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ABSTRACT 

MULTICHANNEL SERVICE OFFERINGS: DETERMINANTS AND CONSEQUENCES OF 
FULFILLMENT AND RETURNS EXPERIENCES 

 
By 

Angela L. Jones 

My three essay dissertation considers fulfillment and returns service offerings in multi-channel 

supply chains. The demand for multichannel offerings is growing and though there are benefits for 

multichannel retailers, there is also greater complexity of the fulfillment and returns network.  Through 

this research I examine the drivers and outcomes of retailer multichannel offerings. 

Essay 1 examines customer channel choice for retail returns. Retailers are increasingly offering 

more ways for customers to shop and interact through different channels, including options for returning 

product through different channels. Some consumers choose to stay in the same channel when returning 

product, while others choose to switch channels. Survey research was conducted to analyze how 

differences between consumers staying in the same channel or switching channels for returns influences 

how the retailing experience relates to customer satisfaction and behavior.  The results support that 

delivery performance and returns convenience positively relate to customer satisfaction, and there is a 

stronger positive effect of delivery performance on customer satisfaction for customers that stay in the 

same channel for returns. 

Essay 2 considers boundary conditions of the relationship between interpersonal and 

informational justice and satisfaction and customer behavioral intentions. A scenario based experiment 

was used to test the relationships of interest. Scenarios include manipulations of interpersonal justice, 

informational justice, and moderator variables.  Results support a direct effect of interpersonal and 

information justice on satisfaction and customer behavioral intentions. There is also support for 

moderating effects of attributions of blame, returns policy restrictiveness, and returns process 

convenience on the relationships between interpersonal justice and certain outcome variables. 



 
 

Essay 3 examines the effects of multichannel offerings on retailer performance.  Two of the 

multichannel offerings examined  relate to order fulfillment (buy online pick up in store and ship from 

store) and one of the multichannel offerings relates to returns management (return to store).  Secondary 

data was analyzed to test the relationships of interest.  Support was found that multichannel offerings 

related to aspects of order fulfillment have an effect on retailer performance. 
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1.     INTRODUCTION 

Consumers expect to be able to shop with retailers when, where, and how they desire.  To 

accommodate consumer demand for flexibility, retailers are increasingly offering consumers 

options for interacting with them across multiple channels (e.g., online, brick and mortar).  For 

example, some retailers allow consumers to make online purchases from within their local retail 

store and have that product shipped to their home or picked up at the local retail store.   

In addition to multichannel offerings for purchases, many retailers also provide 

multichannel offerings for returns.  When a retailer provides multichannel returns, consumers are 

allowed to return product through either to a brick and mortar store or through an online channel, 

regardless of where the product was purchased.  When multichannel returns are offered, 

consumers might choose to stay in the same channel for purchase and return (i.e., buy in-store, 

return to the store), or might choose to switch channels and purchase via one channel (e.g., 

online) and return via a different channel (e.g., brick and mortar).  The consumer’s choice in 

returns channel will depend on whether they prefer to use a single channel for any retailer 

interactions or value the flexibility to switch channels for returns. It is typically the case when 

consumers switch channels for returns that they have purchased online and returned to the local 

brick and mortar store, since the opposite scenario of purchasing in the brick and mortar store 

and returning online is not commonly offered by retailers or demanded by consumers.   

Although consumers value the flexibility of multichannel returns, it can come at a cost to 

retailers; generally in the form of increased inventory and handling costs.  Multichannel returns 

can also result in costly inventory challenges, which can be especially complex for retailers that 

offer an assortment online that is different from the assortment offered in brick and mortar stores.  

A shift towards providing multichannel returns also increases complexity for store employees, 
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who traditionally only handled store returns, and now have to understand the processes and 

systems needed for returning products purchased online.   Such returns processes may require 

employees to make additional disposition decisions especially if returned product is not sold in 

the store.  The investment and expense related to supporting multichannel returns can be 

significant (Gallino and Moreno 2014; Harrington 2017). 

Despite previous research focused on multichannel shopping, little work has examined 

the impacts of multichannel returns offerings.  This is surprising since it is vital that retailers 

have a clear understanding of the potential impacts of offering multichannel returns.  Retailer 

investment in multichannel returns is growing, making it crucial to understand whether there are 

positive outcomes that outweigh the added cost and complexity of multichannel returns.  We 

examine how elements of the online purchase and returns experience relate to customer 

satisfaction, and, ultimately, loyalty and positive word of mouth (WOM) intentions.   While there 

has been a great deal of research on the drivers of customer satisfaction, there is only limited 

work on satisfaction related to consumer returns. 

In the next section, we present background on multichannel retailing, and, specifically, 

multichannel returns, and note a gap in the literature.  We then provide an overview of Service 

Dominant Logic (S-D Logic) as the theoretical basis for our proposed framework. This is 

followed by hypothesis development, research methodology, results and discussion.  Finally, 

implications, future research, and conclusions are presented. 

 

 

 



4 
  

2.     BACKGROUND 

2.1   Emergence of Multichannel Retailing 

Online retailing has experienced tremendous growth in recent years.  Global online sales are 

expected to reach $3.5 trillion within the next five years (Harrington 2017).  Online shopping 

offers a win/win situation because retailers can reach a much larger market than with only brick 

and mortar stores alone.  Additionally, consumers often value the convenience of shopping 

online and having product delivered to their doorstep (Ofek et al. 2011).   

 There are some consumers, though, that prefer physically inspecting product before 

purchasing it (Balakrishnan et al. 2014).  To accommodate differences in consumer preference, 

retailers offer consumers a wide range of options for shopping and product delivery.  These 

multichannel strategies result in consumers purchasing more than consumers using a single 

channel (Kumar and Venkatesan 2005; Neslin et al. 2006). Multichannel consumers also tend to 

remain consumers of a particular retailer for a longer time (Kumar and Venkatesan 2005; Neslin 

et al. 2006). 

2.2   Multichannel Purchases 

In previous research, there has been attention to the drivers of consumer choice regarding 

purchasing channel. There is evidence that the characteristics of the product and the shopping 

process are related to channel choice (Balasubramanian et al. 2005; Peterson et al. 1997).  

Peterson et al. (1997) studied how channel choice throughout the retail experience might differ 

for different types of products, considering the impacts of price and frequency of purchase.  

Alternatively, Balasubramanian et al. (2005) examined how product and shopping utility affect 

shopping channel choice.  Consumers can have different goals when shopping, such as 
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maximizing efficiency or social aspects of the experience, and these goals relate to the utility 

derived by consumers and their channel choice (Balasubramanian et al. 2005).   

Another determinant of channel choice that has been identified in previous literature is 

channel integration (Blattberg et al. 2008; Neslin et al. 2006).  Kahn and Mentzer (1998) suggest 

that integration is a multidimensional process involving interaction and collaboration between 

parties.  Not only does channel integration relate to channel choice (Blattberg et al. 2008; Neslin 

et al. 2006), but also to the consumers’ use of a variety of channels throughout their shopping 

experience (Blattberg et al. 2008; Neslin and Shankar 2009; Verhoef et al. 2007).  For example, 

when consumers perceive integration through retailer offerings, such as providing store pick up 

for online orders, this drives more online customers to visit the brick and mortar channel (Neslin 

et al. 2006). 

Lastly, support has been found that transaction costs play an important role in channel 

choice (Chintagunta et al. 2012).  Chintagunta et al. (2012) considered how transaction costs, 

such as transportation costs, as well as time related opportunity costs, influence consumers 

decisions between purchasing groceries either online or in-store.  As busy consumers look for 

ways to economize and spend less time shopping, transaction costs serve as a key determinant of 

choice of channel (Chintagunta et al. 2012).  While this summary of previous research provides 

an understanding of the drivers of consumer channel choice for purchases, there has been limited 

attention to channel choice for consumer returns.  

2.3   Multichannel Returns 

Just as consumers may decide to use different channels and switch channels when 

shopping and purchasing (Balasubramanian et al. 2005), they may also decide to switch channels 
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for product returns.  Consumers making online purchases may elect to return the product to the 

local retail store in order to avoid the hassle associated with online returns (Ofek et al. 2011).  In 

a recent survey, more than one third of consumers indicated they are more likely to purchase 

online if given the option of returning product to the local store (DC Velocity Staff 2016).  

Therefore retailers can enhance value for a segment of their consumers by providing the option 

of multichannel returns. 

Managing multichannel returns can be complex and costly (Bernon et al. 2016; JDA 

2015).  A number of issues contribute to this. Multichannel returns management has resulted in 

more of the functions that traditionally took place upstream at a warehouse, for online orders, 

now taking place at the local brick and mortar store.  Prior to multichannel returns offerings, 

online returns needed to be sent back to a warehouse for processing, but today multichannel 

returns offerings allow for online products to get returned to the local brick and mortar store.  

Retail associates that previously only handled returns for products purchased in the brick and 

mortar store, now are faced with processing returns that were purchased online.  Retailers may 

have different processes for handling returns for different channels, requiring that store 

employees be trained on how to process returns that were purchased both in-store and online.  In 

some cases, there may even be different systems needed to process returns purchased in different 

channels.  Store associate need to know how to determine the disposition of the returned items, 

and initiate the process of getting returned product to the appropriate location. The increase in 

handling by store personnel results in greater costs and more complexity (Harrington 2017). 

Inventory synchronization creates another potential challenge with multichannel returns.  

A lack of synchronization occurs when retailers offer a wider array of products online than in-

store (Emrich et al. 2015).  Consumers might return an online purchase to a local store, and, 
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often, such merchandise is not a part of the standard store assortment.  A mismatch in assortment 

across channels requires sophisticated inventory management systems to maintain inventory 

accuracy (Harrington 2017).  Product returned to a store might be put back into stock locally, or, 

in some cases, it needs to be shipped upstream to be restocked at a distribution center.  Shipping 

products through the retailer network in order to get inventory back to the proper location 

increases costs and can result in increased product damage.  As multichannel retailing becomes 

more prevalent, it critical to have more attention on consumer channel choice for returns.   

3.     THEORETICAL DEVELOPMENT 

3.1   Service Dominant Logic 

The theoretical basis for this research is service dominant (S-D) logic.  Prior to S-D logic, the 

primary marketing philosophy was based on the exchange of tangible goods.  Under S-D logic 

there has been a shift to integrate goods and services as part of an exchange (Lusch and Vargo 

2006).  Therefore, S-D logic can be applied to marketing offerings that involve tangible goods 

within the process of a service offering (Lusch and Vargo 2006).  S-D logic is relevant for many 

aspects of the retailing experience since there is typically an exchange of goods between the 

retailer and consumer, along with the many intangible aspects of the retailing experience, 

including service attributes of the purchase experience (i.e., shipping and delivery offerings).  S-

D logic also applies to retail returns management, as there is an exchange from the consumer 

back to retailer along with the service provided by the retailer to facilitate the return (i.e., ease of 

returning product). 

 Two critical aspects of the service offering provided by retailers for purchases and returns 

are delivery performance (Griffis et al. 2012) and returns convenience (Berry et al. 2002; JDA 
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2015).  Delivery performance is defined as the consumer’s perception of the speed and on-time 

performance of a retailer’s forward delivery service (Griffis et al. 2012), while returns 

convenience is a measure of a consumer’s perception of retailer performance related to time and 

effort expended during the returns process (Berry et al. 2002).  Delivery performance and returns 

convenience are valued by the consumer and should be embedded in the service offerings of a 

retailing experience.  

Figure E1-1: Conceptual model 

 
 
 

 

 

 

 

 

 

 

 

 The service offering provided by a retailer should meet consumer needs. A customer’s 

satisfaction is a measure of how well a retailing experience meets their needs.  Customer 

satisfaction is defined as a cumulative evaluation of satisfaction based on experience with a firm 

over time (Homburg et al. 2005; Seiders et al. 2005). In addition to a customer’s satisfaction with 

a retailer, there are likely to be long term implications of service as a consumer’s needs are met, 

such as customer loyalty and positive word-of-mouth (WOM) intentions.  Customer loyalty is 
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defined as a consumer’s favorable attitude toward a retailer that results in repeat buying behavior 

(Srinivasan et al. 2002).  Positive WOM is defined as the strength of intentions that a consumer 

will convey positive information about a firm to others (Ferguson et al. 2010).  S-D logic 

supports that as retailers enhance consumer value, this is expected to correlate with positive 

customer outcomes, including increased satisfaction and loyalty (Flint et al. 2011). Therefore S-

D Logic supports our conceptual model (Figure 1).  The model depicts how aspects of the online 

retailing experience, specifically delivery performance and returns convenience, relate to 

satisfaction, and, ultimately, loyalty and positive WOM.  Specific research hypotheses are 

described below. 

4.     RESEARCH HYPOTHESES 

4.1   Delivery performance and customer satisfaction 

When a consumer makes a purchase online, one of the most visible aspects of the fulfillment of 

their order is delivery performance.  Consumers can easily determine if delivery performance 

meets their expectations for how quickly the order will be received (Griffis et al. 2012). 

Researchers have examined how aspects of order fulfillment, including delivery performance, 

affect customer behavior and perceptions (Griffis et al. 2012; Lewis 2006; Rao et al. 2011; 

Trocchia and Janda 2003), finding support that faster order fulfillment relates to greater 

satisfaction.  

We consider how delivery performance relates to customer satisfaction.  Satisfaction can 

be considered in terms of customer perceptions of a singular event, or based on customer 

perceptions of a collection of events (Oliver 2014). We specifically examine customer 

satisfaction as a global measure of satisfaction, therefore based on customer perceptions of a 
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collection of interactions with a retailer.  S-D Logic suggests that a retailer can expect positive 

customer outcomes when efforts are made to enhance value for the consumer (Flint et al. 2011).  

When a retailer provides fast and on-time delivery performance, this should result in enhanced 

value for the consumer.  Therefore, we propose that: 

H1: Delivery Performance is positively related to Customer Satisfaction. 

 

4.2   Returns convenience and customer satisfaction 

Online shoppers pay great attention to the convenience of the retail experience 

(Reichheld and Schefter 2000).  Colwell et al. (2008) found evidence that service convenience is 

a predictor of overall satisfaction.   In addition to general service convenience, returns related 

convenience also matters to consumers and is a factor of importance when deciding where to 

shop (JDA 2015).  Berry et al. (2002) suggests that consumers prefer a retailing experience 

where there is no need to return product, but when the need to return arises, a consumer will be 

more satisfied with a returns experience that is convenient.  Previous research supports that 

satisfaction is evaluated based on price, performance, and expectations (Voss et al. 1998), and, in 

the current study, we examine returns convenience as a consumer’s assessment of the 

performance related to a product return.  Thus, a relationship is expected between returns 

convenience and satisfaction.  When a retailing experience is convenient, including the returns 

experience, this saves the consumer time, enhancing value for the consumer (Devaraj et al. 

2002).  Based on S-D Logic, this enhanced value is expected to relate to positive outcomes such 

as increased satisfaction (Flint et al. 2011). Therefore, it is posited that: 

H2: Returns Convenience is positively related to Customer Satisfaction. 
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4.3   Outcomes of customer satisfaction 

Customer loyalty is defined as a long-term commitment to repurchase from a selling firm (Stank 

et al. 1999).  Online retailing makes it easy, with limited effort and cost, for consumers to 

evaluate and choose between retailers for their purchases (Srinivasan et al. 2002).  Thus, it is 

essential for retailers to focus on enhancing customer loyalty; otherwise consumers might move 

onto the next retailer.  There has been evidence in literature of a relationship between customer 

satisfaction and loyalty (Daugherty et al. 1998; Innis and La Londe 1994; Stank et al. 1999). 

Innis and La Londe (1994) found support for a significant and positive effect of customer 

satisfaction with logistical service capabilities on repurchase intentions.  In a personal products 

context, Daugherty et al. (1998) examined how retail purchasing agents satisfaction with product 

vendors related to loyalty.  Evidence was found for a positive relationship between customer 

satisfaction and loyalty (Daugerty et al. 1998). Then, considering the fast food industry, Stank et 

al. (1999) examined relationships between fast food restaurants and distributors and found 

support for the effect of satisfaction on loyalty. 

We also investigate how customer satisfaction relates to positive word of mouth (WOM) 

intentions.  WOM is considered a credible communication source due to its informal and 

interpersonal nature (Harrison-Walker 2001).  With the growth of ecommerce, and the internet as 

a medium, the sharing of WOM is facilitated, making it more impactful (Brown et al. 2005; 

Kwak et al. 2006; Pitt et al. 2002).  WOM can be either positive or negative.  Both types are 

important, and are typically associated with extreme satisfaction or dissatisfaction (Anderson 

1998; de Matos and Rossi 2008).  Positive WOM involves an individual sharing positive 

experiences, such as sharing support for an organization and making recommendations (Brown 

et al. 2005; Sweeney et al. 2014), while negative WOM includes sharing negative experiences, 
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such as spreading rumors or complaints.  Early WOM research suggested that negative WOM 

had a stronger impact on consumers than positive WOM (Arndt 1967; Mizerski 1982).  This is 

attributed to the fact that negative WOM is less common (Herr et al. 1991), and, thus, more 

noticeable and more influential (Mizerski 1982).  However, more recent research suggests 

positive WOM is more common and has a greater influence on consumers than negative WOM 

(East et al. 2008; Schindler and Bickart 2002; Sweeney et al. 2014).  Further, East et al. (2008) 

found support that positive WOM is more likely to positively influence purchase decisions.  

Because positive WOM includes more detailed information, it can be more effective than 

negative WOM (Schindler and Bickart 2002).   

 A consumer is satisfied when their needs or expectations are met (Oliver 1997). When a 

product or service meets or exceeds a consumer’s needs, the consumer is likely to share the 

positive experience with others (de Matos and Rossi 2008), spreading positive WOM to 

encourage friends and family (Babin et al. 2005; Brown et al. 2005).  Previous research has 

supported the relationship between satisfaction and positive WOM intentions (Brown et al. 2005; 

de Matos and Rossi 2008; Wien and Olsen 2012).  Consumers are likely to value a retailing 

experience that meets their expectations and that results in their satisfaction.  Considering S-D 

logic and the value a consumer places on a satisfying experience, it is expected that customer 

satisfaction will relate to positive outcomes, such as customer loyalty and positive WOM 

intentions.  Therefore it is posited that:  

H3: Customer Satisfaction is positively related to Customer Loyalty. 

H4: Customer Satisfaction is positively related to Positive WOM Intentions. 
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4.4   The potential moderating effects of channel switching  

Analyzing the effects of a moderator allows for better understanding the breadth of the 

relationship and whether that relationship holds under varying conditions (Edwards and Berry 

2010; Goldsby et al. 2013). We consider that channel switching may serve as a boundary 

condition for the hypothesized main effects.  Channel switching is defined as a consumer’s 

decision to return a purchased item to a different venue than the original purchase. Consumers 

who choose to stay in the same channel for making returns are referred to as stayers (i.e., buy 

instore-return to store or buy online-return online); consumers who choose to switch channels for 

making returns are referred to as switchers (i.e., buy online-return to store).  We test whether or 

not the hypothesized relationships differ depending on whether a consumer is a stayer or a 

switcher.      

As investment in developing multichannel offerings is growing, and it becomes more 

common for retailers to provide consumers with the option to switch channels for returns, it is 

important for retailers to understand the potential outcomes of consumers deciding to switch 

channels.  Considering S-D logic, we expect that switchers experience enhanced value through 

multichannel returns options that provide consumers with greater flexibility.  We expect that 

channel switching as a moderator will interact with the delivery performance and returns 

convenience for an amplified positive effect on customer satisfaction.  Therefore, we propose 

that: 

H5: Channel Switching positively moderates the relationship between Delivery 
Performance and Customer Satisfaction. 

H6: Channel Switching positively moderates the relationship between Returns 
Convenience and Customer Satisfaction. 
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5.     RESEARCH METHODOLOGY 

5.1   Research design and data collection 

A survey research design was utilized to test the hypothesized relationships since it allows for 

collecting data appropriate for testing complex relationships between independent and dependent 

variables and potential moderator variables (Kelley et al., 2003).  An online survey was 

developed and administered through Amazon Mechanical Turk (MTurk) national consumer 

online panel, a popular method of testing consumer-related hypotheses (Cantor et al. 2014; 

Murfield et al. 2017; Peinkofer et al. 2015). Participants were compensated through MTurk with 

a cash reward for taking the survey.  Based on the amount of time expected for completing the 

survey (10 minutes), participants were compensated with $.50 for completing the survey.  Five 

hundred respondents were recruited for the study through MTurk.  To ensure that respondents 

were paying proper attention to the questionnaire, respondents were asked in two sections to 

mark their place by providing a specific response.  Of the responses, 28 were eliminated due to 

failing the attention check or outlier identification.  Outliers were identified and considered based 

on a multivariate difference indicator. Respondents were asked to answer the questionnaire based 

on a recent returns experience that was either purchased online or in a brick and mortar store.  Of 

the useable responses, 313 respondents had made their purchase online, while 159 had purchased 

from a brick and mortar store. Since channel switching (as mentioned previously) is not 

prevalent when purchases are made in store, the focus is on online purchases only, therefore 

analysis was performed on the 313 online shopper responses only.   

The largest group of participants (41%) were between the ages of 25 and 35, with 10% of 

participants under 25 and 11% above 55.   Over half of participants (59 %) were female, and 

almost half had a combined household income between $20,000 and $60,000.  The majority of 
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respondents (88%) reported at least some college education. 

5.2   Measurement Scales 

The survey questionnaire was developed utilizing existing multi-item scales.  All survey items 

used a seven-point Likert-type scale, from strongly agree to strongly disagree. The measurement 

items and descriptive statistics can be found in the Appendix and the construct correlation matrix 

is presented in Table E1-1.  The delivery performance measure was adapted from Griffis et al. 

(2012), who adapted their measure from Mentzer et al. (2001).  The returns convenience measure 

was adapted from Seiders et al. (2005, 2007) to include a broader consideration for aspects of the 

returns experience.   The scales for customer satisfaction, customer loyalty, and positive WOM 

intentions were adapted from Brady et al. (2012) to reflect a broader service context.  Construct 

reliability was assessed, and each construct had a Cronbach’s alpha of .86 or higher.   

 

Table E1-1: Construct correlation matrix 

Construct DELSPD RETCON CSTSAT CSTLOY PWOM 

Delivery Performance    1     

Returns Convenience .561**          1    

Customer Satisfaction .546** .587**     1  

Customer Loyalty .476** .499** .752**     1 

Positive WOM Intentions .593** .615** .772** .779** 

Mean 5.853    6.038 5.686    5.513    5.880 

Standard Deviation 1.093     .988 1.195    1.269   1.129 

All Constructs have 7-point Likert-type scale: (1) Strongly disagree to (7) Strongly agree. 

** Correlation is significant at the 0.01 level (2-tailed). 
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5.3   Measurement Model Test 

A two-step approach was taken for testing the hypothesized structural equation model (Anderson 

and Gerbing 1988).  EQS 6.3 for Windows was used to first test the measurement model alone, 

followed by a simultaneous test of the measurement model and the structural model (Anderson 

and Gerbing 1988).  There were 18 items and 5 latent constructs.  In order to test for discriminant 

validity, a one factor model was compared to a five factor model as recommended by Kline 

(2011). A significant improvement in model fit was found for the five factor model suggesting 

sufficient discriminant validity.  Therefore, we proceeded with a test for convergent validity. All 

18 factor loadings were significant (Table E1-2) supporting convergent validity (Anderson 

1987).  Measurement model results are presented in Table E1-2, indicating adequate fit of the 

measurement model. Comparative Fit Index (CFI) and Incremental Fit Index (IFI) have values 

greater than .90 suggesting an acceptable fit (Bagozzi and Yi 1988; Fornell and Larcker 1981; 

Hu and Bentler 1995).   

5.4   Structural Model Test and Discussion 

Structural equation modeling was used to test the direct relationships hypothesized in the 

conceptual model.  Goodness-of-fit and residual-based indices for the structural model indicate 

adequate model fit as CFI was .94; IFI was .94; RMSEA was .095 (Bollen and Long 1993; Hu 

and Bentler 1999; Kline 2011). After establishing a sound model fit, the next step was the testing 

of hypotheses.   

Structural model results appear in Table E1-3, and show tests of significance for the 

direct hypothesized relationships, with unstandardized parameters reported.  H1 and H2 propose 

that delivery performance and returns convenience are positively related to customer satisfaction.  
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Results show a positive and significant effect of both delivery performance and returns 

convenience on customer satisfaction.  Support for the main effects continued. H3 and H4 posit 

that customer satisfaction is positively related to customer loyalty and PWOM intentions, 

respectively.  Results show a positive and significant effect of customer satisfaction on each of 

these outcome variables, indicating support for H3 and H4.  Establishing support for the direct 

hypotheses, testing of the moderated hypotheses followed. 

 

Table E1-2: Measurement model results 

Construct 
Measurement 

Items 

Standardized 
Parameter 
Estimate 

Standard 
Error t-value 

Delivery 
Performance 

DELPRF1 .829  (Fixed) 
DELPRF2 .768 .06 14.71 
DELPRF3 .801 .07 15.49 

Returns 
Convenience 

RETCON1 .854  (Fixed) 
RETCON2 .911 .05 22.79 
RETCON3 .939 .05 24.26 
RETCON4 .944 .05 24.54 
RETCON5 .850 .05 19.34 
RETCON6 .892 .05 21.83 

Customer 
Satisfaction 

CSTSAT1 .913  (Fixed) 
CSTSAT2 .940 .04 29.18 
CSTSAT3 .931 .03 28.40 

Customer 
Loyalty 

CSTLOY1 .891  (Fixed) 
CSTLOY2 .857 .05 21.11 
CSTLOY3 .917 .05 24.12 

Positive WOM 
Intentions 

PWOM1 .941  (Fixed) 
PWOM2 .979 .03 40.42 
PWOM3 .928 .03 32.10 

Fit statistics: Chi-square =  355.13 (df = 142, p < 0.001), CFI = .97, IFI = .97,  
RMSEA = .07. 
  
 
 
 
 
 



18 
 

Table E1-3: Hypothesized paths testing 

Path 

Unstandardized 
Parameter  
Estimate 

Standard 
Error t-value Note 

H1: Delivery Performance à Customer Satisfaction .399 .056 7.125 Supported 

H2: Returns Convenience à Customer Satisfaction .597 .065 9.207 Supported 

H3: Customer Satisfaction à Customer Loyalty .781 .051 15.342 Supported 

H4: Customer Satisfaction à PWOM Intentions .745 .042 17.908 Supported 
Fit statistics: Chi-square = 563.485 (df = 148, p < 0.001), CFI = .937, IFI= .937, RMSEA=.095. 

 

5.5   Moderating Analyses and Discussion 

The hypotheses examining moderated effects were analyzed using multi-group structural 

equation modeling (Steenkamp and Baumgartner 1998).  Multi-group structural equation 

modeling has been used in logistics research to test moderating effects (Cahill et al. 2010).  

Respondents were assigned to groups depending on whether they were stayers or switchers (with 

respect to returns channel).   Measurement invariance was first established to ensure that 

constructs were being measured by indicators in a consistent manner across the two groups.  A 

model with the relationships between indicators and constructs, fixed to be equivalent for the two 

groups, was compared to a model where these relationships were freely estimated.  There was no 

significant difference in model fit supporting measurement invariance, thus, enabling the testing 

of invariance of the structural paths. 

Tests of invariance between the structural paths were performed using the segmented 

respondent groups (Byrne 2006, Zimmer-Gembeck et al. 2005).  This involved running a free 

model, in which the parameters for each group were estimated separately, and then comparing it 

to a model in which the structural paths were constrained to be equal for the two groups. The 
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Lagrange Multiplier test of equality constraints (L-M test) was used to indicate invariance of the 

structural paths, showing whether a significant difference exists in chi-square between the free 

model and the constrained model (Byrne 2006).  A significant difference in the chi-square for the 

constrained model compared with the chi-square for the free model suggests that there are 

differences in the structural path between the two groups, indicating moderation.  Cases with no 

significant difference in chi-square suggest invariance of the structural paths between the groups.  

Incremental chi-square values with probability < .05 were the basis of significance decisions 

(Byrne 2006).   

Results of the tests of significance for the moderated hypotheses are shown in Table E1-4.  

Hypothesis H5 posits that channel switching positively moderates the relationship between 

delivery performance and customer satisfaction.  Results show support that there is a significant 

interaction between channel switching and delivery performance as it relates to customer 

satisfaction but it is not in the expected direction.  Results support a stronger effect of delivery 

performance and customer satisfaction for stayers rather than switchers. Support is not found for 

H6, which proposed that channel switching positively moderates the relationship between returns 

convenience and customer satisfaction.   

 

Table E1-4: Two-group analysis to test for moderation 

Path 

 

C
ha

nn
el
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H5: Delivery Performance à Customer Satisfaction χ2=5.15* 

H6: Returns Convenience à Customer Satisfaction n.s. 
* - denotes significant (p<0.05) 
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We consider that support was found for a significant interaction of channel switching and 

delivery performance related to customer satisfaction, though not in the expected direction.  

Based on theory, we proposed that switchers would place more value on receiving multichannel 

returns options, and, this would show a stronger positive effect on the relationship between 

delivery performance and customer satisfaction. The results support the opposite; that for stayers, 

who purchase and return in the online channel, that the positive effect of delivery performance 

on customer satisfaction is amplified.  In considering this unexpected result, we keep in mind 

that previous research supports that single channel customers and multichannel customers are 

expected to have different personal characteristics (Blattberg et al. 2008).  Single channel 

customers, such as the stayer group in this research, are more likely to make fewer purchases 

from the retailer than switchers, who are multichannel customers.  Stayers are also expected to 

initiate less contact with the retailer than switchers.  These stayer characteristics might help to 

understand our results.  Stayers are not as interested in frequenting and making contact with the 

retailer, so it makes sense that a performance attribute of online shopping that allows them to 

receive their product quickly without having to walk into the store would have a strong influence 

on their level of satisfaction.  It may be that stayers place greater value on being able to use the 

online channel where product is shipped for both purchase and return, and, therefore, value the 

ability to utilize shipping for both purchase and returns, while minimizing interaction with the 

retailer.  Therefore, the stayer group places greater value on the speed and on-time performance 

of delivery service, which may explain the amplified effect for the stayer group on this 

relationship.  Future research might help to uncover the drivers of the choice to stay or switch for 

greater insight into this finding. 
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There was not a significant interaction between returns convenience and channel 

switching as proposed.  Returns convenience is clearly important to consumers and has a positive 

direct effect on customer satisfaction.  It may be that returns convenience is equally important to 

both stayers and switchers, explaining the lack of a significant different between the two groups.  

6.     MANAGERIAL IMPLICATIONS 

Retailers are struggling to compete and to grow market share in today’s competitive retailing 

environment.  This research provides multichannel retailers with insight into the behavior of their 

customers and differences between distinct customer segments.  Understanding customer 

behavior and customer segmentation is necessary for growing market share and gaining 

competitiveness.   

 Retailers can gain advantage through understanding multichannel returns opportunities 

and the impact of returns channel choice.  This research provides insight into how the options 

provided to consumers for returns channel relate to satisfaction and ultimately customer 

behavior.  Consistent with previous research, we expected to find support that delivery 

performance and returns convenience relate to customer satisfaction (Berry et al. 2002; Colwell 

et al. 2008), and that customer satisfaction relates to both customer loyalty and positive WOM 

intentions. Although, the direct effects were expected, these results should further encourage 

retailers to invest in the service dimensions of delivery performance and returns convenience.  

The expected outcomes of such investment, especially enhanced loyalty, should equate to 

positive sales as the loyal customer base is retained.   

It is also recommended that firms consider tracking delivery performance as a key 

performance indicator.  Our findings support the importance of maintaining control of delivery 
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performance since it impacts customer satisfaction and behavior.  Even online retailers that rely 

on the support of drop-ship vendors to provide a broader online assortment should be focused on 

delivery performance.  It is in the best interest of retailers to have visibility and some control 

over the delivery process, even when a vendor or third party is shipping on their behalf. 

More important are the results found through examination of the moderating effects of 

channel switching. A stronger relationship was found between delivery performance and 

customer satisfaction for consumers that stay in the same channel for returns. Stayers may value 

the delivery performance provided by the retailer as they have a preference for interaction 

through the online channel and this may be the reason for this stronger effect for stayers. These 

results suggest to retailers that they can influence customer satisfaction by meeting delivery 

performance expectations, especially for customers that prefer to interact online.  The results also 

support that there does not seem to be a significant difference between customer segments as it 

relates to returns convenience, indicating that it may be equally important for all consumers.  

The results provide managers with an understanding that customer satisfaction may differ 

between different customer segments depending on what they value most in the retail experience. 

This understanding of consumer segments could help with developing programs to influence 

consumers for positive outcomes.   

7.     THEORETICAL IMPLICATIONS AND FUTURE RESEARCH 

S-D logic has been applied in the context of retailing in the past (Ehrenthal et al. 2014; Lusch et 

al. 2007). The focal research extends previous work by applying S-D logic to a multi-channel 

retailing environment.  S-D logic is especially relevant in providing understanding of how 
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retailers can develop service offerings to support multi-channel retailing to enhance value for 

consumers for positive outcomes. 

We also extend previous research through our examination of the moderating effects of 

returns channel choice on how the consumer returns experience affects customer satisfaction.  In 

previous work, no attention has been given to the differences between segments of consumers 

based on returns channel choice.  A consideration for the boundary conditions based on returns 

channel choice extends both consumer returns research and customer satisfaction research.  

Though we examine how returns channel choice can enhance or detract from the way that the 

retailer service offering relates to customer outcomes, future research might consider additional 

moderators of the relationships of interest.  For example, it could be interesting to consider how 

product category (e.g., technology products, apparel) could influence these relationships.  We 

might find that delivery performance and convenience have a stronger effect on customer 

outcomes for specific product categories. 

A potential limitation of this research is the focus on only two aspects of the consumer 

online retailing experience, delivery performance and returns convenience.  There may be other 

aspects of the online shopping and returns experience that could have an influence on the 

outcomes examined in this research.  Other aspects of the online shopping and returns experience 

should be identified and examined in future research.   

Future research exploring the drivers of returns channel choice could help to provide 

insight into the behavior of different customer segments based on returns channel choice.  We 

have examined some of the customer outcomes influenced by channel choice, but further insight 

could be gained by examining firm outcomes such as economic performance.  There are 
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financial implications related to offering returns options, such as inventory holding policy 

implications.  Quantifying the impact on financial outcomes could benefit retailers. 

8.     CONCLUSIONS 

Consumer demand for flexibility and convenience will continue to make multichannel service 

offerings a competitive necessity.  Consumers do not all respond in the same way to 

multichannel service offerings; gaining an understanding of customer segments and behaviors 

allows for tailoring programs and incentives.  Understanding consumer behavior can help 

retailers competitive differentiation within the complex multichannel retailing environment.  
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Appendix A: Construct Measurement Descriptive Statistics 

Table E1-A1: Construct measurement descriptive statistics 

Constructs and Measurement Items     Mean   Std. Dev. 

Delivery Performance (Cronbach’s alpha = 0.859)a 

Please indicate your level of agreement with the following statements:   

DELPRF1. The time between ordering the product and receiving delivery was short. 5.70 1.27 

DELPRF2. The delivery arrived on the date promised. 6.12 1.21 

DELPRF3. Delivery was slow.(R)   5.94 1.40 

Returns Convenience (Cronbach’s alpha = 0.962)b 

Regarding your return, please indicate your level of agreement  with the following 

statements:   

RETCON1. It was easy to take care of returns and exchanges with this retailer. 6.09 1.04 

RETCON2. This retailer takes care of product exchanges and returns promptly. 6.04 1.10 

RETCON3. This retailer makes it convenient to make returns. 6.04 1.10 

RETCON4. Returning products to this retailer is easy. 6.01 1.12 

RETCON5. I can quickly prepare products for returns to this retailer. 6.07 1.00 

RETCON6. Product returns to this retailer can be done quickly. 5.98 1.12 

Customer Satisfaction (Cronbach’s alpha = 0.948) c 

Please indicate your level of agreement with the following statements:   

CSTSAT1. I am happy that I made a purchase from this retailer. 5.63 1.30 

CSTSAT2. I am satisfied with my decision to purchase from this retailer. 5.68 1.28 

CSTSAT3. I think I did the right thing when I purchased from this retailer. 5.75 1.18 

Customer Loyalty (Cronbach’s alpha = 0.915) e 

Please indicate your level of agreement with the following statements:   

CSTLOY1. I am loyal to this retailer. 5.66 1.29 

CSTLOY2. This retailer is my first choice when I purchase this type of product. 5.42 1.46 

CSTLOY3. I am dedicated to doing business with this retailer. 5.45 1.37 

Positive WOM Intentions (Cronbach’s alpha = 0.963)e 

Please indicate your level of agreement  with the following statements:   

PWOM1. I would recommend this retailer to friends. 5.93 1.12 

PWOM2. I would say good things about this retailer to others. 5.90 1.14 

PWOM3. I would encourage friends and relatives to shop with this retailer. 5.81 1.25 
a Sources: Adapted from Griffis et al. 2012; Mentzer et al. 2001. 
b Sources: Adapted from Seiders et al. 2005, 2007. 
c Source: Adapted from Brady et al. 2012.  
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AND ATTITUDES TOWARD THE RETAILER 
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1.     INTRODUCTION 

In today’s competitive retailing environment, it is critical that retailers provide high levels of 

service to their customers so that they can stand out amongst the competition. Providing great 

service is becoming more complex for retailers as customers continue to expect more service 

options (Jones 2015), including the ability to view product online or in-store as well as purchase 

in either channel.  These expectations are driving retailers to provide more multichannel 

offerings (Specter 2016).  In fact, about 40% of all purchases involve a combination of store and 

online interactions (Douglas 2016) making it more challenging for retailers to manage (Gooley 

2016). At the same time, retailers need to provide a positive and consistent service experience no 

matter which channel is used.   

 It is especially important that retailers differentiate their service offerings in the area of 

product returns, since customers prioritize returns when choosing between retailers (Strang 

2016).  Multichannel returns are challenging for retailers (Agatz et al. 2008; Bernon et al. 2016) 

since processes for handling returns can differ across channels. It is critical that employees are 

trained on processing returns that were purchased through any channel and that they prioritize 

providing the customer with a positive returns experience.   

Considering the service experience, customers, whether purchasing or returning product, 

evaluate how fairly they are treated by the retailer.  Many customers choose where to shop based 

on fairness experienced from a retailer (Teo and Lim 2001). Fair treatment might even lead to a 

customer feeling more positive about an outcome that was initially unfavorable, for example, 

receiving a defective product (Colquitt 2001). This can be valuable for a retailer’s service 

recovery efforts in the area of product returns.  Dissatisfied customers who return products may 
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end up feeling more positive about the experience if they are treated with fairness and with 

respect by the retailer. Customers that is dissatisfied enough to return product may feel more 

positive about the experience if they are treated with fairness and respect during the returns 

process. 

 There has been previous research where fairness in a returns context has been examined 

with the basis of procedural justice (Griffis et al. 2012; Mollenkopf et al. 2007).  When 

considering procedural justice in a returns context, researchers have examined how customer 

perceptions of returns related policies and procedures relate to customer satisfaction and 

outcomes.   

The focus of this research is on the fairness of interactions between retailers and 

customers for retail returns, therefore we base our research on interactional justice.  Interactional 

justice is the fairness of interpersonal treatment when procedures are implemented (Bies and 

Moag 1986; Colquitt et al. 2013). Though, even with research done on fairness of returns 

procedures, the fairness of interactions during the returns process between retailers and 

customers has not been examined from a fairness perspective.  Perceptions of fairness and how 

customers are treated through interactions with a retailer are likely to affect their satisfaction and 

behavior.  We specifically examine the two distinct types of interactional justice in this research, 

interpersonal justice and informational justice.  We consider interpersonal and information 

justice as we examine how perceptions of fair treatment in retail returns relates to customer 

satisfaction, attitudes and behaviors.  In addition to interpersonal and information justice, we also 

consider how social exchange theory supports this research.  Social exchange theory suggests 

that interactions between individuals and organizations, that exhibit fairness, will result in 

positive outcomes.  We consider this in developing hypothesized relationships. 
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 In order to test the relationships of interest in this research, we utilize the scenario based 

experiment methodology.  Scenario based experiments allow for examining situations within a 

specific context that are not easily duplicated (Pilling et al. 1994), allowing us to examine 

specific retail circumstances and related customer outcomes. In addition to our examination of 

the direct effects of interpersonal and information justice on customer satisfaction, and 

behavioral outcomes, we also consider the effects of a set of potential moderators of these 

relationships.  We individually examine the effects of the moderators in three different study 

phases.  In the first study phase, we examine the direct effects of interpersonal and informational 

justice, but we also examine the potential moderating effect of attributions of blame, or the level 

to which customers blames the retailer for their need to return the product.  When customers 

needs to return product we expect they will be influenced by whether the return was the fault of 

the retailer or if they are returning product due to something under the customer’s control.  Next, 

in the second study phase, we examine the potential moderating effect of returns policy 

restrictiveness on the direct relationships.  Returns policy restrictiveness is defined as the degree 

of difficulty involved in returning products (Richey et al. 2005) and we expect this to influence 

customers. Then lastly, in the third study phase, we examine the effects of returns process 

convenience as a moderator.  Returns convenience is important to customers (Ofek et al. 2011) 

and is expected to influence customer outcomes.  

Through this research, we provide support for retailers investing resources in developing 

returns service offerings in which customers are treated with fairness through retailer 

interactions.  In the next section, we present a literature review, including an overview of justice 

theory and social exchange theory, as the basis for this research. The sections that follow include 
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our hypothesis development, research methodology, and results for each of the three 

experiments.  Finally, we present implications, future research, and conclusions. 

2.     LITERATURE REVIEW 

2.1   Multichannel Retailing Impacts 

The multichannel retail landscape is competitive.  Retailers need to compete against 

online, multichannel, and brick and mortar retailers, and this intense competition drives the need 

for retailers to differentiate themselves and understand what is important to customers.  For 

example, retailers attempting to compete with online retail giant, Amazon, may offer fast and 

free shipping, but, in many cases, speed alone is not enough to win sales.  Retailers need to stay 

informed to provide a retailing experience that meets needs. Since unsatisfied customers have 

numerous options in the retail landscape, it is critical that retailers provide a positive experience.  

One way to ensure a positive experience is through processes customers deem as fair (e.g. 

purchasing and returning).  Fair customer treatment is a key differentiator for retailers (Nguyen 

and Klau 2013) and when customers shop at a retailer, they take into account the fairness of the 

entire retailing experience (Teo and Lim 2001).  That retailing experience can include shopping, 

purchasing, and returning product.  

 The multichannel retailing environment makes fairness interactions even more 

challenging, as retailers need to not only be fair to customers, but also consistent through 

interactions with customers across all channels.  It is essential that retailers focus on developing 

policies and procedures that facilitate consistency of the customer’s experience across channels, 

which is expected to enhance perceptions of fairness and positively relate to customer attitudes 

and behaviors. 
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2.2   Returns Management Implications 

Returns are costly (Bernon et al. 2016; HRC Advisory 2015) and returns volumes can be 

significant for retailers, with 2015 US returns coming in at $260.5 billion (Swagemakers 2016).  

Online purchases result in three times more returns than bricks and mortar purchases (Berman 

2016), therefore, as online sales continue to grow, return volume is also likely to increase 

(Hubner et al. 2016; Planet Retail 2014; PwC 2013). Returns rates are higher for online 

purchases, in part, because online customers cannot fully assess products prior to purchase, 

increasing purchase uncertainty, and resulting in greater return rates (Ofek et al. 2011).  Retailers 

must understand and plan for the potential impacts of large and growing returns volumes. 

 Returns are also important to customers.  Returns have been shown to influence where 

customers decide to shop (Strang 2016).  Therefore, it is critical that retailers provide customers 

with a returns experience that meets their needs.  It can be difficult for retailers to control the 

customer returns experience.  This is especially challenging when retailers offer returns through 

multiple channels and returns processes differ for product purchased in different channels. 

2.3   Justice Theory 

 We rely on justice theory to support our examination of the outcomes of fair treatment in 

retail returns. Justice theory has been applied in a retail context in previous research. Blodgett et 

al. (1997) considered the effects of procedural, distributive, and interactional justice in a retail 

context.  Procedural justice is the fairness of the procedures used to determine outcome 

distributions or allocations (Leventhal 1980; Leventhal et al. 1980; Thibaut and Walker 1975), 

distributive justice is concerned with the fairness of outcome distributions or allocations (Adams 

1965; Deutsch 1975; Homans 1961; Leventhal 1976); while interactional justice is the fairness of 
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interactions between individuals or organizations; more specifically, the fairness of interpersonal 

treatment when procedures are implemented (Bies and Moag 1986; Colquitt et al. 2013). 

Blodgett et al. (1997) found support that distributive and interactional justice positively impact 

repatronage and word of mouth (WOM).  In a retailing context, Rao et al. (2011) examined the 

effect of distributive justice on customer response to order fulfillment delays.  Support was found 

that order fulfilment delays negatively impact future customer ordering (Rao et al. 2011).  

In the context of retail returns, Griffis et al. (2012) applied procedural justice and found 

that customer experience in product returns, specifically refund speed, relates to repurchase 

behavior.  Mollenkopf et al. (2007) also examined procedural justice in a retail returns context, 

and found that customer effort, an indicator of justice, is negatively related to perceived value of 

the returns experience and customer satisfaction (Mollenkopf et al. 2007). 

 While there has been some attention to procedural justice in a retail returns context, there 

has not been a focus on interactional justice in retail returns.  Interactional justice plays a key 

role in customer evaluations and behaviors (Blodgett et al. 1997; Goodwin and Ross 1989; 

Martinez-Tur et al. 2006).  Two distinct types of interactional justice have been identified and 

tested, interpersonal and informational justice. Interpersonal justice is the degree to which people 

are treated with politeness, dignity, and respect by parties that execute procedures or determine 

outcomes (Colquitt et al. 2001; Colquitt et al. 2013; Greenberg 1990).  Informational justice 

differs from interpersonal justice and considers the extent to which explanations convey 

information about why procedures were used or outcomes were distributed in a certain way 

(Colquitt et al. 2001; Colquitt et al. 2013; Greenberg 1990).  Interpersonal and informational 

justice are especially important in multichannel retailing given the increasing options for 

channels through which retailers and customers might interact.  Considering a retail returns 
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context, we operationalize interpersonal justice as the degree to which customers feel that they 

are treated with politeness, dignity and respect during the returns experience.  We operationalize 

informational justice in a retail returns context, as the degree to which information is provided by 

the returns associate that adequately explains returns policies and procedures. 

The broadened base of interactions between customers and retailers across multiple 

channels makes it important to understand how multichannel interactions impact the customer 

and their perceptions of service.  We extend research on justice in retail returns, which has 

previously focused on the fairness of returns procedures, by examining interpersonal and 

interactional justice, providing insight into how customers perceive their treatment and the 

information provided by the retailer. 

2.4   Social Exchange Theory 

 Interactional justice has been tied to social exchange theory (Cropanzano et al. 2001).  

According to social exchange theory, people not only consider the economic importance of an 

outcome, but also the socioemotional value of the outcome (Martinez-tur et al. 2006).  

Socioemotional value is concerned with the status of relationships among people and includes 

such factors as the perceived dignity of an interaction (Martinez-tur et al. 2006).  In social 

exchange theory, relationships between individuals and organizations are exchanges in which the 

individual that experiences fairness from an organization, will reciprocate, conferring positive 

outcomes toward the organization (Blau 1964; Yi and Gong 2008).    

3.     HYPOTHESIS DEVELOPMENT 

Our conceptual model is presented in Figure 1. The model presents the focal relationships 

in which two forms of justice, interpersonal and informational, in a retail returns context, relate 



43 
 

to customer outcomes and perceptions of the retailer.  Discussion of specific hypothesized 

relationships will follow. 

 

Figure E2-1: Conceptual model 

 
 
 

 

 

 

 

 

 

 

 

 

3.1   Interpersonal Justice and Customer Outcomes 

In the current research, we first examine how interpersonal justice in a retail returns setting 

relates to satisfaction, customer behaviors and perceptions of the retailer.  The type of customer 

satisfaction that we specifically examine is return satisfaction, which is defined as a customer’s 

satisfaction with a specific return transaction (Mollenkopf et al. 2007).   In addition to return 

satisfaction, positive WOM intentions is also examined as an outcome variable.  Positive WOM 

intentions is defined as the strength of intentions to convey positive information about a firm to 

others (Ferguson et al. 2010).  Commitment is defined as the relative strength of an individual’s 

identification with and involvement in a particular organization. (Mowday et al. 1982).  The last 
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outcome variable examined is corporate ethics, which is defined as the perceptions that corporate 

behavior and business practices are guided by a set of moral norms, principles, or values (Brunk 

2010).  

 The link between justice and these types of outcomes has been established in the general 

business literature.  Colquitt et al. (2001) perform a meta-analysis of previous organizational 

justice research and finds support for a relationship between interpersonal justice and job 

satisfaction, outcome satisfaction, and organizational commitment.  Ambrose et al. (2007) 

examined customer responses to complaint handling and found support for interpersonal justice’s 

relationship with satisfaction. In a different context, airport security, Sindhave et al. (2006) found 

that interpersonal justice plays a role in customer satisfaction.   

It is also expected that interpersonal justice will positively relate to a customer’s 

perception of how ethical an organization is (Hosmer and Kiewitz 2005).  Corporate ethics has 

been operationalized as the objective way that managers assess the justice of an organization 

(Hosmer and Kiewitz 2005).  It is expected that perceptions of justice for stakeholders will relate 

to an objective measure of justice in corporate ethics (Hosmer and Kiewitz 2005).  When a 

retailer treats a customer with dignity and respect, this would likely be perceived as behavior in 

line with firm ethical business practices.   

Therefore, based on social exchange theory, if a firm treats a customer with politeness, 

dignity, and respect, then the customer will reciprocate with positive outcomes.  Though the 

relationships between interpersonal justice and the outcome variables have been previously 

examined in literature, this examination has not taken place with a consideration for 

interpersonal justice in a returns setting.  We extend previous research to examine these effects in 
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a returns context.  Similar to previous research, we expect that interpersonal justice will also 

positively relates to the outcome variables in a returns context.  Therefore, we propose that: 

H1: Interpersonal Justice in retail returns is positively related to …. 

a. Return Satisfaction 

b. Positive WOM Intentions 

c. Commitment  

d. Corporate Ethics 

 

3.2   Informational Justice and Customer Outcomes 

In the current research we also examine how informational justice relates to satisfaction, 

customer behaviors, and perceptions of the retailer. Previous research supports a relationship 

between informational justice and the outcome variables of interest.   

 In a study on employee satisfaction, Colquitt et al. (2001) found evidence of a 

relationship between informational justice and job satisfaction, outcome satisfaction, and 

organizational commitment.  Sindhave et al. (2006) examined the effects of informational justice 

on customer satisfaction in the context of airport security and found that informational justice 

played a critical role in customer satisfaction.  Given these previous findings, it is expected that 

when retailer’s exhibit higher levels of informational justice, and, therefore, provide customers 

with explanations related to procedures or outcomes, this will be viewed positively by customers 

who will be more likely to share positive WOM about the retailer.  Further, this would likely 

relate positively to how committed customers are to doing future business with the retailer.  It is 

also expected that informational justice will positively relate to a customer’s perception of how 
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ethical an organization is (Hosmer and Kiewitz 2005).  When customers perceive that a retailer 

openly provides them with explanations regarding procedures or outcomes, they are more likely 

to perceive that retailer as having ethical business practices. 

 Based on social exchange theory, if a customer perceives fairness in the way that a 

retailer provides them with explanations for procedures or outcomes then the customer will 

reciprocate with positive outcomes.  Previous research supports that informational justice relates 

to satisfaction, customer behaviors and perceptions of the retailer, but an examination of 

informational justice in a returns setting has not been considered, therefore we posit that: 

H2: Informational Justice in retail returns is positively related to …. 

a. Return Satisfaction 

b. Positive WOM Intentions 

c. Commitment  

d. Corporate Ethics 

 

3.3   Moderated Relationships 

Finally, in addition to the direct relationships of interest, there is also an examination of a set of 

moderated hypotheses that provide an understanding of the boundaries of the direct hypothesized 

relationships.  The first interaction effect examined is for the interaction of interpersonal and 

information justice on the outcome variables. It is expected that as retailers develop an 

organization that provides customers with high levels of both interpersonal justice and 

informational justice during the returns process that the effect of the interaction of both forms of 

justice on the outcome variables will be amplified.  This suggests that not only do customers 
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value being treated with kindness and respect during a return, but if they additionally receive this 

positive treatment, while also having the retailer provide them with explanations and information 

about the returns process that is perceived as fair, then the overall positive effect on outcomes 

will be even greater.  Therefore we posit that: 

H3: There is a significant interaction effect of returns related interpersonal justice and 

informational justice positively on …. 

a. Return Satisfaction 

b. Positive WOM Intentions 

c. Commitment  

d. Corporate Ethics 

 

 Beyond fairness, there are aspects of the returns experience that matter to customers and 

may have an affect on their attitudes and behaviors.  We examine these aspects of the returns 

experience as potential moderators of the direct hypothesized relationships. In this first study, we 

examine attributions of blame as a moderator.  Attributions of blame is defined as the extent to 

which customers hold the seller responsible for a failure (Maxham and Netemeyer 2002).  

Attributions of blame for returns is expected to affect customer attitudes and behavior. An 

example of a return scenario that a customer might attribute blame to the retailer is in the case of 

a misshipment. If a retailer sends the customer a different item than was ordered, the customer is 

likely to blame the retailer for the need to return the product.  Alternatively, there are examples 

of returns for which the customer might attribute the blame to his or herself.  For example, a 
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customer that accidentally purchases the wrong size shirt.  It is expected that the party to whom a 

customer attributes blame will likely have an effect on the customer’s perceptions and behaviors.  

 Maxham and Netemeyer (2002) studied customer attributions of blame toward the firm 

related to service failure. In another work, Bower and Maxham (2012) examined how return 

reason attribution moderates how return policies and fees relate to perceptions of fairness and 

post-returns spending. In the current essay, we also consider the moderating effects of 

attributions of blame. We suggest that a customer’s feelings of fairness about returns interactions 

with the retailer will have a weaker effect on the outcomes if the customer blames the retailer for 

the return.  Alternatively, we expect that if a customer blames his/herself for the return, then the 

effect of fairness of returns interactions will have a stronger positive effect on the outcomes.  

Therefore, even if a retailer provides customers with fairness in returns, it is critical that the 

retailer minimize returns for which it is at fault, since this is expected to offset positive 

outcomes.  We propose that: 

H4: Attributions of blame negatively moderates the relationship between Interpersonal 

Justice in retail returns and …. 

a. Return Satisfaction 

b. Positive WOM Intentions 

c. Commitment  

d. Corporate Ethics 

H5: Attributions of blame negatively moderates the relationship between Informational 

Justice in retail returns and …. 

a. Return Satisfaction 
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b. Positive WOM Intentions 

c. Commitment  

d. Corporate Ethics 

 

 Another moderator of interest in this research is returns policy restrictiveness, which 

measures the level of difficulty in returning products (Richey et al. 2005). Strict returns policies 

often benefit the retailer by allowing for more cost effective and efficient returns management.  

There has been research to support that returns policy restrictiveness relates to reverse logistics 

performance (Richey et al. 2005). Though, there may be economic benefits of more restrictive 

returns policies, this must be considered against the potential effect of restrictive returns policies 

on customer behavior and purchase decisions (Wood 2001).  Strict product return policies are 

likely to increase the customer’s purchase risk and could decrease the customer’s willingness to 

purchase product (Bechwati and Siegal 2005; Petersen and Kumar 2015).  Some retailers, such 

as Zappos, choose to set a liberal returns policy in order to drive customer loyalty, positive 

WOM, and repeat purchase (Palmquist 2015). Retailers have made changes to the level of 

restrictiveness of returns policies over the years and can continue do so.  Therefore, retailers 

need to understand the potential effect that these decisions might have on customers.  In the 

current research, we consider the moderating effects of returns policy restrictiveness.  We 

suggest that a more restrictive returns policy will negatively interact with informational and 

interpersonal justice for a weaker effect on the outcomes.  It is expected that customers will 

consider more restrictive returns policies as less favorable and will not respond as positively 

even when treated with fairness in returns. We posit that: 
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H6: Returns policy restrictiveness negatively moderates the relationship between 

Interpersonal Justice in retail returns and …. 

a. Return Satisfaction 

b. Positive WOM Intentions 

c. Commitment  

d. Corporate Ethics 

H7: Returns policy restrictiveness negatively moderates the relationship between 

Informational Justice in retail returns and …. 

a. Return Satisfaction 

b. Positive WOM Intentions 

c. Commitment 

d. Corporate Ethics 

 

 The last moderator examined is returns process convenience. Returns convenience is 

important to customers (Ofek et al. 2011) and can even drive where they decide to shop (JDA 

2015).  Returns process convenience is defined as a customer’s perceptions of the time and effort 

expenditures during the returns process. Seiders et al. (2007) developed the measure of customer 

perceptions of length of time and extent of effort for returns.  Previous research supports a 

relationship between convenience and satisfaction and customer behavior (Chang and Polonsky 

2012; Reichheld and Schefter 2000).  There is also support in previous research of a relationship 

between returns and customer behavior (Griffis et al. 2012; Mollenkopf et al. 2007; Petersen and 

Kumar 2009).  We expect that returns process convenience will moderate the effect on 
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hypothesized direct relationships.  If a retailer provides customers with fairness through the 

returns experience, then the positive outcomes of this fairness are expected to be amplified if the 

retailer also provides a convenient returns process.  We propose that: 

H8: Returns process convenience positively moderates the relationship between 

Interpersonal Justice in retail returns and …. 

a. Return Satisfaction 

b. Positive WOM Intentions 

c. Commitment 

d. Corporate Ethics 

H9: Returns process convenience positively moderates the relationship between 

Informational Justice in retail returns and …. 

a. Return Satisfaction 

b. Positive WOM Intentions 

c. Commitment 

d. Corporate Ethics 

 

4.     RESEARCH METHODOLOGY 

A scenario based experiment was performed with three main study phases to test the 

relationships of interest.  The scenario based experiment methodology allows for analyzing a 

situation with specific circumstances that would be difficult to duplicate (Pilling et al. 1994) and 

was therefore selected due to the nature of the customer returns experiences that we set out to 
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examine.  Pretests were conducted for each of the three experiments in order to ensure that the 

manipulations worked as expected.   

In each of the three main studies, there is a moderator of interest represented within each 

treatment.  The experiments for each study phase include eight treatment cells resulting from the 

2 (interpersonal justice: high vs low) X 2 (informational justice: high vs low) X 2 (moderator 

variable: high vs low) factorial design.  The three moderators represented across the three study 

phases are: attributions of blame (study phase 1); returns policy restrictiveness (study phase 2); 

and returns process convenience (study phase 3).  The following dependent variables were 

included for each study: return satisfaction, positive WOM intentions, commitment, and 

corporate ethics.   

A confirmatory factor analysis was performed using EQS in order to ensure valid and 

reliable measures. There were 16 items and 4 latent constructs.  In order to test for discriminant 

validity, a one factor model was compared to a seven factor model (Kline 2011). The one factor 

model had a chi-square of 1345.50 (df = 104) and the four factor model had a chi-square of 

314.94 (df = 95).  The significant improvement in model fit for the four factor model (X2 (df = 9) 

= 1030.56, p < .01) suggests sufficient discriminant validity.  Therefore, we proceeded with a 

test for convergent validity. All 16 factor loadings were significant (Table E2-1) supporting 

convergent validity (Anderson 1987).  The results of the confirmatory factor analysis indicated 

adequate fit of the measurement model (χ2	
  = 314.94, df = 95, comparative fit index (CFI) = .962, 

incremental fit index (IFI) = .962, standardized root mean square residual (SRMR) = .040.  The 

Comparative Fit Index (CFI) and Incremental Fit Index (IFI) have values greater than .90 

suggesting reasonable fit (Bagozzi and Yi 1988; Fornell and Larcker 1981; Hu and Bentler 

1995).  Construct reliability estimates ranged from .886 (Return Satisfaction) to .965 (Positive 
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WOM Intentions), suggesting reliability of the scales. Results of the confirmatory factor analysis 

are presented in Table E2-1.  For each study, the hypothesized main effects and interaction 

effects were tested in SPSS using MANOVA due to the categorical nature of the treatment 

conditions as prescribed by Hair et al. (2006). 

 

Table E2-1: Measurement model results 

Construct 
Measurement 

Items 

Standardized 
Parameter 
Estimate 

Standard 
Error t-value 

Returns 
Satisfaction 

RETSAT1 .586  (Fixed) 
RETSAT2 .794 .14 11.34 
RETSAT3 .913 .16 12.28 
RETSAT4 .876 .14 12.02 

Positive WOM 
Intentions 

PWOM1 .946  (Fixed) 
PWOM2 .977 .02 44.33 
PWOM3 .954 .03 39.37 

Commitment COMMIT1 .640  (Fixed) 
COMMIT2 .944 .10 14.41 
COMMIT3 .860 .10 13.52 
COMMIT4 .692 .09 11.40 

Corporate 
Ethics 

ETHICS1 .851  (Fixed) 
ETHICS2 .497 .07 9.83 
ETHICS3 .897 .05 22.83 
ETHICS4 .925 .04 24.28 
ETHICS5 .932 .05 24.60 

Fit statistics: Chi-square =  314.935 (df = 98, p < 0.001), CFI = .96, IFI = .96,  
SRMR = .04. 
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5.     STUDY 1: DIRECT EFFECTS AND THE EFFECT OF ATTRIBUTIONS OF 

BLAME 

5.1   Study 1 Pretest 

Prior to testing the hypothesized relationships, pretests of experimental manipulations 

were performed. The manipulations represent a customer returns scenario in which the 

participant imagines experiencing a targeted level of each of the following: interpersonal justice 

(high/low), informational justice (high/low), and attributions of blame (high/low).  Eight 

experimental conditions were utilized based on the 2 X 2 X 2 experiment.  

Amazon’s Mechanical Turk (MTurk) online labor system was used to collect survey 

responses from a total of 144 respondents.  One respondent failed an attention check and was 

eliminated leaving 143 responses for analysis. Survey participants were randomly assigned to 

one of the eight treatments and asked to answer a questionnaire based on the scenario details 

included in the treatment. 

An analysis was performed to confirm the validity of the manipulations.  Results of t-

tests confirm the validity of the following manipulations: interpersonal justice manipulation (t = -

24.87, df = 141, p < .0001); informational justice manipulation (t = -11.06, df = 141, p < .0001); 

and attributions of blame manipulation (t = -14.03, df = 141, p < .0001). We proceeded with 

study 1.  

5.2   Study 1 Experimental Design and Sample 

There were a total of 362 respondents that participated in study 1 through Amazon MTurk, and 

344 remained after eliminating 10 for failure of attention checks and 8 identified as outliers 
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considering multivariate distance.  About half of all respondents (51%) were female, and 

approximately 87% have at least attended some college. The majority of respondents (84%) 

make less than $80,000 income per year with more than half of respondents between the ages of 

twenty-five and forty-five. 

An online survey was developed to collect data on the relevant constructs. Participants 

were asked to read a scenario (see Appendix A for an example) in which they were directed to 

imagine that they have purchased a pair of jeans online that they need to return to the retailer, 

including a description of the returns experience at the retail store.  The scenarios include 

manipulations for interpersonal justice, informational justice, and attributions of blame.  After 

reading the scenario, participants were asked to answer questions based on how they would react 

to the retailer returns experience described.  The questionnaire included the dependent variables 

and manipulation checks.  

5.3   Study 1 Dependent Variables and Manipulation Check Measures 

Measurement scales for the dependent variables and manipulation checks were adapted from 

existing constructs.  The measurement items descriptive statistics can be found in Appendix D 

and the construct correlation matrix is presented in Table E2-2.   

 Return satisfaction was measured with a four-item 7-point Likert scale (1 = very 

dissatisfied/7  = very satisfied), adapted from Mollenkopf et al. (2007).  Positive WOM 

intentions was measured with a three-item 7-point Likert scale (1 = strongly disagree/7 =strongly 

agree), adapted from Brady et al. (2012), who adapted their measure from Zeithaml et al. (1996).  

The commitment measure was adapted from Ambrose et al. (2007), who adapted their measure 

from Crosby et al. (1990) from a broader service operations context to a retailing context. The 
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corporate ethics measure was adapted from Lagace et al. (1991).  Reliability was assessed for the 

constructs with each construct having a Cronbach’s alpha greater than .87.  Details on all 

constructs are included in Appendix D. 

 

Table E2-2: Construct correlation matrix 

Construct RETSAT PWOM COMMIT ETHICS 

Return Satisfaction 1    

Positive WOM Intentions .760** 1   

Commitment .719** .813** 1     

Corporate Ethics .710** .733** .729** 1 

Mean 4.648    4.320 4.063 4.768 

Standard Deviation 1.479     1.602 1.291 1.146 

All Constructs have 7-point Likert-type scale: (1) Strongly disagree to (7)  
Strongly agree. 
** Correlation is significant at the 0.01 level (2-tailed). 

  

 Manipulation checks for interpersonal justice, informational justice, and attributions of 

blame were included at the end of the questionnaire.  Interpersonal justice and informational 

justice were measured with 7-point Likert scales (1 = to a small extent/7 = to a large extent), 

adapted from Colquitt 2001, which was adapted from Bies and Moag (1986). Attributions of 

blame was adapted Bower and Maxham (2012) with a three item scale. 

5.4   Study 1 Analysis and Results 

MANOVA was used to test the direct and interaction effects with interpersonal justice, 

informational justice, and attributions of blame as the fixed factors, and the following dependent 

variables: return satisfaction, positive WOM intentions, commitment, and corporate ethics (Table 
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E2-3).  The analysis supports that there were significant multivariate main effects of 

interpersonal justice (Wilks’ λ = .56, F = 66.47, p < .001), informational justice (Wilks’ λ = .96, 

F = 3.45, p = .009), and attributions of blame (Wilks’ λ = .92, F = 7.24, p < .001).  As 

hypothesized interpersonal justice individually influenced return satisfaction (H1a) (F = 171.32, 

p < .001), positive WOM intentions (H1b) (F = 217.79, p < .001), commitment (H1c) (F = 

201.34, p < .001), and corporate ethics (H1d) (F = 167.87, p < .001). Support was also found that 

informational justice individually influenced return satisfaction (H2a) (F = 8.22, p < .001), 

positive WOM intentions (H2b) (F = 7.07, p < .001), commitment (H2c) (F = 6.22, p < .001), 

and corporate ethics (H2d) (F = 12.83, p < .001). Establishing support for the direct hypotheses, 

testing of the moderated hypotheses followed. 

 Support was found for significant multivariate interaction effects of interpersonal justice 

X informational justice (F=.970, p=.037), and support was also found for significant multivariate 

interaction effects of interpersonal jusice X attributions of blame (F=2.26, p= .031).  No support 

was found for significant multivariate interaction effects of informational justice X attributions 

of blame.  Individual effects of interactions on the dependent variables were also analyzed.  

Support was found for a significant interaction effect of interpersonal justice X informational 

justice on return satisfaction (H3a) (F=4.33, p=.038).  Support was not found for the interaction 

of interpersonal justice X informational justice on positive WOM intentions (H3b), commitment 

(H3c), and corporate ethics (H3d).  There was also support for a significant interaction effect of 

interpersonal justice X attributions of blame on positive WOM intentions (H4b) (F = 4.27, 

p=.039).  No significant interaction effect was found for interpersonal justice X attributions of 

blame on return satisfaction (H4a), commitment (H4c), or corporate ethics (H4d). Additionally, 

there was not evidence of a significant interaction effect of informational justice X attributions of 
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blame on any of the dependent variables. Upon completion of study 1, we proceeded with the 

examination of a different moderator, returns policy restrictiveness in study 2. 

 

Table E2-3: Multivariate analysis – study 1 

  
Univariate Results 

 Multivariate Results Return 
Satisfaction 

Positive 
WOM 

Intentions Commitment 
Corporate 

Ethics 
 Wilks’ λ F F F F F 

Fixed Factors 
 

     

  Interpersonal Justice .556 66.47* 171.32** 217.79** 201.34** 167.87** 

  Informational Justice .960  3.45* 8.22** 7.07** 6.22* 12.83** 

  Attributions of Blame .920     7.24* 16.38** 22.96** 25.12** 11.38** 

Interactions       

INTER * INFO .970 2.59* 4.33* .16 .00 .06 

INTER * ATTRIBU .974 2.26* .02 4.27* 3.05 .46 

INFO * ATTRIBU .997 .22 .05 .00 .32 .12 

* - denotes significant (p<0.05) 
**- denotes significant (p<0.01) 
 

  

6.     STUDY 2: THE EFFECT OF RETURNS POLICY RESTRICTIVENESS 

6.1   Study 2 Pretest 

Prior to testing the hypothesized interaction effects for study 2, pretests of the related 

experimental manipulations were performed. The manipulations for study 2 differ from the 
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manipulations for study 1, by the inclusion of the moderator, returns policy restrictiveness.  The 

study 2 manipulations represent a customer returns scenario in which the participant would 

imagine experiencing a targeted level of each of the following: interpersonal justice (high/low), 

informational justice (high/low), and returns policy restrictiveness (high/low).  Eight 

experimental conditions were utilized based on the 2 X 2 X 2 experiment.  

Amazon’s MTurk was used to collect survey responses from a total of 128 respondents.  

None of the respondents failed the attention checks leaving 128 responses for analysis. Survey 

participants were randomly assigned to one of the eight treatments and asked to answer a 

questionnaire based on the scenario details included in the treatment. 

Analysis was performed to confirm the validity of the manipulations.  Results of t-tests 

supported the validity of the following: interpersonal justice manipulation (t = -25.295, df = 126, 

p < .0001); informational justice manipulation (t = 8.78, df = 126, p < .0001).  Results also 

confirmed the validity of the returns policy restrictiveness manipulation (t = 7.89, df = 126, p < 

.0001). We proceeded to perform study 2.  

6.2   Study 2 Experimental Design and Sample 

There were a total of 372 respondents that participated in study 2 through Amazon MTurk, and 

349 remained after eliminating 6 for failure of attention checks and 17 identified as outliers 

considering multivariate distance.  Marginally more than half of all respondents (54%) were 

female, and approximately 93% have at least attended some college. The majority of respondents 

(85%) make less than $80,000 income per year with more than half of respondents between the 

ages of twenty-five and forty-five. 
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An online survey was developed to collect data on the relevant constructs. The scenario 

developed for study 2 was similar to the study 1 scenario, involving a customer purchase and 

returns experience, although the scenario for study 2 includes manipulations of interpersonal 

justice, informational justice, and returns policy restrictiveness.  Participants were asked to 

answer a questionnaire after reading a scenario. 

 

6.3   Study 2 Dependent Variables and Manipulation Check Measures 

Measurement items descriptive statistics can be found in the Appendix D.  The measurement 

items for the dependent variables are the same as in study 1.  Manipulation checks for 

interpersonal justice, informational justice, and returns policy restrictiveness were included at the 

end of the questionnaire.  Interpersonal justice and informational justice measures were the same 

as in study 1. Returns policy restrictiveness was adapted from Richey et al. (2005) with a three 

item 7-point Likert scale (1 = strongly disagree/7 =strongly agree). 

6.4   Study 2 Analysis and Results 

MANOVA was used to test the interaction effects with interpersonal justice, informational 

justice, and returns policy restrictiveness as the fixed factors, and the following dependent 

variables: return satisfaction, positive WOM intentions, commitment, and corporate ethics (Table 

E2-4).   

 Support was not found for multivariate interaction effects of interpersonal justice X 

returns policy restrictiveness or informational justice X returns policy restrictiveness.  There was 

support found though for an individual significant interaction effect of interpersonal justice X 
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return policy restrictiveness on corporate ethics (H6d) (F=4.09, p=.044).  No significant 

interaction effect was found for interpersonal justice X returns policy restrictiveness on return 

satisfaction (H6a), positive WOM intentions (H6b), or commitment (H6c). Additionally, there 

was not evidence of a significant interaction effect of informational justice X returns policy 

restrictiveness on any of the dependent variables. Upon completion of study 2, we proceeded 

with study 3, focused on the examination of the moderator, returns process convenience. 

 

Table E2-4: Multivariate analysis – study 2 

  
Univariate Results 

 Multivariate Results Return 
Satisfaction 

Positive 
WOM 

Intentions Commitment 
Corporate 

Ethics 
 Wilks’ λ F F F F F 

Fixed Factors 
 

     

  Interpersonal Justice .611 53.82** 155.08** 197.02** 147.53** 103.72** 

  Informational Justice .971 2.56* 2.42 5.28* .12 .29 

  Restrictiveness .973    2.36* 7.02* 4.78 5.68* .02 

Interactions       

INTER * INFO .977 2.02* 6.91** 6.04* 3.91* 4.54* 

INTER * RESTRICT .980 1.71 .02 2.22 2.42 4.09* 

INFO * RESTRICT .985 1.31 .28 .69 .00 1.40 

* - denotes significant (p<0.05) 
**- denotes significant (p<0.01) 
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7.     STUDY 3: THE EFFECT OF RETURNS PROCESS CONVENIENCE 

7.1   Study 3 Pretest 

Prior to testing the hypothesized interaction effects for study 3, pretests of the related 

experimental manipulations were performed. The manipulations for study 3 differ from the 

manipulations for studies 1 and 2, by the inclusion of the moderator, returns process 

convenience.  The study 3 manipulations represent a customer returns scenario in which the 

participant would imagine experiencing a targeted level of each of the following: interpersonal 

justice (high/low), informational justice (high/low), and returns process convenience (high/low).  

Eight experimental conditions were utilized based on the 2 X 2 X 2 experiment.  

Amazon’s MTurk was used to collect survey responses from a total of 155 respondents.  

Two respondents failed an attention check and were eliminated leaving 153 responses for 

analysis. Survey participants were randomly assigned to one of the eight treatments and asked to 

answer a questionnaire based on the scenario details included in the treatment. 

An analysis was performed to confirm the validity of the manipulations.  Results of t-

tests supported the validity of the following: interpersonal justice manipulation (t = -22.957, df = 

151, p < .0001); informational justice manipulation (t = -10.936, df = 151, p < .0001).  Results 

also confirmed the validity of the returns process convenience manipulation (t = -5.245, df = 

151, p < .0001). Study 3 was next performed. 

7.2   Study 3 Experimental Design and Sample 

There were a total of 362 respondents that participated in the study through Amazon MTurk, and 

339 remained after eliminating 15 for failure of attention checks and 8 identified as outliers 
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considering multivariate distance.  More than half of all respondents (52%) were male, and 

approximately 85% have at least attended some college. The majority of respondents (83%) 

make less than $80,000 income per year with more than half of respondents between the ages of 

twenty-five and forty-five. 

An online survey was developed to collect data on the relevant constructs. The scenario 

developed for study 3 was similar to the scenario from the other studies, except for the inclusion 

of manipulations of returns process convenience.  Participants were asked to answer a 

questionnaire after reading the scenario. 

7.3   Study 3 Dependent Variables and Manipulation Check Measures 

Measurement items descriptive statistics can be found in Appendix D.  The measurement items 

for the dependent variables are the same as in first two studies.  Manipulation checks for 

interpersonal justice, informational justice, and returns process convenience were included at the 

end of the questionnaire.  Interpersonal justice and informational justice measures were the same 

for study 3 as in the previous two studies. Returns process convenience was adapted from 

Seiders et al. (2005, 2007) with a six item 7-point Likert scale (1 = strongly disagree/7 =strongly 

agree). 

7.4   Study 3 Analysis and Results 

MANOVA was used to test the interaction effects with interpersonal justice, informational 

justice, and returns process convenience as the fixed factors, and the following dependent 

variables: return satisfaction, positive WOM intentions, commitment, and corporate ethics.   
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 Support was found for significant multivariate interaction effects of interpersonal justice 

X returns process convenience (F = 4.85, p < .001), but no support was found for significant 

multivariate interaction effects of informational justice X returns process convenience. There 

was also support found for individual significant interaction effects of interpersonal justice X 

returns process convenience on return satisfaction (H8a) (F = 9.04, p < .001), positive WOM 

intentions (H8b) (F = 10.18, p < .001), commitment (H8c) (F = 19.01, p < .001), and corporate 

ethics (H8d) (F = 3.70, p = .027).  No significant interaction effect was found for informational 

justice X returns process convenience on any of the dependent variables.  

 

Table E2-5: Multivariate analysis – study 3 

  
Univariate Results 

 Multivariate Results Return 
Satisfaction 

Positive 
WOM 

Intentions Commitment 
Corporate 

Ethics 
 Wilks’ λ F F F F F 

Fixed Factors 
 

     

  Interpersonal Justice .620 50.33** 154.96** 160.35** 121.97** 76.39** 

  Informational Justice .945 4.77** 16.72** 3.01 7.28** 4.96* 

  Returns Convenience .808 19.51** 78.04** 25.82** 23.47** 7.26** 

Interactions       

INTER * INFO .948 4.52** 6.18* 1.20 .61 .35 

INTER * RETCON .944 4.85** 9.04** 10.18** 19.01** 3.70* 

INFO * RETCON .998      .16 .47 .30 .06 .04 

* - denotes significant (p<0.05) 
**- denotes significant (p<0.01) 
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8.     MANAGERIAL IMPLICATIONS 

The findings from the studies support the direct hypothesized relationships (H1 & H2) that 

returns related interpersonal justice and informational justice have direct relationships with the 

dependent variables. With the growth of multichannel retailing and a greater number of channels 

for interaction between retailers and customers, it is becoming even more critical that retailers 

focus on the fairness with regard to how they treat customers during interactions and through the 

sharing of information.   

 Analysis of the interaction effects provides a greater understanding of where retailers 

should focus for an impact on their desired outcomes.  There was support that individually both 

returns related interpersonal justice and information justice have a positive effect on return 

satisfaction (H1a & H2a).  Interestingly, the significant interaction of interpersonal justice X 

informational justice on return satisfaction (H3a) suggests that when customers experience both 

interpersonal justice and informational justice within a returns experience that the effect on 

return satisfaction will be amplified.  These results provide retailers with the support to invest in 

developing operational policies and procedures and training returns associates for a resulting 

higher level of both types of justice. 

 There was also support for a significant interaction effect of interpersonal justice X 

attributions of blame on positive WOM intentions (H4b).  When attributions of blame are low, 

interpersonal justice has a stronger positive effect on positive WOM (Figure 2).  This finding 

suggests that retailers should focus on reducing returns that customers blame them for, such as 

misshipments.  Reducing returns seen as the fault of the retailer allows retailers to maximize the 

positive effect of fair customer treatment in returns on the customer’s willingness to share 
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positive WOM.  There has been research support that customers may accept a negative outcome 

as long as they are treated with fairness and respect (Ambrose et al. 2007; Turel et al. 2008).  

This finding also suggests that retailers should train returns associates to treat customers with 

extra politeness and respect, especially when the return was the fault of the retailer. 

 Analysis of the moderating effect of returns policy restrictiveness provided support for a 

significant interaction effect of interpersonal justice X return policy restrictiveness on corporate 

ethics (H6d).  The positive effect of interpersonal justice in returns on corporate ethics was 

stronger for customers that assess the returns policy as less restrictive (Figure 2).  Therefore, as 

retailers consider making changes to returns policy restrictiveness, it should be considered that 

having a less restrictive returns policy can provide a stronger effect for how treating customers 

fairly during the returns process relates to whether customers view them as ethical. 

 Finally, in considering analysis of the moderating effect of returns process convenience, 

support was found for significant interaction effects of interpersonal justice X returns process 

convenience on return satisfaction (H8a), positive WOM intentions (H8b), commitment (H8c), 

and corporate ethics (H8d).  Customers place a high value on convenience and these results 

reveal that the degree to which retailers treat their customers with greater politeness and respect 

during the returns process will have a stronger effect on the outcome variables when retailers 

also provide a more convenient returns experience (Figure 2).  Understanding how fair customer 

treatment interacts with returns convenience can result in customer that are more satisfied with 

returns, share positive WOM about the retailer with others, feel a greater sense of commitment to 

the retailer, and perceive the retailer as ethical. 
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 Therefore the results of this research can be considered guidance for managers that invest 

resources in developing returns programs with a consideration for the treatment of customers and 

the way that information is conveyed during the returns process. 

9.     THEORETICAL IMPLICATIONS 

 Though there has been previous support for the relationship between justice and the 

outcome variables of focus, there has not been an examination of interpersonal and informational 

justice in a returns related context with these outcome variables.  Previous research on retail 

returns has examined the effects of procedural justice on how customers perceive the fairness of 

returns policies and procedures and the related outcomes. The current research extends previous 

returns justice research to examine the effects of the fairness of retailer interactions with 

customers in a returns setting. As multichannel returns offerings become more prevalent and the 

complexity of managing interactions across channels grows, research which examines 

interactional justice helps to uncover the importance of focusing on establishing fairness of 

interactions across channels is needed. 

 As we examine the effects of both interpersonal and informational justice in this research, 

the results support that the effects of interpersonal justice are stronger than the effects of 

informational justice on the outcome variables.  This highlights that customers value fair 

treatment by retailers even more than they value fairness of retailer explanations and information 

about policies and procedures.  There is also support that the effects of interpersonal justice on 

the outcomes can be enhanced or diminished depending on some aspects of the customer returns 

experience.  Results support that some of the individual effects of interpersonal justice may be 

heightened when the returns process is convenient, and, alternatively, be diminished when the 
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retailer is perceived to be at fault for the return, or when the returns policy is more restrictive.  

These results highlight the complexity of the effects of interpersonal justice. 

 There have also been calls for more supply chain management research focused on 

customer perceptions of supply chain policies and the current research meets this need.  In 

today’s competitive retailing environment it is critical for research to consider how supply chain 

policies and procedures relate to customer perceptions and outcomes.  Supply chain has the 

potential to be a differentiator for retailers and this type of research can help in identifying those 

policies and procedures with the most potential for impact on customer outcomes. 

10.     FUTURE RESEARCH 

The emergence of multichannel retailing and the increased options for customers to interact with 

retailers across multiple channels has elevated the importance of considering the fairness of 

retailer interactions across channels and the related impacts.  Interpersonal justice and 

informational justice allow for examination of the fairness of interactions across channels.  

Future research on interpersonal justice and information justice within a multichannel retailing 

context should be conducted, and specifically in the context of retail returns. 

11.     CONCLUSIONS 

The increasingly competitive retail landscape requires that retailers set themselves apart by 

providing service offerings that are valued by customers.  A retailer’s service offering must be 

compelling enough to attract and retain customers.  Customers value being treated with fairness 

when interacting with retailers.  Therefore, retailers need to invest resources into developing 

policies and procedures that ensure fairness of interactions across all channels.  This research 
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supports the importance of investing in policies and procedures that enhance fairness of 

interactions for customers across retailer channels.  

 There are also aspects of the returns experience and process that can enhance the effect 

that fairness has on customer outcomes.  Retailers need to drive towards increasing positive 

customer outcomes and a consideration for how all aspects of the returns experience and returns 

process enhances or detracts from effects on customer outcomes needs to be considered.  As 

aspects of a retailer's returns experience potentially have a negative impact, then the retailer must 

stay agile enough to make the necessary changes to correct issues that detract from customer 

value. 
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Appendix A: Study 1 Scenario Example 

Base scenario 

Imagine that you have been shopping online for a pair of jeans.  You find the jeans and purchase 
them from the website of a major retailer that also has a store near your home. 

 (High attributions of blame) 

When  the jeans arrive later that week, you notice that the retailer sent you the wrong item.  They 
sent you a much smaller size than you ordered.   You look at the packing slip and see that you 
ordered the correct size, but they shipped the wrong size.  Because of their mistake, you decide 
to return the item. 

 (Low interpersonal justice) 

The next day, you go to the store to make the return.  You go up to the returns desk and the 
returns associate seems agitated and asks how she can help you.  You explain that you are 
making a return and the reason. She grabs the item out of your hand to inspect it. She  then asks 
you accusingly if you have your receipt, which you do, so she scans the item. 

< INSERT INFORMATIONAL JUSTICE MANIPULATION HERE> She makes no apology 
for the inconvenience of you having to make a return and she just yells “Next!” to the next 
customer. 

 (Low informational justice) 

She notices that you purchased the jeans online and begins to work on the return.  As she works 
behind the counter, she seems to be struggling to complete the return.  She doesn’t provide you 
with information about what is occurring.  Finally, after you wait 5 minutes with no feedback, 
she looks up and tells you the return is complete. 
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Appendix B: Study 2 Scenario Example 

Base scenario 

Imagine that you have been shopping online for a pair of jeans.  You find the jeans and purchase 
them from the website of a major retailer that also has a store near your home.  When the jeans 
arrive later that week, you try on the jeans and they don’t fit as you had hoped, so you decide to 
return them.   

(High Returns Policy Restrictiveness) 

You look online at the retailer’s returns policy and it states that any product being returned must 
be in the original packaging and you MUST have the original receipt for returns, which seems 
strict. 

 (High interpersonal justice) 

The next day, you go to the store to make the return.  You go to the returns desk and the returns 
associate greets you with a smile and asks how she can help.  You explain that you are making a 
return and the reason.  She looks at you apologetically and says that she is sorry you had to take 
the time to do a return, but she is happy to help you.  She kindly asks you if you have your 
receipt, which you do, so she scans the item. 

< INSERT INFORMATIONAL JUSTICE MANIPULATION HERE>  

She asks if there is anything else that she can help you with and tells you to have a great day. 

(High informational justice)  

She notices that you purchased the jeans online and begins to work on the return.  As she works 
behind the counter, she seems to be struggling to complete the return.  She looks up and explains 
the entire process to you.  As she works through the steps, she continually updates you on her 
progress.  Finally, after a few minutes of work and discussion, she looks up and tells you the 
return is complete.  
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Appendix C: Study 3 Scenario Example 

Base scenario 

Imagine that you have been shopping online for a pair of jeans.  You find the jeans and purchase 
them from the website of a major retailer that also has a store near your home.  When the jeans 
arrive later that week, you try on the jeans and they don’t fit as you had hoped, so you decide to 
return them.   

Returns Process Convenience 

(Low Returns Process Convenience) 

The next day, you go to the store to make the return.  You eventually find the returns area in the 
back of the store but it takes a while to find it since it is not clearly marked. There is a long 
wait at the desk so the return might take a while. Imagine that the returns desk looks like the 
image below. 

 

After waiting in line… 

 (Low interpersonal justice) 

… you get to the returns desk and the returns associate seems agitated and asks how she can help 
you.  You explain that you are making a return and the reason. She grabs the item out of your 
hand to inspect it. She then asks you accusingly if you have your receipt, which you do, so she 
scans the item. 

< INSERT INFORMATIONAL JUSTICE MANIPULATION HERE>   

She makes no apology for the inconvenience of you having to make a return and she just yells 
“Next!” to the next customer. 
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 (Low informational justice) 

She notices that you purchased the jeans online and begins to work on the return.  As she works 
behind the counter, she seems to be struggling to complete the return.  She doesn’t provide you 
with information about what is occurring.  Finally, after you wait 5 minutes with no feedback, 
she looks up and tells you the return is complete. 
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Appendix D: Construct Measurement Descriptive Statistics 

Table E2-D1: Construct measurement descriptive statistics 

Constructs and Measurement Items     Mean   Std. Dev. 

Return Satisfaction (Cronbach’s alpha = .876)a 

Please indicate your level of satisfaction with the following aspects of the 
returns experience: 

  

   

RETSAT1. General return instructions. 5.24 1.45 

RETSAT2. The convenience of returning the product. 5.02 1.66 

RETSAT3. The overall process of returning the product. 4.45 1.78 

RETSAT4. The overall process of receiving credit for the returned 
                    merchandise. 
 

4.83 1.65 

Positive WOM Intentions  (Cronbach’s alpha = 0.971)b 

Please indicate your level of agreement with the following statements:   

PWOM1. I would recommend this retailer to friends. 4.44 1.66 

PWOM2. I would say good things about this retailer to others. 4.41 1.68 

PWOM3. I would encourage friends and relatives to shop with this retailer. 4.32 1.65 

Commitment (Cronbach’s alpha = 0.870) c 

Please indicate your level of agreement with the following statements:   

COMMIT1. If I needed to make this type of purchase again, I would change 

retailers for a small cost savings.(R) 
3.59 1.58 

COMMIT2. I want to continue dealing with this retailer. 4.48 1.59 

COMMIT3. If this retailer sold other products I needed, I would buy them 

from this retailer. 
4.67 1.54 

COMMIT4. If other options were available, I would shop with another 

retailer.(R) 
3.47 1.48 

Corporate Ethics (Cronbach’s alpha = 0.904)d 
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Table E2-D1 (cont’d) 

Please indicate your level of agreement with the following statements: 
  

ETHICS1. This provider is ethical. 4.89 1.27 

ETHICS2. This retailer often engages in practices that I consider unethical.(R) 4.97 1.44 

ETHICS3. This retailer has high ethical standards. 4.51 1.29 

ETHICS4. I would consider this retailer to be an ethical company. 4.64 1.26 

ETHICS5. This retailer adheres to an ethical code of conduct. 4.67 1.34 

Interpersonal Justice (Cronbach’s alpha = 0.962)e 

  To what extent has the returns associate…   

INTERJUS1. treated you in a polite manner? 4.06 2.50 

INTERJUS 2. treated you with dignity? 4.11 2.42 

INTERJUS 3. treated you with respect? 4.10 2.44 

INTERJUS 4. refrained from improper remarks or comments? 4.97 2.08 

Informational Justice (Cronbach’s alpha = 0.954) e 

To what extent has the returns associate…   

INFOJUS1. been candid in communications with you? 4.19 2.16 

INFOJUS2. explained the returns procedures thoroughly? 4.19 2.33 

INFOJUS3. given explanations regarding the returns procedures that are 

reasonable? 
4.06 2.18 

INFOJUS4. communicated details in a timely manner? 4.08 2.18 

INFOJUS5. seemed to tailor communications to customers' specific needs? 3.70 2.14 

Attributions of Blame (Cronbach’s alpha = 0.907)e 

To what extent…   

ATTRIBU1. was the retailer responsible for my need to return this product? 4.39 2.56 

ATTRIBU2. was the retailer responsible for the return that you experienced? 4.79 2.36 
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Table E2-D1 (cont’d) 

ATTRIBU3. do you blame the retailer for this return? 4.02 2.52 

a Sources: Adapted from Mollenkopf et al. 2007. 

b Source: Adapted from Brady et al. 2012. 

c Source: Adapted from Ambrose et al. 2007; Mowday et al. 1982. 

d Sources: Adapted from Lagace et al. 1996. 

e Sources: Adapted from Colquitt 2001; Bies and Moag 1986. 

f Sources: Adapted from Bower and Maxham 2012. 
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Appendix E: Hypothesized paths testing 

Table E2-E1: Hypothesized paths testing 
 

Path F Note 
H1a: Inter Justice à Return Satisfaction 171.32** Supported 
H1b: Inter Justice à Positive WOM Intent 217.79** Supported 
H1c: Inter Justice à Commitment 201.34** Supported 
H1d: Inter Justice à Corporate Ethics 167.87** Supported 
H2a: Info Justice à Return Satisfaction     8.22** Supported 
H2b: Info Justice à Positive WOM Intent     7.07** Supported 
H2c: Info Justice à Commitment   6.22* Supported 
H2d: Info Justice à Corporate Ethics   12.83** Supported 
H3a: Inter Justice X Info Justice à Return Satisfaction  4.33* Supported 
H3b: Inter Justice X Info Justice à Positive WOM Intent  .16 Not Supported 
H3c: Inter Justice X Info Justice à Commitment  .00 Not Supported 
H3d: Inter Justice X Info Justice à Corporate Ethics  .06 Not Supported 
H4a: Inter Justice X Attribu of Blame à Return Satisfaction  .02 Not Supported 
H4b: Inter Justice X Attribu of Blame à Positive WOM Intent  4.27* Supported 
H4c: Inter Justice X Attribu of Blame à Commitment 3.05 Not Supported 
H4d: Inter Justice X Attribu of Blame à Corporate Ethics  .46 Not Supported 
H5a: Info Justice X Attribu of Blame à Return Satisfaction  .05 Not Supported 
H5b: Info Justice X Attribu of Blame à Positive WOM Intent  .00 Not Supported 
H5c: Info Justice X Attribu of Blame à Commitment  .32 Not Supported 
H5d: Info Justice X Attribu of Blame à Corporate Ethics  .12 Not Supported 
H6a: Inter Justice X Restrictiveness à Return Satisfaction  .02 Not Supported 
H6b: Inter Justice X Restrictiveness à Positive WOM Intent 1.22 Not Supported 
H6c: Inter Justice X Restrictiveness à Commitment 2.42 Not Supported 
H6d: Inter Justice X Restrictiveness à Corporate Ethics  4.09* Supported 
H7a: Info Justice X Restrictiveness à Return Satisfaction  .28 Not Supported 
H7b: Info Justice X Restrictiveness à Positive WOM Intent  .69 Not Supported 
H7c: Info Justice X Restrictiveness à Commitment  .00 Not Supported 
H7d: Info Justice X Restrictiveness à Corporate Ethics           1.40 Not Supported 
H8a: Inter Justice X Returns Conv à Return Satisfaction    9.04** Supported 
H8b: Inter Justice X Returns Conv à Positive WOM Intent 10.18** Supported 
H8c: Inter Justice X Returns Conv à Commitment 19.01** Supported 
H8d: Inter Justice X Returns Conv à Corporate Ethics          3.70* Supported 
H9a: Info Justice X Returns Conv à Return Satisfaction            .47 Not Supported 
H9a: Info Justice X Returns Conv à Positive WOM Intent            .30 Not Supported 
H9a: Info Justice X Returns Conv à Commitment            .06 Not Supported 
H9a: Info Justice X Returns Conv à Corporate Ethics            .04 Not Supported 
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Appendix F: Studies 1-3: Plots of Interaction Effects 

Figure E2-F1: Study 1: Interpersonal Justice X Attributions of Blame on Positive WOM 
Intentions 

 

  

Figure E2-F2: Study 2: Interpersonal Justice X Restrictiveness on Ethics 
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Figure E2-F3: Study 3: Interpersonal Justice X Returns Convenience on Returns Satisfaction 

 

 

Figure E2-F4: Study 3: Interpersonal Justice X Returns Convenience on Positive WOM 
Intentions 
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Figure E2-F5: Study 3: Interpersonal Justice X Returns Convenience on Commitment 

 

Figure E2-F6: Study 3: Interpersonal Justice X Returns Convenience on Corporate Ethics 
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1.     INTRODUCTION 

The retail industry is becoming increasingly competitive, and it is especially challenging for 

retailers to compete with online retail giant, Amazon.  Amazon dominates by offering a 

tremendous assortment with fast and free shipping.  In order to compete, brick and mortar 

retailers have expanded their online presence to remain competitive (Specter 2016).  Retailers 

that operate both brick and mortar and online channels are considered multichannel retailers 

(Cao and Li 2015; Chatterjee 2010).  Multichannel retailers might not be able to compete on 

service offerings, such as same day or next day delivery, but they do have some unique 

advantages over pure online retailers.  Some advantages of multichannel retailers with a history 

of success in the brick and mortar channel are their market experience and distribution 

capability, existing supplier relationships, market power, and existing customer base (Ishfaq et 

al. 2016). Multichannel retailers also typically possess a network of brick and mortar stores that 

can be leveraged in providing customers with a unique set of service offerings that allow 

customers to interact across multiple channels (Ishfaq et al. 2016).  Mobile technology and social 

media enable customers to use more than one channel throughout the retailing experience 

(O’Reilly 2015) and expectations are growing related to the flexibility to shop and purchase 

either online or in-store (Chatterjee 2010; Jones 2015). Many retailers are considering how to use 

their supply chain capabilities to meet customer needs by providing multichannel offerings. 

There are some retailers who do not provide multichannel offerings because of the 

challenges involved in providing them.  For example, only 30% of multichannel retailers allow 

customers to buy online and pick up in store and less than 40% of multichannel retailers allow 

for buying online and returning to the store (Hubner et al. 2016a).  Retailers need to be strategic 
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in considering how to offset the challenges involved in developing multichannel offerings while 

considering potential benefits. 

In the current research, we extend previous research by examining how multichannel 

service offerings relate to performance outcomes.  Firms can use their resources to develop 

supply chain capabilities to support multichannel service offerings.  We examine three specific 

multichannel service offerings: BOPS, ship from store, and return to store.  These service 

offerings were selected as they relate to different aspects of the retail supply chain.  BOPS and 

ship from store relate to order fulfillment and return to store relates to product returns.  We 

examine how the three multichannel service offerings relate to retailer performance.  We suggest 

that retailers that provide multichannel offerings have more options for servicing customers and 

they are better able to use their resources and leverage their network, which we expect will relate 

positively to performance.  In order to test the relationships of interest, we utilize a secondary 

data methodology, using a large archival data cross-section of ecommerce retailers that matched 

the operationalization of the constructs of interest in this research (Rabinovich and Cheon 2011).   

 With the growth of multichannel retailing, firms need to focus investment in 

multichannel offerings for a positive impact on their performance, especially as it relates to the 

use of supply chain capabilities.  Retail senior leaders suggest that supply chain is the key to 

satisfying multichannel customers (JDA 2015).  This research strives to identify which 

multichannel service offerings will have a positive impact on retailer performance.  In the next 

section, we present a literature review. The sections that follow include a review of our 

hypothesis development, research methodology, and results.  Finally we present implications, 

future research, and conclusions. 
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2.     LITERATURE REVIEW 

2.1   Multichannel Retailing Overview 

Through multichannel service offerings customers can use multiple channels during their retailer 

interactions.  This allows customers to benefit from the positive attributes of different channels 

(Brynjolfsson et al. 2013; Chatterjee 2010; O’Reilly, 2015).  Traditional brick-and-mortar 

retailers shifting to accommodate multichannel offerings are experiencing growing costs that can 

erode already slim margins and added complexity (Harrington 2017).  The complexity of 

introducing multichannel offerings is a likely reason why some firms have not yet developed 

these offerings (DHL 2015).    

2.2   Multichannel Retailing Challenges 

One result of brick and mortar retailers expanding their online presence is the increased 

complexity of their distribution network (Hubner et al. 2016a; Ishfaq et al. 2016; Murfield et al. 

2017).  Introducing multichannel offerings requires the need to be able to forecast and fulfill 

demand across multiple channels, while managing differences in lead times and operating costs 

for each channel (Hubner et al. 2016a; Ishfaq et al. 2016).  When the online and brick and mortar 

channel are not fully integrated, this can lead to inefficiencies when attempting to provide 

multichannel offerings (Gallino and Moreno 2014; Hubner et al. 2016a; Ishfaq et al. 2016; 

Murfield et al. 2017). 

 Providing multichannel offerings can be especially complex for retailers that traditionally 

used their distribution network to support a brick and mortar channel (Ames 2015).   These 

retailers have further developed their online channels, and distribution operations to support 

online are very different (Ames 2015).  One of the biggest challenges of fulfilling online orders 
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from a distribution center that traditionally supported brick and mortar stores is that picking and 

packing smaller orders to be shipped directly to customers requires different processes and 

technology (Ames 2015).  As observed by Petersen (2015), it is challenging to support online 

distribution operations, but it is even more complex to support multichannel distribution 

operations. 

 Many multichannel service offerings rely on support from store operations (Gallino and 

Moreno 2014; RSR 2014), which can introduce challenges.  These challenges can include 

increased complexity at the store, as store associates and store processes that are typically 

focused on selling now have an expanded role to support multichannel offerings (Gallino and 

Moreno 2014).  Having store associates pick product for online orders is typically more costly 

than having this activity take place at a warehouse (Harrington 2017), since store associates are 

trained to sell rather than to perform warehousing activities (RSR 2014). In addition to 

challenges related to store associate training, store backrooms typically do not have the space, 

proper racking, or equipment to facilitate distribution operations (RSR 2014).  Stores also do not 

typically have the technology or systems, such as WMS capabilities, for order filling and 

shipping that a typical DC has (Ames 2015).  In fact, many stores use a paper based method for 

fulfilling customer orders (Ames 2015).  Therefore, when store operations fulfill orders to 

support multichannel operations, there needs to be a consideration for these implications. 

 In addition to the challenges related to picking and shipping multichannel orders from 

distribution centers and stores, there are also challenges related to inventory visibility. 

Significant investment is needed for building inventory visibility to support multichannel 

offerings, in order to maintain accurate inventory across channels (Harrington 2017; Petersen 

2015).  Many multichannel retailers have separate inventory systems for their brick and mortar 
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and online channels, and, therefore, lack real-time visibility to item inventory across channels 

(Petersen 2015).   

Lastly, it can be challenging for retailers implementing multichannel offerings to properly 

incentivize their associates.  Retailers need to ensure that incentives are built so that departments 

are not motivated for optimizing one particular channel, but rather the overall success of the firm 

and that employees are striving for customer sales across all channels (DHL 2015).  For 

example, managers for the online channel and managers for the brick and mortar channel should 

develop programs and receive incentives based on overall sales growth across all channels. 

2.3   Multichannel Resource and Capability Needs  

Though it can be complex and challenging for retailers to support multichannel service 

offerings, the retailers that have the necessary resources to support these offerings stand to reap 

the benefits.  Retailers that have greater integration across their channels are more likely to be 

successful at introducing multichannel service offerings (Gallino and Moreno 2014; Ishfaq et al. 

2016; Murfield et al. 2017). Hubner et al. (2016b) examined different strategies for multichannel 

fulfillment and developed a framework that highlights the challenges and opportunities of the 

strategies.  Channel integration is challenging, because it can involve the integration of inventory 

systems, warehouses, marketing campaigns and pricing strategies (Gallino and Moreno 2014).  It 

is essential for retailer competitiveness that processes are put in place and channels are integrated 

to support multichannel offerings.   

Research has supported that retailers with a large infrastructure of retail outlets as a 

resource will have a benefit in multichannel retailing (Ishfaq et al. 2016).  An outcome of 

introducing multichannel service offerings is that stores take on an extended role in distribution 
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(Ishfaq et al. 2016).  As stores develop distribution capabilities and integration between store 

operations and distribution operations increases, retailers are able to break down previous silos in 

the organization (Randall et al. 2011).  

 Retailers also need to develop capabilities for real-time visibility of inventory across 

channels and visibility of order fulfillment status in order to support multichannel offerings 

(Hubner et al. 2016a; Petersen 2015; RSR 2014).  For stores to handle the distribution operations 

that are needed to support multichannel offerings, there needs to be space in store backrooms for 

these operations (RSR 2014) and personnel allocated to these functions.  

2.4   Multichannel Benefits  

Some retailers use their stores as distribution points as a multichannel offering 

(Harrington 2017).  Fulfilling online orders from store inventory allows for shorter lead times to 

consumers (Hubner et al. 2016a).  Multichannel retailers that fulfill customer orders from stores 

can typically provide customers with delivery on the same day it is ordered, providing an 

advantage over those pure online retailers that do not have the capability to provide next day 

delivery (Hubner et al. 2016a).  Using stores to fulfill online orders can result in a number of 

retailer benefits such as: increased online revenue; reduced last mile delivery costs; and 

increased customer satisfaction (Harrington 2017).   

There are two options for using stores as distribution points for online orders.  The first 

option, BOPS, involves the customer ordering online and then coming into the store to pick up 

their product.  The second option, ship from store, involves the customer ordering online and the 

store shipping product directly to the customer from store inventory.  One of the customer 

benefits of BOPS is that retailers typically offer this service for free, allowing the customer to 
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avoid a delivery charge (Ishfaq et al. 2016), which is expected to reflect favorably with 

customers. Retailers providing the BOPS option have the option of using store inventory to 

fulfill these orders or shipping product from a distribution center to the store along with store 

replenishment deliveries (Ishfaq et al. 2016).  Providing this service offering also has the benefit 

of bringing the customer into the local store, creating the opportunity for additional sales 

(Hubner et al. 2016a; Ishfaq et al. 2016).  

2.5   Multichannel Returns 

In addition to competing based on order fulfillment service offerings, multichannel retailers can 

also differentiate themselves from a returns perspective.  Online customers typically cannot 

touch and feel product prior to purchase which can increase customer uncertainty driving returns 

(Bernon et al. 2016).  Therefore, in a multichannel environment, even online customers have the 

opportunity to inspect product visually in store prior to purchase, potentially affecting return 

rates.  A survey of multichannel retailers shows that they expect that it will be a requirement in 

the future for multichannel retailers to allow for product returns in store regardless of purchase 

channel (Hubner et al. 2016b). Today, though, some multichannel retailers do not allow for in 

store returns of online purchases (Hubner et al. 2016b).  Some of the challenges that keep 

retailers from implementing in store returns for online purchases are related to the effort involved 

in the returns process as well as intense IT requirements (Hubner et al. 2016b). Stores are likely 

to have higher labor costs and are expected to be less efficient in processing online returns than 

warehouse returns associates (Hubner et al. 2016b).  Differing processes for returning products 

bought in store vs. online drives additional inefficiencies (Bernon et al. 2016).  Inventory 

implications can also be a challenge for multichannel returns, since product can end up being 

returned to a location where it is not stocked in inventory (Bernon et al. 2016).   
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One of the resources that enables a store to be successful in providing in store returns, 

even for online orders, is a vast network of store locations (Bernon et al. 2016). More store 

locations increases the ease with which customers can return product (Bernon et al. 2016). 

Offering customers more options for returning product can increase convenience for the 

customer (Hubner et al. 2016b), which could drive business for the retailer.  Customers that are 

able to return product purchased online to the store get the benefit of not having to pay for 

returns shipping.  There are also benefits though for retailers that allow for store returns 

regardless of channel.  Offering store returns has the benefit of bringing customers into the store 

for the return, enabling the retailer to gather information for returns avoidance efforts (Hubner et 

al. 2016b) as well as the chance to sell the customer an alternative product, potentially increasing 

satisfaction and driving sales (Hubner et al. 2016b).   

3.     HYPOTHESIS DEVELOPMENT 

3.1   Multichannel Offerings Related to Performance 

In the current research, we examine how each of three multichannel offerings of interest 

(BOPS, ship from store, and in store returns) relates to retailer performance.  There has been 

support in previous research for the challenges and benefits related to a retailer providing 

multichannel offerings for customers (Murfield et al. 2017).  Considering the challenges and 

benefits of multichannel offerings, we can examine how multichannel offerings relate to retailer 

performance.  Retailer performance is a measure assigned to a retailer that weighs a combination 

of the retailer’s sales, growth, and competitive position.  The conceptual model for this research 

is presented in Figure 1. 
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 There are benefits of multichannel offerings that may relate positively to retailer 

performance.  Retailers that provide multichannel offerings report that extending these offerings 

has lead to increased sales, increased market share, improved profitability and improved 

customer loyalty (Ames 2015; DHL 2015). In order to positively impact retailer performance, 

firms can work to increase sales by providing customers with what they value. For example, 

customers value the benefits of multichannel offerings (Chatterjee 2010; Jones 2015), which 

could be a differentiator that drives more sales for these retailers compared with retailers that do 

not provide multichannel offerings.  Cao and Li (2015) analyzed secondary data on US retailers 

and found support that integration of multiple channels is positively related to sales performance.  

Some of the reasons behind the relationship between integration and sales performance were the 

following:  improved trust; increased customer loyalty; higher consumer conversion rates; and 

greater opportunities to cross-sell. 

 When considering BOPS and ship from store, these offerings are likely to be viewed 

favorably by customers, due to the potential for a short cycle time and specifically in the case of 

BOPS, customers avoid paying a delivery fee (Ishfaq et al. 2016).  These benefits could 

potentially drive more customers to purchase from retailers providing multichannel offerings, 

leading to a positive performance impact.  Enabling ship from store can allow stores to maximize 

margins which positively relates to performance, since this offering allows for inventory 

optimization, due to higher turnover rates, and greater potential for liquidating markdowns at a 

higher gross margin (DHL 2015; RSR 2014).  

Alternatively the challenges related to developing and implementing multichannel 

offerings are likely to relate negatively to retailer performance.  The complexity of the 
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distribution network for retailers providing multichannel offerings might negatively affect a 

firm’s sales and competitive position, as competitors that do not provide multichannel offerings 

might have more streamlined processes.  There is also potential for retailer inefficiencies due to 

integration challenges which may  relate negatively to retailer performance.  

There are both positive and negative aspects of retailer’s providing multichannel 

offerings, though we identify more positives.  We propose that retailers that develop 

multichannel capabilities are those that possess unique supply chain resources and capabilities, 

such as a unique store infrastructure, channel integration, and information systems.  Therefore 

we posit that retailers that have developed multichannel capabilities of BOPS, ship from store, 

and in store returns, are expected to achieve superior performance based on RBV.  Therefore we 

suggest that: 

H1: Buy online pick up in store is positively related to retailer performance. 

H2: Ship from Store is positively related to retailer performance. 

H3: Return to Store is positively related to retailer performance. 

 

4.     RESEARCH METHODOLOGY 

4.1   Data 

To examine the effects of multichannel offerings on retailer performance, a large cross-sectional 

database of retailers’ multichannel offerings and performance outcomes was analyzed. The 

Internet Retailer Top 500 Guide (IR 500) for 2016 was used as the sample frame for this 

research.  The IR 500 is a comprehensive report of the trends and key players that shape the U.S. 
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ecommerce industry (Ali and Zaroban 2017). The database includes the top 500 retailers which 

had collective U.S. web sales of $333.24 billion in 2016, representing 84.4% of total U.S. 

ecommerce sales (digitalcommerce360.com).  The IR 500 is published annually by Internet 

Retailer Magazine.   

4.2   Measurement sources and scales 

Data is collected for IR 500 by 18 full-time journalists and researchers, that regularly update, 

verify, and organize the data.  We examine retailer performance as a dependent variable.  The 

retailer performance measure was collected from IR 500 and is based on a proprietary scoring 

system that considers online sales, growth, and competitive position.  Ratings for retailer 

performance for retailers in the IR500 range from 20 to 79.   

We also examine three independent variables from IR 500 which are three measures of 

multichannel offerings: BOPS, ship from store, and return to store.  All three of the independent 

variables are binary variables that are designated as either “Y” for yes or “N” for no. In order to 

reduce concerns related to endogeneity from omitted variable bias, we included several control 

variables.  All control variables were collected from IR 500.  The control variables include 

average ticket, product category (apparel, auto, book, computer, flower, food, hardware, health, 

house, jewelry, mass merchant, office, specialty, sport, and toys), and firm type (retailer, catalog, 

consumer brand manufacturer, and web).  Average ticket is a rating for a retailer based on the 

retailer’s average order value.  Average ticket ranges from 10 to 99.  Each of the merchandise 

category controls is binary and is equal to one for the retailer’s primary merchandise categories.  

Each of the retailer type controls is binary and is equal to one for the representative retailer type.  

Controlling for average ticket, the merchandise category variables, and the retailer type 
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variables, allows for testing the relationship between the dependent and independent variables 

while holding the controls constant. 

Of the 500 retailers, 17 were eliminated for missing data, and one was eliminated due to 

an error detected in the data, leaving us with a sample pool of 482. Of the 482 retailers in the 

sample pool, all data on the variables of interest were available.  A summary of the 

measurements is in Table E3-1. 

4.3   Analysis 

The objectives of this research were to simultaneously assess the impact of each of the 

multichannel offerings (BOPS, ship from store, return to store) on store performance, therefore 

we test our hypotheses by estimating a general linear model using PROC REG routine in SAS 

version 9.4 (Table E3-2).  Additional control variables were added in order to better isolate the 

effects of the main explanatory variables.  The control variables include average ticket, product 

category (apparel, auto, book, computer, flower, food, hardware, health, house, jewelry, 

mass_mer, office, sport, toys), and firm type (catalog, consumer_brand_mfg, web).  The 

following is the OLS regression equation1.  

     RP = β0 + β1BP + β2SS + β3RS + β4AT + β5AP + β6AU + β7BK + β8CP + β9FL +                (1)       

     β 10FD + β11HD + β12HT + β13HS + β14JW + β15MM + β16OF + β17SP + β18TO +   

     β19CT + β20CB + β21WB + eRP. 

 

 
 
 
 
 

1RP = Retailer Performance, BP = Buy Online Pick Up In Store, SS = Ship from Store, RS = Return to 
Store, AT = Avg_Ticket, AP = Apparel, AU = Auto, BK = Book, CP = Computer, FL = Flower, FD = 
Food, HD = Hardware, HT = Health, HS = House, JW = Jewelry, MM = Mass_Mer, OF = Office, SP = 
Sport, TO = Toys, CT = Catalog, CB = Consume_BrandMFG, WB = Web. 
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Table E3-1: Measures, and their source, year, type, and description 

Measure Source Year Data Type Measures 
Buy Online / PU 
Store (BP) IR 500 2015 Binary 

Equals one if the retailer offers buy 
online/pick up in store. 

Ship from Store 
(SS) IR 500 2015 Binary 

Equals one if the retailer offers ship 
from store. 

Returns to Store 
(RS) IR 500 2015 Binary 

Equals one if the retailer offers in store 
returns. 

Retailer 
Performance (RP) IR 500 2015 Ordinal 

20-79 rating of a retailer based on 
proprietary scoring system that 
considers online sales, growth and 
competitive position. 

Avg_Ticket (AT) IR 500 2015 Ordinal 

10-99 rating of a retailer based on 
average order value in comparison to its 
most direct competitors. 

Apparel (AP) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is apparel. 

Auto (AU) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is auto. 

Book (BK) IR 500 2015 Binary 

Equals one if the retailer’s primary 
merchandise category is 
books/music/video. 

Computer(CP) IR 500 2015 Binary 

Equals one if the retailer’s primary 
merchandise category is 
computers/electronics. 

Flower (FL) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is flowers/gifts. 

Food (FD) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is food/drug. 

Hardware (HD) IR 500 2015 Binary 

Equals one if the retailer’s primary 
merchandise category is hardware/home 
improvement. 

Health (HT) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is health/beauty. 

House (HS) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is housewares. 

Jewelry (JW) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is jewelry. 

Mass_Mer (MM) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is mass merchant. 

Office (OF) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is office supplies. 

Sport (SP) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is sporting goods. 

Toys (TO) IR 500 2015 Binary 
Equals one if the retailer’s primary 
merchandise category is toys/hobbies. 

Catalog (CT) IR 500 2015 Binary 
Equals one if the retailer’s type is 
Catalog/Call Center. 

Consumer_Brand
_Mfg (CB) IR 500 2015 Binary 

Equals one if the retailer’s type is 
Consumer Brand Mfg. 

Web (WB) IR 500 2015 Binary 
Equals one if the retailer’s type is 
Online only 
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Table E3-2: OLS results 

Independent variables OLS 
Constant 44.252** 

Avg_Ticket .671* 

Apparel 3.02** 

Auto 2.337 

Book -2.652 

Computer -5.229* 

Flower 1.177 

Food 1.717 

Hardware 1.316 

Health 1.346 

House -2.872 

Jewelry 1.775 

Mass_Mer 4.856* 

Office -5.185* 

Sport -1.575 

Toys -.540 

Catalog -.224 

Consumer_Brand_Mfg 1.241 

Web 1.083 

BOPS 3.745* 

Ship from Store 4.691* 

In Store Returns 2.208 

R2 .144 

F  

* - denotes significant (p<0.05) 
**- denotes significant (p<0.01) 
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4.4   Results and Discussion 

We tested the hypothesized relationships using OLS (Table E3-2).  H1, which posited that BOPS 

is positively related to retailer performance was supported.  H2, which proposed a positive and 

significant relationship between ship from store and retailer performance, was supported. H3, 

which suggested a positive and significant relationship between in store returns and retailer 

performance was not supported.   

It is apparent that the two multichannel offerings for which there is support are related to 

customer order fulfillment.  These results are further explained by RBV, which suggests that as 

firms possess resources that allow them to develop capabilities that are not easily duplicated by 

others that the firm will have enhanced performance (Bharadwaj 2000; Barney 1991).  

Customers increasingly expect the flexibility of multichannel offerings (Chatterjee 2010; Jones 

2015) and firms respond by developing more multichannel offerings. Firms tend to devote more 

resources to forward logistics in general.  Therefore, it may be that retailers that provide 

multichannel offerings are further along in establishing the resources and capabilities needed to 

support multichannel offerings related to forward logistics.   

 There was not support for a significant relationship between the returns to store service 

offering and store performance.  Providing a return to store offering can introduce challenges, 

such as inventory synchronization problems between the online and brick and mortar channel, as 

well as process inefficiencies that take place when store associates handle online returns (Bernon 

et al. 2016; Hubner et al. 2016b).  It is possible that the resources and capabilities needed to be 

successful in multichannel returns have not been established yet for some firms.  Though, 

customers expect flexibility in returns channel and retailers may need to provide such offering 
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for competitiveness, the results do not support that providing these offerings positively relates to 

retailer performance. 

4.5   Robustness Testing 

Due to the potential for bias in OLS estimators when an important variable is omitted, we 

moved forward with using the instrumental variables (IV) method (Wooldridge2009).  A series 

of two-stage least squares (2SLS) were performed for each of the endogenous estimators using 

the PROC REG procedure in SAS Version 9.4 with HC3 heteroskedastic-robust standard errors.   

We separately estimated equations 2, 3, and 4 in which we individually regressed each of 

the endogenous predictors on all covariates.  The equations2 were:   

     BP = C0 + C1SS + C2RS + C3AT + C4AP + C5AU + C6BK + C7CP + C8FL + C9FD +      (2)       

     C10HD + C11HT + C12HS + C13JW + C14MM + C15OF + C16SP + C17TO + C18CT +  

     C19CB +  C20WB + uBP. 

 

     SS = D0 + D1BP + D2RS + D3AT + D4AP + D5AU + D6BK + D7CP + D8FL + D9FD +    (3)       

     D10HD + D11HT + D12HS + D13JW + D14MM + D15OF + D16SP + D17TO + D18CT +  

     D19CB +  D20WB + uss. 

 

     RS = E0 + E1BP + E2SS + E3AT + E4AP + E5AU + E6BK + E7CP + E8FL + E9FD +         (4)       

     E10HD + E11HT + E12HS + E13JW + E14MM + E15OF + E16SP + E17TO + E18CT +  

     E19CB +  E20WB + uIR 

 

 

2RP = Retailer Performance, BP = Buy Online Pick Up In Store, SS = Ship from Store, RS = Return to 
Store, AT = Avg_Ticket, AP = Apparel, AU = Auto, BK = Book, CP = Computer, FL = Flower, FD = 
Food, HD = Hardware, HT = Health, HS = House, JW = Jewelry, MM = Mass_Mer, OF = Office, SP = 
Sport, TO = Toys, CT = Catalog, CB = Consume_BrandMFG, WB = Web. 
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We started by estimating Equation 2 for BOPS.  All predictors were identified that had a 

statistically significant relationship with BOPS (Table E3-3).  We next considered our OLS 

results and identified predictors that did not have a statistically significant relationship with 

retailer performance (Table E3-3).  All predictors that met these two criteria were considered 

valid IV’s based on Wooldridge (2009). We next conducted 2SLS for BOPS by estimating 

Equation 2 and saving the residuals for BOPS (uBP).  The residuals were then included in 

Equation 1 and the predictors that were considered valid IV’s were removed.  Since the 1st stage 

residuals were included, the parameter estimate for BOPS was the 2SLS estimate and the 

significance test for the 1st stage residuals represented the Hausman test for omitted variables 

bias (Wooldridge 2009). When the Hausman test is not significant, the OLS estimates are more 

efficient and should be used (Wooldridge 2009).  The 2SLS results for BOPS can be found in 

Table E3-3.  Results supported that the Hausman test is not significant and therefore OLS 

estimates should be used. 

 A similar approach was followed in performing 2SLS for ship from store and return to 

store.  For ship from store, the 2SLS results can be found in Table E3-4 and for return to store 

the 2SLS results can be found in Table E3-5.  The Hausman test was not significant for ship 

from store or return to store, providing further support that OLS estimates should be used. 

 

 

 

 

 

 

 



107 
 

Table E3-3: Two-stage least squares (2SLS) results for BOPS 

(cells are shaded to identify potential valid instruments) 

Parameter 1st Stage 
Equation OLS 2SLS 

Intercept     .218** 44.252** 45.398** 

Avg_Ticket -.005 .671* .630* 

Apparel   -.074* 3.02** 2.723* 

Auto    .157* 2.337 3.177 

Book  .002 -2.652 -2.654 

Computer .021 -5.229* -5.080** 

Flower .052 1.177 1.195 

Food -.006 1.717 1.641 

Hardware  .035 1.316 1.487 

Health -.075 1.346 1.134 

House -.070 -2.872 -3.231 

Jewelry  .067 1.775 1.541 

Mass_Mer -.065 4.856* 4.466* 

Office -.012 -5.185* -5.212* 

Sport    .116* -1.575 -.974 

Toys -.064 -.540 -1.012 

Catalog    -.160** -.224  

Consumer_Brand_Mfg    -.153** 1.241  

Web    -.175** 1.083  

BOPS  3.745* -1.522 

Ship from Store     .355** 4.691* .355** 

In Store Returns     .386** 2.208 .386** 

Residual   5.268 

R2 .460 .144 .142 
* - denotes significant (p<0.05) 
**- denotes significant (p<0.01) 
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Table E3-4: Two-stage least squares (2SLS) results for Ship from Store 

(cells are shaded to identify potential valid instruments) 

Parameter 1st Stage 
Equation OLS 2SLS 

Intercept      .008 44.252** 43.962** 

Avg_Ticket        .009 .671* .769** 

Apparel      .011 3.02** 3.299* 

Auto     -.113* 2.337  

Book -.041 -2.652 -3.043 

Computer .019 -5.229* -4.899** 

Flower .097 1.177 2.063 

Food .106* 1.717 2.868 

Hardware .024 1.316 1.567 

Health -.029 1.346 1.323 

House -.003 -2.872 -2.834 

Jewelry -.052 1.775 1.541 

Mass_Mer .033 4.856* 5.161** 

Office .020 -5.185* -4.919 

Sport -.069 -1.575 -2.189 

Toys .015 -.540 -.248 

Catalog -.086* -.224  

Consumer_Brand_Mfg -.068* 1.241  

Web -.040 1.083 .972 

BOPS      .199** 3.745* 5.874 

Ship from Store      4.691* -5.367 

In Store Returns .008 2.208 2.493 

Residual   10.058 

R2 .187 .144 .142 
* - denotes significant (p<0.05) 
**- denotes significant (p<0.01) 
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Table E3-5: Two-stage least squares (2SLS) results for Return to Store 

(cells are shaded to identify potential valid instruments) 

Parameter 1st Stage 
Equation OLS 2SLS 

Intercept      .385** 44.252** 45.218** 

Avg_Ticket  -.001 .671* .660* 

Apparel       .182** 3.02** 3.572** 

Auto .044 2.337 2.412 

Book -.001 -2.652 -2.684 

Computer -.085 -5.229* -5.343** 

Flower -.097 1.177 .713 

Food  -.146* 1.717 1.359 

Hardware -.015 1.316 1.251 

Health .038 1.346 1.648 

House .062 -2.872 -2.731 

Jewelry -.033 1.775 1.938 

Mass_Mer .029 4.856* 4.845 

Office -.049 -5.185* -5.300 

Sport -.068 -1.575 -1.765 

Toys .102 -.540 -.448 

Catalog    -.290** -.224  

Consumer_Brand_Mfg    -.180** 1.241  

Web    -.366** 1.083  

BOPS     .469** 3.745* 4.773 

Ship from Store .018 4.691* 4.793* 

In Store Returns  2.208 -.083 

Residual   2.290 

R2 .510 .144 .142 
* - denotes significant (p<0.05) 
**- denotes significant (p<0.01) 
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5.     MANAGERIAL IMPLICATIONS 

Managers that are faced with the decision of how to approach the use of supply chain resources 

and capabilities in the development of multichannel offerings can consider the results of this 

research.  Our research suggests that focusing resources on developing multichannel offerings to 

support fulfillment of customer orders is likely to result in a positive impact on retailer 

performance.  Therefore firms that are hesitant to approach the development of these offerings 

due to the cost and complexity, should consider the potential benefits that can be achieved once 

the proper resources and strategy are in place to support multichannel offerings.   

Based on our results managers should also consider that investing in multichannel 

offerings for returns might not be the best place to initiate a firms involvement in multichannel 

offerings.  Providing in store returns regardless of purchase channel can be costly and 

challenging (Bernon et al. 2016; Hubner et al. 2016b) and firms might benefit from first 

establishing their multichannel offerings related to customer order fulfillment.   

6.     THEORETICAL IMPLICATIONS AND FUTURE RESEARCH 

This research extends previous research on multichannel retailing, providing insight into 

the potential performance impacts of multichannel offerings.  Results support that retailer 

fulfillment of demand from both store and warehouse inventory has a positive effect on retailer 

performance.  When retailers provide the service offering of BOPS or ship from store, results 

support that performance will be greater.  Performance was captured as a measure of sales, 

growth and competitive position, which are critical aspects of a retailer’s ability to thrive in the 

current competitive environment.   



111 
 

Gallino et al. (2016) examined the effects of introducing a ship to store concept in which 

the customer can order online and have product shipped to the local store for pick up.  They 

considered the effects of multichannel offerings on sales dispersion, or the level of concentration 

for how different products contribute to retailer sales (e.g. low sales dispersion means that a 

more concentrated group of products contributes the greatest percentage of retailer sales).  Their 

results suggest that multichannel offerings results in a sales dispersion such that the lowest 

selling product increases at a higher rate resulting in more sales dispersion, and that retailers 

need to carry an estimated 2.7% more inventory to support the increased sales dispersion.  

Considering the results of our research, researchers can expect to experience greater performance 

when providing multichannel offerings, and this greater performance can offset some of the 

added expense of multichannel offerings, such as the need to carry more inventory. 

Though we examined the effects of implementing three representative multichannel 

offerings, this research can provide the basis for future research where additional multichannel 

offerings are examined related to impact on retailer performance.  It could also provide insight to 

consider how multichannel offerings relate to retailer performance for different types of retailers.  

It might be the case that some retailers are more successful at achieving positive performance 

impacts through multichannel offerings than other retailers. 

7.     CONCLUSIONS 

There are still many retailers that have not developed multichannel offerings for their customers 

(Hubner et al. 2016a).  The results of this research may provide guidance for retailers that are 

considering investment in developing multichannel offerings.  Our results support that even 

though it is costly and complex to provide multichannel offerings (Hubner et al. 2016a; Ishfaq et 

al. 2016; Murfield et al. 2017), that developing service offerings to allow customers to buy 
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online and pick up in store, or to order product and have it shipped from store are likely to have a 

positive influence on retailer performance.  As retailers make efforts to be competitive, it is 

critical that they consider how to invest in developing offerings that drive positive outcomes. 
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