psychological sense of community
for community members who have moderate to low levels of self-expression. Conversely, media
galleries are less effective at developing psychological sense of community for community
members who have moderate to high levels of self-expression. While media galleries and self-
expression may be redundant drivers of psychological sense of community, there is perhaps
important implications for the use of the elaboration likelihood model in social settings such as
online brand communities and MROC:s.

The negative interaction, or dampening effect, of media galleries and self-expression is a
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surprising finding because it is counter to the leveraging effect expected by the elaboration
likelihood model. The elaboration likelihood model was developed in the advertising literature
at a time when advertising was primarily unidirectional (i.e., advertiser to consumer) which is no
longer the case in online communities where social interaction and dialogue are the norm (e.g.,
firm to member and member to member interactions). Therefore the elaboration likelihood
model may be underspecified to capture the complexity of how community members process
social interactions.

One potential explanation for this specific counterintuitive finding is that a picture is not
worth a thousand words when it comes to feeling part of a community. In other words, sharing
and viewing pictures are more effective at developing a sense of community for members with
low levels of self-expression than high levels of self-expression. For members with high levels
of self-expression they need to say more than what they can express in a picture to feel that they
are interacting enough to develop a sense of community. High self-expression community
members participating in a media gallery should tend to include more text captions and

additional details with their photographs than low self-expression community members.

Managerial Implications

Marketing research online communities (MROCSs) are becoming an increasingly prevalent tool
for marketers to try to create insights into their customers. This research suggests that MROCs
are currently not being utilized to their full potential. Specifically, | found that MROCs can be
used to enhance what community members think about the brand, behaviors they engage in to
support the brand, and their participation in the community. Therefore, MROCs are not simply

the next generation of focus groups, but they are in fact an important strategic marketing asset
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with social dynamics that can be beneficial for the brand.

Of the four marketing activities that I studied, | found that brainstorming and media
galleries are effective activities for marketers to sponsor in their MROC to develop a sense of
community. There are numerous more marketing activities that marketers can perform in online
communities and undoubtedly, as technology continues to evolve, many more types of marketing
activities will become available to community managers. As additional marketing activities
become available, this research shows that it is important to consider how the marketing
activities contribute or diminish the sense of community for participants. Marketing activities
that diminish the sense of community for participants should be avoided because it will adversely
affect the brand and the participants participation in the MROC.

When utilizing MROC:s as a strategic marketing asset, it is important to consider the
interplay between marketing activities and online brand community engagement. Increasing
community member motivations is frequently the subject of checklists and blog posts. However
popular talking about increasing motivations may be, it may be more difficult to change a
community member’s intrinsic motivations than to work more efficiently with the motivations
the community member already has. Taking a more refined view of online brand community
engagement than is currently recognized in the popular press and leveraging marketing activities
that fit community member online brand community engagement should provide increased gains
(in terms of brand assessments, supportive brand behaviors, and supportive community
behaviors) from MROCs. While it may be a bit idealistic to expect single activities in MROCs
to lead to lift in brand and community outcomes, the cumulative effect of these marketing
activities does have an important effect on the member’s sense of community.

My analysis also suggests that a member’s level of engagement is important to consider
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when making recruiting and turnover decisions. Figure 3 illustrates that when community
members have below certain levels of engagement (e.g., 6.95 on a 1-11 scale of brand influence),
marketing activities (e.g., brainstorming) should not have an effect on the development of
psychological sense of community. Therefore, when making recruitment and turnover decisions
in MROCs, managers can utilize these baseline levels of engagement to select members to join
or retain as part of the community. Members that fall below these baseline levels should
probably not be retained in the community unless there are specific reasons for retaining them

even if they are not likely to be active participants in the community or supporters of the brand.

Limitations and Future Research

Model complexity and parsimony are two competing factors in any research program. The more
refined view of engagement and the tremendous variety of activity types make it prohibitive to
test a model with all possible interaction effects of marketing activities and engagement. This
essay has taken a first step at exploring the potential leveraging effects of a reduced set of
marketing activities and online brand community engagement. Model complexity and having
sufficient sample size to estimate effects was an important constraint of this study. | ran an
additional model with partial mediation of all marketing activities and online brand community
engagement dimensions. While this model had overall better fit to the data, it still supported the
importance of psychological sense of community as a mediator. However, the number of
significant paths from the exogenous variable to brand assessments, supportive brand behavior
and supportive community behavior indicates that there may be additional mechanisms through

which marketing activities and engagement affect brand and community outcomes.
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A limitation of the data used in this study is that media galleries and brainstorming had
some missing data. Because respondents who completed all three rounds were needed to
estimate the overall model, dropping the respondents with missing data on brainstorming and
media galleries would have made the data set too small to estimate the model proposed.
Therefore, mean imputation was used for brainstorming and media galleries to replace missing
values. While all missing value imputation techniques have limitations, mean imputation’s
primary limitation is that it reduces the variation in the variable, making it more difficult to find
significant effects.

Future research should search for additional marketing activities not covered in the
academic literature or popular press. Additionally, finding marketing activities directly based on
online brand community engagement dimensions could aid in testing leveraging effects of fit
between marketing activities and engagement on psychological sense of community.

The MSI 2012-2014 research priorities report calls for additional study of emerging tools
for generating consumer insights (MSI 2012). As MROCs continue to become more mainstream
marketing research tools and components of integrated marketing plans, additional research
should be conducted on them as strategic marketing assets.

Lastly, future research could also explore the public policy and ethical issues of studying
consumers in online communities. What kind of policies are marketers likely to encounter when
utilizing MROCs? What ways can and should marketers collect information about community

members?
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Executive Summary and Learning Implications
Andersen (2005) states, “the measurement of brand community effects on market performance is
a critical issue” (p. 48). Similarly, Yu-Chen (2006) states that “empirical studies of how virtual
communities influence business are relatively rare” (p. 400). In total, 916 online brand
community members from numerous online brand communities and MROCs were studied across
the 6 studies in essay one and essay two. Based on this large-scale research project, there are
four key takeaways for marketers.

First, marketers need to take a much more refined view of motivation when trying to
study and manage online brand communities and MROCs. Traditionally, engagement, or the
intrinsic motivation to participate in a brand community has been measured as a single generic
motivation (Algesheimer et al. 2005). However, interviews and surveys of 660 online brand
community members indicates that consumers have a much broader set of motivations to interact
with an online brand community. Specifically, consumers are motivated to interact with online
brand communities for 11 reasons: brand influence, brand passion, connecting, helping, like-
minded discussion, rewards (hedonic), rewards (utilitarian), seeking assistance, self-expression,
up-to-date information, and validation (see Table 4 for definitions of each motivation). Three
separate studies | conducted confirm the distinct nature of each of these dimensions and led to
the development of three to four key questions to reliably and validly measure each dimension.

I was able to identify two types of online brand community members, “brand passionate
helpers” and “individualistic information seekers,” using a special type of segmentation analysis
(latent class regression) on the 11 dimensions of engagement (see Table 7 for specifics on each
class). Important differences in motivations exist between the two different types of community

members. For example, coupons, deals, and discounts motivates (i.e., rewards utilitarian)
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motivate “brand passionate helpers” to actively participate in the community, but instead
motivate “individualistic information seekers” to watch or “lurk” rather than contribute to the
community. Furthermore, subsequent analysis revealed that “brand passionate helpers” were
more likely to purchase the brand and try its new products.

Therefore, the more refined view of engagement provides important suggestions for
marketers in terms of recruiting and managing community members. If the objective of the
community is to have active participation, then “brand passionate helpers” should be recruited.
However, if the community is simply intended to be a promotional platform, then “individualistic
information seekers” should be recruited. Additionally, when conducting marketing activities
within the community, managers should be aware of the type of community members in order to
get the right activities to the right members to achieve the desired strategic objective. Lastly, the
more refined view of engagement provides a basis for management of community member
turnover. Community members who have a motivational profile that does not match the strategic
objectives of the community (e.g., active participation v. promotional platform) can be dropped
from the community at scheduled “refreshes” or mass turnover.

Second, the social dynamics of online brand communities and MROCs do influence
brand and community outcomes. While the experiences of face-to-face and online brand
communities are very different (McAlexander et al. 2002), technological advances are helping to
create rich interactive experiences for community members in an online setting closing the gap
between face-to-face and online communities. Thus, similar to their face-to-face counterparts,
these online communities do have social dynamics that influence member behaviors. Therefore,
these online communities should be considered much more than just an online focus group where

the community members talk while marketers just listen. Specifically, | found that the sense of
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community that community members develop through the marketing activities and their intrinsic
motivations leads to significant lift in brand assessments (i.e., brand commitment and
oppositional brand loyalty), supportive brand behaviors (i.e., word-of-mouth, defending the
brand, and willingness to pay a price premium) and supportive community behaviors (i.e.,
participation intentions and community participation).

Third, | found that community member response to marketing activities depends on their
motivations. In essay one, | found that active participation and passive participation (“lurking”)
depends on the type of community member (“brand passionate helper” or “individualistic
information seeker”). In essay two, I build on these findings to explore how marketing activities
and engagement interact to drive brand and community outcomes.

Specifically, | found that fit between marketing activities and engagement is important to
consider when trying to achieve specific objectives (e.g., lift in brand assessments, supportive
brand behaviors, and supportive community behaviors). Very low levels of engagement negate
the effect of marketing activities on psychological sense of community (see Figure 3 for
graphical depiction) for three of the four pairs of marketing activities and engagement
dimensions. However, | found that media galleries and self-expression have a significant
negative interaction. Media galleries and self-expression could be redundant drivers to
developing a sense of community. Therefore, media galleries will be less effective at helping
highly self-expressive community members develop a sense of community than community
members with low levels of self-expression.

Lastly, while online brand communities and MROCs are very similar, there are a few
pertinent differences to consider when selecting one for implementing as a strategic marketing

asset. First, online brand communities are typically open to the public whereas MROCs are

131



typically private communities requiring registration to interact with the community. Depending
on the type of product and the desired audience, public versus private community may be an
important factor in recruiting community members. Second, online brand communities are
generally open to anyone, and therefore tend to have much higher “lurker” rates than MROCs
do. For example, “lurking” rates for online brand communities have been estimated as high as
90 percent and 100 to 1 (Madupu and Cooley 2010, p. 130). MROC community managers
monitor participation closely and can weed out members who don’t participate, so MROCs tend
to have much lower “lurker” rates. Third, MROCs tend to be more focused than online brand
communities. Specifically, MROC community managers typically field a specific number of
marketing activities per week to generate insights about specific ideas or concepts. Furthermore,
MROC community members are typically compensated with various financial incentives for
completing marketing activities. Thus, financial constraints also dictate the level of marketing
activities fielded in an MROC. Lastly, MROCs are either branded or unbranded (e.g., focused on
a product type but not a specific brand). Branded MROCs were studied in this dissertation to aid
in comparing to online brand communities. However, unbranded or product category focused
communities can help marketers gain a broader understanding of consumers.

In conclusion, online brand communities and MROCs offer marketers powerful tools to
generate consumer insights and to directly influence firm performance through brand and
community outcomes. Online brand communities and MROCs can be more fully utilized as
strategic marketing assets as marketers use a more refined view of the motivations of community
members and the mechanisms through which brand and community outcomes can be enhanced.
Future research into and management of online brand communities and MROCs should build

upon the refined conceptualization of engagement put forth in this dissertation.
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