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ABSTRACT

TOWARD A GENERAL THEORY OF UNICAST—BASED MULTICAST

COMMUNICATION

By

Barbara D. Birchler

A common communication pattern that arises in many parallel and distributed computing appli-

cations is multicast, or one-to-many communication. In multicast, a single node in the system sends

a message to multiple destinations in the system. Due to the complexity of implementing multicast

in hardware, most machines offer only unicast, or one-to-one communication, in hardware. As a

result, multicast must be implemented in software. A common software technique is Unicast-Based

Multicast (UBM), in which multicast is accomplished by issuing multiple hardware unicast mes-

sages. In a UBM implementation, the number of nodes that can be informed can at most double in

each time step, thus the lower bound on the time to complete multicast is [logz (d + 1)] , where d is

the number of multicast destinations. The goal of our research is to develop a general [log ((1 + 1)]

UBM implementation for realistic direct network systems.

Current direct network systems obey the line-switching model of communication and employ

an oblivious routing scheme. In the line—switching model, the paths that are used to send messages

simultaneously in the network must be edge-disjoint. The paths that are used to deliver messages

am determined by the routing scheme of the network. In an oblivious routing scheme, each pair of



nodes in the network must use a specific prescribed path to deliver a message between them.

We introduce two realistic classes of oblivious routing schemes and develop line-switching

UBM algorithms for arbitrary topologies that use these schemes. First, we address source lim-

ited inclusive routing schemes. We show that these routing schemes can be modeled by directed

tree topologies. Mthin the context of directed trees, we show that a line-switching UBM algorithm

can be closely approximated by a node-switching algorithm, in which paths used simultaneously

must be node-disjoint as opposed to edge-disjoint. We then develop node-disjoint UBM algorithms

for arbitrary directed tree topologies. The second class of routing schemes are shortest path oblivi-

ous routing schemes, in which the oblivious path between any pair of nodes must be a shortest path .

in the network. We develop a [log2(d + 1)] UBM implementation for arbitrary direct networks

that employ a shortest path routing scheme. This result provides a theoretical basis that unifies the

previous results on optimal multicast algorithms in specific direct network topologies. In addition,

this result provides system designers with some simple, intuitive rules for creating routing schemes

that guarantee multicast can be performed in minimum time.
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Chapter 1

Introduction

1.1 Motivation

The grand challenges in scientific computing, e.g., pharmaceutical design, ocean modeling, and

viscous fluid dynamics, can only be solved by computers that can provide Terafiops of computing

power. Parallel computers are considered the most promising technology to solve such problems

[30]. Because many (hundreds to thousands of processors) work together to solve problems, ef-

ficient communication among the nodes of a multicomputer is a vital component of system per-

formance. One communication pattern that arises in parallel systems is multicast, or one-to-many

communication. In multicast, one processor, called the source, sends a single message to multiple

destinations in the system. Unicast and Broadcast are special cases of multicast. Unicast, also

called one-to-one communication, involves a single source and a single destination. In broadcast,

or one-to-all communication, the source sends a message to all of the other nodes in the network.

Multicast communication is found in various applications such as parallel search algorithms [16],

graph algorithms [34], and barrier synchronization [39]. Multicast is also used for cache-coherency

protocols in distributed shared memory systems” [36], and it has been defined in the MP1 (Message

1



2

Passing Interface) standard [22] as an essential operation for implementing other collective commu-

nication operations such as all-to-all gather and global reduction in distributed memory machines.

Because multicast communication is a component of many applications in parallel systems, efficient

multicast implementation has been the subject of much study.

This dissertation addresses multicast communication paradigms for an important class of par-

allel systems, namely those that use a direct network interconnection structure [45]. Due to the

complexity of hardware implementations of one-to-many communication, most existing direct net-

work systems only support unicast communication in hardware. Thus, multicast must be provided

in software. A common software technique is Unicast—Based Multicast (UBM), in which multicast.

is accomplished by issuing multiple hardware unicast messages. A UBM implementation consists

of a number of time steps in which nodes that have previously received the multicast message send

the message to uninformed nodes. Ideally, the UBM implementation should maximize the amount

of parallel communication; that is, all the informed nodes should send messages during a single time

step in order to reduce the total number of steps needed to inform all destinations. Thus, the lower

bound on the time to complete multicast is [lg(d + 1)] steps‘, where d is the number of multicast

destinations. The objective of this research is to find a general [lg(d + 1)] UBM implementation

for realistic direct network systems.

1.2 Contributions

We study the problem of finding efficient line-switching UBM algorithms for arbitrary direct net-

work systems that use an oblivious routing scheme. In the line-switching model of communication,

all of the paths that are used to deliver messages simultaneously must be edge-disjoint. We focus

on the line-switching communication model because it most closely fits popular direct network ar-

 

‘We use the convention lg n = log, n.



3

chitectures; however, we will use other communication models as stepping stones toward efficient

line-switching implementations. In addition, we address oblivious routing schemes, in which each

pair of nodes in the network must use a specific prescribed path to deliver a message between them.

The routing schemes in current systems, such as xy-routing in a mesh and e-cube routing in a hy-

percube, are examples of oblivious routing schemes. Finally, we address arbitrary topologies with

two goals in mind. First, an algorithm for an arbitrary topology will be portable, i.e., it can be

used on any multicomputer topology. For example, a multicast algorithm developed for an arbitrary

topology can be used on a Mesh, Hypercube, Torus, etc. The second reason we consider arbitrary

topologies is that a general multicast algorithm gives practitioners insight about defining the best ’

routing scheme for an arbitrary system. Routing schemes such as xy-routing and e-cube routing ex-

ist for particular multiprocessor systems; however, there is no general routing scheme for arbitrary

topologies.

The main contributions of this dissertation are the introduction of two important classes of rout-

ing techniques for direct network systems, namely Source Limited Inclusive Routing and Shortest

Path Routing, and the development of UBM algorithms for systems that employ these techniques.

1.2.1 Source Limited Inclusive Routing Schemes

Definitions and Properties

We define a realistic class of oblivious routing schemes called source limited inclusive routing

schemes. This class of routing schemes makes two assumptions. First, it assumes that each node is

only aware of its own oblivious routing paths. We call such a routing table a source limited routing

table. Next, it assumes the system uses an inclusive routing scheme, a natural class of oblivious

routing schemes used in most current multicomputers. We show that directed bees can be used to

model source limited routing tables for an arbitrary topology that uses inclusive routing, and that a
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directed tree model has a smaller storage requirement than a general routing table. Furthermore, as

long as the maximum outdegree of the directed tree is not too large, this source limited routing table

contains many (but not all) of the oblivious routing paths used by other nodes in the network.

Our first lower bound result shows that UBM in an arbitrary topology that supports oblivious

routing is fundamentally different than UBM in an arbitrary topology that supports free routing.

Specifically, we show that if the source limited routing table at a node is a complete, balanced, k-

ary tree T with |V(T)| nodes, a lower bound on the number of time steps necessary for performing a

broadcast from this node is 0(k logk |V(T) |), and we show this lower bound can be easily extended

to apply to algorithms which have complete routing tables.

As a first step toward solving the general lower bound line-switching multicast problem, we

show that the minimum length node-disjoint multicast schedule in any directed tree T is at most

twice as long as the minimum length edge-disjoint multicast schedule for ditree T. We then show

that we can reduce the problem of finding an optimal node-disjoint multicast schedule in a directed

tree T to the problem of finding an optimal node-disjoint broadcast schedule in a related ditree T’.

Node-Disjolnt UBM Algorithms for Ditrees

Because we can reduce multicast in a ditree to an equivalent broadcast problem, we focus on UBM

algorithms for broadcast in directed tree topologies. We develop two polynomial time approxima-

tion algorithms, CA and SCA, for performing broadcast in directed trees under the node-switching

model of communication. The biggest advantage of the CA algorithm is its simplicity. Its best case

time complexity is 0(n lg n) (which it achieves for broadcast in hypercubes, meshes and tori), and

its worst case complexity is 0(n2). The second approximation algorithm (SCA) has slightly higher

complexity (0(n2) in the best case and 0(n3) in the worst case), but it may also produce much

shorter calling schedules than the CA algorithm. The broadcast schedules produced by SCA are
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guaranteed to be no more than twice the length of an optimal length broadcast schedule.

We also describe a 0(n3) algorithm that always produces optimal length node-disjoint broadcast

schedules for directed tree topologies. This can easily be transformed to an edge-disjoint broadcast

schedule with length at most twice that of an optimal edge-disjoint schedule. Because ditrees rep-

resent a class of routing schemes (source limited inclusive routing schemes), our algorithms can be

applied to any topologies in that class (e. g., hypercubes, meshes, and tori) as well as other arbitrary

topologies.

1.2.2 Shortest Path Routing Schemes

The Generalized Path-Matching Problem

We also introduce a generalization of previously studied matching problems for undirected graphs.

We define the Generalized Path-Matching (GP-matching) problem, which includes both the edge-

matching problem and the path-matching problem. In a GP-matching, a subset X of vertices is

matched using paths from a specified set P. We are interested in finding a perfect GP-matching,

or one that matches all the vertices of X. Additionally, we focus on the edge-disjoint GP-matching

problem (or GDP-matching problem). Sufiicient conditions for the existence of a perfect GDP-

matching are given. It is shown that if shortest paths are used to match vertices, a perfect GDP-

matching always exists.

A UBM Algorithm for Shortest Path Routing Schemes

We show that the GDP-matching problem can be used to create an optimal UBM algorithm for

an arbitrary direct network that uses a shortest path routing scheme. Because meshes, hypercubes

and tori typically use shortest path routing schemes, this result implies that optimal UBM can be

done in these direct network topologies. Thus, this result provides a theoretical basis that unifies all
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previous results on optimal multicast algorithms in specific direct network topologies [21, 46, 47].

In addition, this result provides system designers with some simple, intuitive rules for creating

routing schemes that guarantee multicast can be performed in minimum time, and it gives insight

about updating routing schemes when adding on to a network incrementally.

1.3 Organization of the Dissertation

Chapter 2 describes the background on multicast communication in direct network systems. Chap

ter 3 discusses related work in multicast communication and matching problems in graphs. Chap.

ter 4 describes source limited inclusive routing and several of its properties. Chapter 5 gives two ap-

proximation algorithms and one optimal algorithm for multicast in ditrees under the node-switching

model of communication. Chapter 6 describes the generalized path-matching problem and its appli-

cation to multicast in shortest path oblivious routing systems. Chapter 7 concludes the dissertation

and discusses several areas for future investigation.



Chapter 2

Background

2.1 Direct Network Model

Efficient multicast communication is needed in parallel and distributed systems with widely varying

architectures. The specific organization of the communication network used by the system restricts

the manner in which multicast can be implemented. In this dissertation, we study multicast com-

munication in networks that are based on a direct network interconnection structure.

Many direct network systems, for example the Intel Touchstone DELTA and the Intel Paragon

[30] use the generic node architecture shown in Figure 2.1(a). Each node consists of a processor,

local memory, and a separate router to handle communication-related tasks. Each router has several

input and output channels. The router uses internal channels to communicate with its associated

processor, and external channels are used for communication between nodes in the network. Nor-

mally, each input channel is paired with a corresponding output channel. Thus, the number of input

and output channels is identical. If there is only one (inputoutput)-pair of internal channels, the sys-

tem is called a one-port architecture. In a one-port architecture, a node can send only one message

at a time and receive only one message at a time.-
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Figure 2.1: Direct network model

Because memory is not shared, all communication in a direct network system is done via mes-

sage passing. Communication between nodes is either direct or indirect. Two nodes can communi-

cate directly if an external output channel of one node is connected to an external input channel of

the other node. For example, Figure 2.1(b) shows a possible interconnection of five nodes. In this

network, node 1 can communicate directly with node 2. In contrast, sending a message from node 1

to node 3 requires indirect communication because other nodes must be used to relay the message.

There are two note worthy characteristic of systems that use the generic node design of Fig-

ure 2.1(a). Fust, the router is typically designed using a crossbar, which permits simultaneous

transmission of several distinct messages provided each incoming message requires a different out-

put channel. Second, the separation of the router from the local processor makes the router capable

of relaying messages on its external channels without interrupting the local processor, allowing si-

multaneous computation and communication within each node [45]. To illustrate these concepts,

consider the network in Figure 2.1(b). Suppose node 1 sends a message to node 3, using node 2

as an intermediate node (shown by the dotted line). Node 3 can simultaneously send a message to
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node 5, also using node 2 as an intermediate node (shown by the dashed line), because it requires

a different external channel of node 2’s router. Furthermore, the computation taking place on node

2’s processor is not interrupted because only node 2’s router is being used to relay messages.

2.2 Switching Techniques

When a message is sent between two nodes in a network, the message travels along a routing path

(which may be a direct communication link or a sequence of several communication links) in the

network. The time needed to deliver the message depends on the characteristics of the underlying .

system. One factor that contributes to the message transmission time is the network latency of

the system, or elapsed time between when the head of the message enters the network and the

time when the tail of the message is received. Network latency is highly dependent on the type of

switching mechanism that the system employs. Essentially two types of switching have been used:

store-and-forward switching and cut-through switching.

Store-and-Forward Switching

Early direct networks used store-and-forward switching techniques. In a system that uses store-

and-forward switching, an entire message is transferred from a node v to one of its neighbors w. If

the message is not destined for w, i. e., w is an intermediate node, the message is forwarded to one

of w’s neighbors when a buffer becomes available. The network latency for the store-and-forward

switching technique is (-’g—)d, where L is the message length, b is the channel bandwidth, and d is

the distance (number of links) the message must traverse. Because each message must be entirely

received at a node before it can be forwarded, the amount of time needed to deliver the message

is proportional to the path length d. For a more detailed discussion of routing algorithms based on

store-and-forward switching see [48].
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Cut-Through Switching

Cut-through switching was developed to reduce message transmission time. A cut-through scheme

supports non-local communication primitives; that is, a node 1) can send a message to a non-

neighboring node w in “unit” time. This is possible because messages are not stored at interme-

diate nodes unless the next required channel is unavailable. The message is sent along the path in

a pipelined fashion. The network latency for cut-through switching is (%)d + -’g-, where L), is the

length of the header, b is the channel bandwidth, d is the length of the path traversed, and L is the

total length of the message. If L). is significantly smaller than L, then the dominant term is %. That '

is, network latency is relatively unaffected by d. In a multicast implementation, each node is send-

ing essentially the same message (the message headers may be slightly different, but this will not

significantly affect the message length.) Thus, we can assume that any (reasonably sized) multicast

message can be delivered in unit time, where the “unit” is 71;, regardless of the length of the path

traversed by the message [45].

'I\vo common routing schemes that use the cut-through approach are circuit routing and wann-

hole routing. In circuit routing, before a node u can send a message to a node w, 1) establishes a

circuit, or a path, from v to w. The message is then sent along this path in a pipelined fashion.

Because the channels on the circuit are reserved, no buffers are needed at intermediate nodes.

In wormhole routing, a packet is divided into a number offiits (flow control digits). The header

flit advances along the delivery path and the other flits follow in a pipelined fashion. If the header

is blocked, then all trailing flits are also blocked. Consequently, small flit buffers are needed at

intermediate nodes. Current commercial multicomputers such as the Cray T3D, NCUBE-2 [44],

Intel Paragon [31], and IBM SP-2 [50] use wormhole routing. Ni and McKinley provide a thorough

survey of wormhole routing techniques [45].
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2.3 Direct Network Topologies

In a direct network system, the interconnection of the external input and output channels of the

routers determine the topology of the system. Three popular network topologies that we will refer

to often throughout this dissertation are: meshes, tori, and hypercubes.

2.3.1 Mesh

In an n x m 2-dimensional mesh, the nodes of the network are labeled by ordered pairs (11,-, 12,-),

whereO 5 i 5 n— 1 andO 53' _<_ m- 1. Eachnodehasadirectconnection toatmostfourother,

nodes, namely (tn-+1, vj), (tn--1, 11,-), (0,, 12,-“), and (0;, 15-1) (if they exist). Figure 2.2 shows an

example of a 2 x 3 mesh.
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Figure 2.2: A 2 x 3 two—dimensional mesh

Higher dimension meshes are defined similarly. An n-dimensional mesh has nodes that are

labeled by n-tuples (01, . . . , on). Each node has a direct connection to at most 2n other nodes that

differ by one in each component of its n-tuple.

2.3.2 Torus

An n—dimensional torus is an n-dimensional mesh with wrap around edges. For example, in a two-

dimensional torus each node (12,-, 12,-) has exactly four direct connections to nodes (12“+1)mod 2, 12,-),

(”(i—1)mod 2, 12,-), (vi, ”(j+1)mod 2), and (vi, ”(j-nmod 2). The edges that did not exist for the mesh
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topology are the wrap around edges. Figure 2.3 shows an example of a 2 x 3 torus. The wrap around

edges are shown in bold lines. Higher dimensional tori are defined similarly.

 
Figure 2.3: A 2 x 3 two-dimensional torus

2.3.3 Hypercube

An n-dimensional hypercube has 2" nodes label by all possible n-bit binary strings. Each node

has direct connections to n other nodes. Specifically, each node is connected to all nodes whose

bit strings differ in exactly one bit. Figure 2.4 shows and example of a 3-dimensional hypercube

toroloey-

 
Figure 2.4: A three-dimensional hypercube
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2.3.4 Symmetric Communication

Meshes, Hypercubes, and Tori have the property that if node a: has an external output channel con-

nected to an external input channel of node 3;, then y also has an external output channel connected

to an external input channel of node 2:. Topologies with this property are said to have symmetric (or

“two-way”) communication between nodes :1: and y.

In an arbitrary topology that uses the generic node architecture, communication may not be

symmetric. For example, in the network shown in Figure 2.1(b) node 1 has a direct connection to

node 2, but node 2 does not have a direct communication link to node 1. We will assume arbitrary _

topologies do not have symmetric communication unless otherwise stated.

2.4 Graph Theoretic Formulation

When developing a multicast algorithm, it is convenient to have a mathematical model of the system.

In particular, the topology of a direct network system can be modeled by a graph, and algorithms

are developed using the graph model. In the system described in Section 2.1, each of the commu-

nication links from an external output channel of one node to an external input channel of another

node represents a one-way communication link. Consequently, communication is not necessarily

symmetric. Networks with this organization are best modeled by directed graphs, or digraphs. That

is, a direct network topology is modeled by a digraph G = (V, A), where V represents the nodes in

the network and A represents the communication links. For example, the digraph in Figure 2.5(a)

models the network pictured in Figure 2.1(b), and Figure 2.5(b) is a digraph that represents a 4 x 4

mesh topology.

Topologies that provide symmetric can be modeled by an undirected graph G = (V, E), where

V represents the nodes of the network and E represents two-way communication links between
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Figure 2.5: Digraph representations of direct networks

nodes. In particular, if edge e = ‘0in E E(G’) then v,- and 22,- can send messages directly to each

other along the edge e. We assume G is connected and simple, i.e., there are no loops or parallel

edges. The undirected graph model of a 4 x 4 mesh is seen in Figure 2.6. This undirected graph is

(0.0) (0.1) (0.2) (0.3)

f f F
 

(1.0) (1.1) (1.2) (1.3)

e F e~ e 

(2.0) (7.1) (7.2) (7.3)

e e e e 

    (3.0) (3.1) (3.2) (3.3)
e e r 

Figure 2.6: Graph model of a 4 x 4 Mesh

equivalent to the digraph model in Figure 2.5(b). For the sake of simplicity, we will use a general

graph model to introduce main concepts and use directed graphs in special cases described later.

The graph models for a 4 x 4 toms and a three—dimensional hypercubeare shown in Figures 2.7(a)

and 2.7(b). Notice that these graphs are much easier to decipher than Figures 2.3 and 2.4.

In a direct network, messages are sent between nodes using direct or indirect communication.

The route that the message follows corresponds to a path in the graph model. A messages is sent
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Figure 2.7: Graph models of direct networks

from source node v,- to destination node (23' along an (i, j)-path. A sequence p = 0102 . . . on is a

path1 ifthere is an edge between node v,- and node 0,-4.1, and if v,- 7é 12,- for all i,j. We call p an

(i, j)-path if v; = v,- and v1’, = 1)]“; the path is denoted by p(i, j). Direct communication implies

that the path p(i, j) used to send a message from node v,- to node ‘Uj has length one, i.e., p(i, j) is

precisely the edge e = ”5111'. In indirect communication, an (i, j)-path uses intermediate nodes to

forward a message to its destination, i.e., p(i, j) = v, . . v), . . . 12,-, where v), is an intermediate node.

To initiate communication between nodes in a direct network, a message passing request is

made. A message-passing request is an ordered pair M = (S, D), where S g V(G) is the source

set and D g V(G) is the destination set. Message passing paradigms are classified according

to the sizes of the source and destination sets. The multicast communication paradigm that we

described above has the characteristics that IS] = 1 and ID] 2 1. Two specific cases of multicast

are unicast and broadcast. Unicast, or one-to-one, communication involves a single source and

a single destination, i.e., IS] = |D| = 1. In broadcast, also called one-to-all communication,

D = V(G) — S. Thus, the multicast problem is formulated in graph theoretic terms as follows:

 

'A path is typically defined as an alternating sequence of vertices and edges. Since we consider only simple graphs, a

path can be defined by a sequence of vertices.
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Given a graph G = (V, E) and a message passing request M = (s,D) in G, find an efficient

implementation for M in G.

2.5 Multicast Classification

Before a multicast algorithm can be developed for a specific system represented by a graph, the

physical characteristics of the system must be defined, and any constraints that these characteristics

impose must be incorporated into the graph model and multicast implementation.

Figure 2.8 shows a classification of different implementation methods for various constraints I

that have been defined for direct network systems. We describe each component of the classification

in the following sections.

]

i
, Switching Routing Str'uegy Routing Inform

 

u
-
-
-
-
-
-
1

-

i 0
6
3

  
 t

l

 

hhflfiaun
 

-
{
.
-
-
-
-
-
-
-
-
-
-
-
-

  

El]
.
.
-
.
.
.
-
4
-
-
-
-
-
-
-
-
-
-
-
-

 

 
-.

 t  

d
-
-
-
-
-
-
d
-
-
-
-
-
-
-
-
-

 Q  i] 

 i’

 

g.
)

@
.
-
-
-
1
C
O
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
-
.

.
1

5
i

"
'
]
"
'

Figure 2.8: Multicast problem classfication



17

Our research addresses only 1-port architectures. However, the same classification applies to

k-port architectures, in which each node has It pairs of internal channels. Let Class I), refer to a

system with the characteristics of Class 1 in Figure 2.8 and a k-port architecture. We will assume

all problems refer to a l-port architecture unless otherwise stated. Thus, Class 1 (with no subscript)

is understood to be Class 11.

2.5.1 Implementation

Like any operation, multicast communication can be implemented in either hardware or software. _

The NCUBE—2 offered a restricted multicast implementation in hardware; however, the hardware

implementation was not deadlock free and was therefore disabled [40]. Due to the complexity of

hardware implementations of multicast, most existing direct network systems only support unicast

in hardware. Consequently, multicast must be offered in software. We address only software imple-

mentation of multicast communication in this dissertation.

2.5.2 Software Methods

Several software methods have been discussed in the literature: Unicast—Based Multicast (UBM),

path-based multicast, and tree-based multicast. We desribe each of these in the following sections;

however, our research addresses only UBM implementations.

Unicast-Based Multicast

Unicast-Based Multicast (UBM), in which multicast is accomplished by issuing multiple hardware

unicast messages, has become a popular software technique for implementing multicast in direct

network systems [21, 46, 47, 2, 4, 5]. Farley describes a calling schedule for implementing broadcast
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communication [20, 2112. A calling schedule consists of several time steps of unit length during

which one or more unicasts can be executed in parallel. Each unicast is characterized by three

parameters: source, destination, and time. In order to clearly indicate the path used to perform a

unicast, we represent a unicast as an ordered quadruple (i, j, p(i, j), t) which is read as, “Node 1'

sends a message to node j along path p(i, j) during time step t.” For a multicast request M =

(S, D), where S = {s} and D = {d1, d2, . . . ,dn}, we define the informed set of M at time step t

with respect to a calling schedule C, denoted Ito (M), to be the set of all nodes from SUD that have

received the message after time step t is executed under calling schedule 0. Thus, If(M) = {s}

for any 0’ and any M. The length of a calling schedule is the number of time steps in which calls .

are made.

To illustrate these concepts, consider multicast request M = {121, v2, v3, 125} in the graph of

Figure 2.5(a). The calling schedule C = {(vl,vg,v2v3,1),(v1,v5,vlv4v5,2),(vg,v3,vgv3,2)}

implements M in G. One unicast call from 01 to 122 is made during the first step. During the second

step, two unicast calls are made — one from 01 to 05 and another from oz to 03. Thus, the informed

setsare:

If)" = {”1}

II? = {01)1’2}

I2C = {vlrv2rv3rv5}r

andthe length of C is two.

 

2Farley assumes a graph model. All concepts are easily extended to a digraph model by making edges directed.
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Thee-Based and Path-Based Multicast

In both the tree-based and path-based approaches, the multicast destinations are specified in the

message header. In the tree-based approach, a spanning tree rooted at the source node is found, and

the multicast message is propagated along the tree. In particular, the message follows a common

path until a branching point is encountered; the message is then replicated and sent along each

branch, where the message header contains only the destinations of the branch to which it is sent.

In the path-based approach, the message is sent along a path (or multiple paths) that goes through

each destination node. If the router discovers that the message is destined for its associated proces-

sor, it both copies the incoming message to the local processor and forwards the message along the

path. Unlike the tree-based approach, no branching occurs in this approach.

Both of these methods are concerned with finding trees or paths that are deadlock free. There is

no other measure of “efficiency” involved in these approaches. In addition, these appromhes may

required some additional hardware to support replication capabilities.

2.5.3 Switching

The edges of the graph (or arcs of the digraph) model described in Section 2.4 represent the physical

lines of communication between the nodes in the direct network system. Various characteristics of

the system, such as hardware and routing techniques, determine when the physical communication

lines can and cannot be used. In a UBM calling schedule, messages may be sent simulle be-

tween multiple source-destination pairs. One constraint that a UBM algorithm must consider when

scheduling simultaneous unicast calls is the communication model that applies to the direct network

system. Farley defined three different communication models [21]. The distinguishing character-

istic in the three variations is the requirements on the paths that can be used during simultaneous

message transmissions. In the line-switching model, all the paths used simultaneously must be edge-
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disjoint. In the node-switching model, all the paths used simultaneously must be node-disjoint. In

the neighbor-switching model, all communication is direct, i. e., each path used consists of a single

edge.

As the names suggest, these communication models depend on the type of switching used by

the direct network. Store-and-forward switching is best described by the neighbor-switching model.

In the neighbor-switching model, a message can only be sent to a neighboring node, and the time

needed to send a message to a neighboring node is considered to be one unit. The line-switching

model is applicable to current wormhole-routed, commercial multicomputers with generic nodes as

depicted in Figure 2.1(a). Any call requires unit time because message transmission is relatively '

independent of path length. In addition, each router can relay several messages simultaneously

provided the messages do not require the same external channels (i.e., paths are edge-disjoint).

Thus, two calls that use the same node can be made simultaneously, as long as the external channels

used in each path are disjoint. Because most current commercial multicomputers use cut-through

techniques, we will focus on the line-switching model of communication. Node-switching does

not have an analogous switching technique; however, notice that the node-switching criterion also

satisfies the line-switching criterion.

2.5.4 Routing Schemes

In the network in Figure 2.1(b), there may be multiple paths along which a message can be delivered

between two nodes. For example, node 1 can send a message to node 3 using node 2 as an interme-

diate node, or node 1 could also use both 4 and 5 as intermediate nodes to deliver a message to node

3. The path along which the message is delivered depends on the routing scheme used. A routing

scheme R of a direct network is a collection of all permissible paths along which a message can be

delivered for each pair of nodes in the network. If a routing scheme R includes every (2', j)-path for
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each u,- and 12,-, the system is said to use free routing [46]. If, on the other hand, R includes exactly

one (i, j)-path for every pair of nodes v,- and ‘Uj, the system is said to use oblivious routing [35] or

restricted routing [46]. UBM algorithms are highly dependent on the routing mechanism used by

the underlying system.

In practice, parallel systems use oblivious routing rather than free routing. Current systems

based on mesh and‘hypercube topologies use an oblivious routing scheme called dimension-ordered

routing. For example, two dimensional mesh topologies typically use the :ry-routing scheme. Sup-

pose a message is being sent from source node (2,, y.) to destination node (21-, y,-) in a 2D-mesh.

The message is first routed in the x-direction (along row 1:.) until it reaches column yj. The mes- I

sage is then routed in the y direction (in column yj) until it reaches its destination. To deliver a

message from node (2, 1) to node (4, 3) in Figure 2.9(a), the path shown by dashed lines is used.

The zy-routing scheme is oblivious because the specified path is unique and is used regardless of
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Figure 2.9: Oblivious routing schemes.

network conditions. The Intel Paragon [31], a multiprocessor computer with a two dimensional

mesh network, utilizes zy-routing. Note that a similar dimension-ordered routing can be defined for

torus topologies.
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Hypercube topologies typically use e-cube routing, in which the message also travels through

the cube dimensions one at a time. Figure 2.9(b) shows the oblivious e-cube routing path used to

deliver a message from node 110 to node 001 in a three dimensional hypercube. The NCUBE-2

[44], a multiprocessor computer with a hypercube network, utilizes e-cube routing.

The third type of routing combines both of the above models. In partially-restricted routing,

part of the path is restricted and part of the path is free. This model was motivated by turnaround

routing in multistage cube networks. In turnaround routing, any path can be used in the forward

direction, but a specific path must be used in the backward direction [53]. We can define a similar

type of routing in direct networks.

2.5.5 Routing Information

The final issue in the multicast classification of Figure 2.8 addresses the amount of routing informa-

tion stored at each node. Ideally, each node has complete routing information. In other words, each

node knows the path used to route a message between any pair of nodes in the network. If routing

information is stored as a routing table, the storage requirements for complete information can be

quite large. In order to reduce storage requirements, each node may contain only partial routing

information. The least amount of information that a node can have is to store only the paths it uses

to route messages to other nodes in the network. Thus, a node v, knows how to route messages to all

nodes in the network but does not know how node v,- routes a message to node vk. We will refer to

this as source limited routing information. Complete routing information and source limited routing

information represent the two extremes of the amount of information that can be stored. There may

be several levels between these extremes.
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2.6 Legal UBM Calling Schedules

Finding a UBM algorithm for multicast request M = (s, D) in a graph G is equivalent to finding

a legal calling schedule for M. There are five requirements for a calling schedule 0 to be legal:

that any path used to send a message must be contained in the routing scheme, that all the paths

used to perform a unicast in any given time step t must be source and destination disjoint (i.e., a

node can only inform one destination in a time step, and a node can only be informed once in a time

step), that only previously informed nodes can be the source of any unicast, that any destination

node receives the message exactly once, and that all destinations in D are informed within a finite _

amount oftime. In generalizing fiom broadcasting to multicasting, we add the requirement that only

nodes in the source and destination set of multicast request M may be the source or destination of a

unicast. We present below the formal requirements for a legal calling schedule 0 that implements a

multicast request M under the line-switching model.3 The requirements for legal calling schedules

that implement node- and neighbor-switching are identical except for an appropriate modification

to condition (vii).

(i) If (imam) e 0 menpw) e R.

(ii) If(i,j,p(i,j),t) 6 Cand (m,n,p(m,n),t) e Ctheni ¢ m andj 96 n.

(iii) Forall (i, j, p(r', j),t) e C,i 6 now).

(iv) Foran (i.j.p(i.j).t) e C. i r 1,0(M).

(v) Thereexistsatime steptsuchthatIflM) = SUD. Wecalltthelength ofC.

(vi) For all (i, j, p(i, j),t) e C, i, j e so 1).

(vii) If (i, j, p(i, j),t) E C and (m, n, p(m, n),t) 6 C are distinct unicasts, then p(i, j) and

p(m, n) are edge-disjoint.

 

3Farley's requirements for a corresponding legal line-switching calling schedule include only conditions (iii) and (vii).



2.6.1 Inter-Class Relationships

We focus on UBM algorithrris for direct network systems. However, there are seven distinct classes

with the UBM framework. An obvious question that arises is: What is the relationship between the

classes? Figure 2.10 shows the relationships between legal UBM schedules.
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Figure 2.10: Legality relationships for UBM Calling Schedules

The paths used in any step ofa legal node-switching schedule are node-disjoint. Thus, the paths

are automatically edge-disjoint. This implies that any legal node-switching schedule is also a legal

line-switching schedule. Similarly, because the neighbor-switching model only allows calls to be

made along paths of length one, a legal neighbor-switching schedule is inherently node-disjoint.

Thus, a legal neighbor-switching schedule is also a legal node-switching schedule (and therefore

a legal line-switching schedule as Well). With respect to the routing strategy, any legal schedule
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for a system that uses oblivious routing is also a legal schedule for a system that employs free

routing since the oblivious routing paths are a subset of the free routing paths. Similarly, any legal

schedule that has access to only partial information is a legal schedule in a system that has complete

information.

2.7 Performance Measures

Once we have determined the constraints of the system, there may be several legal calling schedules

that satisfy a multicast request. Thus, we need to evaluate the performance of a UBM algorithm so '

that the most efficient calling schedule can be selected.

In general, efficient algorithms should use as little of the system’s resources as possible. We

consider two resources: time and traffic. Because communication overhead is so costly, it is de-

sirable to minimize the amount of time (or number of steps) necessary to complete a multicast

request. More formally, one objective is to find an algorithm that always produces legal calling

schedules of minimum length. The lower bound on the number of steps for a legal UBM schedule is

[lg(|D| + 1)] . A lower bound UBM implementation will require exactly [lg(|D| + 1)]; however, an

optimal UBM schedule may require more steps if the lower bound is not achievable in the particular

system in which the algorithm is used. Thus, there is an important distinction between optimal and

lower bound UBM implementations. We define a time efi‘icient UBM algorithm to be one that mini-

mizes the number of steps needed to perform the multicast in the particular system (i.e., an optimal

implementation).

Another way to measure performance is by the number of communication links used. Using a

small number of communication lines keeps the traffic low and allows better overall system perfor-

mance. Thus, another objective is to minimize the sum of the length of the paths used in a legal

calling schedule. We will call a UBM algorithm that minimizes the number of communication lines
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that are used trafi‘ic efi‘icient.

2.7.1 Optimality Implications

In Section 2.6.1, we showed the relationships between legal calling schedules for the different

classes of UBM implementations. One may ask: Is there a similar relationship between optimal

UBM implementations? The implications shown in Figure 2.10 are exactly the same with respect

to lower bound implementations. Because no calling schedule can use fewer than [lg(|D| + 1)]

steps, a lower bound implementation 0 that is legal for one class will clearly be a lower bound

implementation for any other class in which 0 is a legal implementation.

Unfortunately, these implications do not hold for optimal implementations. For example, an

optimal schedule for a system in Class 3 may require more than I'lg(|D| + 1)] step. Because

additional routing information is available for Class 2, an optimal schedule for a system in Class

2 may require only [lg(|D| + 1)] steps. A calling schedule 0' is legal for both classes, but not

Optimal for both classes. Very little is known about the optimality implications for the classes. This

dissertation begins to answer this question.



Chapter 3

Related Work

Multicast, in particular broadcast, is one of the most widely studied communication paradigms

in networks. In this chapter, we give a brief survey of the various multicast problems that have

been addressed, focusing on unicast-based multicast implementations. Much of the early work in

multicast communication considered the problem of broadcasting in multicomputer systems that

assumed the neighbor-switching model. We describe this work in Section 3.1.1. As circuit routing

techniques such as wormhole routing became popular, attention turned to multicast under the line-

switching model. We discuss work in this area in Section 3.1.2.

In the UBM algorithms we describe, it is assumed that any message can be delivered in unit

time. In recent years, several authors have used other models in attempt to more accurately model

message transmission time on real networks. We describe several of these variations in Section 3.3.

In addition, parallel systems that are not based on direct networks are gaining popularity. For

example, the IBM SP—2 is based on an indirect network, called a multistage interconnection network,

as opposed to a direct network. We discuss multicast techniques that have been developed for these

and other networks in Section 3.4.

Fmally, because parallel machines and netwOrks are often modeled by graphs, many problems

27
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in parallel and distributed processing are closely related to problems in graph theory. In Chapter 6

we will show how a path-matching problem in graphs has direct application to multicast communi-

cation. Thus, in Section 3.5 we provide a brief discussion of previous matching problems in graphs.

3.1 Unicast-Based Multicast Communication in Direct Networks

3.1.1 Neighbor-Switching (Class 7)

In the neighbor-switching model, a node may only call one of its neighbors. For example, node

(1, 1) in Figure 3.1 can only make calls to nodes (1, 2) and (2, 1). In this model, we assume that the A

cost to deliver a message is uniform for all communication links, i.e., a message can be delivered in
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Figure 3.1: Multicast in node-switching model.

Before circuit routing became popular, most networks used store-and-forward routing. As

mentioned in Section 2.5.3, networks that use store-and-forward routing are best modeled by the

neighbor-switching assumption. Consequently, much of the early work on multicast in networks

assumed the neighbor-switching communication model. Notice that the concept of free routing vs.

oblivious routing is not applicable in the neighbor-switching model. There is only one “path” (of

length one) between a node v and its neighbor w. Thus, node v is both free to use any available path
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and restricted to a specific path when sending a message to w.

One drawback of the neighbor-switching model is that not all subsets of nodes may be reached

using only local calls. For example, suppose a multicast request with S = {(3, 2)} and D =

{(1,2), (1,4), (2,2), (3, 1), (3,3), (4,3), (4,4)} is made in the network in Figure 3.1. Under the

neighbor-switching assumption, there is no way to deliver the message to node (1, 4) using only

nodes in S U D. Thus, it is not surprising that most of the work that uses the neighbor-switching

model concentrates on the broadcast problem, where S U D = V(G). Other authors have allowed

vertices that are not source or destination vertices to be involved so that multicast can be addressed.

In this case, nodes that do not need the message are interrupted and required to forward the message. .

Slater et al. show that the problem of determining the minimum amount of time required to

broadcast from an arbitrary vertex of an arbitrary graph is NP-complete [49]. Because determining a

minimum length broadcast schedule in an arbitrary graph is NP-complete, researchers have focused

on other aspects of the problem. In the context of neighbor-switching, two classes of problems have

been considered. The first problem is to find an efficient way to broadcast in a given graph. The

second problem is to build a graph in which broadcast can always be done efiiciently.

Finding Efficient UBM Broadcast Algorithms

In general, a broadcast request is made in a given graph, and a calling schedule (see Section 2.6) is

used to implement the broadcast. The source node makes a call to one of its neighbors, and the other

nodes may also make calls to neighbors after they have received the message. This continues until

all nodes are informed. Typically, the edges that the messages travel along make up a broadcast

tree. Figure 3.2 shows two broadcast trees for K3, where the source node is node 1. The number on

each edge shows the time step during which the edge is used to deliver a message. The broadcast

tree in 3.2(b) requires seven steps while the tree in 3.2(c) requires only three. Many broadcast trees



  

 (a) Complete graph Ka (b) 7-step broadcast tree

Figure 3.2: Broadcast trees for Kg.

exist for a single graph. One objective that has been studied is to choose the “best” broadcast tree.

Because determining the minimum amount of time required to broadcast from an arbitrary ver-

tex of an arbitrary graph is NP-complete, Slater et al. focus on broadcasting in trees. In particular,

they develop an algorithm for finding the broadcast center of a tree. In general, a center of a graph

is defined as follows: (1) each vertex is assigned a value according to some measure, e.g., weight,

distance, or time; (2) the center is the set of vertices that have minimum value. In [49], the measure

being minimized is the number of time steps needed to broadcast from a vertex. That is, the broad-

cast center of a tree is the set of vertices in the tree from which broadcast can be completed in the

least amount of time. Slater et al. Show that the broadcast center of a tree is always a star with two

or more vertices. For example, consider the tree in Figure 3.3(a). The number shown beside each

node is the broadcast time fiom that node. Thus, the subgraph shown in bold lines is the broadcast

center of the tree.

Koh and Tcha [43] use a different measure to find the broadcast center of a tree. They minimize

the average time at which a vertex in the tree receives the message; this is called the minisum

criterion, whereas the function used by Slater et al. is called the minimax criterion. The average

time that each node receives the broadcast message is shown in Figure 3.3(b), and the center under
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(a) Broadcast center under minimax (b) Broadcast carter under minisum

Figure 3.3: Broadcast center of a tree.

the minisum criterion is again shown by bold lines. The center is not the same as that for the

minimax criterion, however this is not always the case.

Bharath-Kumar and Jaffe [8] consider multicast in arbitrary networks, and they focus on traffic

efficiency rather than on time. As mentioned earlier, not all subsets of nodes can be reached using

local calls. Thus, some of the nodes used to deliver the message may not be destination nodes.

Furthermore, the authors permit any subgraph to be used to deliver messages. Suppose a node

must deliver a message to a non-neighboring node. A common technique is for the node to use local

information to determine which link it will use to forward the message (we called this source limited

information in Section 2.5.5), and therefore which node is the next to be responsible for delivering

the message. Because the routing is done in this distributed manner, any subgraph may be used for

the multicast. For example, Figure 3.4 shows a graph that is used for multicast that is not a tree.

Node 1 is the originator of the message, and it is responsible for sending messages to nodes 6 and

7. Node 1 chooses to send the message destined for node 6 through intermediate node 2 and to send

the message destined for 7 through intermediate node 5. Node 2 sends the message directly to node

6. Node 5 choose to send the message destined for 7 through node 6, thus creating a cycle in the

multicast graph.
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Figure 3.4: Multicast subgraph.

Mthin this context, Bharath-Kumar and Jaffe define two criteria used to measure the efficiency

of the multicast implementation. Network Cost (NC) measures the number of communication links '

used to deliver the message and Destination Cost (DC) measures the average delay experienced by

each destination. Their goal is to minimize NC because applications like file transfer do not rely

heavily on message delay. The authors explain that, while optimizing DC is relatively easy, opti-

mizing NC is an NP-complete problem. They discuss the feasibility of using DC optimal algorithms

to approximate NC optimal solutions, and they devise several heuristics for minimizing NC.

Multi-port Architectures (Class 7),)

Finding efficient neighbor-switching UBM algorithms has also been studied in systems with a multi-

port architecture, i.e., in systems where each node can send or receive more than one messages at

a time. Choi and Esfahanian [14] study multicasting in such systems. They model the network

as a graph and consider both time and traffic efficiency. In particular, they propose the Optimal

Communication Tree (OCI') problem, in which a broadcast tree T that preserves the distances in G

from each node to the source and that has the fewest number of nodes is to be found. In general,

OCT is NP-complete. Choi and Esfahanian show that the OCT problem is NP-complete even for the

n-cube and for graphs whose maximum degree is at most three. They also present some heuristics
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for the OCI‘ problem.

Efficient Broadcast Graphs

Other work under the neighbor-switching assumption has focused on characterizing the types of

graphs in which broadcast can always be done efficiently. The broadcast time from a vertex v in a

graph G is the minimum number oftime steps needed to broadcast a message from v. The broadcast

time of a graph G, b(G), is the maximum broadcast time from any vertex in G. Because the number

of informed nodes can at most double in each step, b(Kn) = [lg 71]. However, some edges can ’

be removed from Kn, and the resulting graph still has broadcast time I"lg n]. A minimal broadcast

graph on n vertices is a graph G with the properties that b(G) = [lg n], but any subgraph G’ of G

has b(G’) > [lg 73]. Furthermore, B(n) is the minimum number of edges in any minimal broadcast

graph, and a minimum broadcast graph (mbg) on n vertices is a minimal broadcast graph with B(n)

edges. An mbg provides a network topology in which broadcast can be completed from every node

in a minimum number of time steps.

Farley et al. determine B(n) for n _<_ 15 and for graphs with 2" vertices [19]. B(n) has been

calculated for other specific values of n as well [42, 7], however it appears very difficult to calcu-

late B(n) in general. Thus, many authors have focussed on constructing sparse broadcast graphs.

A sparse broadcast graph contains a small number of edges that is not necessarily the minimum

number of edges of a broadcast graph [20, 13, 26]. Not all of the broadcast graphs found pro-

vide practical network configurations. In an attempt to make more realistic mbgs, construction of

sparse broadcast graphs with bounded maximum degree has also been studied [37, 6]. All of there-

sults mentioned above were for undirected broadcast graphs. Liestrnan and Peters found minimum

broadcast directed graphs for some specific values of n [38].

Variations of this problem have also been considered. Gargano et al. study the mbg problem in
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the presence of failures [25]. In particular, they want to find Bk(n), the minimum number of edges

in any graph on n vertices than can broadcast from any node in |'lg n] time steps in the presence of

up to 1: transmission failures.

3.1.2 Line-Switching (Classes 13)

In Section 2.5.3 we showed that current direct networks, in which each node has a processor and

separate router, allow “long distance” calls to non-neighboring nodes to be made in unit time. Un-

like the neighbor-switching model, several physical paths may exist between a source node 3 and

destination node d. If the system allows any (.9, d)-path to be used, it is said to employ a free routing .

scheme. If the system specifies a unique (.9, d)-path for sending a message fiom s to d, the system

is said to use oblivious [35] or restricted routing [46].

Free Routing (Class 1)

Farley first addressed line-broadcasting (broadcasting in a general graph under the line-switching

assumption) [21]. He shows that under the line-switching assumption, broadcasting can be com-

pleted in minimum time (|'lg n] time units ) in any connected network of n nodes that employs free

routing, regardless of message originator.

McKinley, et al. addressed the problem of performing multicast in wormhole-routed direct

networks [46]. They showed that there exists a lower bound implementation for any multicast

request M = (s, D), i.e., it requires exactly flg(|D| + 1)] steps to deliver the message to all

destinations in D, in systems that admit free unicast communication, regardless of topology. The

general idea of their algorithm is as follows. First, construct a trail that includes the source node and

all the destinations nodes. The message is delivered from the source to a destination at the “middle”

of the trail, and the trail is then broken into two equal length subtrails each of which contains an
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informed node. This is continued recursively until all destinations are informed, thus [lg(|D] + 1)]

steps are required. Neither Farley nor McKinley et al. consider traffic efficiency.

Kane and Peters [32] consider time and traffic efficient broadcasting in cycles. They construct

algorithms that always use a minimum number of phases ([lg n], where n is the number of nodes

in the network) and that also minimize the number of communication links used in each phase.

Oblivious Routing

With respect to time efficiency, problems in Class 1 have been solved, i.e., optimal algorithms have

been found for line-switching systems that allow fiee routing. Unfortunately, most commercial

machines offer only oblivious unicast routing, particularly in wormhole routed networks where

deadlock would result if free routing were used. Consequently, it is important to study efficient

UBM algorithms for systems that employ oblivious routing.

No popular topologies for multicomputers are the mesh and the hypercube. Both of these

systems use an oblivious routing technique called dimension-ordered routing. Two commonly used

dimension-ordered routing schemes are zy-routing and e-cube routing. In rig-routing, used in a

two-dimensional mesh, a message moves first in the :1: direction and then in the y direction. For

example, to deliver a message from node (3,2) to node (1,4) in Figure 3.1 the path shown by

dashed lines is used. The hypercube uses e-cube routing, in which the message travels through the

dimensions one at a time. McKinley et al. [46] use the calling schedule implementation described

in Section 2.6 to develop lower-bound (on time) algorithms for doing multicast in hypercubes and

meshes. Their algorithm was later extended to do multicast in torus networks [47].



36

Multi-port Architectures (Class 2),)

Variations of this problem have also been studied. McKinley and Trefftz study broadcast in all-port

wormhole-routed hypercubes [41]. All-port architectures have the same number of internal and

external channels (see Figure 2.1(a)). They develop the double tree (DT) algorithm, and show that

it completes broadcast in [’21] steps in an n-cube.

3.1.3 Node-Switching (Classes 4-6)

Because the node-switching model does not have a corresponding switching technique in direct

networks it has not been studied as extensively as the other models. Farley addressed node-switching '

algorithms for Class 4, i.e., for systems that allow free routing [21]. He shows that it may be

impossible to find a minimum length, i.e., [lg n], node-disjoint broadcast schedule in an arbitrary

tree with n nodes. However, he also shows that for all 11 there does exist a tree with n nodes that

allows minimum time node-disjoint broadcasting to be done.

3.2 Dee-Based and Path-Based Communicaton (Classes 8-9)

As discussed in Chapter 1, there are also multicast algorithms that are not based on making several

unicast calls, i.e., non-UBM algorithms. In tree-based and path-based multicast, the destinations

are encoded in the header, and the router examines the header and capies or forwards the mes-

sage. Because messages that traverse multiple communication links can hold several links at a time,

deadlock can occur if the paths are not chosen carefirlly.

In [11], Byrd et al. describe three tree-based multicast protocols for deadlock-free multicast,

however no specific algorithms are given. Lin and Ni show that in wormhole-routed multicomputers

tree-based multicast algorithms can suffer from deadlock [40]. In particular, they show that deadlock

can occur in the tree-based multicast algorithm implemented in the nCUBE-Z. In [39], Lin et al. give
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a tree-based algorithm for 2-D meshes that is deadlock-free if double channels are used; however,

they explain that double channels incur extra cost and the performance of the tree-based algorithm

in a 2-D mesh is inferior to other path-based approaches.

Lin et al. propose three deadlock free path-based multicast algorithms for any network that

contains a Hamilton Path, and discuss the performance of these algorithms in 2-D meshes [39] and

in hypercubes [40]. They divide the network into high-channel and low-channel subnetworks. The

dual-path algorithm sends messages along two paths; one containing the destinations with labels less

than the source, the other containing the destinations that are greater than the source. The multi-path

algorithm is similar except that it divides the network into multiple subnetworks and uses multiple

paths to deliver messages. The fixed-path algorithm is similar to the dual-path algorithm except that

it uses longer paths that are the same regardless of the destination set. They use traffic to evaluate

the two algorithms. In [39], they show the performance of the algorithms for an 8 x 8 mesh. They

conclude that the dual-path algorithm is more efficient in that the network latency is relatively stable

for any number of destinations.

The work by Lin et al. was extended by Tseng et al. [51]. The algorithms in [40, 39] are

based on Hamilton paths in the multicomputer network. If faults occur in the network, they may

destroy the Hamilton paths. Consequently, they propose a trip-based, rather than path-based, model

for multicast communication that does not rely on the existence of a Hamilton path. The trip-based

model is similar to the path-based approach. A trip that contains the source and destinations is found

(nodes can appear multiple times in the trip). Forward and backward virtual graphs are constructed

from the trip, and messages are sent along the forward and backward graph to the appropriate

destinations. The path-based algorithms are a special case in which the trip is a Hamilton path.

Tseng et al. discuss the performance of their algorithm in hypercubes, and show its adaptability in

the presence of faults.
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Boppana et al. [9] propose a deadlock-free multicast algorithm for wormhole routed mesh net-

works. They assume that each node has only one pair of channels associated with each source

and destination for sending and receiving messages. They define compatibility between unicast and

multicast routing algorithms. A unicast and multicast algorithm are compatible if there are no dead-

locks between the messages routed by them. In the system Boppana et al. describe, the dual-path

and multi-path algorithms described above are not compatible with e-cube routing. They propose

the column-path routing algorithm which is compatible with e-cube routing and compare it to dual-

path and multi-path. They show that its traffic efficiency is comparable to that of the dual-path

algorithm.

3.3 Different Communicaton Models

The work we have discussed so far has assumed that a message is delivered in a single step, or

in “unit” time. While this is a fairly good model, other frameworks have been developed to more

closely model communication on actual machines. Such models include the Postal model, the Log?

model, and the Parameterized model.

In the Postal model, a message transmission requires A units. Thus, a message sent at time t will

arrive at its destination at time t+A- 1. In [10], a method is given for constructing optimal multicast

trees under this model. The authors assume a logical complete-graph topology, i.e., they assume

that communication is uniform between any pair of nodes in the network. The LogP model is a

generalization ofthe Postal model. In the LogP model, L is the latency (time to send a message), 0 is

the overhead (time that a processor is involved in transmitting or receiving and cannot perform other

operations), and g is the gap (time between successive message transmissions). Karp et al. develop

optimal broadcast implementations under this model [33]. Although the LogP model is more general

than the Postal model, it also has shortcomings in modeling communication on real machines. Park,
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et al. introduce the Parameterized model to more closely represent actual communication. In this

model, message transmission is comprised of three parameters: the sending latency (tang), the

receiving latency (new), and the network latency (tact). Unfortunately, each of these parameters

is rather difficult and costly to measure. Thus, the easily measured parameters tend, or end-to-end

latency, and thorn. holding time, are introduced. As in [10], Park, et al. assume a logical complete-

graph topology. They describe methods for constructing optimal multicast trees for one-port and

multiport architectures under the Parameterized model.

In each of the above models, communication time is considered to be uniform regardless of the

message size or the lenth of the path being traversed by the message. Fraigniaud and Peters [23] '

describe a method for measuring communication time that relies on message size and path length. In

particular, they model the time to send a message of length 8 over a path of length d as a + d6 + £1,

where or represents startup time, 6 represents the switching delay, and r is the propagation time.

They prepose a circuit-switched algorithm for a torus that requires time d lg(n)a+ d§6+ dlg(n)£r

under this model of communication.

3.4 Multicast in Systems Not Based on Direct Networks

Multicast has also been studied for various parallel and distributed systems that are not based on a

direct network interconnection structure.

Gaber and Mansour study broadcast in radio networks [1]. In this problem, if two stations

neighboring a node transmit simultaneously, their messages will collide, and neither of the messages

will be received at the node. Thus, a node can receive a message only if exactly one of its neighbors

transmits during a time slot. Gaber and Mansour develop a broadcast algorithm that requires (2(D)

time slots for sufficiently large D, where D is the diameter of the graph.

Huang and McKinley study multicast communication in ATM networks used for parallel com-
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puting [29]. They show that multicast trees can provide a substantial benefit over a separate ad-

dressing technique, in which the source sends the message sequentially to each destination.

Multicast for systems based on indirect networks has also been addressed. Xu et al. describe a

software technique for multicast in multistage cube networks that use turnaround routing [53]. In

particular, they develop the U-min algorithm for optimal multicast in such networks. The technique

used is similar to the multicast algorithms developed for mesh and hypercube topologies in [46]. For

a multicast request M = (s, D), the destination addresses are put into a lexicographically-ordered

chain. The destination in the “middle” of the chain is informed, and the chain is divided into two

equal subchains. This process is repeated recursively for [lg(|D| + 1)] until all destinations are '

informed. Xu et al. implement their algorithm for an IBM SP—l and show its superiority over other

existing techniques such as Chameleon [27] and MPI-F [24] broadcast.

3.5 Matching Problems in Graphs

A matching in an undirected graph G = (V, E) is a setM C E(G) of pairwise independent edges

(i. e., no two edges share an endpoint). The endpoints ofeach edge e E M are said to be matched. We

will refer to M as an edge-matching in G. For example, the bold edges in the graphs of Figure 3.5

are edge-matchings. Edge-matching has been used to model and solve many types of problems.

For example, consider a graph in which vertices represent jobs and workers, and there is an edge

between job j and worker w if worker w is able to perform job j. An edge-matching in such a graph

represents jobs that can be done simultaneously by qualified workers. It is often desirable to find

a maximum matching, where the largest possible number of vertices are matched. The matchings

shown in Figure 3.5 are maximum matchings. In the example where jobs are matched to workers, a

maximum matching represents the largest number ofjobs that can be done simultaneously.

A maximum edge-matching in a graph may leave some vertices unmatched. If every vertex
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Figure 3.5: Matchings in graphs.

in the graph can be matched, the matching is called a perfect matching (if there is an odd number

of vertices then exactly one vertex is left unmatched.) 'Ihe graph in Figure 3.5(a) has a perfect

matching, but the graph in Figure 3.5(b) does not.

Wu and Manber introduce a generalization of an edge-matching called a path-matching [52].

In a path-matching, vertices of G are joined by simple paths rather than edges. Specifically, a

path-matching M in G is a set of simple paths in which no two paths share the same end vertices.

For path-matching, the definitions for matched vertices and perfect matchings are analogous to the

definitions used in edge-matching, where an edge is replaced with a path. In Figure 3.5(b) the bold

edges together with the paths shown by dashed lines represent a perfect path-matching in the graph.

Various types of path-matchings can be defined by putting constraints on the paths contained in the

matching M. For example, a disjoint path-matching (or DP-matching) is a path-matching in which

paths in M are pairwise edge-disjoint. 'Ihe path-matching in Figure 3.5(b) is a DP-matching.

Each of the matching problems described above has several commonly studied variations. The

first variation is finding maximum (or perfect) matchings. As seen in Figure 3.5, perfect edge-

matchings do not exist in all graphs, but several algorithms exist for finding maximum edge-
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matchings in graphs [12]. Wu and Manber show that, unlike the case for edge-matchings, at least

one perfect DP-matching exists in every connected graph, and they describe an algorithm for find-

ing such a perfect DP-matching [52]. A second widely studied variation is further refinement of

the maximum matching problem. In particular, several maximum matchings may exist in a graph,

and the “best” of these matchings must be determined. This problem arises in weighted graphs,

where a maximum matching that has minimum cost is desirable. There are two common ways to

define the cost of a matching: as the sum of the weights of the edges in the matching or as the max-

imum weight edge in the matching (this is also called a bottleneck matching). Gabow and Tarjan

provide a polynomial algorithm for finding a bottleneck edge-matching in a graph (i.e., a maximum '

edge-matching whose maximum weight edge is as small as possible). Wu and Manber study both

these measures of cost for path-matchings [52]. They define the min-sum and min-max variations

of the DP—matching problem. In the min-sum problem, the objective is to minimize the sum of the

weights of all edges used in the path-matching. In the min-max version, the objective is to minimize

the maximal cost of a path in a matching, where the cost of a path is determined by the sum of the

weights of its edges. Wu and Manber show that the min-max problem is NP-complete for general

graphs. 'lhey also provide two polynomial algorithms for finding perfect min-max DP-matchings

in trees. Although the bottleneck DP-matching problem is NP-complete, Datta and Sen show that it

can be closely approximated In particular, they give a l-approximation algorithm for the bottleneck

DP-matching problem [15].

3.6 Summary

Recall that in Chapter 1 we discussed various components of the multicast problem: network model,

communication models, routing types and performance measures. The bulk of the work has been

done using a graph model for the network. This) necessarily implies that the network is symmetric,



43

i.e., if a: can communicate directely with y then y can also communicate directly with 2:. Very little

has been done in directed graphs, which model non-symmetric networks.

Both the neighbor-switching and line—switching communication models have been studied.

Finding time efficient and traffic efficient multicast algorithms in systems that use neighbor-

switching is NP-complete. However, neighbor-switching does not accurately model current routing

techniques. Direct networks that use circuit routing techniques, such as wormhole routing, conform

to the line-switching communication model. Because several paths may exist between a source and

destination pair, many authors have considered free routing. Optimal multicast algorithms have

been developed for arbitrary topologies that admit free routing. However, most commercial multi- '

computers use some type of oblivious routing. Optimal time UBM algorithms have been developed

for hypercubes, meshes, and tori. However, none of the results for oblivious routing techniques are

general, i.e., they do not apply to any topology that uses an arbitrary oblivious routing scheme.

Finally, two metrics have been used to measure the performance of multicast algorithms: time

and traffic. Very little of the previous work in multicast communication has addressed traffic effi-

ciency. In particular, the problem of creating traffic efficient UBM algorithms has not been studied

for arbitrary systems that admit free or oblivious routing.



Chapter 4

Source Limited Inclusive Routing

The first problem we address is finding time efficient line-switching UBM calling schedules in arbi-

trary topologies that use arbitrary oblivious routing schemes. In Section 4.1 we show that arbitrary

oblivious routing schemes are difficult to model graphiwa and may exhibit poor performance.

We discuss characteristics of oblivious routing schemes and describe a realistic class of oblivious

routing schemes called inclusive routing schemes. In Section 4.1.3, we show that if we are given

only source limited routing information that we can model these inclusive routing schemes as di-

rected trees. In Section 4.2 we present several properties of multicast communication in directed

tree topologies. In Section 4.2.3, we show that node-switching UBM algorithms provide a good

approximation to line-switching algorithms in directed tree topologies, and in Section 4.2.5 we give

a lower bound for broadcast in k-ary ditrees. The results presented in this chapter can be found in

[2. 3. 4].

4.1 Oblivious Routing Models

In the previous work on multicast, authors modeled routing information as a graph. In order to

develop correct multicast algorithms, the graph model should represent the routing information

44
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accurately, completely, and unambiguously. Current graph models address free routing, however

no model has been developed for oblivious routing.

4.1.1 Difficulties in Modeling General Oblivious Routing

Most of the previous work described in Chapter 3 was done using an undirected graph model.

An undirected graph models a network in which communication is symmetric and free-routing is

used. For example, consider the graph in Figure 4.1(a) that represents a bidirectional ring. 'Ihe

 
(a) Bidirectional ring (b) Unidirectional ring

Figure 4.1: Graph and Digraph representations for rings

graph represents the routing information accurately, i.e., there is no path in the graph that does

not correspond to a physical connection in the network. 'Ihe graph also includes complete routing

information, in that there are no physical routes between nodes that are not represented in the graph.

Finally, because free-routing is used, any path in the graph can be chosen to route a message. This

is unambiguously shown in the graph.

Unfortunately, the graph model can not be used to represent networks that do not provide sym-

metric communication. Suppose that we have a unidirectional ring in which the unidirectional links

are from node i to node (i + 1)mod n, where n is the number of nodes. The undirected graph in
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Figure 4.1(a) does not accurately represent the routing information. For example, there is an edge

from node 5 to node 4, but we can not deliver a message directly from 5 to 4 in the unidirectional

ring. 'Ihus, a different model must be used to capture the routing information. The directed graph

in Figure 4.1(b) can be used to represent a unidirectional ring that supports free routing.

Both the undirected and directed graph models are used to represent systems that support free

routing. If the system employs an oblivious routing technique, the situation changes. For example,

suppose the non-symmetric direct network from Figure 2.1(b) uses the oblivious routing shown in

Table 4.1. While the digraph model in Figure 2.5(a) is accurate and complete, it is not unambiguous.

Table 4.1: Oblivious Routing Table

 

 

 

 

 

 

 

 

 

 

 

  

Oblivious Routing Table

source destination routing path source destination routing path

”1 ”2 ”1”2 ”3 ”4 ”3”1”4

”1 ”3 ”1”2”5”3 ”3 ”5 ”1”4”5

”r ”4 ”1”4 ”4 ”1 ”4”1

”1 ”5 ”1”2”5 ”4 ”2 ”4”5”3”2

”2 ”1 ”2”5”3”1 ”4 ”3 ”4”5”3

”2 ”3 ”2”5”3 ”4 ”5 ”4”5

”2 ”4 ”2”5”4 ”5 ”1 ”5”4”1

”2 ”5 ”2”5 ”5 ”2 ”5”3”2

”3 ”1 ”3”1 ”5 ”3 ”5”3

”3 ”2 ”3”2 ”5 ”4 ”5”4        

There are three paths from node 111 to node 123 in the digraph (v1v2v3, v1v2v5v3, and 0111412503), but

it is not clear that the path 1211220503 must be used to send a message.

We have explored other graph models to solve the problem of ambiguity that exists in the di-

graph model. For example, one may use a multigraphl , in which each edge is labeled with the

(source,destination)-pair that uses it. Figure 4.2 shows the multigraph that corresponds to the obliv-

ious routing in Table 4.1. Unfortunately, a multigraph model can be unmanageable for even small

 

IIn a multigraph there can be multiple edges between a pair of vertices.



 

  

 
(5.4)

Figure 4.2: Multigraph model of oblivious routing

direct networks. Furthermore, multiple edges represent a single physical communication line. ’Ihus,

the notion of physically edge-disjoint paths is not present in the multigraph model.

We have discussed three graph models: undirected graphs, directed graphs, and multigraphs.

None ofthese models is able to represent arbitrary oblivious routing schemes accurately, completely,

and unambiguously. In addition to being difficult to model, arbitrary oblivious routing schemes may

lead to extremely poor performance. For example, consider a ring network where the directed path

usedtotransmitfromany nodevtoany nodewisthelongerofthetwopathsintheringfrom node

v to node w. It is easy to see that performing a multicast in the ring with this oblivious routing

scheme must take 0(a) steps, where n is the number of destination nodes, as almost every pair of

directed paths share an edge.

4.1.2 Inclusive Routing

In order to develop a realistic model for oblivious routing, we need to consider the defining charac-

teristics ofthe routing and model the Characteristics that best fit practical systems. One characteristic
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to consider is the properties of the paths specified by the oblivious routing. In a general oblivious

routing R, R contains exactly one (12,-, 1),) routing dipath for all i and j. A routing dipath may or

may not provide additional information about other routing dipaths in the oblivious routing.

Suppose the oblivious routing path p(i, j) uses intermediate node 11),, as shown in Figure 4.3.

In an arbitrary oblivious routing scheme, the p(lc, j) routing path may or may not use any of the

vertices or edges along p(i, j). On the other hand, p(lc, j) may be precisely the subpath of p(i, j)

 

----- p(kJ)

—— p(id')
   

Figure 4.3: Oblivious routing paths

from up to 12,-. 'Ihus, one property of oblivious routing is whether or not a path gives any information

about other oblivious routing paths. On one extreme, p(i, j) gives no information about any other

routing paths, i.e., p(i, j) is completely arbitrary. In the previous section we showed that arbitrary

schemes are diffith to model and can exhibit poor performance.

Consequently, assuming that a dipath p(i, j) provides no additional information about other

routing paths is unrealistic. 'Ihe other option is that p(i, j) does give some information about other

routing paths. We define inclusive routing schemes, a natural, realistic class of oblivious routing

schemes. In an inclusive routing scheme, if the directed path used by node v to transmit to node w

is (120,121, . . . ,vk) where v0 = v and v), = w, then the directed path used by node 1).-to transmit to

node Uj for 0 5 i < j S k is (22,-, . . . ,Uj). Note that both zy-routing on a mesh and e-cube routing

on a hypercube are specific examples of inclusive routing schemes.
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4.1.3 Source Limited Routing Information

Another defining characteristic of a system that uses oblivious routing is the amount of routing

information available to the router in each node. Nodes can store complete or partial routing in-

formation. Ideally, the router has complete routing information. However, in massively parallel

systems, which have a large number of nodes, storing all routing information may be impractical.

'Ihus, another option is that each router has only partial routing information. It is necessary for each

node to contain the routing paths it uses to deliver messages to all other nodes in the system. Given

this minimal amount of information, a node v.- knows how to route a message to an arbitrary node

Uj, but v,- does not have information regarding the dipaths that 12,- uses to send a message to it or any

other arbitrary node. We will refer to routing tables of this form as source limited routing tables.

One clear disadvantage of storing only partial information is that helpful routing information is

unavailable. For example, other informed nodes may be able to aid 11,- in performing a multicast,

but v,- cannot detect this using its limited routing information. However, source limited schemes

can store enough information to give reasonably good performance. For example, Bharath-Kumar

and Jaffe develop heuristics for NC routing, an NP-complete problem, using only source limited2

information [8]. 'Ihe heuristics performed well even though complete routing information was not

used.

We restrict our attention to inclusive routing schemes because they seem to capture the class of

oblivious routing schemes likely to be implemented in real networks. Furdiermore, we concentrate

on routing schemes that only have access to source limited routing information for three reasons:

first, storing complete routing information may have unrealistic storage requirements; second, using

only partial routing information has yielded good results in other multicast problems [8]; third, when

used in conjunction with inclusive routing, there is a corresponding graph model that represents all

 

tharath-Kumar and Jaffe use the term local information.
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the routing paths from the source to other nodes and some additional routing paths as well.

We use directed trees to model source limited inclusive routing. We use the definition ofdirected

trees given in [18]. First, we define a root of a digraph. A digraph G(V, E) is said to have a root r

if r E V, and there is a (r, v)-dipath for all 1) E V. A digraph is called a directed tree, or ditree, if

it has a root, and its underlying graph is a tree. We use a source’s routing information to construct a

directed tree that models the oblivious dipaths used in the inclusive routing scheme. Specifically, the

ditree is rooted at the source node, and the dipaths in the directed tree correspond to the oblivious

dipaths used by the source to send messages to each destination. For example, consider a direct

network with eight nodes where the directed paths used by the source node r to communicate with.

the other seven nodes are shown in Table 4.2. We can represent all these dipaths using the directed

tree in Figure 4.4. 'Ihe problem of computing a minimum length multicast schedule in a network

Table 4.2: Source Limited Oblivious Routing Table
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that employs an inclusive routing scheme given only source limited routing information is exactly

the problem of computing a minimum length edge-disjoint multicast schedule in a directed tree T.

4.2 Properties of Multicast in Directed Trees

Because source limited inclusive routing schemes can be modeled as directed trees, we focus on the

problem of performing multicast in directed tree topologies. We have not resolved the complexity of
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Figure 4.4: Ditree T with source node r

finding a minimum length edge-disjoint UBM schedule for ditrees, but in Section 4.2.3 we show that

solving the related problem of computing a minimum length node-disjoint broadcast schedule in a .

directed tree T provides a good approximate solution to the edge-disjoint problem. In this section we

present some properties that are useful for understanding and analyzing multicast communication

in directed tree topologies.

4.2.1 Definitions

Definition 4.2.1 A vertex v in a rooted ditree T with root r is at level i ifand only ifthe length (in

number ofedges) ofthe dipath p(r, v) in T is 1'.

Definition 4.2.2 The largest integer h for which there is a vertex at level h in a mated ditree is

called its height Let H(T) denote the height ofditree T.

Definition 4.2.3 Let T be a directed tree. Ifdirected edge on e E(T), then u is called a child of

v, and v is called the parent ofit. Let childrenfiv) denote the set {ulu is a child ofv in T}, and

parentfiu) denote node u's parent in T. If there is a dipath from v to u in T, then u is called a

deecendantofv, andv is calledan ancestor ofu.

Definition 4.2.4 For any multicast algorithm A, let A(M, T) denote the multicast schedule pro-

duced by A for any multicast request M = (1', D) in any directed tree T rooted at r, and let

|A(M, T)| denote the length ofthe multicast schedule. When M is the broadcast problem, we only

write A(T) and |A(T) |. We say that A is a node-switching or line-switching algorithm ifA(M, T)

is a legal node-switching or line-switching multicast schedule, respectively, for any multicast re-

quest M in any directed tree T.

Definition 4.2.5 Let OPT-ED, OPT-ND, and OPT-NB denote the set ofmulticast algorithms that

always generate minimum length legal edge-disjoint, node-disjoint, and neighbor-switching multi-
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cast schedules, respectively. Let ED, ND, and NB denote arbitrary elements ofOPT-ED, OPT-ND,

and OPT-NB, respectively.

Definition 4.2.6 Let IT| denote the number ofnodes in T.

4.2.2 Decomposing Algorithms

An attractive feature of node-switching that makes analysis relatively easy is that each unicast de-

composes the original multicast problem into two destination disjoint multicast subproblems. Con-

sequently, node-switching algorithms with this property are called decomposing algorithms, for-

mally defined below.

Definition 4.2.7 Let T be a directed tree. For 1) E V(T), (1:) denotes the subtree ofT induced by v

and all its descendants.

Definition 4.2.8 A node-switching algorithm A is a decomposing algorithm ifit produces a broad-

cast schedule in which no node ever calls a descendant ofa previously informed node. That is, the

only informed node on any dipath used by any call in A(T)for all ditrees T is the source ofthe call.

To illustrate Definition 4.2.8, suppose we want to find a calling schedule 0 to implement mul-

ticast request M = (r, D), where D is the destination set in directed tree T. Let the call (r, v, 1)

be the single unicast in the first step of C. After the call is made, we can decompose M into two

subproblems: implementing multicast request M" = (r, D — V((v))) in directed tree T — (v), and

implementing multicast request M” = (v, D — V(T - (v))) in ditree (v). 'Ihe following result

shows that we can restrict our attention to decomposing algorithms with no penalty.

Lemma 4.2.1 There exists a decomposing algorithm A in OPT-ND.

Proof: Let A e OPT-ND be a non-decomposing multicast algorithm for implementing multicast

request M in ditree T, and let (r, v, 1) be the first call in A(M, T). We will construct a decomposing

algorithm A’ such that A’(M, T) has the same length as A(M, T) for any multicast request M in
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ditree T. Note that all calls from nodes in T - (v) to nodes in (u) must pass through node v. 'Ihus,

only one such call can occur during any step t, and node it cannot be the source of a call during step

t. We construct A’ by replacing all calls of the form (2:, y, t) e A(M, T), where a: e V(T — (22))

and y 6 V((v)) with the call (it, y, t). 'Ihe same argument applies to the ditrees (v) and T — (v).

'Ihus, we construct multicast schedule A’(M, T) recursively as described above. ’Ihe resulting

multicast algorithm A’ is a decomposing algorithm, and A’(M, T) has the same length as A(M, T).

'Ihus, A’ 6 OPT—ND. Cl

4.2.3 Relating Node-switching to Line-switching

We now address the relationship between OPT-ND and OPT-ED. Specifically, we show that a

minimum length node-switching multicast schedule is at most twice as long as a minimum length

line-switching schedule.

Lemma4.2.2 There exists a family of ditrees 3T such that |ND(T)| = (2 - %)|ED(T)|, where

T E 31 and T has n nodes.

Proof: Consider the multicast request M = (or, {v2,v3, . . . , on}) (i.e., broadcast) in the ditree

T pictured in Figure 4.5. It is clear that under the node-switching model |ND(T)| = n — 1. Under

the line-switching model, or can inform U2, and then both or and up can make calls simultaneously

until all destinations have been informed. 'Ihus, |ED(T)| = 1 + "—;2- = g. Comparing these gives

“8,

IND(T)| _ n -l 2

IED(T)| 3-

=2-—.
11
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Figure 4.5: Node-switching vs. Line-switching

Lemma 4.2.3 For all directed trees T and multicast requests M, |ND(M, T)| _<_ 2|ED(M, T)|.

Proof: We first state two facts about the directed paths used to perform unicasts in any time step .

of a legal line-switching calling schedule. First, for any uninformed node v, at most one unicast

dipath will usethatnode. Since the tree is directed, acall through it mustcome through thedirected

edge (parentflv), it). Only one call is permitted to use this edge. Second, for any informed node

v, at most two unicast paths can use it. Again one call can use the edge (parentflv), v). Since

it is informed, it is the only other node that can use node 12 without using edge (parentfiv), v).

'Ihus, if two calls use 1), it must be the source of a message. Now consider all unicasts (s, d, t), i.e.,

unicasts occurring in time step t, of a legal line-switching calling schedule. Let C; be the set of all

such unicasts. Because of the previous facts, the graph induced by the unicast dipaths in C; is a

forest, say F, of directed trees in which the maximum outdegree of any node is two. Furthermore,

only leaves in F are destinations of unicast calls in step t. We will simulate the unicast calls of C;

using node-disjoint paths. For each leaf l in F, make the nearest informed ancestor responsible

for informing I. Since any such informed node can be responsible for at most two leaves, we can

simulate the unicasts of C; in at most two steps using node-disjoint paths, and the lemma follows. C!

From Lemma 4.2.3, we know that a proof that |ND(M,T)| 2 c immediately translates into

a proof that |ED(M,T)| 2 g. Similarly, if we find an algorithm A such that |A(M,T)| 5
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clND(M,T)| for any multicast request M on ditree T, then we know |A(M,T)| g 2c|ED(M,T)|

for any multicast request M on ditree T. Therefore, we focus on lower bounding and approximating

the minimum length of an optimal node-disjoint multicast schedule in the remainder of this paper,

keeping in mind that we can directly use these results to approximate the minimum length of an

edge—disjoint multicast schedule.

4.2.4 Reducing Multicast to Broadcast

Within the setting of node-switching algorithms, we now show that we can reduce any multicast

request M in ditree T to an equivalent broadcast request in ditree f(T) where f is defined be-

low. Therefore, we are particularly interested in efficient implementations for broadcast requests in

ditrees.

Definition 4.2.9 For any ditree T and multicast request M = (r, D), define ditree f(T) asfollows.

First, let I(T) = T. Suppose there arei levels in T. Consider each node v in leveli sequentially. If

0 ¢ D, then let childrenKT) (parentT(v)) be children10‘) (parentT(v)) U childrenflv) — {v}

and remove vfmrn T. Continue this processfor levelsi - 1, . . . , 1.

Figure 4.6 gives an example of the mapping f. The multicast request M =

(r, {02, v3,v4,v5,v7, vs, ”10}) in directed tree T is transformed to its corresponding broadcast re-

quest in ditree f(T).

 
Figure 4.6: Mapping'multicast to broadcast.
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Lemma4.2.4 For any multicast request M = (r,D) in any directed tree T, |ND(f (T))| =

|ND(M,T)|.

Proof: Let”(a y) denote the directed path p(m, y) in a ditree T. It is clear from Definition 4.2.9

that for any node a: E {r} U D, :r: 6 p,(7~)(i,j) ifand only ifs: E pp(i,j); the mapping f simply

eliminates nondestination nodes from pfii, j) and leaves all destination nodes in the same order.

First, we show that if C' is a legal node-switching calling schedule for implementing M in T,

then C is also a legal node-switching calling schedule for implementing broadcast in f(T). This

implies that |ND(MrTll Z |ND(f(T))|-

Let C be a legal node-switching calling schedule for implementing M in T. Furthermore, let

(i,j, t) 6 C(M,T) and (k,l,t) E C(M,T). Suppose thatp,(T)(i,j) andpf(7~)(lc,l) intersect at

node 1:. Then, a: 6 {r} U D. We know that since :1: E pf(T)(i,j) and a: 6 pf(7~)(k,l), a: is also

on both m(i,j) and pT(k,l). Thus, pT(i,j) and pp(k,l) are not node-disjoint, contradicting the

fact that C is a legal node-switching calling schedule. Thus, our assumption that pI(T) (i, j) and

p!(T) (k, l) intersect is false, and C is a legal node-switching calling schedule for implementing

broadcast in f(T).

Next, we show that the converse is true. That is, if C is a legal node-switching calling schedule

for implementing broadcast in f(T), then C is also a legal node-switching calling schedule for

implementing M in T. This implies that |ND(f(T))| 2 |ND(M,T)|.

Let C be a legal node-switching calling schedule for implementing broadcast in f(T), and let

(i,j, t) and (k, l, t) be two unicast calls that occur in C(f(T)). Suppose thatpT(i,j) and pp(k,l)

intersect. Let node :1: be the first vertex that m(i,j) and pT(k,l) havetin common. It must be the

case that :1: ¢ {r} U D, otherwise p,(T)(i, j) and p,(T)(k, l) intersect. Thus, there are two distinct

directed edges or: (on pp(i, j)) and um (on pfik, l)). This results in a contradiction, because each

node 2: in a ditree can have at most one parent. Thus, our assumption that m(i,j) and pp(k,l)
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intersect is false, and C is a legal node-switching calling schedule for implementing M in T.

Since |ND(M,T)I 2 |ND(f(T))| and |ND(f(T))| Z |ND(M,T)I, we can conclude that

|ND(f(T))| = |ND(M,T)I- 0

4.2.5 Lower Bound on Broadcast in k-ary Ditrees

Recall from Chapter 3 that for undirected graphs (and therefore undirected trees) there is always a

line-switching broadcast schedule of length [lg n] , where n is the number of nodes in the graph.

This is not always the case in directed trees. In this section, we prove that perfonning broad- ’

cast in any full k-ary directed tree T" of order it requires 0(k log,‘ n) time steps under the line-

switching model. We prove this lower bound by showing that |NB(T")| = klog,c n. We then

show that |NB(T)| _<_ |ND(T)| + H(T) - 1 for all ditrees T. Since H(T") = log, n, it fol—

lows that |ND(T")| = (2(lclog,g n). Combining this result with Lemma 4.2.3, we show that

IED(T")| = “(k 103:. n)-

First we give a lower bound on the length of an optimal neighbor-switching algorithm that

implements broadcast.

Lemma 4.2.5 |NB(T")| = kllog,c (71)]. where T" is afull hoary ditree oforder 7:.

Proof: Let T" be a full k-ary ditree of order it. Since each node in the ditree must inform all

of its children sequentially, the last node in level i receives the broadcast message at time k - i.

Since the last node to receive the message is at level (log,‘ nJ , it follows that the time to complete

broadcast in T" is kllogk n]. C]

Now we show the relationship between |NB| and |ND|.
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Lemma 4.2.6 For all directed trees T, |NB(T)| 5 |ND(T)| + H(T) — 1.

Proof: We prove this by induction on H(T).

The base case when H(T) = 1 is obvious.

Now consider the inductive case. Assume that the lemma holds for all directed trees T’ where

H(T’) 5 It. Now consider an arbitrary directed tree T with H(T) = k + 1. Let the root ofT have

m children. Name each of the m subtrees rooted at the children ofT as T,- for 1 S i S m such that

|ND(T1)| Z |ND(T2)| Z Z |ND(Tm)|-

Notethatineach step ofND, the root ochan only inform anode inone ofthem subtrees.

Thus, ND cannot begin informing nodes in m — 1 of the subtrees until the second step. It cannot

begin informing nodes in m — 2 of the subtrees until the third step, and so on. This implies that

|ND(T)| Z M{IND(T1)I,IND(T2)I+1,...,IND(T;)I+£- 1:°-°1|ND(TM)|+ 7" — 1}- (4-1)

We define a neighbor-switching algorithm for broadcast as follows. The root of T informs the

root of T1 in time step 1, the root of T2 in time step 2, etc. In general, the root ofT informs the root

of T,- in time step i. An optimal neighbor-switching algorithm, NB, clearly does at least as well as

the algorithm we have defined, so

|NB(T)| S W{|N3(Tr)| + 19 |NB(T2)| + 2,. - - r |NB(’1'i)| +13 - - - r |NB(Tm)| + m}- (4.2)

Let i be the index that maximizes |NB(T§)| +5 for 1 _<_ i 5 m. From Equations 4.2 and 4.1,,we

know that |NB(T)| _<_ |NB(T,-)| + i and |ND(T)| 2 |ND(T,-)| +i — 1, respectively. In addition, we

know that H(T5) 5 H(T) - 1 for all 1 g i _<_ m. We apply our inductive hypothesis and these facts

to complete our proof as follows.
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|NB(T)| |NB(Ti)I +i

(|ND(Ti)I +H(Tt') - 1) +i

|ND(T)| + H(Tt)

|ND(T)| + H(T) -1I
A

l
A

I
A

I
A

We use the previous results to derive a lower bound for the length of an optimal line-switching

algorithm in a directed tree T.

Theorem 4.2.1 |ED(T")| _>_W = Si(li:log,g n) for any full k-ary directed tree T" of

order 71.

Proof: From Lemma 4.2.3, we know that

IED(T")I 2 §IND(T")I.

Using Lemma 4.2.6, we have

IED(T")| 2 -;-(INB(T")I 4 H(T") +1).

Substituting from Lemma 4.2.5, we get

|r~:o(:r'=)| 2 é-(lclogk n — H(T") + 1).

Finally, since the height of a full k-ary tree is log,: n, it follows that

1+(k—l)logkn

2 . |ED(T")| 2 $(ltlog,c n — log, n +1) =

We now extend the lower bound from Theorem 4.2.1 to a lower bound for edge-disjoint broad-

casting in general digraphs.

Corollary 4.2.1 There exists a digraph G with n nodes and with maximum indegree and outdegree

ofk such that |ED(G)| = GU: log,‘ n).
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We construct a digraph G as follows. Let T; and T2 be full k-ary trees of order 3!, rooted at

r1 and r2, respectively. Orient all edges of T1 away from n, and orient all edges of T2 toward r2.

We call r1 the source root and r2 the sink mot. For each node v in T; with outdegree zero, make a

directed edge ow, where w is the corresponding node with indegree zero in T2. Finally, add directed

edge 1‘21‘1. Figure 4.7 shows an example of digraph G when k is three. Suppose that our routing

 
Figure 4.7: Broadcast requires 90: log,‘ n).

scheme R includes all the dipaths in G. We then have a routing scheme in which each node has at

leastonedipath toany othernode inthenetwork. Thus, ifwecanlowerboundthetimetoperforrn

broadcast under the line-switching model in this network, we also lower bound the time to perform

broadcast under the line-switching assumption in this network with some restricted routing scheme.

The key observation is that at most one dipath in any time step can use edge rzrl. Thus, performing

broadcast in this line-switched network from the source root, n, can be done no faster than twice as

fast as performing broadcast in a full k-ary tree. ’ The number of nodes in the network modeled by
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G is twice the number of nodes in one of the full k-ary trees. Thus, the general lower bound result

follows.

4.3 Summary

The line-switching model of communication represents networks that use circuit roofing techniques

such as wormhole routing. Although the multicast problem in such systems has been solved using

a graph model, the graph model cannot accurately represent the oblivious routing information used

in current multicomputer systems. We show that directed trees can be used to represent a realistic

class of routing schemes called source limited inclusive routing schemes. We show that multicast

requests in such systems can be transformed into equivalent broadcast requests with only a constant

factor difference in the length of the calling schedule. We then address broadcast in directed trees,

showing that ED(T) = RU: log,‘ n) for the complete, balanced k-ary directed tree T.



Chapter 5

Node-Switching Algorithms for Directed

Ti'ees

In Chapter 4, we described a realistic class of routing schemes, called source limited inclusive

routing schemes, that can be modeled by directed trees. In addition, we showed that, in the context

of node-switching UBM algorithms, a multicast request in a ditree T is equivalent to a broadcast

request in a related ditree T. Thus, we can limit our attention to performing broadcast in ditrees. In

this chapter, we describe three node-switching UBM algorithms for broadcast in directed trees. In

Sections 5.1 and 5.2 we describe two approximation algorithms for finding minimum length node-

switching schedules for arbitrary ditrees. The Smart Centroid Algorithm, presented in Section 5.2,

produces calling schedules that are at most twice the length of an optimal node-switching schedule.

In Section 5.3, we present an optimal node-switching UBM algorithm for broadcast in directed

HUGS.
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5.1 Centroid Algorithm

In Section 2.5.4, we describd the technique used for generating a minimum length line-switching

calling schedule for a multicast request M = (s, D) in a direct network that admits free routing.

First, a trail containing the source and all destinations is constructed. Then, the trail is recursively

broken into two trails of equal length during each time step. Breaking the problem in half at each

step leads to [lg(|D| + 1)] steps to complete the multicast request. In this section, we present the

Centroid Algorithm (CA) [3], which is built on a similar idea. At each step we attempt to break

the directed tree representing the routing information into two nearly equal subtrees. We find an .

edge whose removal leaves two nearly equal sized ditrees. This edge will be adjacent to a centroid

point of the underlying tree. We formally define the following terms that are used in the Centroid

Algorithm.

5.1.1 Algorithm Description

Definition 5.1.1 An end vertex is a vertex that has degree 1.

Definition 5.1.2 A‘ branch at a vertex v ofa tree T is a maximal subtree containing 1) as an end

vertex.

Definition 5.1.3 The weight at a vertex v ofT is the maximum number ofedges in any branch at 0.

Definition 5.1.4 A vertex c is a centroid point ofa tree T ifc has minimum weight, and the centroid

ofT consists ofall such vertices.

To create a node-disjoint broadcast schedule S for a ditree T, the assignment S = GA(T, 1, 0)

must be made. That is, the initial parameter for CA are the entire ditree T rooted at r, time step

1, and an empty calling schedule. The CA algorithm recursively creates a node-disjoint broadcast

schedule for T as follows:
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Centroid Algorithm [CA] (T: ditree rooted at r; t: time step; S: calling schedule)

If |V(T)| = 1 return S

Find a centroid point c of T

Let Cr,G2,...Gmbethe components ofT—c

Let T1 = 05, where [Ci] Z Ile Vj #i

If? 6 T1 then

S = SU {(136, t)}

else

(a)Letc’betherootofT1

(b)5=3U{(r.C’.t)}

Leth =T-T1

7. S = CA(T1,t + 1,3) UCA(T2,t + 1,3)

.
V
'
P
P
’
N
?
‘

9
‘

  
 

Suppose that T is a ditree with maximum outdegree 1:. CA is a simple recursive algorithm that

works as follows. In each step, we find a centroid point c of the underlying tree of T. Removal of c

dividesTintomsubtrees, whereO _<_ m g k+1. Weidentifythelargestoneofthesemsubtrees,

andcallitTl. IftherootofT1 isachildofc, then informtherootole. Iftherootole equals

the root of T, then inform c. Now divide the problem into the two subproblems T1 and T - T1, and

continue.

Figure 5.1 shows the operation of CA on a broadcast request in an eight node ditree. The dark

nodes are informed before the time step shown under each set of directed trees. First, the node to be

 
step 1 step 2 step 3

Figure 5.1: Centroid Algorithm at work.
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called in the first step must be determined. Node 3 is chosen as a centroid point of T. Since, the root

(node 1) is in T1, the centroid point of T is informed in step 1, i.e., the call (1,3,1) is made. The

tree is then broken into two smaller trees, one rooted at node 1 and the other rooted at node 3, and

the algorithm continues. For the ditree in Figure 5.1, CA produces an optimal calling node-disjoint

schedule ( lg(7 + 1) = 3 time steps).

Theorem 5.1.1 |CA(T)| = 0(loggfl |T|) for any directed tree T with maximum outdegree 1:.

Proof: Let c be a centroid point of T’s underlying tree. Removal of c leaves at most k + 1 ,

components. Let T’ be the largest of the k + 1 components. Because c is a centroid point,

|T’| 5 L121 [28, 17]. Because T’ is the largest ofthe I: + 1 subtrees formed around c, |T’| 2 1111,31.

Thus, removal ofT’ from T gives, |T — TI 5 |T| - Lag—1 = 12%|“ + Fifi: Thus, the maximum

size of the problem decreases by a factor of at least pkg in each time step, and the result follows. [3

5.1.2 Time Complexity

Let TCA(n) be the worst case time complexity of the centroid algorithm on a ditree with n nodes.

Fust, note that finding the centroid of a tree requires 0(a) time. Thus, we have the following

recurrence relation for TCA.

TCA(n) = aln + TCAUWI) + TCA(n — kn) + (12, where 0 < k < 1

T0) = 013

The CA algorithm is similar to the traditional QuickSort algorithm. In the worst case, the ditree

T will be divided into two ditrees of size n - 1 and 1 (e.g., when T is a star). Thus, CA has worst

case complexity of 0(n2). However, when the ditree T has a uniform structure and can be divided
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into nearly equal sized subtrees, the complexity is 0(n lg n).

While the centroid algorithm does not produce optimal length broadcast schedules for all ditrees,

its greatest advantages are its simplicity and speed for well-balanced ditrees. In the next section we

show that the Centroid Algorithm produces optimal length broadcast schedules for some well known

direct network topologies.

5.1.3 CA in Meshes and Hypercubes

Because the number of messages that are sent in each step of a multicast schedule for M = (s, D)

can at most double, the ideal number of time steps needed to complete a multicast is [lg(lDl + 1)]. '

The centroid algorithm runs in 0(|D| lg |D|) time and produces Optimal length, i.e., [lg(lDl + 1)],

calling schedules for implementing broadcast in both mesh and hypercube topologies. Meshes use

a specific type of inclusive routing called ary-routing. Under this scheme, a message is sent first

in the x direction until it reaches the correct column. Then, the message is sent in the y direction

until it reaches its destination. Because xy-routing is an inclusive routing scheme, we can represent

source limited :ry-routing information using a directed tree. Figure 5.2 shows the directed tree that

Viiiiiiiiomm

l l

2 nodes

 

   

 
 

Figure 5.2: Directed tree representing 2" x 2'" mesh.

corresponds to the restricted routing of a 4 x 8 mesh when the node shown in black is the source

of the broadcast. We show that the centroid algorithm produces an optimal line-switching calling
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schedule for broadcasting in 2" x 2'" meshes.

Theorem 5.1.2 CA produces optimal length node-disjoint broadcast schedules in 2" x 2'" meshes.

Proof: Suppose we have a broadcast request from node 3 = (row, col) in a 2" x 2’" mesh.

We prove by induction on m that CA produces an optimal length broadcast schedule for a tree

representing the restricted routing of a mesh.

The base case is m = 0, in which we have a 2" x 2° mesh, i.e., a path with 2" nodes. Note

that any centroid point of a path of length n has weight [12!]. Thus, at each step CA will break the

path into two paths with 23"- nodes. Consequently, CA will produce a broadcast schedule of length '

lg 2" = k, which is optimal.

Assume that CA produces optimal length broadcast schedules for all 2" x 2’ meshes, where

0 _<_ i _<_ m. Now, we prove that CA produces an optimal calling schedule for a ditree represent-

ing the restricted routing for a 2" x 2m“ mesh. Suppose that the source of the broadcast is at

mesh coordinate (row, col). The centroid of the directed tree representing the mesh consists of the

following two centroid points:

(1) (row, 2323)

2m+1

(2) (row,T + 1)

2m+1

First, consider case (1). If col > T, then the centroid point (row, 251‘) is called in the first step.

If col 5 flail, then (row, gfl + 1), i.e., the root of T1, is called in the first step. Now consider

case (2). Ifcol < 1311 + 1, then the centroid point (row, E; +1) is called in the first step.

Otherwise node (row, #) is called.

In either case, after the first call the original ditree is partitioned into two subtrees that represent

meshes of size 2" x 2'”. Thus, our inductive hypothesis holds for the two subtrees. Let C(k, m) be

the length of the broadcast schedule produced by CA for a 2" x 2'” mesh. Then,
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C(k,m +1) = G(k,m) +1

lg(2" x 2’") +1

= lg2" +lg2'" +lg2

lg 2" + lg 2'"+1

lg(zh X 2m+1)

Thus, CA produces an optimal length edge-disjoint broadcast schedule for all 2" x 2'" meshes, for

all m 2 0.

Because the directed tree that represents the restricted routing in a 2" x 2'" torus is identical to -

a directed tree that represents a 2" x 2'” mesh, we have the following corollary to Theorem 5.1.2.

Corollary 5.1.1 CA produces optimal length edge-disjoint broadcast schedules in 2" x 2’" tori.

Hypercube topologies also use a specific kind of inclusive routing called dimension-ordered

routing. In this scheme, the dimensions of the hypercube are ordered, and a message follows edges

to its destination in increasing order of dimension. The restricted routing information in a hypercube

with 2" nodes can be represented by the directed binomial tree Bk, defined as follows.

Definition 5.1.5 The binomial tree Bo consists ofa single node. The binomial tree B), consists of

two binomial trees Bk..1 that are linked together such that the root ofone is the lefimost child ofthe

root ofthe other:

Figure 5.3 shows the general form of a binomial tree. Figure 5.4 shows the directed tree that

represents the restricted routing in a 16-node hypercube when broadcasting from node 0001. It is

easy to verify that the ditree in Figure 5.4 is the directed binomial tree 34. We show that CA creates

an optimal calling schedule to implement a broadcast request from the root r in a directed binomial

tree, i.e., a hypercube.
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Figure 5.3: The binomial tree Bk.
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Figure 5.4: Ditree representation of a 16-node hypercube.
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Theorem 5.1.3 CA produces optimal length edge-disjoint broadcast schedules in k-dimensional

hypercubes.

Proof: We prove by induction on k that CA produces an optimal length broadcast schedule in the

directed binomial tree Hg. The base case k = 0 is obvious.

Assume that when k = n, that CA produces an optimal length broadcast schedule in the directed

binomial tree B”, where n 2 0. We must show that when k = n + 1, that CA produces an optimal

length broadcast schedule in the directed binomial tree Bu“. First, note that the centroid of Ba“

contains two nodes:

(1) the root of B...”

(2) the leftmost child of the root of 3,,l , i.e., the root of a 8,. subtree.

For example, in Figure 5.3, nodes r and r’ are in the centroid. In either case, the first unicast call

produced by CA is (r, r’,p(r, r’), 1). Then, the tree is divided into two 8,. subtrees, one rooted at r

and the other rooted at r’. We know from our induction hypothesis that CA produces optimal calling

schedules for the 3,, subtrees. Let G(n) be the length of the broadcast schedule for 3,, produced

by CA. Then,

G(n +1) = C(n) +1

lg(2") + 1

= (n) + l

= lg(2n+l)

Thus, CA produces an optimal length edge-disjoint broadcast schedule for Bk, for all h 2 0. CI
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5.2 Smart Centroid Algorithm

While the Centroid Algorithm works well on many trees, particularly those which are relatively

uniform in structure or those which have small maximum outdegree, it can perform quite poorly on

others. The problem results from the fact that the algorithm always chooses to inform the subtree

with the maximum number of nodes first. In some cases, this is a poor choice, as another subtree

with slightly fewer nodes may require more time to perform a broadcast. To illustrate this concept,

consider the tree T in Figure 5.5, which has nh nodes. The root ofT is its centroid point, and it has

 

 

 
 

T:

c pathsoflength

(n-1)/k

”e e e C) 0

paths .r

of

length , 0 . .
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|:_: : : mil
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[(k-1)n] nodes (n-l) nodes

Figure 5.5: CA performs poorly.

hchildren. Thefirstk- 1 children areallrootsofsubtreesthatarepathsoflength n. Thelcthchild

istherootofatreewiththesamestructure asTbuthasonlyn - 1 nodes. Thecentroidalgorithm

will produce a calling schedule of length (1(lclog,c |T|). whereas the optimal calling schedule will

have length 0(k + log), |T|).

We present below a new algorithm which we call the Smart Centroid Algorithm (SCA) [3].

Similar to the CA algorithm, SCA is a recursive algorithm that creates a node—disjoint broadcast

schedule S for a ditree T using the statement S = SCA(T, 0, 0). SCA is also based on finding

a centroid of T, however SCA employs a better heuristic than the GA algorithm for determining
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which child of the centroid point to inform first. Con sequently, we are able to guarantee that

|SCA(T)| S 4|ED(T)| for all directed trees T.

5.2.1 Algorithm Description

We describe two algorithms: Smart Centroid Algorithm (SCA) and Smart Time (ST). ST returns

the number of time steps necessary to complete broadcasting using SCA, i.e., |SCA(T)|. SCA

generates a calling schedule and uses ST to determine the order in which unicast calls are to be

made. The Smart Centroid Algorithm works as follows. After identifying a centroid point c which

has outdegree m - 1, we decompose the problem into the subproblems Cr , Cg, . . . , Cm determined

by the components ofT—c. We compute |SCA(C,-)| for each i g m. The root begins to inform these

components in non-increasing order of calling schedule length. When the component containing the

root of T is the next subtree to be informed, the root informs the centroid c. In subsequent steps, c

is responsible for informing its remaining uninformed children, freeing the root to inform its own

component.

 

Smart Time [ST] (T: ditree rooted at r)

If [V(T)| = 1 return 0

Find a centroid point c of T

Let Cr, 02, . . . , Cm be the components ofT -— e

Let node c,- be the root of component C,-

For i = 1 to m do

Let max,- = ST on 0:, rooted at c,-

Reorder maxi, 1 S i g m. such that marl 2 771.0152 2 2 max",

7. Return maxlSi5m{max,- + i}

$
0
9
9
3
9
?
"

9
‘

  
 

Lemma 5.2.1 ISCA(T)] S |ED(T)I + lg ITI for all directed trees T.

Proof: We prove this by induction on ITI.
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Smart Centroid Algorithm [SCA] (T: ditree rooted at r; t: time step; S: calling schedule)

If|V(T)| = 1 return S

Find a centroid point e of T

Let C1, Cg, . . . , Cm be the components of T — c

Let node c.- be the root of component C,-

Fori = 1 to m do

Let time,- = ST(C,')

6. Reorder the components such that timer 2 timeg 2 2 timem

7. Lett' = 1

8. While(r;éc,-)do

9. Lett = t-l-l

10. S=SU{(r,c,-,t)}

11. S = SCA(C,-,t,S)

12. Leti = i + 1

End while

13. S=SU{(r,c,t+l)}

14. S: SCA(C,',t+1,5)USCA(T-Ujsng,t+1,5)

V
'
P
‘
P
’
P
T
‘

   
The base case when |T| = 1 is obvious.

Now consider the inductive case. Assume that the lemma holds for all directed trees T’ where

IT’I g j. We use the inductive hypothesis to show that the lemma holds for any directed tree T,

where j < IT] 3 2j. Consider an arbitrary directed tree T with j < [TI 3 2j. Find a centroid

point of this tree T. For the sake of simplicity, assume it is the root (the other case is handled in a

nearly identical fashion). Let the root have m children. Break the tree into the m distinct subtrees

rooted at the children of the root. Name these m subtrees so that ISCA(T1)| Z ISCA(Tg)| 2 -- - 2

|SCA(Tm)|. Note |T§| g [Ii] 3 j for 1 5 i g m, so the induction hypothesis applies to each of

these subtrees. Note also

ISCA(T)| = maX{ISCA(Tt)I +1.ISCA(T2)| + 2. . - - . ISCA(Tt)i + i. - - - r ISCA(Tm)! + m}-

Now let o(i) be a permutation on {1, - - - ,m} such that |ND(T,(1))| 2 |ND(T,(2))| _>_ _>_

|ND(T,,(m))|. Note, in any time step of ND the root can only inform nodes in one of these m



subtrees. This implies that

|ND(T)| Z max{|ND(Ta(1))|v - - - a |ND(Ta(i))I +7; - 1: - - ° v |ND(Ta(m))I + m _1}'

To relate these two sets of values, we know from our induction hypothesis that |ND(T1)| 2

13mm): —1gj. so woman! 2 ISCA(T1)! —1gj. Similarly. |ND(T2)I 2 ISCA(T2)I — 1g,-

and |ND(T1)I Z |50A(T1)| - 131' Z |30A(Tz)! -1gJ°. so |ND(T0(2))| 2 |50A(T2)l - 131'. In

general. |ND(Ta(.-))| 2 ISCA(72)I -1gj.

Now let 1 5 i S m be the value such that |SCA(T)| = |.S'C'A(T.-)| + i. Combining this with

the above fact, we have

iND(Ta(i))I Z |50A(Ti)l - 181'

|ND(Ta(i))l Z ISCAlTN - i “131'

|ND(Ta(i))l + i + lgj Z ISCA(T)|

We know that |ND(T)| 2 |ND(T,(,))| + i - 1, thus

|50A(T)| (|ND(Ta(i))l +i -- 1) + 1 “US

g |ND(T)|+1+lgj

s |ND(T)|+lg21'

S |ND(T)I+lngl

and we are done.

Lemma 5.2.2 ISCA(T)| S 2|ND(T)| for all directed tree: T.

Proof: This follows from Lemma 5.2.1 and the fact that |ND(T)| _>_ lg |T|. (:1

Theorem 5.2.1 ISCA (T)! g 4|ED(T)| for all directed trees T.
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Proof: This follows from Lemma 5.2.2 and Lemma 4.2.3. C]

If the centroid point divides T into subtrees in which the largest tree requires the most time to

perform broadcast, then the CA and SCA algorithms will produce the same broadcast schedule for

T. For example, in the directed binomial tree 8.3, there are two centroid points. In either case,

B], will be divided into two Bk_1 directed trees. Thus, CA and SCA produce the same broadcast

schedules for binomial trees (or equivalently for hypercube topologies). It is easy to see that CA and

SCA also produce the same broadcast schedules for mesh topologies. This leads to the following

corollaries of Theorem 5.1.2 and Theorem 5.1.3.

Corollary 5.2.1 SCA produces Optimal length edge-disjoint broadcast schedules in 2" x 2'" meshes

(and tori).

Corollary 5.2.2 SCA produces optimal length edge-disjoint broadcast schedules in k-dimensional

hypercubes.

5.2.2 Time Complexity

Because 5CA employs a better heuristic than CA we can guarantee that it will produce a broadcast

schedule with length at most twice the optimal. However, this improvement over the Centroid

Algorithm necessitates an increase in algorithm complexity. We show that SCA has worst case

complexity of 0(113).

First, we must calculate the complexity of the Smart Time algorithm. Suppose removal of the

centroid divides the tree into m components. Then we have the following recurrence relation for

the time complexity of ST, denoted T37"-

aln + TST(al(n —1))+---+ T57(am(n —1))+ Cgmlgm + 03171 + 024,

where 2'" (11:1
12:1

TSTU) = 05

TST(”)
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Similar to the CA algorithm, the worst case occurs when m - 1 components are size 1, and one

component is size n — m. Thus, the worst case complexity for ST is

T5107.) = out + T(n - m) + 02171. lg m + 03171 + a4.

Solving this recurrence gives

T51(n) = 0(112).

We use this to calculate the worst case complexity, TSCA (n), of the Smart Centroid Algorithm.

In step 5, ST is called m times. In the ideal case, each of the m components has size %, and the

complexity of ST is 0(a). Since ST is called 0(a) times, step 5 has complexity 0(n2). The worst

case _for the ST algorithm is when m — 1 components have size 1 and the remaining component has

size n - 1 - m. In this case the complexity of step Sis 0(n2) + (m -1)O(1). Since m S n -1, the

complexity of step 5 is 0(n2) in all cases. We have the following recurrence relation for the worst

case complexity of SCA.

T301101) = (1117.2 + agn lgn + (1311 + TSCA (n -1)+ (14

TSCAU) = as I

Solving this recurrence gives,

TSCA(”) = 0013)-

In the best case,

n

Isa/1(a) == 01112+agnlgn+a3n+2TscA(§)+a4

= 0m?)
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While SCA’s complexity is not markedly worse than that of the CA algorithm, direct networks

with uniform directed tree representations (such as meshes, hypercubes, and tori) can save time

using the CA algorithm to calculate edge-disjoint broadcast schedules. For general topologies that

use inclusive routing, S0.4 will provide a better approximation.

5.3 Optimal Decomposing Algorithm

Neither the CA algorithm nor the SCA algorithm is guaranteed to produce a minimum length broad-

cast schedule for every directed tree. In this section we present a 0(n3) algorithm that always

produces minimum length broadcast schedules [4].

5.3.1 Definitions

Recall from Lemma 4.2.1 that there is an optimal node-disjoint multicast algorithm that is a de-

composing algorithm. It should be clear that of the decomposing algorithms, we can focus on those

algorithms in which the root is not idle until all its children are informed. We now define some terms

that we will use to both describe our optimal decomposing algorithm and to prove its optimality.

We will illustrate these definitions using the following two minimum length broadcast schedules for

the ditree of Figure 4.4. Note that these are the only minimum length broadcast schedules for T.

61(T) : {(r1v2!l))(r'v112)!(v21v612)1(r’v313)9(Uziv‘93)’(v6!0793)3(W’v5!4)}

02(T) = {(r,v5,1),(r,v2,2),(v3,v7, 2), (r, v1.3). (v2,v4,3), (r, 123,4), (v2,v5,4)}

Definition 5.3.1 Let C(T) be a node~disjoint broadcast schedule for ditree T. We define the root

schedule C, (T) of C(T).to be {(12, w, t) E C(T) I v = r}, i.e., the set ofcalls made by the root.

Forl S i S |C,(T)|, we define 1),-(Cr (T)) = w where (r,w, i) 6 CAT). i.e., the i‘h node informed

directly by the root. For 0 S i S lCr(T)|, we define T.- = T — U;=1 (12j(Cr(T))). i.e., the subtree

ofT that the root still has responsibility to inform afler the ith time step ofC(T).
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C}(T) {(23:22,l),(r,v1,2),(r,v3,3)}

C3(T) = {(T, v5i1)r(rr 112,2),(1', U1,3),(7’,‘U3,4)}

.Zoqfle Gm Q
000

0
T T T T
0 l 2 3

:E:M “9 Q
T T T T T
0 l 2 3 4

Figure 5.6: T,"s for broadcast schedules Cl(T) and 02(T).

Definition 5.3.2 Suppose C(T;) is a broadcast schedule for ditree T, with root 1'; such that

(mu, 1) E C(T.) We define C(T)-+1), where Ti.” = T,- — (v), to be the broadcast schedule

C(T.) modified asfollows. All calls that involve nodes in (v) are deleted. All remaining calLs have

their time steps decremented by I.

Since To = T.

01(T1) = {(rsvlvl)i(rtv3s2)}'

02(7)) {(r,v2, l), (r,v1,2), (v2,v4, 2), (ram, 3), (v2, v5,3)}

Definition 5.3.3 Let n = lCrSTH- The labor vector of broadcast schedule C(T) in ditree T.

denoted chT), is the vector VC(T) = (|C(To)|, |C(T1)|,;. . , |C(Tn)|). Let (VC(T)).- be the ith

element ofVC(T), i.e., (VC(T)); = |C(T,--1)|. Note that (VC(T))1 = |C(To)| = |C(T)| and that

(VC(T))n+I = lC(Tn)l = 0'
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from = (4, 2, 1, 0)

Vera) = (4, 3, 2, 1, 0)

Definition 5.3.4 A broadcast schedule C(T) is a least labor broadcast schedule if@(T) is lexico-

graphically minimal over all broadcast schedules for T. The corresponding vector Vc (T) is called

a least labor vector: In general, let LLl/(T) denote the least labor vector ofT.

Definition 5.3.5 Let MLS(T) be the set of all minimum length broadcast schedules for ditree T,

and let LLS(T) be the set ofall least labor broadcast schedules for ditree T.

It is not hard to verify that both C1 (T) and 02(T) are in MLS(T) and that C1(T) E LLS(T)

while 02(T) g LLS(T).

Definition 5.3.6 We define the set ofminimumfirst calls (MFC) ofditree T = (r) to be

MFC(T) = U {(r,v.-, l) E C}.

C6MLS(T)

Definition 5.3.7 We define the set of least laborfirst calls (LLFC) ofditree T = (r) to be

LLFC(T)= U {(r,u,-,1)eC}.

CELLS(T)

In our example,

MFC(T) = {(mvz. 1), (73116, 1)}

LLFC(T) = {(r,v2, 1)}

We now describe a decomposing algorithm ODA which is in OPT-ND. The algorithm ODA

will work on a tree T in two phases, one bottom up and one top down. Let U be a node in T with

p children (1,- for 1 g i _<_ p. In the bottom up phase, ODA computes the root schedule Sr((v))

and the least labor vector 173((v)) of a least labor broadcast schedule S((21)) for ditree (1;) using

the root schedules and the least labor vectors of least labor broadcast schedules S((d,)) previously

computed for ditrees ((1,) for 1 g i 5 p. In the top down phase, ODA pieces together the various
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root schedules and least labor vectors to compute a least labor broadcast schedule ODA(T) for the

entire tree T.

5.3.2 The Optimal Substructure

The heart of the bottom up phase of ODA lies in determining which node of a directed tree T = (r)

should be informed in the first time step. The following two lemmas are used to determine which

node to call in the first time step.

Lemma 5.3.1 Let T and T' be ditrees rooted at nodes r and 1", respectively. Let each ofr and 1"

have p children d1, d2, . . . , d, and d’1 , dfz, . . . , d}, respectively, with thefollowing properties:

(i) The subtrees (dg) and (d:) are isomorphicfor all i < p

(ii) LLV((dpl) S LLV((d§,)).

Then. LLV(T) S LLV(T’).

Proof: Let C E LLS(T’). The basic structure of our proof is as follows. Let 0' 6 LLFC(T’).

We show that there exists a schedule F for T with the property that I71: (T) S l7c(T’). In order to

do this, we will choose a node v 6 V(T) such that

iF(T)| = maXHND(<v))l, END(T-(v})|}+1 _<_ maX{|ND((v'))|,|ND(T'-(v'))l}+1=|C(T')l.

and

LLV(T — (1))) S LLV(T' — (12').

Since C E LLS(T'), this proves that LLV(T) g LLV(T’). We prove the result by induction

on n = lCrr (T’)|, the length of the least labor root schedule for T’.

The base case is when n = 1, i.e., 1" makes exactly one call. In this case, it is obvious p = l

which means 1" and 1' each have oniy one child. Furthermore, it is clear that v’ = di- We choose
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v = d1. In this case, from property (ii), it is easy to see that |F(T)| = |ND((d1))| + 1 S

|ND((d’1))| +1 = |C'(T’)| and that LLV(T - (31)) = LLV(T’ — (41)) = (0). Thus, LLV(T) g

LLV(T’).

Our inductive hypothesis is that for all n 5 Ir, if properties (i) and (ii) hold, then LLV(T) g

LLV(T’). We now prove the inductive step which is that if lCrr(T’)| = k + 1 and properties (i)

and (ii) hold, then LLV(T) g LLV(T’). Note that |C,r(T’ — (v’))| = |C,r(T’)| — 1 = k, so the

induction hypothesis will apply to ditrees T’ — (v’) and T - (v) if conditions (i) and (ii) hold.

We consider several cases depending on v’ and the characteristics of T’ and T.

(1) Suppose v’ E V((d§)), where i < p. We choose it = 11’, which means |NB((v))| =

|ND((v’))|. Therefore, showing LLV(T — (11)) g LLV(T’ — (v’)) also shows |F(T)| 5

|C(T’)|. Because isomorphic subtrees are removed from T and T’, properties (i) and. (ii)

still hold for T’ -— (v’) and T —- (v). Therefore, by the induction hypothesis, LLV(T - (12)) g

LLV(T’ — (v’)).

(2) Suppose v’ E V((d;)). We consider two possibilities.

(i) Suppose |ND((dp))| = |ND((d;,))|. We again divide this into two cases.

(a) Suppose v’ has the property |ND((v’))| = |ND((d;,))|. Then choose 1: = dp.

i.e., we make the call (r, dp, 1) in T. This gives us |ND((v))| = |ND((dp))| =

|ND((d;))| = |ND((v’))|. Thus, as in case (1), we merely need to show that

LLV(T — (v)) S LLV(T’ — (v’)). Since T — (v) is a subtree of T’ - (v’),

LLV(TI) g LLV(Tf).

(b) Suppose now that v’ has the property that |ND((v'))| < |ND((d;,))|. Since

|C(T')| 2. lND(<d§))|. this implies |C(T')l = maX{|ND((dL))I, |ND(T' *- (v'))| +

1}. Choose 22 E LLFC((dp)) which means |ND((v))| < |ND((dp))|. Since
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lF(T)| _>. |ND((dp))|. this implies IF(T)| = max{|ND((dp))|. |ND(T-(v))|+1}-

Since we have assumed that |ND((dp))| = |ND((d;,))|, we ate assured that

lF(T)l S |C(T')| if LLV(T - (v)) _<. LLV(T’ - (v’>)-

Since 11 e (tip) and v’ e (4,), condition (2) is still true of T - (v) and T’ — (v’).

Let w e LLFC((dp), then LLV((dp —. (w)) 5 LLV((dI’D) -— (in). Because

it e LLFC((dp)) and condition (it), LLV((dp) — (v)) _<_ LLV((dg) — (w)).

ntetetote, LLV((dp) — (v)) s, LLV((d;) — (v’)) and condition (ii) holds for

T — (v) and T’ — (v’). rhctcrote, by the induction hypothesis, LLV(T - (v)) s

LLV(T’ — (in).

(ii) Suppose |ND((d,))| < |ND((d;,))|. We choose v = d,,, i.e., we make the call (1', d,, 1)

in T. Since T — (v) is a subtree ofT’ — (v’), LLV(T - (1))) _<_ LLV(T’ — (in). We

now must insure that |F(T)| s |C(T’)|.

Since LLV(T - (v)) s LLV(T' - (v’l). we know |ND(T - MN 5 |ND(T - (v’))l.

nieterote, we only need to show that |ND(_(v))| + 1 g lam). By our assumption,

IND(<v))I < |ND((d;>)l- This means that |ND((v)l + 1 s |ND(<d;))l- Clearly.

|ND((d;,))| _<_ loam. “meterote, we conclude |F(T)| s |C(T’)| and the lemma is

proven.

Lemma 5.3.2 Consider any ditree T rooted at 1‘. Let r have p children (15, 1 S i S p, such that

LLV((d1)) Z - - - _>_ LLV((d;)) Z -- - _>_ LLV((dp)), andlet(d1,v, l) e LLFC((dfi), then

(i) If |ND(T)| = |ND((d1))I. then (rill, 1) E LLFC(T)-

(ii) If |ND(T)| > |ND((d1))|, then (r, (11, l) 6 LLFC(T).

Proof: There are two cases to consider. First, let |ND(T)| = |ND((d1))|. Clearly, we must call a

node to in (d1) with the property that |ND((w))| g |ND((d1))| — 1; otherwise we cannot inform all
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nodes in (d1) in |ND((d1))| time steps. For all such to, LLV((dt) — (1))) g LLV((dt) — (10)) by

the definition ofa LLFC. Thus, by Lemma 5.3.1 LLV(T — (~u)) S LLV(T — (w)), and (r, v, 1) E

LLFC(T).

In the second case, |ND(T)| > |ND((d1))|. Let C be a calling schedule that calls ii; in the

first step and then follows a least labor schedule for the remaining subtrees, and let F be a calling

schedule that calls some w aé (it in the first step and then follows a least labor calling schedule

for the remaining subtrees. We will show that 17C(T) g VAT), and consequently that (1', d1, 1) E

LLFC(T).

. Let T1 = T — (d1) and T{ = T — (to). It follows that,

|C(T)|=max{|ND(Tt)|ilND(<dl))|}+1 and |F(T)|=max{lND(Ti)|ilND((w))|}+1-

Then,

|C(T)l if i=1 - |F(T)| if i=1 .

and (VF(T))r =
‘

(LLV(T1)),-_1 otherwise (LLV(T{)).-_1 otherwise.

I
“

l

O A

ll

Thus, we need to show |C(T)| 5 |F(T)| and LLV(Tl) S LLV(Ti’).

We will first Show that |C(T)| = |ND(T1)| + 1 and |F(T)| = |ND(T1’)| + 1. If we can prove

this, we need only show that LLV(TI) S LLV(Tl’) to Show that VC(T) g VAT). After calling d1, .

we know that |ND(T1)! 2 |ND(T)| — 1 or |ND((d1))| Z |ND(T) — 1| or both. Because |ND(T)| >

|ND((dl)|. we know that |ND(T1)I Z |ND(T)| -1 Z lND((d1))I.ThUSIC(T)I = IND(Ti)l+1-

Similar reasoning leads us to conclude |ND(T{)| 2 |ND((w))| and |F(T)| = |ND(T()| + 1.

We now show that LLV(TI) g LLV(Tf). There are three cases to consider:

(1) Let in E V((d1)). Clearly LLV(T)) S LLV(TI’).
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(2) Let w = d;. where i sé 1. By Lemma 5.3.1 and our assumption that LLV((d1)) Z

LLV((d,)) roti > 1, LLV(T)) g LLV(Tf).

(3) Letw 6 V((d,)), wherei # 1. Then we know LLV(Tl’) _>_ LLV(T - (do). Combining this

with case (2) from above, we have LLV(T)) g LLV(T — (d,)) g LLV(Tf).

Since LLV(TI) g LLV(Tl’) for all w, it follows that (r, (it, 1) E LLFC(T). 13

Lemma 5.3.2 describes the first call made by the root in a least labor broadcast schedule. The fol-

lowing decomposition pr0perty of least labor broadcast schedules will help us to apply Lemma 5.3.2

to the construction of complete least labor root schedules for any ditree T.

Lemma 5.3.3 Let L(T) be a least labor broadcast schedule for ditree T with (r, v, 1) E L(T).

Then L(T - (v)) is a least labor broadcast schedulefor T — (12).

Proof: This follows in a straightforward manner from the definition of L(T - (1))) and the

definition of least labor broadcast schedules. Cl

5.3.3 Computing Root Schedules and Labor Vectors

We now describe. how we utilize Lemma 5.3.2 to compute the root schedule and the labor vector of a

least labor broadcast schedule for any directed tree T with root node r. In all of the following algo-

rithms we assume that r has p children (11,. . . ,dp and that we are given the root schedules Sr((d,-))

and labor vectors 95((d,)) of a least labor broadcast schedule S((d,)) for all (1,. Furthermore, the

children ofr are ordered such that 93((d1)) Z 2 175((d,)) 2 Z 5((dp)).

First, we define the procedure FIRSTCALL which decides which node u should be informed

by r in the first time step. The correctness of FIRSTCALL, assuming the procedure TIME returns
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the value of |ND(T)|, follows immediately from Lemma 5.3.2.

 

FIRSTCALL (T)

1. Call TIMECI') which returns |ND(T)|.

2- If|ND(T)| = |ND((d1))l. the"

Set v = ”1(Sr((dl))

Else

Set it = d1.

3. Return v and |ND(T)|.  
 

Next, we define the procedure ROOTSCI-[ED which repeatedly uses FIRSTCALL to cre-

ate the root schedule Sr (T) and the labor vector I75 (T) of a least labor broadcast schedule S(T) for

any directed tree T with root node 1'. The key to our ability to repeatedly apply FIRSTCALL stems

from Lemma 5.3.3 which shows us how to quickly compute the root schedule and labor vector of a

least labor broadcast schedule for (all) -— (v) in steps (5a) and (5b) of ROOTSCHED.
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ROOTSCI-{ED (T)

l. Initialize S,(T) = 0 and Visa) = () andt = 1.

2. Call FIRSTCALL“) which returns v and L.

3. Update 5.0“) and Vs (T) as follows

(a) S,(T) = S..(T) U (r,v,t)

(b) Append L to 175 (T)

4. If v = (11 then modify T as follows

(a) Eliminate child <11 and its associated root schedule and labor vector.

(b) For 2 S i g p, rename child d,- (and associated root schedule and labor vector) to be child d,--1 .

(c) Decrement p by one.

(d) Ifp > 0 increment t and Goto Step 2. Otherwise append 0 to 175 (T) and Exit.

5. Else modify T as follows

(a) Replace S,((d1)) with S,((dt) - (22)).

(1:) Replace feud,» with 175%) - (11)).

(c) Rename children sothat 95((d1)) 2 2 95((d,)) 2 ~ -- 2 95((dp)). (d) Increment t and Goto Step 2.   
5.3.4 Computing |ND(T)|

We now describe procedure TIME and prove its correctness.
 

TIMECF)

l. Setn = |ND((dt))|

2. Call CHECK(n, T))

3. If CHECK returns “yes" then

Return n.

Else

Increment n by 1 and goto 2   
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CHECK(n, T)

1. If n = 0 and r has children, return “no"

2. If n 2 0 and r has no children, return “yes"

3. Else

(a) If |OP'T-ND((d1))| > it. return “no”

(b) If |OPT-ND((d1))| < n, return(CHECK(n - l, T — (d1)).

(c) If |OP'I—ND((d1))| = 11. let u = v1(S,((d1))). Return(CHECK(n — 1, T — (v))).   
 

Lemma 5.3.4 For all ditrees T and all n _>_ O, CHECKln.T) returns “yes" if |ND(T)| S n, and

CHECK(n,T) returns “no" if |ND(T)| > 11,

Proof: We will prove this lemma by induction on the variable 11. Let D; = (all).

The base case is when n = 0. Suppose |ND(T)| = 0. Clearly, this means there are no nodes

to inform, i.e., the root of T has no children. In this case, step 2 of CHECK applies, and “yes" is

returned. Suppose |ND(T)| > 0. This means that r has children left to inform. In this case, step

1 of CHECK applies, and “no” is returned. Thus, for all ditrees T, CHECK(O,T) retums “yes” if

|ND(T)| s 0. and CHECK(O,T) returns “no" if lND(T)| > 0.

Now assume that for all ditrees T and for n _<_ k, CHECK(n,T) returns “yes" if |ND(T)| S

n, and CHECK(n,T) returns “no" if |ND(T)| > n. We now show that for all ditrees T,

CHECKU: +1,T) returns “yes" if |ND(T)| g k + 1, and CHECKU: + 1,T) returns “no" if

|ND(T)| > k + 1.

Suppose |ND(T)| > k + 1. There are three possibilities to consider:

(:1) Suppose |ND(D1)| > k + 1. Then step 3(a) applies, and “no" is returned.

(b) Suppose |ND(D1)| < k + 1. Then Step 3(b) applies, and CHECK(k + 1,T) is ex-

actly CHECKUc, T — D1). Since |ND(D1)| _<_ k and 1ND(T)| > k + 1, we conclude
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|ND(T - (v))| _>_ k +1. By our induction hypothesis, CHECK(k, T — Dr). and consequently

CHECK(k + 1, T), returns “no.”

(c) Suppose |ND(DI)| = k + 1. Then step 3(c) applies, and CHECKUC + 1, T) is exactly

CHECK(lc,T— (1))), where v E LLFC(DI). Since 12 6 LLFC(Dt) and |ND(Dl)| = k+1,

we can conclude that ND((v))| 5 Is. Using the same argument from case (b), it follows that

|ND(T — (v))| _>_ k + 1. By our induction hypothesis, CHECKUc, T — (1))) returns “no”, and

consequently CHECK“: + 1,T), returns “no."

Thus, we have shown that for all ditrees T, if IND(T)| > k + 1, CHECK“: + 1, T) returns “no.”

Now suppose that |ND(T)| S k + 1. Clearly |ND(DI)| 5 k + 1, so we only need to consider

cases (b) and (c) from above.

(b) If |ND(D1)| < I: + 1, then CHECKUc + 1,T) is exactly CHECK(k, T - D1). From

(C)

Thus,

Lemma 5.3.2, we know that there exists a v e DI such that v E LLFC(T). This, along

with the fact that |ND(T)| S k + 1, implies |ND(T — (1r))| 5 1:. Since T - D) is a sub-

tree of T — (12). it follows that |ND(T - D1)| 5 la. Thus, by our induction hypothesis,

CHECK(k,T — Dt) returns “yes," and consequently CHECKUc + 1,T) also returns “yes."

If |ND(Dl)| = k + 1, then CHECKUC + 1,T) is exactly CHECK(k, T — (12)) where v E

LLFC(Dl). Because |ND(DI)I = k + 1 and 1r 6 LLFC(Dl) we know |ND(v)| S 1:.

Furthermore, we know from Lemma 5.3.2 that v 6 LLFC(T). Using this along with the fact

that |ND(T)| S k + 1, implies |ND(T — (11))! g k. Thus, by our induction hypothesis, we

know CHECK(k, T - (11)), and consequently CHECKUc + 1,T), returns “yes.”

we have shown that for all ditrees T, if |ND(T)| S k + 1, CHECKUc + 1, T) returns “yes.”

By the principle of mathematical induction, we have shown that for all ditrees T and all n 2 0,

CHECK(n, T) returns “yes” if IND(T)! g n and CHECK(n,T) returns “no” if |ND(T)| > n. C]
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The remainder of algorithm ODA can be implemented in a straightforward manner. CREATE

and SCHED are the procedures that implement the bottom up and top down phases of algorithm

ODA, respectively. CREATE simply calls ROOTSCHED in a bottom up fashion after creating

empty root vectors and labor vectors equal to (0) for all nodes with outdegree 0. SCI-{ED uses these

least labor vectors and root schedules to create a complete minimum length node-disjoint broadcast

schedule for the ditree T.

 

Optimal Decomposing Algorithm ODA

I. Call CREATE(T) to makeleast labor root schedules and least labor vectors for all (12) in T.

2. Call SCHED(T) using the entire output of CREATE(T) to create the broadcast schedule ODA(T).

 

 

CREATE(T)

1. For all nodes 12 with outdegree 0, make S,((v)) = G and 175((v)) = 0.

2. Initialize Completed = {v I outdegree(v) = 0}

3. While Completed a6 V(T) do the following

(a) For all vertices v in V(T) — Completed

(i) If all the children of v are in the set Completed then call ROOTSCHEDU‘)

(ii) Add v to the set Completed.

 

 

SCHED (T)

l. Initialize D(T) = 5,-(T) and Completed = {r}.

2. While V(T) - Completed 96 G

(a) If all ancestors of v are in Completed

(i) Call PROCESS(v, D(T))  (ii) Add 1) to the set Completed

 



 

paocess (1r, D(T))

1. time = 1', s.t. (w,1r,i) 6 D(T)

2. j = minj s.t. (w,v,-(D,.(v)),k) ¢ D(T) for all k, w.

3. Fort = 1' t0 lDr((v))|

(a) D(T) = D(T) U (w,v¢(D,((v))),time + t —j + 1), where (w,v¢(D,((v))),t) E D,((v)).  
 

Lemma 5.3.5 Let T be a ditree rooted at r. CREATEYT) makes the root schedule and the labor

vector ofa least labor broadcast schedulefor (v) for all 11 E V(T).

Proof: This follows from Lemmas 5.3.2, 5.3.3 and 5.3.4. D

This leads us to our main result. The optimal algorithm ODA uses the least labor root schedules

and vectors for all (u) in T to create an optimal node-disjoint broadcast schedule for T.

Theorem 5.3.1 Algorithm ODA creates a minimum length node-disjoint broadcast schedule

0DA(T) for any directed tree T.

Proof: This follows from Lemma 5.3.5 and the correctness of the procedure SCHED(T). Cl

5.3.5 Time Complexity

Table 5.1 gives the worst case time complexity for all the algorithms used by the Optimal Decom-

posing Algorithm (ODA).

We first calculate the time complexity of the CHECK algorithm. Let TCHECKUI) be the time

complexity, where n is the number of nodes in ditree T. We have the following recurrence relation

for the worst cast time complexity, '
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Table 5.1: Time Complexity for ODA

 

 

 

 

Worst Case Complexities

Algorithm Complexity

CHECK 0(a)

TIME 0(n)
 

FIRSTCALL 0(n)

ROOTSCHED 0(n2)

 

 

 

 

     

CREATE on?)

SCHED 0(52)

PROCESS 0(n)

ODA 0(n3)

TCHECK(") = a1 + Tonecxln - 1)

TCHECKU) = 02

Solving this recurrence gives us

TCHECtrl") = 00")-

Given the complexity of CHECK, it is easy to see that the TIME algorithm also has complexity

0(n). This implies that algorithm FIRSTCALL has time complexity 0(a) as well.

Now we can calculate the complexity of ROOTSCHED. The bulk of the work is done in step 2,

in which algorithm FIRSTCALL is called. Steps 4(d) and 5(d) precede step 2. It is clear that the

maximum number of times that 4(d) and 5(d) can occur is n. Thus, ROOTSCHED has complexity

0(n2) .

Given the complexity of ROOI‘SCHED, we are able to calculate the complexity of CREATE.

CREATE can call ROOTSCHED at most 11 times, thus worst case complexity is 0(n3).

'Ihe complexity of PROCESS is 0(n) since j in step 2 can be no larger than 11. Because

PROCESS is called at most 11 times by SCHED, the complexity of SCI-[ED is 0(n2). 'Ihus, the



complexity of ODA is 0(n3 + 712) = 0(n3).

5.4 Summary

We describe two polynomial time approximation algorithms, CA and SCA, for performing broad-

cast in directed trees under the node-switching model of communication. The biggest advantage of

the CA algorithm is its simplicity. Its best case time complexity is 0(n log n) (which it achieves

for broadcast in hypercubes, meshes and tori), and its worst case complexity is 0(n2). While the

SCA algorithm has slightly higher complexity (0(n2) in the best case and 0(n3) in the worst

case), it also may produce much shorter calling schedules. 'Ihe broadcast schedules produced by

SCA are guaranteed to be no more than twice the length of an optimal length broadcast schedule. Fi-

nally, we describe a 0(n3) algorithm that always produces minimum length node-disjoint broadcast

schedules for directed tree topologies. This can easily be transformed to an edge disjoint broadcast

schedule with length at most twice that of an optimal edge disjoint schedule.



Chapter 6

Shortest Path Oblivious Routing

6.1 The Generalized Path-Matching Problem

In Chapter 3 we described matching problems that have been previously studied. Traditionally, a

matching (or edge-matching) in a graph G = (V, E) is defined as a set of pairwise independent

edges. Wu and Manber introduced a generalization of an edge-matching called a path-matching.

In a path-matching, vertices of G are joined by simple paths rather than edges [52]. Specifically, a

path-matching M in a graph G is a set of simple paths in which no two paths share the same end

vertices. Of particular interest is the problem of finding a perfect path-matching in which paths in

M are pairwise edge-disjoint (a DP-matching).

In this Chapter, we introduce a generalized path-matching, which includes both edge-matchings

and path-matchings. We Show how a generalized path-matching can be used to create an optimal .

UBM algorithm for arbitrary topologies that employ a shortest path routing scheme. We will define

a generalized path-matching for a symmetric digraph rather than an undirected graph. A directed

graph G = (V, A) is symmetric if for every arc ij 6 A(G), we have are ji 6 11(0) as well. A

generalized path-matching is defined as follows:

93
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Definition 6.1.1 Given a symmetric digraph graph G = (V, A), a set P ofdirected paths in G, and

a set X S; V(G) of vertices, we call Mp g P a generalized path-matching (GP-Matching) on

(G, P, X) if the origin and terminus of each directed path p 6 Mp are distinct vertices from X,

and no two dipaths have a common origin or terminus.

Note that every undirected graph has a corresponding symmetric digraph representation ob-

tained by replacing each edge ab with two directed arcs ab and ba. Thus, a GP-matching can be

thought of as being defined for an undirected graph, except the paths used to match vertices are

directed. Directed paths are used to distinguish an 1'j-path from a ji-path. That is, if the prescribed

set P of paths contains a directed ij-path, it does not necessarily contain a directed ji-path. Thus,

we will assume an ij-path refers to a directed path with origin 1' and terminus j.

In the generalized case, a perfect GP-matching is one that matches all vertices from X. Both

the edge-matching problem and the path-matching problem are specific cases of the GP-matching

problem. In the edge-matching problem, X = V(G) and P consists of all paths in G that are length

one (i.e., P = A(G), the arcs in the symmetric digraph that corresponds to graph G). Thus, a

GP-matching MA for (G, V, A) is exactly an edge-matching in G. Similarly, if P(G) denotes the

set of all simple dipaths in G = (V, A), then the GP-matching Mp(G) for (G, V, P(G)) is exactly a

path-matching in G.

In Section 3.5, we described two commonly studied variations of matching problems in graphs.

The first variation is finding maximum (or perfect) matchings, and the second variation is find-

ing minimum cost maximum matchings. We will focus on a slightly different variation; we wish to

identify properties that guarantee a perfect GP-matching exists. We are particularly interested in per-

fect GP—matchings in which the directed paths are pairwise edge-disjoint (perfect GDP-matchings).

TWO directed paths p(z'o,$¢) and p(ymyt) are edge-disjoint if they do not have any of their un-

derlying edges in common. Unlike DP-matchings, perfect GDP-matchings do not always exist. In

Section 6.2, we give sufficient conditions that guarantee an input instance (G, P, X) has a perfect
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GDP-matching. In particular, we show that if P contains a shortest path between each pair of ver-

tices in X, then there exists at least one perfect GDP-matching for (G, P, X). In addition, the proof

provides a method for finding a perfect GDP-matching.

'Ihe GDP-matching problem has a direct application in multicast communication for direct net-

work systems. In a line-switching UBM schedule, several messages may be sent concurrently along

edge-disjoint paths in the network. In Section 6.3, we show how GDP-matchings can be used to

maximize parallel communication and therefore to allow an optimal line-switching multicast algo-

rithm to be constructed for direct network systems.

6.2 Sufficient Conditions for Perfect GDP-matching

Since every connected graph contains a perfect DP-matching, we know that when X = V(G)

and P contains all the paths in G, that there is a perfect GDP-matching for (G, P, X). It is not

true in general that a perfect GDP-matching exists. For example, consider the graph C3, pictured in

Figure 6.1. Suppose X = {1,2, 3,8}. Letpm, j) be the longest ij-path, pc(i, j) be the “clockwise”

1 2

6 5

Figure 6.1: Cycle on 8 vertices.

ij-path, and p3(i, j) be a shortest ij-path in 03. Furthermore, let

P1 = {PL(i.J') Virj E X}

P2 {p6(irj) Vi,j€X}

P3 = {p5('rj) Vii]. E X}
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Clearly no perfect GDP-matching exists for (03, P1 , X) because every pair of paths must share

a common underlying edge. If we use the paths in P2, Mp2 = {pc(l, 2), pc(3, 8)} is a perfect GDP-

matching for (03, P2, X). If we use P3, the vertices matched in the previous example, using paths

from P2, cannot be matched by disjoint paths from P3 (both p3(l, 2) and p3(3, 8) use the underlying

edge between vertex 1 and vertex 2), but Mp3 = {ps(l, 8),ps(2, 3)} is a perfect GDP-matching

for (Ca, P3,X).

Because perfect GDP-matchings do not always exist, a natural question that arises is: “under

what conditions is there a perfect GDP-matching for instance (G, P, X)7” In this section, we give

sufficient conditions for the existence of a perfect GDP-matching. In particular, we show that if X i

is any subset of vertices and P contains a shortest path for each pair of vertices in X, then there is

l a perfect GDP-matching for (G, P, X). The following Lemma is the key for finding edge-disjoint

pathsthatmatchpairsofverticesinX.

Definition 6.2.1 Let |p(i, j)| denote the length ofpath p(i, 3').

Lemma 6.2.1 Let G = (V, A) be a symmetric digraph, X Q V(G) a subset ofvertices, and P be a

set ofdirected paths that contains a shortest pathfor all pairs ofvertices in X. Further; let p(zc, 3;)

denote a shortest xy-pathfi'om set P. Ifthere are two paths p(zl , m) andp(zz, m) that contain a

common underlying edge, then either

|P($1.$2)| + MINA/all < |P($1.y1)|+lp($2ty2)|

0r

|P($1.1I2)| + [p(x'hylll < |P($1sy1)| + |P(22.y2)|-

Proof: Suppose that directed paths p(zl, 111) and p(zg, 312) are not edge-disjoint, and that they

both contain the underlying edge ab. WLOG, assume that a occurs before b on p(xl,y1). Then

there are two cases to consider,

1. 0 occurs before b on p(xg, yg) as pictured in Figure 6.2(a).
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2. b occurs before a on p(zg, 312) as pictured in Flgure 6.2(b).

1' fix"

‘9 a__,”.." 3'1 x, a b "'H y,

.” .I"

‘9 3’2

(a) Case 1 (b) Case 2

figure 6.2: Two conflicting paths.

In the first case,

[p(xt.yt)| = |p(xt.a)| + [p(a.b)| + lp(b.yt)l

lP($2ty2)| = |P($2.a)| + Watbll + L901, 112”

lp(zt.yt)| + |p(22.y2)| = lp(xt.a)l + lp(a.b)l + [p(b.yt)|

+lp(z2.a)l + lp(a.b)l + may.”

' IP($1tl/1)l + |P($2sy2)| = (who): + |P($2sa)|) +(lP(bsy1)| + lp(b.y2)l) + 2

I
V

lp($lryl)l + lp(321y2)l [D(31t32)1+lplyltl/2)l + 2

lp(xt.yt)l + lp(32.y2)l > lp($t.z2)l + lp(yt.y2)|

Similarly, in the second case,

|P($1.y1)| + |P($2.y2)| > |P($1sy2)| + |P($2.y1)|-
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Lemma 6.2.1 leads naturally to a method for finding a perfect GDP-matching for (G, P, X).

Theorem 6.2.1 Let G = (V, A) be a symmetric digraph, and let X Q V(G) be a set of vertices

from G. IfP contains a shortest ij-pathfor all i, j e X, then there is a perfect GDP-matchingfor

(G, P, X).
‘

Proof: We describe a polynomial-time algorithm for finding a perfect GDP-matching for

(G, P, X) when P contains a shortest ij-path for all i,j E X.

Let X = {2:1,. . . ,xn}, and let p(m,-,zj) be an arbitrary shortest ij-path from P. A perfect

GDP-matching contains 1: = [12!] paths. We initialize a matching M(0) to be a set of paths between -

It arbitrary pairs of vertices in X. WLOG, let M(0) = uf___,p,-, where p, = p(m,, ow).

Initially, M(0) may not contain pairwise edge-disjoint paths. We describe a procedure that

transforms M(0) into a perfect GDP-matching after several iterations. Let M(i) be the matching

associated with iteration i in the procedure, and assume the path 12,- has source .9,- and terminus tj.

We transform M(0) into a GDP-matching as follows:

1. Let iteration = 0

2. If there exist paths p,- = (3;, t,-) and p,- = (3,, tj) from M(iteration) that

both contain the underlying edge ab, then increment iteration and use

Lemma 6.2.1 to create a new matching M(iteration) as follows:

IfarcabEpgandareabEpJ-Jhen

M(iteration) = M(iteration — 1) — p,- — pj + p(sg, Sj) + p(ti, tj)

ElseifarcabEpgandarebaEijhen

M(iteration) = M(iteration - 1) — p.- — pj + p(s,, tj) + p(sj, ti)

Else there is no edge contention. STOP.

3. Repeat step 2.
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If the procedure terminates with iteration = i, M(i) is a perfect GDP-matching for (G, P, X)

because all k paths in M(i) are pairwise edge disjoint. Thus, we only need to show that the proce-

dure terminates.

Define size[M(i)] = Z lpl. Because each path p in M(i) must contain at least one edge,

106M“)

‘v’i size[M(1)] Z k. (6.1)

By Lemma 6.2.1,

Vi size[M(i + 1)] < size[M(1)] (6.2)

Combining the facts in Equations 6.1 and 6.2 guarantees that the procedure must terminate. D

6.3 Multicast Algorithm using GDP-matching

'Ihe GDP-matching problem has a direct application to multicast communication. We present an

optimal multicast algorithm that is based on Theorem 6.2.1. In a UBM implementation, the lower

bound on the number of steps required to complete a multicast request M = (s, D) is [lg(lDl +

1)]. 'Ihus, a multicast schedule with length [lg(IDl + 1)] is optimal. Ideally, we want to find

an optimal UBM schedule 0 for implementing any multicast request M in any direct network

topology represented by a graph G. Recall from Chapter 3 that optimal UBM algorithms have

been developed for arbitrary network topologies that employ free routing, for mesh tapologies that

use xy-routing, for hypercube topologies that use e-cube routing, and for tours topologies that use

dimension ordered routing. Unfortunately, multicast cannot always be performed in [lg(lDl + 1)]
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steps. A natural question to ask is, “Under what conditions can UBM be done in the optimal number

of time steps, [lg(lDI + 1)] ?” In this section, we use Theorem 6.2.1 to show that any routing

scheme that includes a shortest ij-path for all pairs (i, j) allows optimal line-switching UBM in

any network topology that can be represented by a symmetric digraph (i. e., a direct network that

provides symmetric communication). First, some definitions are in order.

Definition 6.3.1 Let disa(i, j) be the length ofa shortest ij-path in G.

Definition 6.3.2 A muting scheme R is called a shortest path routing scheme iffor every pair of

nodes v; and 1);, R contains a routing path pp(i,j) oflength disa(i,j).

Theorem 6.3.1 There is an optimal line-switching UBM implementationfor any shortest path mut-

ing scheme in any arbitrary symmetric graph topology.

Proof: We give a constructive proof, i. e., we describe a method to create a multicast schedule

of length [lg(lDl + 1)] for any multicast request M = (s, D) in any system represented by a

symmetric digraph and that employs a shortest path routing scheme R. Let pp(s, d) be the routing

pathusedbthosendamessage from nodestonode d.

In order to achieve multicast in [lg(lDl + 1)) time steps, the number of informed nodes must

double in each time step. Thus, in the last step, half of the destination nodes are already informed

and must make calls to the other half of the destinations. This is the underlying principle of the

technique that we describe.

A multicast schedule is built from the bottom up. That is, the calls in time step [lg(lDI + 1)] are

scheduled first, then the calls in step [lg(lDl + 1)] — l, and so on. We use Theorem 6.2.1 to create

the optimal multicast schedule. The set X in Theorem 6.2.1 corresponds to the set of nodes involved

in the multicast request (i.e., s U D). The set of paths P is exactly the routing paths included in R.

Because R contains a shortest path for each possible source-destination pair, Theorem 6.2.1 guar-

antees that a perfect GDP-matching can be found for (G, R, s U D). Let the perfect GDP-matching
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Mp be {pp(sl,d1), . . . ,pR(3k,dk)}, where k = [1%]. The paths in Mp represent the calls that

will be made in the last step of the multicast schedule. Let S = Uf=lsg. Since the nodes in S are

sources of unicast calls in step [lg(lDI + 1)], these nodes must be informed in [lg(IDI + 1)] - 1

steps. Essentially, we have a new multicast request M’ = (s, D’), where D’ = S — {s}. We

find a perfect GDP-matching for s U D’ as described above, and continue this process for a total

of [lg(IDI + 1)] steps, when the single call in the first step of the multicast algorithm is scheduled. D

Theorem 6.3.1 provides the theoretical basis for all the previous work on optimal multicast

in direct network topologies. In [21, 46], optimal UBM algorithms are given for for any arbitrary

network that uses free routing. In addition, optimal UBM algorithms for meshes that use try-routing,

hypercubes that use e-cube routing, and tori that use dimension ordered torus routing have been

developed [46, 47]. Each of these is a corollary to Theorem 6.3.1.

Corollary 6.3.1 There is an optimal line-switching UBM implementationfor all M = (s, D) in an

arbitrary topology that employsfree routing.

Corollary 6.3.2 There is an optimal line-switching UBM implementation for all M = (s, D) in

any mesh topology that employs reg-routing.

Corollary 6.3.3 There is an optimal line-switching UBM implementation for all M = (s, D) in

any hypercube topology that employs e-cube routing.

Corollary 6.3.4 There is an optimal line-switching UBM implementation for all M = (s, D) in

any torus topology that employs dimension-ordered torus routing.

In addition, Theorem 6.3.1 gives guidelines for developing routing strategies. The theorem

states that if shortest paths are used to route messages between all pairs of nodes, this is sufficient to

guarantee an optimal multicast implementation. Current routing techniques use shortest paths. Us-

ing shortest paths can reduce overall message transmission latency and can reduce network traffic.

In addition, shortest paths require less space to encode in routing table. In essence, Theorem 6.3.1
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says that a simple, natural routing scheme in an arbitrary topology allows optimal multicast perfor-

mance.

Finally, Theorem 6.3.1 has implications for updating routing schemes as new nodes are incre-

mentally added on to the system. Ifnew nodes are added to a system, routing tables must be updated

to include the routes for new nodes. As long as all routing paths are shortest paths in the network,

multicast can be done in optimal time. First, we must verify if existing routing paths are still shortest

paths after the additional nodes are added. Then, any shortest path can be used for routes containing

new nodes and to replace original roofing paths that are no longer shortest paths. No particular

structure or symmetry must be maintained by the routing paths, making it quite simple to update the '

routing scheme.

6.4 Summary

This chapter describes a generalization of previously studied matching problems for undirected

graphs. The Generalized Path-Matching (GP-matching) problem is defined, which includes both

(the edge-matching . problem and the path-matching problem. In a GP-matching, a subset X of

vertices is matched using paths from a specified set P. We are interested in finding a perfect GP-

matching, or one that matches all the vertices of X. Additionally, we focus on the edge-disjoint

GP-matching problem (or GDP-matching problem). Sufficient conditions for the existence of a

perfect GDP-matching are given. It is shown that if shortest paths are used to match vertices, a

perfect GDP-matching always exists.

Sufficient conditions for optimal multicast communication in parallel systems based on direct

networks are a direct consequence of the GDP-matching result. We showed that in a symmet-

ric direct network system, a shortest path routing scheme allows optimal UBM communication in

any arbitrary topology. Because meshes, hypercubes and tori typically use shortest path routing
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schemes, this result shows that optimal UBM can be done in these direct network systems. Thus,

this result provides a theoretical basis that unifies the optimal algorithms previously developed for

these specific topologies [46, 47]. Since using shortest paths to route messages is sufiicient to guar-

antee optimal time multicast, designing routing strategies for arbitrary topologies can be straight

forward. Shortest paths should be used for routing, but routing paths do not need to be uniform or

symmetric. Additionally, this result implies that adding on to a network incrementally should be

relatively simple. Old routes may remain unchanged and new routes only need to satisfy the shortest

path property. Finally, the proof provides a technique for constructing an optimal length multicast

schedule for any multicast request in an arbitrary topology that uses shortest path routing.



Chapter 7

Conclusions and Future Work

The goal of our research is to provide a general UBM approach for efficient multicast communica-

tion in direct networks. This dissertation describes significant progress toward that end. We present

two general models for realistic direct network systems and provide multicast algorithms for arbi-

trary topologies. We summarize these contributions in Section 7. 1. Ideally, we want to develop time

and traffic efficient UBM algorithms for arbitrary restricted roofing systems in general topologies.

In Section 7.2, we outline several open problems that merit future investigation.

7.1 Conclusions

7.1.1 Source Limited Inclusive Routing

Source limited inclusive routing schemes represent a realistic class of routing schemes for several

reasons. F‘u'st, all routing schemes that are implemented on current machines are inclusive routing

schemes. Second, storing only source limited routing information allows for the smallest possible

storage requirements for routing information. Furthermore, because all routing paths contain addi-

tional routing information within them, much of the system-wide routing information is available

104
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even though nodes store only source limited information. Finally, source limited inclusive routing

schemes have a natural graph theoretic model, namely directed trees, that makes them easy to work

with.

Although the complexity of determining optimal line-switching UBM schedules for directed

trees has not been determined, we show that node-switching UBM schedules provide a very good

approximation for line-switching UBM schedules in ditrees. In addition, decomposing node-

switching algorithms in a ditree have several advantages. First, multicast problems in ditrees under

the node-switching assumption can be transformed to equivalent broadcast problems. Consequently

we can focus on broadcast in directed tree topologies. Additionally, decomposing algorithms allow

a ditree to be broken into two disjoint ditrees after a unicast call has been made. Because the result-

ing problems are disjoint, we know that the unicast paths used to deliver messages in different steps

of the UBM schedule will not interfere with each other. Thus, the UBM algorithm does not need to

be synchronous (i.e., does not need a barrier at the end of each time step). Finally, the decomposing

nature of node-switching algorithms makes analysis of these algorithms relatively simple.

7.1.2 Shortest Path Oblivious Routing

Although storing source limited information has very small storage requirements, helpful routing

information may not be available, and therefore optimal algorithms cannot be determined. In the

ideal case, all routing information is available to each node of the network. If complete information

is stored, shortest path oblivious routing schemes are the most realistic schemes to use. Using

shortest paths to deliver messages can reduce overall network traffic, and it also minimizes the

storage for complete routing information.

We show that GDP-matchings can be used to create an Optimal UBM algorithm for arbitrary

direct network systems that employ a shortest path routing scheme. This result provides a theoretical
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basis that unifies the previous results on optimal multicast algorithms in specific direct network

topologies [21, 46, 47]. In addition, this result provides system designers with some simple, intuitive

rules for creating routing schemes that guarantee multicast can be performed in minimum time.

7.2 Future work

7.2.1 Restricted Routing Model

In Chapter 4, we described the difficulties associated with finding a graph model for arbitrary re-

stricted routing schemes. In addition, we present a ditree model for source limited inclusive routing .

schemes. The clear disadvantage of this model is that it does not use complete routing information

to create multicast schedules. If complete routing information is available, we may be able to use

this information to reduce the number oftime steps needed to satisfy a multicast request. Other real-

istic assumptions or different modeling techniques may lead to a model that can represent arbitrary

restricted routing information completely, accurately, and unambiguously.

7.2.2 Time Efficient Line-Switching UBM Algorithms

Our initial results have concentrated on time efficient multicast algorithms for source limited in-

clusive routing schemes and for shortest path oblivious routing schemes. This work stemmed from

related work on time efficient multicast in systems that allow free routing. We present an optimal

time line-switching UBM algorithm for shortest path schemes, and we show that we can approxi-

mate time efficient multicast for source limited inclusive routing schemes under the line-switching

model; however, the existence of an optimal time line-switching algorithm for ditrees remains an

open problem and deserves further investigation. In addition, we need to address the larger problem

of optimal time line-switching UBM algorithms in other restricted routing schemes. Thus, we want

to develop an optimal polynomial time UBM algorithm for arbitrary restricted routing schemes, or
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prove that no such algorithm exists.

7.2.3 Thaffic Efficient Line-Switching UBM Algorithms

The results in this dissertation focus on time efficient UBM algorithms. However, traffic efficiency

is also a very important metric tO consider. Ideally, a UBM algorithm will consider traffic efficient

multicast in conjunction with time efficiency. One can start by addressing this issue in systems that

allow free routing. The advantage Of studying free routing first, is that free routed systems have

a well defined graph model. Often, solving a problem in a simplified model gives insight about

solving a harder problem. For example, the multicast algorithm in [46] was the foundation for the

Centroid Algorithm presented in Chapter 5. In the same way, traffic efficient algorithms in free

routing may provide insight about restricted routing systems.

As discussed in Chapter 3, systems that assume free routing have lower bound implementations

for any multicast request. We will first consider the existing UBM algorithm proposed by McKinley

er al. [46]. This algorithm is optimally time efficient; however, it does not consider trafiic efficiency.

Incorporating the notion Of traffic efficiency into the existing algorithm can be explored. The algo-

rithm relies on using an Euler trail tO determine the unicast call that are made. The traffic efficiency

is greatly influenced by the Euler trail that is chosen. Thus, it is important tO characterize the Euler

trail that produces the most traffic efficient multicast schedule.

Preliminary results not presented in this dissertation show that using the Euler trail method

described by McKinley et al. is not optimally traffic efficient. In some networks, an optimal traffic

efficient multicast schedule cannot be generated by any Of the possible Euler trails. In order to

produce Optimal traffic efficient multicast schedules some other method must be used. Such methods

merit further investigation.
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7.2.4 Partially Restricted Routing

In addition to multicast in Oblivious routing schemes, the issues Of multicast in partially restricted

routing schemes can be explored. We described one type Of partially restricted routing in which

part Of the path is restricted and part Of the path is free. This was inspired by turnaround routing in

multistage cube networks. Other types Of partial restricted may also be used. For example, we can

restrict several Of the nodes a path must travel through, but not the path itself. Very little is known

about multicast performance for partially restricted routing schemes.
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