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ABSTRACT

The notion of vicarious interaction refers to online active users serving as surrogates for
passive users to experience online interaction without being involved in the interaction. In the
current study, we proposed an experiment to explore how vicarious interactions in online support
communities influence observers’ attitudes toward online social support and result in their
behavioral intentions to support others. Based on previous research, we not only focus on self-
identification between the observer and online support provider. In addition, we shed light on the
valence of feedback to the support provider to see how vicarious reinforcement affects passive
users’ attitudes toward providing online support. A 2 (similarity: similar vs. dissimilar) by 2
(valence of feedback: positive vs. negative) experiment is conducted to test the hypotheses. The
result suggested that observers’ attitudes can lead to a more positive behavioral intentions toward
social support only when they see the support providers, whom they can identify with, receive
positive feedback from the support seeker. However, the objectively similar or dissimilar
between the support provider and observer did not influence people’s attitude or behavioral
intention toward providing online social support. The findings contribute to the line of studies in

vicarious interactions and reinforcement theory.
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INTRODUCTION

Online communities have become a major place for people with similar issues to seek
and provide support (Maloney-Krichmar & Preece, 2005). Unlike traditional face-to-face social
support conducted in an interpersonal process, online communities provide people with a mass
personal environment where all interpersonal supporting conversations can be accessed publicly
by online viewers (Li & Feng, 2015; O’Sullivan & Carr, 2018). In this context, each supportive
message could possibly receive comments from support seekers and other bystanders in the
community. Users in online communities could also gain information and observe all
interactions without posting any content online. As suggested by social learning theory, people
can learn behaviors from observations (Bandura, 1971). Social media users could not only learn
from the information they read. Observing online interactions also may influence viewers’
subsequent behaviors. A previous study in social identification pointed out that passive users
could benefit from the vicarious online interactions in online support communities by reading the
conversations (Dai & Shi, 2022). However, to the author's knowledge, fewer studies have
focused on how self-identification with the online support provider and interactions in online
support communities could influence bystander users' attitude toward supporting others online
and their subsequent behavioral intentions.

The current study aims to explore the relationship between vicarious interactions online
and users' subsequent behaviors. Specifically, this study seeks to answer how self-identification
would influence people's attitude toward providing social support and whether observing users'
supportive interactions online from different sources will influence bystanders' intention to
provide support to others. The current project contributes to the broader question of what factors

lead people to provide support online.



The paper is organized as follows. First, this work describes Bandura’s social learning
theory (SLT; 1971), by providing critiques of its “black box™ between learning and action. To
solve the problem, the mechanism by Dai and Walther (2018) about vicarious social
identification is introduced and applied to this study. This section will review relevant studies
about online communities and vicarious interactions in a mediated context. Then, the relationship
between observing interactions online, attitude toward providing social support online, and
future posting intention will be discussed. Finally, the experimental design and results of the

study will be presented.



LITERATURE REVIEW

Online Support Communities and Lurkers

An online community is a group of people with similar interests who interact in a virtual
space (Preece, 2000). Even though different online communities are differentiated by the purpose
of the community and its natural software environment (Preece et al., 2003), the common
characteristic of online communities is the importance of the reciprocity of information, support,
and services among members (Whittaker et al., 1997). However, “silent groups”, also known as
lurkers, representing users who occasionally post but regularly read posts online, make up most
members in online communities (Sun et al., 2014). The 90-9-1 principle explains the
participatory patterns in online communities. The rule states that 90% of members in the
community only play the observation role and do not participate in the interaction process, 9% of
users only provide a limited contribution, and 1% of creators contribute the majority of content
(van Mierlo, 2014). A previous study suggested that there are four main reasons for users lurking
online: environmental influence, personal preference, individual-group relationships, and
security considerations (Sun et al., 2014). Specifically, environmental influence could affect
users’ willingness to participate, which includes poor quality of the content, lack of interactions
among members, and low contribution payback. For the other three reasons, authors mainly
explain them by virtue of individuals’ self-willingness and awareness, which are not related to
the current study. Thus, the environment and interactions viewed by users could be one of the
reasons that cause people’s subsequent online behaviors.

Among all categories of online communities, online support communities have a unique
contribution to vicarious interactions in research from both theoretical and empirical aspects (Dai

& Shi, 2022). First, research has found that users who participate more in online support



communities usually have better psychological health than those who participate in the
community less, yet lurkers are still prevalent in online support communities (Mo & Coulson,
2013). Second, reading others’ interactions could benefit lurkers in seeking information and
satisfy their need to get involved in the online support community (van Uden-Kraan et al., 2008).
Hence, online support communities provide researchers with an interesting place to study
vicarious interactions and how the environment may influence users’ motivation to be active
users and provide social support for others online.

Even though most users belong to the silent group, it is still common to see people in
online support communities provide informational and emotional comments to support the
original posters, as well as some feedback below the supporting comments (Rains et al., 2015).
All conversations and interactions among users in online support communities are searchable and
visible for every user at any time on the online site (Marwick & boyd, 2011) so users may be
affected through the vicarious interactions they observe without becoming personally involved in
interaction with others online.

Social Learning Theory

Social learning theory (SLT; Bandura, 1971) focuses on environmental and cognitive
factors' influence on human learning and subsequent behaviors. The theory emphasizes that
people learn about the world by observing others’ behavior without experiencing it by
themselves. Through the observation process, people can learn the mechanism of rewards and
punishments. Bandura (1971) also pointed out that the effectiveness of people learning this
mechanism from similar individuals through vicarious interactions is better than experiencing it.
It is suggested that observers can learn faster than performers because the latter need to pay

attention to the required response instead of pure learning process (Bandura, 1978b).



SLT suggests that modeling influences primarily serve as informatics (Bandura, 1969)
and observers primarily learn symbolic representations of modeled activities rather than precise
stimulus-response relationships (Bandura, 1971). For example, if people watch dangerous
driving behaviors on TV, even though they do not intend to learn from what they have seen, they
probably learn and apply the behavior in their daily lives. As a bridge linking behavioral studies
and cognitive approach, SLT sheds light on the involvement of cognitive factors in human’s
observational learning process. Bandura (1978a) suggested that humans could actively process
information and make assumptions between their behaviors and their results. Thus, humans do
not simply mimic the behavior they view from the real world. Instead, there is a mediational
process between the observation and the final decision of imitating the behavior or not. The
mediational process can be separated into four subprocesses (Bandura, 1971): attentional
processes, retention processes, motor reproduction processes, and reinforcement and
motivational processes. First, attentional processes indicate whether learners need to actually see
the behavior that they or others want them to reproduce. Second, retention processes refer to the
cognitive processes in that learners mentally rehearse the behavior they intend to reperform.
Third, motor reproduction processes include the procedure of converting the information from
previous processes, attentional and retention processes, to action. Finally, reinforcement and
motivational processes refer to the motivation for learners to enact or mimic the behavior they
observed.

The role of reinforcement in SLT is controversial (Bandura, 1971). In early studies of
reinforcement-oriented theories, scholars pointed out that reinforcement is required to learn
imitative responses (Miller & Dollard, 1944; Gewirtz & Stingle, 1968). In SLT, one of the

factors that can affect what is seen and what is not seen is the expectation of reinforcement.



Suppose the observer knows that the behavior in a given model could effectively lead to valued
rewards or avoid a negative outcome. In that case, observational learning can be enhanced and
increase attractiveness toward the observer and their learning behavior, affecting observers’
behavior (Bandura, 1971).

Although SLT provides a framework of how people learn from their observation which
may lead to a change in behavior, the mechanism behind the learning process and how it
influences the behavioral intention is still a blur. Nelson (2009) suggested that even though SLT
have been tested and supported heavily in empirical studies, it is criticized primarily for
assuming passivity in the observer who receives rewards or punishments, failing to explain why
specific behaviors are rewarded or punished, and failing to explain why some people will not
adhere to social norms.

Besides SLT, social cognitive theory (SCT; Bandura, 1978a) also studied how people are
affected by environmental and cognitive factors, which in turn, reinforce people’s learning and
subsequent behavioral change. Different from SLT, SCT emphasizes the role of mental processes
in shaping human behavior and how that learning process occurs within a social context.
Besides, SCT generally treats the motivation of a specific behavior as a cognitive process, while
SLT views the motivation as a reinforcement or punishment. However, neither SLT nor SCT
indicated clear factors of people that mimic others’ behaviors through their observations since
both theories focused on the effects of previous experiences on people’s potential behavioral
changes. However, empirical evidence from Nabi and Clark (2008) figured out that observing
others could not only influence people’s behavioral intentions on similar experiences they had
but also could influence their expectations of novel behaviors regardless of the positive or

negative outcome of the observed behaviors. Even though previous studies on the processes of



social learning can provide researchers insights into how the environment or expectations can
affect people’s subsequent interactions with others, the detailed reasons that cause people to
initiate parasocial intimacy and change their attitude towards a behavior are still blurred. Hence,
a new framework is introduced to adapt the current study.
Vicarious Interactions

As suggested by SLT, many studies support the idea that observing indirect interactions
influences viewers' attitudes and further behaviors. Studies on cross-group relationships found
that reading stories and viewing interactions in the ingroup could help observers reduce prejudice
toward the outgroup (Wright et al., 1997; Dovidio et al., 2011). Other scholars found that
vicarious interactions in the inter-group improved viewers' attitudes toward outgroup
interactions. In turn, it also increased viewers' willingness to engage in cross-group contact
(Mazziotta et al., 2011). Furthermore, in the organizational context, employees' observation of
others' interactions helped them learn about the organization (Miller & Jablin, 1991) and
improve their own interactions with others (Myers, 2018). Both studies demonstrated that
organizational behaviors might be learned or reinforced by observing others' behavior without
needing to engage in direct communication with other group members or co-workers. In more
recent studies, scholars have found that the public audience does not need to interact with an
organization directly but can gain a similar experience while viewing interactions online, which
indirectly influences the relationship between the viewer and the organization (Lee & Seltzer,
2018). However, none of these studies attempted to discover the mechanism of how people
transfer their observation to behavioral intention. In other words, even though these studies could
explain the phenomena of SLT, they did not break down the attitude change process or figure out

possible mediators.



Back to the early study of parasocial relationships, Horton and Wohl (1956) proposed
that viewers may develop a parasocial relationship with television anchors even though they did
not have any direct interactions. The research suggested that the audience can identify with and
empathically engage with the people with whom the performer interacts as they watch these
interactions. In turn, audiences may have the same experience through this vicarious interaction
as they experience a true social interaction. Some recent studies suggested that online users can
relate to public figures (Dai & Walther, 2018) or a random support provider in health
communities (Dai & Shi, 2022) vicariously by observing and identifying with the people who
engage with them online.

In Dai and Walther's study (2018), they figured out the role of social identification in
vicarious interaction by understanding when and how social identification takes place. As
suggested by Walther (2019), an observer may interact virtually with the target person through a
surrogate who is seen interacting with the target person. The study also emphasized that social
identification can explain the mechanism of why a participant in an observed interaction could
qualify as a surrogate for an observer. To figure out the process of social identification works in
mediated context, the work by Dai and Walther (2018) borrowed the idea of self-categorization
theory which proposed that people see themselves and others as either distinct individuals or as
members of various social groups (Turner et al., 1987). To clarify, people classify themselves
according to how similar they are on average to ingroup members compared to outgroup
members on a salient group characteristic (Hogg & Reid, 2006).

The current study aims to figure out whether observers’ attitude toward providing online
support will be influenced viewing interactions within an online community. Continuing with the

framework provided by Dai and Walther (2018), this study also builds on the term social



identification and parasocial intimacy, but it is different in that it aims to see how this vicarious
interaction could affect observers' attitude toward providing support to others online, which in
turns influence their behavioral intention. According to Dai and Walther's work (2018), people
are more likely to build up parasocial intimacy with ingroup members. In other words, observers
could learn more from the interaction between people they are similar with. In this study, the
parasocial intimacy between the observer and the support provider would influence observers’
attitude toward supporting others online. Hence, the similarity between the observer and the
online support provider could be the key factor that influence the parasocial intimacy between
them.

Similarity

To break down the term similarity, in Dai and Walther's study (2018), they differentiated
whether the users involved in the interaction with a public figure were laypersons or other public
figures by identifying whether they are ingroup or outgroup members. As for Dai and Shi's work
(2022), they tried to figure out whether observers could identify themselves with the people
involved in the interaction as the same gender or not. Both studies found participants identify
more with the same gender online character, which showed that demographic similarity could
influence people’s attitude and future behavior in the online environment. However, similarity is
not only defined as the basic demographic similar such as race, gender, and sex.

Tracing back to the definition of similarity, which included in the homophily theory, is
how closely two people who interact are similar to one another in terms of characteristics like
beliefs, values, education, social status, etc. (Rogers & Bhowmik, 1970; McPherson et al., 2001).
The term of similarity is often used in persuasion and trustworthiness literatures. For example, in

persuasion, the statement of similarity between receivers and persuaders will enhance the



persuaders’ effectiveness is a common assumption (O’Keefe, 2015). Different from actual
similarity, which is objective, the perceived similarity is lending the modeling concept. The idea
of modeling others comes from social cognitive theory, which proposes that people would
imitate the actions of those with whom they identify (Bandura, 2008). More specifically, actual
similarity is the degree to which an individual is actually similar to the other, and perceived
similarity is the degree to which a person believes that one is similar to another (Montoya et al.,
2008). The term perceived similarity first appeared in the media effect and explained how the
children perceived themselves as similar to the characters on television (Reeves & Miller, 1978).
In interpersonal communication, perceived similarity refers to an individual's belief that an
exemplar could reflect their own experiences realistically (Austin & Meili, 1994).

In online environment, without nonverbal information (Walther & Parks, 2002), people
rely on online cues to evaluate their similarity between the online users and themselves. In
previous studies, researchers already found that observers find themselves similar with online
users through cues on restaurant or hotel review website may influence participants’
trustworthiness and future behavior (Chan et al., 2017; Shin et al., 2017). Hence, the current
study hypothesize that observers could set up self-identification with support provider if their
academic institution is same as the one provided in support provider’s online profile.

H1: Observers identify more strongly with support providers who they perceive are

similar to them.
Feedback

Feedback in the online environment is a symbol of reward from other users. In previous
studies, researchers found that people’s expectation of feedback is a key motivational factor

influencing people’s effort in contributing to online resources such as Wikipedia and social
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media posting (Grinberg et al., 2017). It is suggested that the more grateful the feedback is to the
support provider, the more likely the provider will be motivated to give feedback in the future
(Wood et al., 2008). Li & Feng (2015) found that public opinion under a supporting message
may influence bystanders’ subsequent support behavior. Nevertheless, social media platform
feedback, such as like and validation comments, substantially contributes to people’s satisfaction
of use (Bazarova et al., 2015) and can be seen as an expression of feelings and emotions, which
are key to mediated communication (Spottswood et al., 2013). Therefore, rewards or
punishments from online bystanders could influence people’s attitudes toward providing support
to others. In addition, as people engage in behavior that determines behavioral intention, their
attitudes are shaped by both perceived risks and benefits (Ajzen, 1985). Hence, we could infer
that the reinforcement from others’ feedback could influence observers’ attitudes which, in turn,
affect observers’ behavioral intention.

Within the online communities context, people’s intention on subsequent supporting
behavior may be influenced by their observation of others’ interaction (Li & Feng, 2015), which
means that existing support seekers and providers could both influence bystanders’ intention to
provide support to others. As for the perceived similarity, observers identify themselves with the
support provider by the online cues, including user avatar, gender, and age reported by the user.
Hence, receiving positive feedback in the current context is known as a reward, and negative
feedback is known as a punishment. The author makes the assumption that users will have a
higher intention to have more positive attitude toward providing social support online if they
identify themselves similar with the support provider with positive feedback. On the other hand,
negative feedback could have opposite outcome (Fong et al., 2019), which may lead people be

less motivated. The hypotheses are generated as follow:
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H2: There is an interaction between similarity and the valence of support feedback

received such that, observers have (a) a more positive attitude toward providing support

to others online when they see similar support providers receive positive feedback than

when dissimilar providers received positive feedback and (b) a more negative attitude

toward providing support to others online when they see similar support providers receive

negative feedback than when dissimilar providers received negative feedback.
Attitude and Behavioral Intention

The relationship between attitude and behavioral intention has been proven by various
theories in the past decades. A number of studies have confirmed that there is a consistent
relationship between attitude and behavioral intention (Glasman & Albarracin, 2006; Bagozzi &
Burnkrant, 1979; Guagnano et al., 1995). Suggested by the theory of reasoned action (Ajzen &
Fishbein, 1980) and confirmed by many empirical studies, there is a high correlation between
attitude and behavioral intention (Sheppard et al., 1998; Albarracin et al., 2001). Similarly, in the
theory of planned behavior (Ajzen, 1991), empirical studies have also found that behavioral
intentions are based on people's attitude (see review by Topa & Moriano, 2010). It has been
assumed that attitudes play a significant role in determining behavior and, consequently, that one
way to affect someone's behavioral intention is to change that person's attitude. Therefore, the
following hypothesis is posted to confirm the relationship between attitude and intention in the
current supporting context:

H3: Observers' attitude toward online social support and behavioral intention in

supporting others online is positively correlated.

As argued in Hypothesis 1, the current study expects that online observers could identify

themselves as similar or dissimilar to the online support provider via the location cue included in
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the online community. If this is true, it could be the case that observers identify themselves with
online support providers who are from the same university as posted online, which could lead to
Hypothesis 2. Specifically, if they find themselves similar to the support provider, their attitude
toward social support will likely be influenced depending on the valence of feedback the support
provider received in the community. Observers may have a more positive attitude toward social
support when seeing positive feedback for a support provider similar to them, but have a
negative attitude when a dissimilar support provider received negative feedback. Following
Hypothesis 3, the study aims to test whether attitude toward social support could affect
behavioral intention in the online community setting (conceptual model see Figure 1). Thus, the
following hypothesis is proposed:

H4: The interaction of similarity and the valence of feedback affects behavioral intention

through the attitude toward providing social support.
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METHOD

Design

In the current study, a between-subject experimental design of 2 (similarity: similar vs.
dissimilar) x 2 (valence of feedback: positive vs. negative) is proposed. Before displaying stimuli
to participants, instructions informed them that they will be viewing a college discussion
community and will need to answer some questions before viewing others' interactions. These
questions included their current attitudes towards posting supportive messages online in online
communities. Then, participants were randomly assigned to one scenario in which the stimuli
will include an interaction between a poster and a support provider. After viewing each stimulus,
participants were asked to report their attitude towards providing online support and their
intention to provide supportive comments in the future.
Participants

Ninety students (56.7% female; Mug.=21.10, SD = 2.08) were recruited from a research
participant pool at a large Midwestern university in the United States. Students who participated
in the study earned extra credit from the communication course they were enrolled in. 71.1% of
participants indicated themselves as white or Caucasian, 11.1% as Asian or Pacific Islander,
8.9% as black or African American, 3.3% as Hispanic or Latino, 3.3% as Native American or
American Indian, and 2.2% as multiple races. Among all participants, 5.6% are international
students.
Stimuli

Each stimulus material contains an interaction between the poster and the support
provider. All stimuli include an original post mentioning the issue the original poster faces, a

reply from a user (support provider) to provide some support for the issue, and a response to the
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supporting message from the original poster. The support provider’s personal information and
the valence of the feedback from the poster will be manipulated.

Similarity (similar vs. dissimilar) is manipulated with online cues under the avatar of the
support provider, including the user's school logo and name of the institution. In the similar
condition, the school name will be the same as the participant's, and as well as the university
logo (see Figure 2 and Figure 3). In the dissimilar condition, neither the university name nor the
institution logo is the same (See Figure 4 and Figure 5).

The valence of feedback (positive vs. negative) will be manipulated by the content of the
feedback. Under the positive condition, the content will include appreciation words like “Thank
you for your suggestions...” and positive results according to the support given in the supporting
comment (see Figure 2 and Figure 4). As for the negative condition, no appreciation is included.
Instead, a negative expression like “Unfortunately, this doesn’t...” is expressed through the
feedback. Besides, there will be no positive results contained in the negative feedback (see
Figure 3 and Figure 5).

Measurements

Identification is adapted from Cameron’s (2004) scale of social identification which is
also used in Dai & Walther (2018), they reported the coefficient alpha of .78. The scale could
define participants’ perception of receiving the vicarious interaction. Four questions are included
using a 7-point Likert scale: “I have a lot in common with the person”, “I feel strong ties to the
person”, “I find it difficult to form a bond with the person”, and “I don’t feel a sense of being
‘connected’ with the person”.

Attitude toward providing social support is measured through a 6-item semantic different

scale (Burgoon et al., 1978; Shin et al., 2017). Participants are asked to indicate their attitude
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toward providing social support to others in similar online communities through the following
items: unacceptable (1) — acceptable (7), unfavorable — favorable, wrong — right, foolish — wise,
bad — good, negative — positive. The coefficient alpha reported from Shin and colleagues’ (2017)
study is .96.

Behavioral intention is a measurement that we have created for the purpose of the current
study. Participants will be asked to indicate their future intention on providing support to others
in online support communities through the following statements: “In the future I would
participate in an academic support community like this one”, “In the future I would participate in
an online community with similar topic”, “In the future I intend to provide online academic
support”, and “I will not be willing to provide online academic support in the future”. All

questions are measured with a 7-point Likert scale.
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RESULTS

Manipulation Checks

A manipulation check assessed the valence of feedback to ensure that the manipulation
was successful. All participants are asked to indicate their degree of agreement on a 7-point
Likert (1 = strongly agree, 7 = strongly disagree) scale through the following statement: “The
feedback from Chris is positive”, “The feedback from Chris is favorable”, “Chris approved the
supporting message”, “Chris agreed with the supporting message”, “Chris liked the supporting
message”. The result of an ANOVA indicated that participants randomly assigned into the
positive valence condition reported the valence of the feedback they observed to be more
positive (M = 3.07, SD = 1.94, F = 6.41, p = .01) than participants randomly assigned to the
negative valence condition! (M =4.12, SD = 2.03, F = 6.74, p = .01). Based on these results, the
induction of valence was judged to be adequate.

To assess the efficacy of the similarity induction we proceed in a multiple step process.
First, we evaluated the induction of objective similarity. To assess this we recorded observations
each participant’s assigned similarity condition. Recall that all participants were students
enrolled at the same large public university in the Midwestern United States. Participants who
were assigned to the similar support provider condition (n = 43) each observed a support
provider from the same educational institution as the participant was attending. Participants in
the dissimilar support provider condition (n = 47) each observed a support provider who

attended a rival academic institution. These observations indicated that the induction of objective

! Since the mean of negative valence condition is close to the mid-point, we conducted another one-sample t-test to
test the difference between the valence of negative and neutral, #89) = -1.88, p = .06. The result indicate that the

current stimuli is closer to neutral valence.
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similarity was valid in the current study. However, this work also concerns itself with subjective
or perceptual similarity. To assess this perceptual similarity, the induction of similarity was
checked in H1 for its effect on identification.

Analyses of Main Hypotheses

HI1 predicted that observers identify more with support providers who are similar to them
in an online support community. An independent t-test was applied to evaluate the proposed
hypothesis. The statistical findings indicated that there was no significant distinction in
participants' self-identification with the online support providers between the two groups,
whether they were similar to the participant (n =43, M = 4.23, SD = .78) or dissimilar from the
participant (n =47, M =4.07, SD = .92). Therefore, the data were not consistent with H1, #(88)
=.96, p = .34 (result also see Table 1). Morever, this finding illustrates that although the
induction of objective similarity was valid in the current study, this particular induction did not
have strong effects on perceptive identification as expected.

H2 hypothesized that there is an interaction effect between observers’ similarity to the
online support provider and the valence of feedback to the support message, which influences
online passive users' attitudes toward providing social support to others in online support
communities in the future. This hypothesis was tested by a two-way ANOVA. The result showed
that there were neither main effects nor interaction effects as hypothesized. That is, there is no
significant difference in the similarity (F[1, 86] = .66, p = .42) or valence of feedback (F[1, 86]
= .83, p =.37) on influencing observers’ attitudes toward supporting others. The interaction
effect is also not statistically significant (F]1,86]= .16, p = .69). Hence, the result was not
consistent with H2 (see Table 2).

H3 posited attitudes toward providing social support positively correlate with behavioral
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intentions in providing support to others, such that more favorable attitudes toward providing
social support are associated with more favorable intentions of providing social support in the
future. A correlation tested the initial hypothesis. The analysis found a strong positive correlation
between attitudes toward providing support and behavioral intentions in providing social support
(7[88] = .42, p < .001). The data were consistent with H3 (see Table 3).

H4 considered the overall conceptual model, including the proposed interaction effect the
valence of feedback and similarity of support provider on attitudes toward providing social
support online, and the mediation effect of attitude toward providing social support to behavioral
intentions to provide support (see Figure 1). The current model applied a conditional process
analysis (Hayes, 2013) using the SPSS macro PROCESS to test the direct and indirect effects of
the interaction between the valence of feedback and the similarity of observers’ attitudes toward
providing social support and behavioral intentions. Specifically, the analysis adopted Model 7
(Hayes, 2013), which is included in the PROCESS macro, to test the conceptual model. First, the
model of the interaction of similarity and valence of feedback affects attitude toward providing
social support online is insignificant (#]3,86] = .55, p = .65). Then, the model of the mediating
effect of attitude toward providing social support on behavioral intention is statistically
significant (F[2,87] = 9.38, p <.001). Lastly, neither the direct effect (95% CI[-.41,.32]) of
similarity on behavioral intention nor the mediation indirect effect (95% CI[-.27,.42]) is
significant. Because both the direct effect and indirect effect confidence intervals included zero,
the data were judged to be inconsistent with H4.

Post Hoc Analyses
Although the perceptive induction of similarity was not successful in this study, there was

still adequate variance on subjective similarity to assess its potential impact on dependent
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variables of interest (range, minimum value 1; range, maximum value 6; SD = .85). Therefore,
we reanalyzed these data using a continuous measure of similarity to address study predictions
H2 and H4.

H2 predicted an interaction between similarity and the valence of the feedback a provider
received on attitudes toward providing future support. To assess this a step-wise multiple
regression analysis regressed attitudes for providing support upon a continuous measure of
perceived similarity with the feedback provider, a categorical measure of the valence condition
to which particpants were assigned, and an interaction term of these two variables in the second
step of the analysis. The first step suggested that the overall model adequately predicted variance
in attitudes, AF(2, 87) = 7.28, p = .001, Adjusted R-square = .124. Analysis of the individual
factors suggested that similarity did account for significant variance in attitudes toward providing
social support, B = .37, #88) = 3.69, p <.001. However, the valence of feedback provided to the
support provider was not associated with significant amounts of variance predicted in attitudes
toward providing social support, § = -.05, #(88) =-.52, p = .61. The second step of the model,
which introduced the interaction term, did not explain more variance in attitudes toward
providing social support than the initial step of the model, AF(1, 86) = .06, p = .800, Adjusted R-
square = .11 (see Table 4). As the expected interaction effect was not a significant predictor of
attitudes toward providing social support, the analysis concludes that the data were inconsistent
with H2. However, these data did indicate a significant effect of subjective identification on
attitudes toward providing social support.

H4 proposed the comprehensive conceptual framework, which includes the interaction
between the valence of feedback and similarity of support providers on attitudes toward

providing future support online, and the effect of attitudes toward providing social support serves
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as a mediator between similarity and behavioral intentions on providing support. A conditional
process analysis is employed by using the SPSS macro PROCESS model 7 (Hayes, 2013) to
analyze the direct and indirect effects of observers’ similarity toward behavioral intentions on
providing future support. As for the direct effect of observers’ similarity on behavioral intention
on providing social support, the analysis estimates this effect to be small, point estimate = .16
(95% CI[-.06, .40], «(87) = 1.47, p = .14).

Next, this analysis proceeds to the consideration of the conditional indirect effect of
identification with the support provider, moderated by the valence of feedback received, on
behavioral intentions to provide support through attitudes toward providing social support. When
observers were randomly assigned to the positive feedback valence condition, there was a
statistically significant, but small, indirect effect of identification with the support provider on
behavioral intention to provide support through attitudes toward providing social support (95%
CI[.02, .30]). On the other hand, when participants saw negative feedback for the support
provider, identifying with the support provider does not influence participants’ behavioral
intentions toward providing support through participants’ attitudes toward providing social
support (95% CI[-.03, .35]). This pattern is consistent with the prediction made in H4, however
the size of this effect did not allow the effect to achieve statistical significance, Index of
Moderated Mediation = .02, (95% CI[-.19, .22]). Although the moderated mediation pattern
observed here is generally consistent with expectations, the effect was too small to support the

hypothesized prediction for H4.
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DISCUSSION

Review of Results

The current study analyzed online support providers as a surrogate for passive users to
experience interactions in online support communities. The results revealed that observing online
interactions did not influence observers’ attitudes toward providing future support or behavioral
intentions on supporting no matter the valence of feedback the support provider received online
when observers are objectively similar or dissimilar to the support provider. However, the results
change slightly when we shift from considering objective similarity to perceived similarity
between participants and online support providers. That is, if observers can identify with the
online support provider, their attitudes toward providing future support can be influenced, which
leads to a positive effect in behavioral intentions to provide future support, this occurs when the
support provider online receives positive, but not negative, feedback. Besides, the data from the
experiment supports the statement that observers’ attitudes toward providing online support can
influence behavioral change in supporting others in the future positively, which successfully
replicates the result from previous research on attitude and behavioral change.
Theoretical Considerations

In spite of the challenges this work faced, the current study does provide several
theoretical contributions. The study applies the model of vicarious interactions in the computer-
mediated context (Dai & Walther, 2018), where online active users serve as surrogates and
provide passive users with an indirect experience of online interactions. The current study found
that observers identifying with the online support provider did not always influence the attitude
toward providing future support, but only viewing interactions with positive feedback influenced

attitude toward providing support. This is partly consistent with previous research that people
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can see similar people online as surrogates and experience vicarious interactions (Dai & Walther,
2018). However, the current findings also suggest that objective similarity between observers
and online support providers did not influence observers' attitudes toward providing future
support, which was inconsistent with the previous conclusions that people can set up intimacy
with in-/out- group members and experience vicarious interactions suggested by Dai and Walther
(2018). However, we would advise great caution in interpreting these results as they do alter the
context of Dai and Walther’s work significantly (i.e., online social support interactions vs.
interactions with celebrities on Twitter), and the current results also employ a weak induction of
perceptive similarity, which may have impacted the present findings.

The current study also contributes to the reinforcement theory’s application in online
vicarious interactions. According to the reinforcement theory, people’s behaviors are shaped by
the consequences that follow them. Different consequences, positive or negative, can be a
reinforcement or punishment, increasing or decreasing the likelihood of people pursuing similar
behaviors (Ferster & Skinner, 1957). That is, in the social support context, if the support provider
receives positive feedback from the support seeker, the support provider has a higher potential to
provide future support to others, and vice versa. In the current study, the result that when
observers see that the support provider they can identify with receives positive feedback, their
attitudes toward providing future support will be affected, which is partially consistent with the
notion of reinforcement. However, seeing negative feedback from a support provider they can
identify with did not change observers’ attitudes toward providing future support from either
positive or negative side, which contradicts the conclusion of the negative reinforcement. We
suggest that one of the possible reasons that lead to this change of result is that the original

reinforcement theory focuses on the direct interaction between a person and a feedback provider,
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but the current study comes from the vicarious interaction perspective. People may learn the
behavior from someone they can identify with vicariously, but the reinforcement only worked
when the feedback is positive. In other words, people do not care about the punishment to others,
and that may not influence their attitude toward providing support in either way.

Discussions on Online Feedback

In addition to replicating the original model of vicarious interactions (Dai & Walther,
2018), this study sheds light on the valence of feedback from the support seeker, which
contributes to the vicarious interactions in computer-mediated context. Variables, including
gender, cues from online platforms (Dai & Shi, 2022), message features, and mental health
symptoms (Shi & Dai, 2023), were tested in previous studies. In the current study, a new
boundary condition, the valence of feedback from the online support seeker, is first considered in
online communities’ research. However, the current study only considered positive and negative
feedback in a narrow definition, which is, agree or disagree with the supporting message. The
categorization of the feedback can be more detailed and may result in different effects on
people’s behavioral intentions.

First, negative feedback can also break down into different types, including aggressive
feedback and more simple or direct negative feedback. Aggressive comments may cause
negative consequences in cyberspace (Chesney et al., 2009), even a negative impact on the entire
online community (Xu et al., 2016). This led to the question of how people’s subsequent online
supporting behavioral intentions are influenced by aggressive feedback or further hate
expressions, which remain uninvestigated.

Second, no feedback is a missing category since the current study aims to figure out how

people may be influenced by observing a reinforcement toward an online user on either a
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positive or negative side. Previous research on customers’ online reviews figured out that no
response is worse than both positive and negative responses (Esmark Jones et al., 2018), so
adding no feedback into the current study may influence the reinforcement effect of different
types of feedback. Future research should consider no reply as a new category of online feedback
in online supporting communities and investigate the influence of vicarious reinforcement and
change in attitude toward supporting others as well.

Third, different types of feedback from in-/out- group members can also see as a form of
reciprocal feedback or reciprocity. Previous studies on reciprocity suggested that ingroup
members who share same goals are more likely to reciprocate positive actions (Yamagishi &
Kiyonari, 2000; Balliet et al., 2014). Adapting this concept in the online supporting communities,
people who see online users who are providing help and receiving positive feedback are more
likely to have the intention of repaying this behavior back. However, the current study did not
consider the function of reciprocity or the application of bounded generalized reciprocity in the
online supporting community. Future studies should consider how reciprocity works in the
online community as well as the vicarious interactions environment.

Besides the valence of feedback, the source of feedback is also current study only
considered feedback from the original poster. However, in the masspersonal environment in
online communities, people can comment under others’ posting threads or provide any feedback
to others in the online public space. Therefore, whether the result of online supporters receiving
feedback from different sources may influence observers’ attitudes toward supporting others
online remain under investigation.

Limitations and Future Research

One limitation was the failure of the similarity induction to affect perceived
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identification. As mentioned in the result section, the induction of objective similarity was valid,
but the induction of perceptual similarity was unsuccessful. There are several issues in the
current induction of similarity. First, in our scenarios, we present participants an online
interaction that includes a support provider from the same school that participants are attending
or another rival academic institution in the same state. This can be problematic since these two
universities are in the same state, and students attending these institutions can be friends. Except
during the sports game days that may make students from each institution identify with their own
school more, they cannot feel significant differences from someone from the other institution.
Besides manipulating similarity by using different universities, age is another indicator that can
be considered in future studies. By differentiating support providers’ age, participants can
identify themselves with someone of similar age instead of someone younger than them.
Especially in an online supporting community, participants are more likely to identify
themselves and listen to someone’s suggestions from a similar age instead of a teenager.
Another related limitation was that, because our induction of similarity did not produce
large effects on perceived identification with a feedback provider, the measure of identification
did not introduce large amounts of variance which would help in explaining hypothesized
outcome variables. Since our sample is using students from a large public university in the
Midwestern United States, our induction is designed to be tailored to the participants we are
recruiting. Besides, the current sample is small, with a size of 90. This can restrict the range of
out result interpretation and apply it to a larger population. Future research should consider
replicate the current framework but using different induction and sample to test the boundary

condition, valence of feedback, in online vicarious interactions.
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APPENDIX A: TABLES

Table 1: Manipulation check for identification

Identify Similar Dissimilar 188) p Cohen’s d
M SD M SD
Identification 4.24 78 4.07 92 .96 .34 .85
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Table 2: Interaction effect between similarity and the valence of support message

mn max M SD df MS F p 7

Similarity 0 1 S52 50 1 8 66 42 .01
Valence of feedback 0 1 S0 50 1 1.07 .83 37 .01
Similarity * Valence of feedback 0 1 1 21 .16 .69 .00
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Table 3: Correlations

Variables n min max M SD 1 2 3 4
1. Attitude toward providing social 9 1 7 6.05 1.13 -
support
2. Behavioral intention 9 1 7 446 94  42%** -
3. identification with support provider 9 1 7 415 .85  38FkF  20%*
4. valence of feedback (perceived) 9 1 7  3.60 2.04 .10 S 16 -

*E*p <.001, **p < .01
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Table 4: Step-wise Multiple Regression

Step 1

Step 2

Overall  Similarity = Valence of feedback

Similarity * Valence of feedback

M 52 50
SD 50 50
AF 7.28%%x* .06
R’ (adj) 124 11
B 37 -.05
t 369%** -.52

#p = 001 ***p < 001
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APPENDIX B: FIGURES

Figure 1: Conceptual Model of Hypothesis 4

Attitude Toward
Similarity Providing Social
Support

Behavioral
Intention

Valence of
Feedback
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Figure 2: Similar support provider with positive feedback

:. r/college

Chris 3 hours ago
’;“‘“r | took my statistics exam yesterday and it was awful. | thought | knew the material
but the exam humbled me so fast, | legit almost fainted mid exam. If | completely fail
Mic:tigzn Sttate an exam, do | still have a chance to pass the class or would it be tough? | am so
uaen .
boomed right now.

Blake 3 hours ago
ﬁ I’'m sorry you are struggling. | completely missed a Physics exam last semester and
still passed. | know this is not the same but maybe this offer some hope. Usually, it
M‘“::ﬁz::t‘ate depends on how low the F, but chances are yes you can still pass. Study and prepare
differently. Go to office hours. Meet with your TA. Check out some extra materials on
YouTube. You can do it.

Chris 3 hours ago
T

/8

That makes me feel a lot better! Thank you for your suggestions, | will take them
I seriously. It feels good to know | don’t have to do this on my own. I’'m just not used to
gan State
Student failing.
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Figure 3: Similar support provider with negative feedback

x r/college

Chris 3 hours ago
’;“i | took my statistics exam yesterday and it was awful. | thought | knew the material
but the exam humbled me so fast, | legit almost fainted mid exam. If | completely fail
M‘CQ:EZ" Sttate an exam, do | still have a chance to pass the class or would it be tough? | am so
uaen
boomed right now.

Blake 3 hours ago
=
ﬁ I’'m sorry you are struggling. | completely missed a Physics exam last semester and
still passed. | know this is not the same but maybe this offer some hope. Usually, it
depends on how low the F, but chances are yes you can still pass. Study and prepare
differently. Go to office hours. Meet with your TA. Check out some extra materials on
YouTube. You can do it.

Michigan State
Student

= Chris 3 hours ago
\\\\l

4 Unfortunately, this doesn’t make me feel a lot better, | don’t think your suggestions
Michigan State will work for me. | will have to figure this out on my own. I’'m just not used to failing.

Student
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Figure 4: Dissimilar support provider with positive feedback

x r/college

Chris 3 hours ago
‘;“i | took my statistics exam yesterday and it was awful. | thought | knew the material
but the exam humbled me so fast, | legit almost fainted mid exam. If | completely fail
Mic:tiE:" S:ate an exam, do | still have a chance to pass the class or would it be tough? | am so
uaen
boomed right now.

Blake 3 hours ago

I’'m sorry you are struggling. | completely missed a Physics exam last semester and

still passed. | know this is not the same but maybe this offer some hope. Usually, it

— depends on how low the F, but chances are yes you can still pass. Study and prepare

e differently. Go to office hours. Meet with your TA. Check out some extra materials on
student  YouTube. You can do it.

- Chris 3 hours ago
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"Q That makes me feel a lot better! Thank you for your suggestions, | will take them
Michigan State seriously. It feels good to know | don’t have to do this on my own. I’'m just not used to

Student failing.
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Figure 5: Dissimilar support provider with negative feedback

x r/college

Chris 3 hours ago
’;“i | took my statistics exam yesterday and it was awful. | thought | knew the material
but the exam humbled me so fast, | legit almost fainted mid exam. If | completely fail
Micgtigzn Sttate an exam, do | still have a chance to pass the class or would it be tough? | am so
uaen
boomed right now.

Blake 3 hours ago

I’'m sorry you are struggling. | completely missed a Physics exam last semester and
still passed. | know this is not the same but maybe this offer some hope. Usually, it
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e differently. Go to office hours. Meet with your TA. Check out some extra materials on

student  YouTube. You can do it.
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f Unfortunately, this doesn’t make me feel a lot better, | don’t think your suggestions
Michigan State will work for me. | will have to figure this out on my own. I'm just not used to failing.

Student
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APPENDIX C: SCALES
Identification (Cameron, 2004)
(1 = strongly disagree; 7 = strongly agree)
I have a lot in common with Blake.
I feel strong ties to Blake.
I feel like I could form a bond with Blake.
I don’t feel a sense of being ‘connected’ with Blake.
I feel a sense of closeness and emotional connection to Blake.
I feel like I will model my behavior after Blake.

I try to emulate Blake’s behavior or style.

Similarity

(1 = strongly disagree; 7 = strongly agree)
Blake is like me.

Blake is similar to me.

Blake shares a lot in common with me.

I feel dissimilar from Blake.

I feel like Blake shares similar interests with me.

I could see myself in Blake.

Attitude toward providing social support (Burgoon et al., 1978; Shin et al., 2017)

“What is your attitude toward providing social support to others in an online community like this

one?”
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Unacceptable (1) — Acceptable (7)
Unfavorable (1) — Favorable (7)
Wrong (1) — Right (7)

Foolish (1) — Wise (7)

Bad (1) — Good (7)

Negative (1) — Positive (7)

Behavioral intention

(1 = strongly disagree; 7 = strongly agree)

In the future I would participate in an academic support community like this one.
In the future I would participate in an online community with similar topics.

In the future I intend to provide online academic support.

I will not be willing to provide online academic support in the future.

Manipulation check for the valence of feedback
(1 = strongly agree; 7 = strongly disagree)

The feedback from Chris is positive.

The feedback from Chris is favorable.

Chris approved the supporting message.

Chris agreed with the supporting message.

Chris liked the supporting message.
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